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This study proposes a preliminary GenAI-based Learning Coaching model to support learner autonomy in TOPIK preparation among second-year Korean language students at VNU-ULIS. Document analysis and a questionnaire survey of 53 students examined AI use, difficulties in managing preparation, and support needs. AI was used primarily for information retrieval, translation, and explanation, whereas planning, progress monitoring, and self-assessment were less common. The proposed model draws on Zimmerman’s self-regulated learning (SRL) cycle, GROW coaching dialogue, and the gradual transfer of responsibility to learners. Learners select goals and strategies, evaluate feedback, and revise their plans; AI provides prompts and options, while instructors offer guidance and verification. Support is adjusted to learners’ capabilities and needs, with learner autonomy as the overarching educational aim. The model is informed by theory and reported learner needs; its feasibility and contribution to learner autonomy have not been empirically evaluated.
Keywords: generative AI, Learning Coaching, TOPIK preparation, self-regulated learning, learner autonomy

1. Introduction
GenAI tools such as ChatGPT and Gemini can provide feedback, create materials, and personalize foreign language learning (Hoang Huu Duy, 2024). Alongside these possibilities, learner-centered education emphasizes students’ control and responsibility for their learning (Benson, 2011). This raises the question of how AI support can contribute to learner autonomy while preserving learners’ judgment and decision-making.
Easier access to knowledge and rapid feedback do not necessarily strengthen learner autonomy. Uncritical AI use can encourage dependence on inaccurate or unverified information and undermine independent learning (Zhang et al., 2025). Appropriate pedagogical support should therefore help learners evaluate AI suggestions and retain responsibility for their learning choices.
This issue is particularly significant for Test of Proficiency in Korean (TOPIK) preparation. TOPIK preparation requires not only the acquisition of language knowledge but also a relatively high level of self-management, from determining target levels and scores, identifying current proficiency, developing plans and selecting study strategies, to monitoring progress, evaluating results, and adjusting plans. These activities closely correspond to Self-Regulated Learning (SRL), in which learners actively define goals, choose and implement strategies, self-monitor, evaluate, and adjust their learning activities (Zimmerman, 2002). Here, SRL organizes coaching activities, while learner autonomy remains the educational aim.
This study proposes a preliminary GenAI-based Learning Coaching model for second-year students at the Faculty of Korean Language and Culture, University of Languages and International Studies, Vietnam National University, Hanoi (VNU-ULIS). Drawing on a descriptive needs survey and literature analysis, it addresses three questions:

Q1. How do second-year students use GenAI during their TOPIK preparation, and what difficulties and support needs do they encounter?
Q2. Based on theory and learners’ reported difficulties and support needs, what design requirements can be proposed for a GenAI-based Learning Coaching model for TOPIK preparation?
Q3. Based on theory and learners’ expectations, how can learner, GenAI, and instructor roles be coordinated within the model to support learner autonomy?

2. Literature review
2.1. Generative AI in supporting foreign language learning
GenAI can support translation, material creation, practice, feedback, and personalized language learning (Creely, 2024; Law, 2024). It can also prompt reflection and assist with goal setting and learning decisions (Law, 2024).
In the field of Korean language education, research has begun to shift from examining the effectiveness of tools to analyzing the interaction process between learners and AI. Kim and Su (2024) demonstrated that the use of AI chatbots can reduce communication anxiety, enhance willingness to communicate, and boost the confidence of Korean language learners. Delving deeper into the learning process, Han (2026) showed that learners do not merely receive chatbot feedback but also actively adjust interactions, negotiate meaning, and restructure tasks during their learning.
Nevertheless, potential risks include hallucinations, over-reliance, and cognitive offloading (Hou & Zhou, 2025; Zhang et al., 2025). The proposed model therefore emphasizes learners’ verification of information and responsibility for decisions.

2.2. Learner autonomy in AI-enabled learning environments
Learner autonomy is understood as the learner’s ability to control their own learning process, encompassing goal setting, the selection of content and methods, progress management, and outcome evaluation (Holec, 1981). Autonomy is not synonymous with studying in isolation or dispensing with the instructor; rather, it emphasizes the learner’s capacity for reflection, decision-making, and independent action (Little, 1991). Self-regulated learning (SRL) is retained as a distinct theoretical framework for organizing the proposed learning activities, not as an interchangeable label for learner autonomy. Zimmerman’s model comprises three cyclical phases: Forethought (goal setting and planning), Performance (execution, self-control, and monitoring), and Self-reflection (self-evaluation, outcome analysis, and strategy adjustment) (Zimmerman, 2002).
In AI-enabled environments, technology can assist learners with activities such as goal setting, progress tracking, and learning adjustments through personalized feedback and support (Mohebbi, 2025). Regarding learner autonomy, Alm (2024) indicates that autonomy in AI environments is also demonstrated by the ability to use AI strategically while maintaining agency and critical judgment. Furthermore, Yang (2026) shows that AI engagement is positively correlated with self-regulation, self-directed learning, and learner autonomy. Recent studies have also extended the concept of SRL to include learner-AI co-regulation, wherein learners continuously design, evaluate, and adjust their interactions with AI based on the feedback received (Zhang et al., 2025). However, Hou and Zhou (2025) note that reliance on immediate AI feedback may diminish the role of intrinsic feedback and risk undermining the process of self-reflection. These findings suggest a need to structure support so that AI fosters, rather than replaces, the learner’s self-regulation activities. In this study, learner autonomy serves as the overarching educational goal, while self-regulated learning (SRL) functions as the procedural framework; the term "self-directed learning" is retained only when referring to constructs employed in previous research.

2.3. Learning Coaching, GROW and AI-based Coaching
Learning Coaching is a systematic support process designed to help learners proactively identify issues, set goals, formulate plans, and resolve learning-related problems, thereby enhancing their self-directed learning capabilities (Cho et al., 2022). In this study, learning coaching is used as a method intended to support learner autonomy, while the GROW model serves as the structural framework for the coaching dialogue: Goal (defining objectives), Reality (examining the current situation), Options (exploring alternatives), and Will (determining actions and commitment to implementation) (Whitmore, 2002). GROW is not a rigid sequence; the core of coaching remains the enhancement of the coachee’s awareness and responsibility regarding their goals and actions (Whitmore, 2002).
In higher education, coaching is employed to assist learners in goal setting, reflection, and the development of self-management skills, playing a complementary role rather than replacing academic advisors (Iordanou et al., 2015). Lim (2020) observed significant improvements across various components of self-directed learning following an academic coaching program, including goal setting, self-management, strategy selection, and self-reflection (Lim, 2020, pp. 304-306). Cho et al. (2022) also demonstrated that online coaching positively impacts students’ self-directed learning and learning motivation. Recently, the field has expanded to include AI-based coaching. Kim (2023) developed a personalized AI-based self-directed learning coaching tool to assist with needs diagnosis, goal setting, and the management of the self-directed learning process. A review by Plotkina and Sri Ramalu (2024) indicates that AI coaching chatbots excel in relatively narrow tasks-such as supporting goal attainment and prompting reflection-but face limitations regarding deep personalization, the establishment of a working alliance, and long-term coaching. This necessitates clearly defining the allocation of roles among the learner, AI, and the instructor within the GenAI-based Learning Coaching model.

2.4. Transferring responsibility to support learner autonomy
The proposed model draws on the progression from other-regulation through co-regulation to self-regulation discussed by Yang (2015). These terms describe the theoretical account of changing support and responsibility; they are not used as alternative labels for learner autonomy. In this study, progression informs a design principle in which AI and instructors provide adjustable assistance while learners increasingly take responsibility for their decisions. Support is reduced or increased according to the learner’s demonstrated capabilities and current needs rather than a fixed schedule. This principle is intended to support learner autonomy, but its feasibility and outcomes remain to be evaluated.

2.5. Research Gap
The literature reviewed suggests a need to connect GenAI learning coaching with learner autonomy in the specific context of TOPIK preparation. The design problem addressed here is how to organize coaching activities and coordinate the roles of learners, AI, and instructors while preserving learner control and responsibility. This study responds by proposing a preliminary model informed by theory and reported learner needs. SRL provides the activity structure, GROW informs coaching dialogue, and the proposed adjustment of support is directed toward learner autonomy.

3. Methodology
The study combines document analysis with a descriptive questionnaire survey to inform a preliminary learning coaching model. Literature on learner autonomy, GenAI, SRL, and GROW provides the design foundations; the survey identifies reported practices, difficulties, and support needs. It does not measure changes in learner autonomy or evaluate model effectiveness.

3.1. Participants 
The study surveyed 53 second-year students from the Faculty of Korean Language and Culture at the University of Languages ​​and International Studies - Vietnam National University, Hanoi. This group was selected because they already possessed a foundation in Korean and were beginning to need to assess their proficiency, set goals, and devise study plans for the TOPIK exam. Basic information collected included Korean proficiency levels, prior TOPIK exam experience, and the extent of generative AI usage. Responses were collected anonymously and used solely for research purposes.

3.2. Instruments
The questionnaire consisted of 54 items organized into four thematic sections, with each statement in matrix-format questions counted as one item. Section 1 contained 4 items on TOPIK preparation experience and goals. Section 2 comprised 15 items on GenAI use and related concerns, covering both content-related activities and self-regulated learning processes such as planning, monitoring, and self-assessment (Law, 2024; Hou & Zhou, 2025). Section 3 included 10 items on difficulties in managing TOPIK preparation, including one open-ended item. Section 4 consisted of 25 items on Learning Coaching support needs, role expectations, support arrangements, and open-ended expectations regarding GenAI and instructor support, informed by the GROW model (Whitmore, 2002) and the progression from other-regulation through co-regulation to self-regulation (Yang, 2015).
Likert items used five-point scales. Examples included “Using AI to set goals or create a study plan,” “Difficulty in tracking plan completion and personal progress,” and “Receiving suggestions for various strategies, materials, and study methods.” The process of developing the questionnaire consisted of three steps: identifying content areas based on the theoretical framework and research questions; drafting and categorizing the items accordingly; and reviewing the items to ensure clarity, avoid redundancy, and align with the objectives of TOPIK preparation, followed by final revisions and actual implementation. The final draft underwent an internal review by the research team; this process did not include formal validation by external experts or a pilot study.

3.3. Procedure
The procedure comprised four steps: synthesizing the literature; developing and reviewing the questionnaire; administering it through Google Forms to second-year students on a voluntary basis and analyzing responses; and integrating the survey findings with theory to formulate design requirements and the proposed model.

3.4. Data analysis
Quantitative data were analyzed using SPSS 27. Frequencies and percentages summarized categorical variables and means (M) and standard deviations (SD) summarized Likert-scale items. For item groups reflecting the same construct, internal consistency was assessed before aggregation and interpretation. Cronbach’s alpha was 0.869 for AI-use concerns (4 items), 0.897 for difficulties managing TOPIK preparation (9 items), 0.969 for learning coaching support needs (10 items), and 0.911 for agreement with statements about support arrangements (6 items), indicating high internal consistency.
All open-ended responses were read and coded by one researcher according to their content. Responses with similar meanings were grouped into broader themes, and the resulting categories were subsequently reviewed against the original responses for consistency and to minimize overlap. Examples included study discipline and time management, unsuitable methods or unclear learning pathways, difficulty finding systematic materials, and insufficient writing feedback. These responses were used solely to clarify quantitative patterns, rather than as an independent qualitative dataset.


4. Survey results and model design requirements 
4.1. Survey results
Results from 53 respondents are presented below. Internal consistency coefficients are reported in Section 3.4.
(1) Current status of TOPIK preparation
Of the respondents, 71.7% had taken TOPIK, while 41.5% had no current certified TOPIK level, including students who had never taken the test and those who had taken it but had not obtained a certified level. Although 62.3% aimed for levels 5-6, 24.5% reported no regular preparation and 39.6% studied for fewer than five hours weekly. These findings suggest a need to connect ambitious goals with consistent study routines.
(2) Current usage of GenAI
GenAI was used frequently or very frequently by 54.7% of respondents, occasionally by 35.8%, and rarely or never by 9.4%. ChatGPT (96.2%) and Gemini (60.4%) were the most commonly reported tools. Table 1 summarizes eight AI-supported activities.
Table 1. Usage of generative AI in TOPIK preparation activities
	Activities involving AI usage
	M
	SD

	Looking up or explaining vocabulary and grammar
	3.81
	1.09

	Translating or explaining Korean content
	3.72
	0.97

	Explaining TOPIK exam answers or errors
	3.57
	1.17

	Correcting or providing feedback on TOPIK writing exam
	3.06
	1.23

	Generating questions, exercises, or practice tests
	2.75
	1.25

	Identifying strengths and weaknesses
	2.47
	1.25

	Setting goals and planning
	2.38
	1.24

	Monitoring, self-assessment, and adjustment
	2.11
	1.17


1-5 scale; N=53
AI use was more common for information retrieval and explanation than for planning, monitoring, and self-assessment. Respondents requested explanations (66.0%), used feedback as a reference (64.2%), revised prompts (54.7%), and self-assessed before accepting information (49.1%). However, only 34.0% cross-checked other sources, while 18.9% adopted AI answers directly. Concerns included dependence (M=3.42; SD=1.22) and diminished independent thinking (M=3.42; SD=1.26), informing the design emphasis on learner judgment rather than demonstrating effects on learner autonomy.
(3) Challenges in self-managing TOPIK preparation 
The results indicate that students’ difficulties primarily center on organizing, executing, and monitoring the study progress. The item with the highest mean score relates to consistently carrying out the review plan and managing time (M=3.30; SD=1.05), followed by developing a plan and selecting appropriate strategies (M=3.25; SD=1.07), monitoring plan completion and progress (M=3.19; SD=0.98), analyzing the causes of errors or poor results (M=3.11; SD=0.97), and adjusting study methods when current strategies prove ineffective (M=3.09; SD=1.06).
Conversely, the difficulty associated with determining the target TOPIK level or score yielded the lowest mean score (M=2.43; SD=1.05). This suggests that the students’ primary challenges lie not in setting goals, but rather in translating those goals into concrete plans, maintaining consistent execution, and monitoring results to adjust their study strategies.
(4) Demand for support based on the Learning Coaching model and expectations regarding AI and instructors
Table 2. Demand for Learning Coaching during TOPIK preparation
	Demand for support based on the Learning Coaching model
	M
	SD

	Clarify target levels, scores, and deadlines
	3.60
	1.26

	Assess current proficiency and identify strengths and weaknesses
	3.85
	1.18

	Pinpoint the root causes of difficulties
	3.94
	1.13

	Suggest various options regarding strategies, materials, and study methods
	4.00
	1.11

	Compare options to select the most suitable approach
	3.91
	1.02

	Translate goals and chosen methods into a concrete plan
	3.70
	1.17

	Monitor plan implementation and progress
	3.70
	1.20

	Analyze results and identify areas requiring adjustment
	3.94
	1.12

	Ask questions or offer suggestions to facilitate learner self-assessment
	3.87
	1.19

	Adjust the plan and set subsequent goals
	3.91
	1.16


1-5 scale; Cronbach’s α = 0.969
The demand for Learning Coaching support was relatively high overall. Table 2 indicates that the most prominent needs are for suggestions regarding strategies, materials, and study methods (M=4.00), as well as for identifying the causes of difficulties and analyzing results to make adjustments (M=3.94). Activities such as comparing options, self-assessment, and plan adjustment also yielded relatively high mean scores. These results demonstrate that learners require support not only regarding content knowledge but also throughout the processes of selecting options, implementation, monitoring, evaluation, and adjustment of their TOPIK preparation.
For final decisions, 35.8% selected the learner, 34.0% the learner with the instructor, 26.4% all three parties, and 3.8% the instructor alone. Learner involvement thus appeared in 96.2% of responses, although preferences for independent and shared decisions differed.
Regarding the mode of support, the highest level of agreement was found for the statement that AI and instructors should provide suggestions or options for learners to choose from and adjust independently (M=3.89; SD=0.97). This was followed by the need for relatively specific guidance during the initial stage (M=3.87; SD=1.06) and the gradual assumption of responsibility by the learner for goal setting, planning, monitoring, evaluation, and adjustment (M=3.81; SD=0.98). Meanwhile, the statement regarding the gradual reduction of direct support as self-management capabilities improve received a lower mean score (M=3.38; SD=1.20). This suggests that while learners view the principle of transferring control positively, the reduction of support needs to be implemented flexibly, based on actual competence and needs. 
Open-ended responses also reveal a relatively clear distinction regarding expectations for AI versus instructors. AI is primarily associated with functions such as information lookup, vocabulary and grammar explanations, error analysis, and providing rapid feedback; in contrast, instructors are expected to provide guidance on learning paths and methods, assess proficiency, correct writing assignments, verify information, and handle complex subject-matter issues.

4.2. Model design requirements
The findings suggest four preliminary requirements: extend support to planning, monitoring, and evaluation; offer alternatives that learners select and justify; assign complementary roles to AI and instructors; and adjust assistance to learners’ capabilities and needs. These requirements inform a model aimed at learner autonomy; their theoretical and empirical rationale is discussed below.

5. Discussion
Survey results indicate that learners' difficulties lie not primarily in setting TOPIK goals, but rather in planning, maintaining execution, tracking progress, and adjusting their study process. The extent of AI usage for goal setting and planning (M=2.38) and for monitoring, self-assessment, and adjustment (M=2.11) was lower than for activities involving information lookup and content explanation. Key challenges identified by learners included maintaining study plans and managing time (M=3.30), formulating plans and selecting strategies (M=3.25), tracking progress (M=3.19), analyzing the causes of poor performance (M=3.11), and modifying study methods when strategies proved ineffective (M=3.09). These findings suggest a need to expand GenAI support from content-related functions to planning, execution, monitoring, evaluation, and adjustment of the learning process.
The model’s three-phase, five-stage structure was not derived directly from the survey but was established primarily based on Zimmerman’s SRL cycle and the GROW model (Zimmerman, 2002; Whitmore, 2002); survey results were used to identify support priorities within each stage. In the Forethought phase, the diagnosis and goal-setting stage is supported by the need to assess current proficiency (M=3.85) and identify the causes of difficulties (M=3.94), while the stage involving exploring options and planning reflects a strong need for suggestions regarding multiple options (M=4.00), comparing options (M=3.91), and translating options into concrete plans (M=3.70). In the Performance phase, the division into "execution and self-monitoring" and "checking and adjustment" aligns with the challenges of maintaining the plan (M=3.30) and tracking progress (M=3.19), while also addressing the need for support in monitoring execution (M=3.70), analyzing results to identify areas for adjustment (M=3.94), and modifying the plan (M=3.91). Finally, the self-assessment, reflection, and redesign stage within the Self-reflection phase is informed by the reported need for guiding questions or suggestions to facilitate self-assessment (M=3.87) and for setting goals for the subsequent cycle (M=3.91). Thus, theoretical foundations determined the model's macro-structure, whereas survey data helped define the specific focus of support within each component.
The proposed allocation of roles combines learner control with complementary assistance. Learners were involved in 96.2% of preferred decision-making arrangements, but these included both independent and shared decisions. Respondents also favored receiving suggestions and options to select themselves (M=3.89). Regarding role expectations, GenAI was frequently selected for tasks such as suggesting strategies, materials, and learning plans (73.6%), as well as tracking progress and providing periodic feedback (66.0%). In contrast, instructors were primarily expected to verify information, resolve complex subject-matter issues (83.0%), and assist with assessment and the adjustment of learning strategies or plans (83.0%). These findings support a model of complementary role allocation: learners retain final decision-making authority; generative AI (GenAI) provides ongoing suggestions, feedback, and alternatives; and instructors focus on pedagogical guidance and subject-matter validation. In this framework, learner control and responsibility serves as a design orientation rooted in established theory and priorities, rather than a preference for acting without support. The level of support must be adjusted flexibly, especially given that learners do not entirely favor a reduction in direct assistance  (M=3.38). This arrangement draws on the progression from other-regulation through co-regulation to self-regulation (Yang, 2015), although its feasibility and effects remain to be evaluated.

6. Preliminary conceptual design of a generative AI-based Learning Coaching model for TOPIK preparation
6.1. Model structure and operational process
Based on Zimmerman’s SRL cycle and the dialogic logic of the GROW model, the Learning Coaching model is structured into three cyclical phases corresponding to the stages of the self-regulated learning process. Specifically, the Forethought phase comprises two stages: (1) and (2)-diagnosing and setting goals using Goal-Reality, followed by exploring options and planning using Options-Will. The Performance phase encompasses stages (3) and (4)-execution and self-monitoring, alongside progress review and adjustment. Finally, the Self-reflection phase focuses 
 on stage (5)-self-evaluation and redesigning the approach for the subsequent learning cycle.
Table 3. Design of the Learning Coaching model
	SRL phase
	Stage
	Key activities
	Outputs

	Forethought
	(1) Diagnosis and goal setting
	Assessing current capabilities, challenges, and learning goals
	Learner profile, specific goals

	
	(2) Option exploration and planning
	Proposing, comparing, and selecting strategies; developing a plan
	Personalized learning plan

	Performance
	(3) Implementation and self-monitoring
	Executing the plan; recording results and errors
	Learning log, progress data

	
	(4) Progress review and adjustment
	Comparing results against goals; identifying causes and making adjustments
	Revised plan

	Self-reflection
	(5) Self-assessment, reflection, and redesign
	Evaluating results and effectiveness; setting next goals
	Reflection report, plan for the new cycle


6.2. Illustrative application of the proposed model to TOPIK preparation
In this author-constructed scenario, Student A is a second-year student with a previous TOPIK II score of 145/300 (Listening 50, Writing 47, Reading 48). The illustrative eight-week target is 170 (50, 58, and 62, respectively), with five 60-minute sessions weekly, prioritizing Writing questions 53-54 and Reading questions 32-34. All details and dialogue below are hypothetical, not observed outcomes or predictions of improvement.

Table 4. Illustrative application of the model to Student A
	SRL phase and stage
	Learner action
	GenAI and instructor support
	Illustrative output

	Forethought
1. Diagnosis and goal setting
	Review prior results and confirm priorities.
	AI asks diagnostic questions; the instructor reviews goal feasibility when needed.
	Learner-confirmed eight-week target of 170 points.

	Forethought
2. Options and planning
	Compare alternatives and select a study plan.
	AI explains options and trade-offs; the instructor advises on feasibility.
	Two Writing sessions, two Reading sessions, and one mixed-practice/error-review session weekly; targeted practice precedes broader timed practice.

	Performance
3. Implementation and self-monitoring
	Attempt tasks first, record results, and explain errors.
	AI organizes recurring errors; the instructor verifies unresolved issues.
	A log of completion, results, perceived causes, and decisions.

	Performance
4. Progress review and adjustment
	Review progress and decide how to revise the plan.
	AI compares adjustments; the instructor advises on difficult strategy choices.
	At week 4, maintain question 53 and Reading practice, and allocate more time to outlining for question 54.

	Self-reflection
5. Reflection and redesign
	Review strategies, remaining support needs, and next goals.
	AI prompts reflection; the instructor provides feedback where needed.
	A reflection report and learner-selected goals for the next cycle.


Illustrative interaction at Stage 4: Progress review and adjustment
Learner prompt:
“My practice log suggests that question 53 is becoming more manageable, but I still struggle to organize ideas in question 54. Please ask me questions to help identify the causes. After I respond, help me compare possible adjustments, but let me decide how to revise my plan.”
Illustrative AI response:
“For question 54, where do you experience the greatest difficulty: generating ideas, organizing an outline, or connecting ideas coherently? What strategies have you already tried, and what happened? Based on your answers, I can help you compare several possible adjustments.”
Learner decision:
After considering the alternatives, the learner decides to maintain practice for question 53 and reallocate more time to outlining and idea development for question 54.
Across the five stages, the learner retains responsibility for evaluating suggestions and documenting decisions. AI provides prompts and organizational assistance based on information supplied by the learner, while the instructor offers pedagogical guidance and verification. Support may be reduced when the learner can independently explain errors, justify strategy choices, and propose adjustments; it may also be increased when difficulties arise. This flexible progression is a proposed design principle requiring future evaluation. The scenario illustrates the model’s intended operation, not its effectiveness in improving autonomy or TOPIK performance.

7. Conclusion
The survey identified greater GenAI use for content support than for planning, monitoring, and self-assessment. These findings inform priorities for learning coaching but do not establish participants’ level of learner autonomy.
The proposed preliminary GenAI-based model combines three SRL phases and five stages with GROW dialogue to support learner autonomy in TOPIK preparation. Learners make decisions, AI offers prompts and alternatives, and instructors provide guidance and verification. The small, single-institution sample and absence of implementation or validation limit the conclusions. Future research should assess feasibility and examine effects on learner autonomy and TOPIK performance.
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