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Prompting Practices and Prompt Engineering Skills among English Major Students Using Generative AI
Abstract
The rise of Generative AI in higher education calls for investigation of students' prompting skills and ability to evaluate responses. This study investigated Prompting Practices, self-reported Prompt Engineering Skills, Response Evaluation and Adjustment, Perceived Learning Effectiveness, Prompting Challenges and Training Needs among English majors at a public university in Central Vietnam with a cross-sectional survey of 250 participants, yielding 240 responses screened for generative AI use in English learning. All six scales were of high reliability (Cronbach's α=.899–.930) and exploratory factor analysis identified six factors accounting for 74.44% of the variance (KMO=.921; Bartlett's χ2(496) = 5714.69, p<.001). The six constructs were interpreted separately because they used different response scales. Prompt engineering skills had positive correlations with response evaluation and adjustment (r=.577, p<.001) and prompting practices (r=.538, p<.001). The findings suggest a clear need for instruction in prompt engineering, prompt refinement, response verification and responsible use of AI tools.
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Tóm tắt
AI tạo sinh trong giáo dục đại học đặt ra nhu cầu tìm hiểu kỹ năng thiết kế câu lệnh và đánh giá phản hồi. Nghiên cứu khảo sát cắt ngang 250 sinh viên chuyên Anh tại một đại học công lập miền Trung Việt Nam; 240 phản hồi được phân tích. Sáu thang đo có Cronbach’s alpha .899–.930. Phân tích nhân tố khám phá ghi nhận sáu nhân tố giải thích 74,44% phương sai (KMO = .921; Bartlett χ²(496) = 5714,69; p < .001). Kỹ năng thiết kế câu lệnh tương quan dương với đánh giá và điều chỉnh phản hồi (r = .577) và thực hành tạo câu lệnh (r = .538). Kết quả nhấn mạnh nhu cầu hướng dẫn thiết kế, tinh chỉnh câu lệnh, kiểm chứng phản hồi và sử dụng AI có trách nhiệm.
Từ khóa: trí tuệ nhân tạo (AI), kỹ thuật thiết kế câu lệnh, thực hành sử dụng câu lệnh, sinh viên chuyên ngành tiếng Anh, giáo dục đại học

Introduction
Generative artificial intelligence (AI) has rapidly become part of higher education. Tools such as ChatGPT, Microsoft Copilot, Google Gemini, and Claude allow students to generate explanations, summaries, translations, examples, feedback, and spoken language in response to ordinary-language prompts. That makes these tools especially relevant to language education, where the interaction itself takes place through language. Students formulate requests, read what they receive, ask follow-up questions, revise their instructions, and decide whether the output serves their learning purpose. The usefulness of the output, however, depends on how well students know how to ask. The quality of information that the student gives will influence the response they get, if the response is vague, they will get the wrong answer or a wider response than required; good quality questions can describe what they want to learn, the situation, what type of response they want, any limitations on that response and what type of feedback they require. For this reason, prompt engineering has become a central topic in discussions of AI literacy.
Prompt engineering means designing and revising prompts, the instructions given to a generative AI system: setting a goal, providing context, clarifying the task, specifying the form the response should take, and amending the prompt as needed to obtain a response that fits the purpose. Knoth et al. (2024) treat purposeful interaction with generative AI systems as a component of AI literacy, and effective prompting as indispensable to it. Executed effectively, it produces more robust and more useful responses.
This study investigates the prompting practices and prompt engineering skills of English major students at a public university in central Vietnam. Alongside their use of generative AI, it examines six related constructs: Prompting Practices, Prompt Engineering Skills, Response Evaluation and Adjustment, Perceived Learning Effectiveness, Prompting Challenges, and Training Needs.
Literature Review
Generative AI in Language Learning
Li et al. (2024) (2023) have conducted a review of past research relating to the use of ChatGPT in language education and have noted a set of applications such as: self-study, content generation, teaching, feedback and development of language skills; likewise, the paper by Yang and Li (2024) (2023) also presents the analysis of 44 papers of the use of ChatGPT in second language learning and highlights its most frequent applications, which are content generation, feedback, teaching and learning.
While Truong et al. (2025) explored master's students' experiences with ChatGPT in writing research and reported its benefits and some apprehension over its responsible use, H. N. Tran et al. (2025) also concluded that AI tools could help students' academic writing with more complex writing being challenging. Beyond academic writing, Pham and Nguyen (2025) examined ChatGPT-assisted English learning and reported generally positive perceptions. Other areas researchers looked at include practicing speaking skills, including preparing speeches, improving presentation skills (Ngo & Le, 2025; L. A. D. Nguyen & Le, 2025), and engaging in debates and arguments (Bui et al., 2025).
Prompt Engineering and AI Literacy
AI literacy requires more than knowing how to open an app. It also requires users to understand what AI can and cannot do, how to communicate with it, how to judge the information the technology provides and, of course, how to use AI responsibly. Prompt engineering is defined by Knoth et al. (2024) as a skill for communicating with large language models in a goal-directed way. Thus, prompt engineering fits into the broader frame of the use and purpose of AI and involves designing the instructions provided to a generative AI system so that it serves a definite purpose. Constructing a prompt can also help one think through the aim of the task before turning to the system.
A prompt itself may take considerable thought. The writer has to settle the task, the background, the role the system should take, the target audience and its language level, the format required, and any requirements the output must comply with. When the output is not right, the user then has to identify what went wrong and revise the prompt accordingly.
Lee and Palmer (2025), reviewing recent research on prompt engineering in higher education, identified several recurring themes: stating task objectives clearly, providing background information, assigning a role, constraining the output, iterating on the response, adapting instructions, and evaluating the response critically. The authors claim that prompt engineering is a learnable skill. This is relevant not only to teaching English but because English majors use AI through words, in Vietnamese or through a mixture of the two languages. Clear instructions would not only be evidence of AI literacy but language literacy as well.
Therefore, prompt engineering cannot just be a process of remembering different prompt templates, but students must also be trained in an understanding of the purpose of such information being elicited along with the effect on the response of different types of instructions.
Evaluating and Adjusting AI Responses
Writing an initial prompt is only one stage of interaction with a generative AI system. Students must also evaluate what the system produces. A response can appear fluent and grammatically correct while still being incomplete, irrelevant, misleading, or inaccurate. For this reason, responsible AI use requires learners to determine whether a response meets the original request and whether the information itself can be trusted.
Hoang et al. (2025) documented this clearly in their research with EFL teachers. Participants identified both difficulties with appropriate prompting and concerns about the reliability of ChatGPT-generated materials. The findings suggest that prompt construction and response verification should be viewed as related abilities. Similar concerns appear in student-centered studies. T. Y. P. Nguyen et al. (2025) examined challenges associated with ChatGPT use in academic writing among postgraduate English major students. Truong et al. (2025) discussed issues related to dependence and academic practice. Bui et al. (2025) found that AI could support argument development while also raising concerns about response relevance and students' independent critical thinking.
These findings indicate that effective AI literacy involves an interaction cycle. Students formulate an instruction, examine the response, identify problems, verify information when necessary, and then decide whether to accept, revise, or reject the generated content.
Prompting Challenges and Training Needs
One difficulty is that the question must be clearly described and expressed enough to show what the student intended to achieve. The students might know the type of help needed, but the detail in the question can often become a problem. They may also struggle to determine whether the system has misunderstood their request or whether the original prompt itself was unclear.
Another challenge is verification. Checking whether a reply matches the instruction is relatively straightforward; judging whether the information it contains is factually correct is much harder.
Students may therefore need formal guidance on prompting. Left to themselves, they pick up strategies informally, from friends, social media posts, and videos, and by trial and error, so their prompting skills are likely to be uneven.
Research Gap
Most studies, however, focus on a single AI tool or a single language-learning activity. Samples in Vietnamese studies are often small and made up of postgraduate students. Studies by T. Y. P. Nguyen et al. (2025), Truong et al. (2025), and T. T. P. Tran et al. (2025) have provided useful insight into AI in language learning, chiefly through learners' perceptions and experiences.
Prompting practices themselves need closer investigation. Little is known about how often students use particular prompt strategies, how they rate their own prompt engineering ability, how they evaluate generated responses or what further instruction they feel they need.
Research Questions
The following research questions were formed to fulfill the purpose of the study:
RQ1. What patterns characterize English major students' use of generative AI and their prompting practices?
RQ2. What levels of prompt engineering skills, response evaluation and adjustment ability, perceived learning effectiveness, prompting challenges and training needs are reported by English major students?
RQ3. What are the relationships among prompting practices, prompting skills, response evaluation and adjustment, perceived learning effectiveness, prompting challenges and training needs?
Methods
Design of the Study
The study used a quantitative cross-sectional survey design. The design was chosen to capture current patterns of generative AI use and prompting practices, self-reported prompt engineering skills, response evaluation ability, perceived effectiveness, challenges, and training needs.
The project included no instructional intervention, and no pre-test or post-test was administered. Instead, it described the practices already taking place and explored their relationships with the other constructs measured.
The study investigated six constructs: Prompting Practices, Prompt Engineering Skills, Response Evaluation and Adjustment, Perceived Learning Effectiveness, Prompting Challenges and Training Needs.
Pedagogical Setting and Participants
The 250 questionnaires were filled out by English majors at a public university located in Central Vietnam, with 0.8% of participants being students in their fifth year. Ten responses were eliminated during screening because they had not used generative AI for English learning, resulting in a dataset of 240 responses. In terms of academic year, the majority were second-year students (30.4%), followed by third-year students (27.1%), first-year students (25.4%) and then fourth-year students (16.3%); fifth-year students constituted 0.8% of the respondents. Most participants were female (79.2%) and males constituted 19.2%. A minority were of another gender or preferred not to state one. The most frequent self-reported CEFR level was B2 (38.8%), followed by C1 (24.6%) and B1 (22.5%).
Questionnaire
The questionnaire is divided into multiple sections about screening information, background of participants, use of generative AI and the six aforementioned constructs. In its quantitative part, the questionnaire contains 32 items, 6 of which focus on Prompting Practices whereby students are asked how often they state a goal of a prompt, provide a context for it, specify the required format of output, assign a role to the AI, divide complex tasks into stages and revise a prompt on occasions calling for modification.
Six items look at the students' perceived Prompt Engineering Skills which include providing precise instructions, context and conditions/limits, modifying a prompt for a new task, providing examples and reformulating a prompt in response to a lack of satisfaction with a response.
Evaluation and modification of response had five items. These examined students' ability to determine whether an AI response addressed the original instruction, recognize questionable or irrelevant information, verify important content, revise prompts, and identify situations in which further checking was required.
The five statements under the topic of Perceived Learning Effectiveness asked how well students perceive the usefulness of prompting, to get the correct AI response and make the best use of generative AI for the study of English.
Prompting Challenges consists of 5 items discussing the challenges of expressing goals, providing context, modifying prompts, employing prompt techniques and determining the reliability of results returned by an AI system.
There were five questions relating to 'Training Needs': students' interest in formal instructions for prompting, examples of prompts in tasks for learning English, workshops, verification strategies and responsible use of AI.
The 32 survey items were adapted and contextualized from previous works and frameworks than created from scratch. Prompting Practices and Prompt Engineering Skills were derived from Knoth et al. (2024), Lee and Palmer (2025) and Kohnke et al. (2023), Response Evaluation and Adjustment from Hoang et al. (2025) and Bui et al. (2025) and Perceived Learning Effectiveness, Prompting Challenges and Training Needs from Li et al. (2024), Nguyen et al. (2025) and Truong et al. (2025)
Different response scales were used according to the type of construct. Prompting Practices focused on frequency. Prompt Engineering Skills and Response Evaluation and Adjustment focused on perceived ability. Perceived Learning Effectiveness measured agreement. Prompting Challenges measured perceived difficulty, while Training Needs measured the degree of need for further instruction. Because these response scales assessed different constructs using distinct anchors, their mean scores were not directly compared across constructs.
The questionnaire also gave participants a short-answer prompt task on two occasions. These answers were not included in the inferential analysis since they were collected as part of a performance-based assessment which would require a scoring procedure, raters and an assessment of inter-rater agreement to score the performance in the first place.
Data Collection and Ethical Considerations
The survey was carried out online and it was anonymous. The students were introduced to the study before filling the form; they were given a description of the study and the purpose of the findings. The survey did not request any personal data: names, student IDs, mail, etc. All data were gathered for the research and analyzed first as a complete dataset, and subsequently on an individual basis. Each student who filled in the form was asked to voluntarily give their consent before continuing to fill the rest of the data and their data was then used.
Data Analysis
Before analysing data, responses from participants who have never used any generative AI tool for English learning were filtered out and were not included in the main quantitative analysis. Descriptive statistics including frequencies and percentages for categorical variables and means and standard deviations for the six main constructs were calculated to summarize demographic characteristics, generative AI use, and participants' responses. Cronbach's alpha and corrected item-total correlations were used to assess internal consistency.
Exploratory factor analysis of the 32 scale items used principal component analysis (PCA) extraction with Promax oblique rotation. The Kaiser-Meyer-Olkin statistic and Bartlett's test of sphericity were used to determine whether the data were suitable for factor analysis. Factors with eigenvalues greater than 1.0 were retained, and the minimum primary-loading threshold was set at .50.
Pearson correlation analysis was subsequently used to examine relationships among Prompting Practices, Prompt Engineering Skills, Response Evaluation and Adjustment, Perceived Learning Effectiveness, Prompting Challenges, and Training Needs.
Results
Participant Profile and Generative AI Use
ChatGPT was the most widely used application, reported by 92.1 percent of the participants. Google Gemini was used by 48.8 percent. Microsoft Copilot was reported by 18.8 percent, Claude by 17.9 percent, and Perplexity by 12.5 percent. Writing was the most commonly reported English learning use of generative AI, selected by 82.5 percent of participants. Vocabulary learning was reported by 70.8 percent, grammar by 67.5 percent, assignment completion by 63.8 percent, research and idea generation by 56.7 percent, and translation by 55.4 percent. Generative AI was also used for speaking and conversational practice by 44.2 percent of students, reading by 37.1 percent, and listening by 29.6 percent.
More than half of the participants used generative AI frequently. A total of 31.3 percent reported using it almost every day, while 25.0 percent used it three to five times each week. Together, these categories represented 56.3 percent of the analytic sample. Students prompted in different languages: 35.4% mainly in English, 35.4% in English and Vietnamese about equally, and 27.1% mainly in Vietnamese.
How participants had learned to prompt varied. 42.1% had received no guidance on how to write or improve prompts, while 37.9% had taught themselves through the internet, social media, or videos. A workshop or short course accounted for 5.0%, and 2.9% had received training in a course lecture on writing good prompts.
Reliability and Factor Structure
Cronbach's alpha values ranged from .899 to .930. Corrected item-total correlations were also satisfactory across all six constructs.
The Kaiser-Meyer-Olkin value was .921, indicating strong sampling adequacy. Bartlett's test of sphericity was statistically significant, χ²(496) = 5714.69, p < .001. These results indicated that relationships among the items were adequate for factor analysis.
Six factors were retained. Together, they explained 74.44 percent of the total variance. The first factor was the most significant explaining 32.74 percent and then 12.55 percent, 11.54 percent, 7.62 percent, 5.22 percent and 4.76 percent for the other factors in order. There were no problematic cross-loadings between the 32 items and the primary loadings were between .720 and .863.
Table 1
Reliability and Descriptive Statistics of the Six Constructs
	Construct
	Items
	Cronbach's alpha
	M
	SD

	Prompting Practices
	6
	.926
	3.20
	0.96

	Prompt Engineering Skills
	6
	.930
	3.28
	0.95

	Response Evaluation and Adjustment
	5
	.911
	3.30
	0.95

	Perceived Learning Effectiveness
	5
	.920
	3.82
	0.86

	Prompting Challenges
	5
	.911
	3.01
	0.99

	Training Needs
	5
	.899
	3.82
	0.81



Table 2
Summary of the Six Factor Solution
	Construct
	Primary loading range

	Prompting Practices
	.774 to .849

	Prompt Engineering Skills
	.720 to .789

	Response Evaluation and Adjustment
	.775 to .799

	Perceived Learning Effectiveness
	.740 to .844

	Prompting Challenges
	.806 to .863

	Training Needs
	.803 to .844



Prompting Practices
The mean score for the Prompting Practices was 3.20 (SD=0.96). Students reported less frequent use of role specification. PP4 had a mean of 3.10. The lowest mean was found for dividing a complex task into smaller stages or separate prompts. PP5 had a mean of 2.96.
Prompt Engineering Skills
Overall mean for Prompt Engineering Skills was found to be 3.28 with a standard deviation of 0.95. Furthermore, the six-item means were reasonably similar. PES6, which measured the ability to revise a prompt deliberately when the resulting response was unsatisfactory, produced the highest mean of 3.29.
Response Evaluation and Adjustment
The overall mean for Response Evaluation and Adjustment was 3.30 with a standard deviation of 0.95. The students felt most confident in the ability to find out if the AI response actually met the requirements of their prompt. The mean is 3.36 and has a standard deviation of 1.10 for REA1. The question they feel least able to do is identify any irrelevant, impractical or possibly false information. REA2 had a mean of 3.26.
Perceived Learning Effectiveness
The overall average of Perceived Learning Effectiveness was 3.82. PLE2 has the biggest mean value at 3.85. In this item, students claimed that with adequate prompt engineering skills, they could make greater use of generative AI for English learning.
Prompting Challenges
The score for The Prompting Challenges was 3.01 with a standard deviation of 0.99. The most difficult aspect was explaining how the student wished the AI system to behave. The mean PC1 score is 3.06.
Training Needs
Training Needs had an overall mean of 3.82 (SD = 0.81). The highest-rated need was to receive example prompts for different English learning activities. TN2 had a mean of 3.85. The mean for receiving advice on using AI responsibly in academic integrity, boundaries and citations was 3.83, and this was also the mean for receiving advice on writing good and clear prompts.
Relationships among the Main Constructs
The strongest correlation was found between Prompt Engineering Skills and Response Evaluation and Adjustment, r = .577, p < .001.
Prompting Practices were positively associated with Prompt Engineering Skills, r = .538, p < .001.
Prompt Engineering Skills were also related to Perceived Learning Effectiveness, r = .458, p < .001.
Response Evaluation and Adjustment showed a similar association with Perceived Learning Effectiveness, r = .456, p < .001.
The relationship between Prompting Practices and Perceived Learning Effectiveness was weaker but statistically significant, r = .313, p < .001.
Training Needs were positively related to Perceived Learning Effectiveness, r = .327, p < .001.
Table 3
Pearson Correlations among the Main Constructs
	Construct
	PP
	PES
	REA
	PLE
	PC
	TN

	PP
	1
	.538***
	.354***
	.313***
	.226***
	.094

	PES
	.538***
	1
	.577***
	.458***
	.301***
	.208**

	REA
	.354***
	.577***
	1
	.456***
	.207**
	.244***

	PLE
	.313***
	.458***
	.456***
	1
	-.054
	.327***

	PC
	.226***
	.301***
	.207**
	-.054
	1
	.215***

	TN
	.094
	.208**
	.244***
	.327***
	.215***
	1


Note. ** p < .01. *** p < .001.
Discussion
Frequent Use Does Not Necessarily Indicate Advanced Prompt Competence
More than half of the students used generative AI at least three times each week, and almost one third used it nearly every day. ChatGPT was used by more than 90 percent of the participants. Generative AI had therefore become a regular part of the English learning practices of many respondents.
At the same time, students reported less frequent use of more structured prompting techniques. Students appeared to have developed several useful habits, including establishing an immediate goal and revising prompts after receiving a response. More formalised strategies were less widespread.
These findings suggest that familiarity with AI does not necessarily imply systematic prompting skills; students may talk to the AI freely and naturally without ever thinking systematically about how they instruct the AI.
Prompt Engineering and Response Evaluation Are Closely Connected
The results of the present study suggest that prompt writing involves more than finding a workable command. Students who reported stronger prompting skills also tended to report stronger response-evaluation skills. There may be a connection between a user's prompt engineering skills and evaluation skills, as knowing what a prompt is expected to achieve may help a user set clearer standards for judging the quality of output, and when an answer falls below certain standards, the user knows where the weakness is in the response and can use this information in the next prompt they write. The previous notion that prompting is an iterative process is reflected in the work of Knoth et al. (2024) and the problems with inappropriate prompts and reliability of output which the work of Hoang et al. (2025) highlighted. Whilst good prompts may improve the relevance of the responses provided, they do not guarantee accuracy. It was found from participants' responses that they felt the most confident judging if an answer was appropriate to the prompt than if the information it provides is correct. This difference should be borne in mind when teaching.
Students View Effective Prompting as Useful
Students generally perceived clear prompts as helpful in obtaining more relevant AI responses. They also believed that stronger prompt engineering skills helped them make better use of these tools for English learning. Students did not simply regard generative AI as useful in itself. They also recognized that how useful an interaction turned out to be depended in part on what they asked and how they asked it. This result needs a caveat. Perceived Learning Effectiveness records what students perceive; it is not a measure of actual improvement in English.
Prompting Challenges Remain despite Regular Use
Students found it hardest to put into words what they wanted the AI to do. That is striking, because turning an aim into an instruction is the basic act on which prompting rests. Students may hold a learning aim in mind without knowing how to express it as a clear instruction. There were also small positive correlations between Prompting Challenges and several other constructs. Students with stronger prompt engineering skills did not report fewer challenges; if anything, they reported slightly more. The absence of a significant relationship between Prompting Challenges and Perceived Learning Effectiveness suggests, too, that students could recognize the limits of generative AI without dismissing it as unhelpful.
Training Needs Point to a Gap in Current Preparation
The training needs also suggest how such instruction should be framed: not as abstract training in technical concepts, but as part of the regular English-learning tasks students already engage in. Classroom activities could ask students to compare AI-generated responses with course materials or other credible sources, and to identify which parts are well supported and trustworthy and which should be questioned. Students also need to learn to trace a weakness in a response back to the prompt that produced it. The aim is not to equip students with ready-made prompts. They need to understand when and why a prompt should be built in a particular way, what information it should contain, and why particular generated content should, or should not, be doubted.
Pedagogical Implications
First, prompt engineering should be taught within language courses rather than in separate technology courses. For an essay or another piece of written work, for example, a student can prompt the AI to check the grammar or make sentences more fluent, instead of asking it to produce the text. In speaking practice, students can assign the AI a role and specify their language level, a topic they want to talk about, and the kind of feedback they expect.
Second, students need to learn to iterate - to treat the first answer as a starting point rather than the end of the exchange. Through questioning and receiving answers and then developing and improving their questions they will move away from a one question one answer approach to a more meaningful interaction with the system.
Thirdly, however, students will have to gain expertise in the skill of writing the correct prompts for a given topic, but also in evaluating the answer. Whilst the prompts may even be designed to produce an answer that best suits the needs of the researcher, this does not guarantee that the details provided are accurate and therefore at some stage an evaluation of the data must be made.
Fourth, the students should be taught about when to claim ownership of their writing, how to acknowledge the AI's contributions, to ensure the content of AI writing and when to go solo. The data suggests this would be desired by students and should include real-life examples from past essays.
Limitations and Future Research
Several limitations affect the generalizability and interpretation of the results. First, the main constructs were measured using adapted self-report items, which may not accurately reflect participants' actual skills or practices. Second, the prompt-production tasks completed by participants were not scored; future research should develop a clear rubric and engage two independent raters to score such tasks before using them as a performance measure or comparing them with self-reported prompt engineering skills. Third, the sample was limited to English majors at a public university in central Vietnam which limits the generalizability of the findings to other fields and institutions. Fourth, 90.7% of participants reported their English proficiency using the CEFR categories; future studies would benefit from standardized tests to investigate whether English proficiency bears on the complexity and language of students' prompts. Fifth, the same sample was used both for the exploratory factor analysis and for estimating internal consistency. Although the analysis produced a clear six-factor structure and strong Cronbach's alpha values for the subscales, a confirmatory factor analysis on an independent sample is needed to establish validity. Finally, the cross-sectional design allows no causal conclusions. Further experimental or quasi-experimental research is required into whether, for example, structured instruction or practice in prompt design, analysis of AI responses or study of the student's use of English, improve the effectiveness of such learning, that is, whether the correlations noted above are a product of causal effects.
Conclusion
It is possible that Prompt Engineering Skills have a positive correlation with Response Evaluation and Adjustment, indicating that prompt competence is not simply writing a prompt but more so establishing the task goal, giving the context, receiving a response and finally adapting it effectively for the next iteration.
A more structured approach in terms of the formation, review, verification of data and ethical use would benefit students whose education uses a range of tools that have become part of their learning in early years.
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