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Abstract
The growing use of generative artificial intelligence (GenAI) in English-medium instruction (EMI) has raised important questions about how students maintain learner agency while using AI to support academic reading. Drawing on a sample predominantly from Business and Economics (106/124, 85.5%), this explanatory sequential mixed-methods study investigated learner agency and AI-assisted academic reading practices among Vietnamese EMI undergraduates using a questionnaire followed by semi-structured interviews. The findings indicated that students generally reported maintaining control and responsibility when using GenAI for academic reading. Interview accounts further revealed recurring practices of selective AI use, comprehension monitoring, information verification, and continued responsibility for understanding original texts, while also highlighting tensions between the convenience of AI support and independent reading. The findings are based on self-reported practices rather than directly observed competence or behaviour and should therefore be interpreted cautiously. Overall, the study highlights the importance of supporting learner agency and continued engagement with original academic texts when integrating GenAI into EMI academic reading.
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Tóm tắt:
Việc sử dụng trí tuệ nhân tạo tạo sinh (GenAI) ngày càng phổ biến trong các chương trình giảng dạy bằng tiếng Anh (EMI) đã đặt ra những câu hỏi quan trọng về cách sinh viên duy trì năng lực tự chủ trong học tập (learner agency) khi sử dụng AI để hỗ trợ đọc học thuật. Với mẫu chủ yếu thuộc khối Kinh doanh và Kinh tế (106/124 sinh viên, 85,5%), nghiên cứu hỗn hợp tuần tự giải thích (explanatory sequential mixed methods) này khảo sát năng lực tự chủ trong học tập và các thực hành đọc học thuật có sự hỗ trợ của AI ở sinh viên đại học Việt Nam theo học chương trình EMI, thông qua bảng hỏi và sau đó là phỏng vấn bán cấu trúc.
Kết quả cho thấy sinh viên nhìn chung cho biết họ vẫn duy trì quyền kiểm soát và trách nhiệm đối với việc học khi sử dụng GenAI để hỗ trợ đọc học thuật. Dữ liệu phỏng vấn cũng cho thấy một số thực hành thường xuyên như sử dụng AI có chọn lọc, theo dõi mức độ hiểu bài, kiểm chứng thông tin và duy trì trách nhiệm đối với việc hiểu văn bản gốc. Đồng thời, kết quả cũng chỉ ra sự giằng co giữa tính tiện lợi của AI và việc đọc độc lập.
Các kết quả của nghiên cứu dựa trên những thực hành do người học tự báo cáo, chứ không phải năng lực hay hành vi được quan sát trực tiếp; do đó, cần được diễn giải một cách thận trọng. Nhìn chung, nghiên cứu nhấn mạnh tầm quan trọng của việc thúc đẩy năng lực tự chủ của người học và duy trì sự tương tác với các văn bản học thuật gốc khi tích hợp GenAI vào hoạt động đọc học thuật trong bối cảnh EMI.
Từ khóa: năng lực tự chủ của người học, đọc học thuật có sự hỗ trợ của AI, học tập tự điều chỉnh, giảng dạy bằng tiếng Anh, trí tuệ nhân tạo tạo sinh
1. Introduction
The rapid development of generative AI (GenAI) has transformed teaching and learning in higher education. Since the public release of ChatGPT in 2022, students have increasingly used GenAI to summarize texts, explain difficult concepts, answer questions, and support academic tasks. While these tools offer educational benefits, concerns remain about academic integrity, critical thinking, and overreliance on AI-generated content (Lee & Low, 2024; Wang et al., 2024).
These concerns are particularly relevant to academic reading in English-medium instruction (EMI), where students must understand complex disciplinary texts, evaluate evidence, and synthesize information (Grabe, 2009; Grabe & Stoller, 2020). GenAI can support reading comprehension, vocabulary development, and learning efficiency (Chea & Xiao, 2024; Xu et al., 2026), but excessive reliance may reduce engagement with original texts and increase the risk of accepting inaccurate information (Sanz-Tejeda et al., 2026). Thus, an important issue is how students maintain control and responsibility while using AI to support academic reading. In this study, AI-assisted academic reading practices refer specifically to decisions about AI use, prompting, information evaluation and verification, and continued engagement with original texts, rather than broader ethical issues such as authorship, privacy, or policy compliance.
Although previous research has examined students’ perceptions and the effectiveness of GenAI-supported learning (Chan & Hu, 2023; Chea & Xiao, 2024), less attention has been given to learner agency in AI-assisted academic reading, particularly in Vietnamese EMI contexts. To address this gap, the present study employed an explanatory sequential mixed-methods design, combining a questionnaire and interviews to investigate learner agency and AI-assisted academic reading practices among Vietnamese EMI undergraduates. The study addresses the following research questions:
RQ1. What is the level of learner agency among Vietnamese EMI undergraduates in AI-assisted academic reading?
RQ2. What AI-assisted academic reading practices do Vietnamese EMI undergraduates report?
RQ3. How do Vietnamese EMI undergraduates exercise learner agency when using generative AI for academic reading?
2. Literature review 
2.1 AI-Assisted Academic Reading in EMI
Academic reading is cognitively demanding for EMI students because they must understand disciplinary content while dealing with complex academic language and terminology (Grabe, 2009; Grabe & Stoller, 2020). It also requires higher-order processes such as evaluation, synthesis, and argumentation (Kintsch, 1998; Cromley & Azevedo, 2007). GenAI tools can support these demands by summarizing texts, explaining difficult concepts, and assisting with vocabulary and comprehension. Recent studies have reported potential benefits for reading comprehension and learning efficiency (Chea & Xiao, 2024; Xu et al., 2026).
However, excessive reliance on AI-generated summaries may reduce students’ engagement with original texts and encourage superficial understanding. Students therefore need to evaluate AI-generated information, verify it against credible sources, and remain actively engaged in reading (Chea & Xiao, 2024; Xu et al., 2026). Thus, effective AI-assisted academic reading depends not only on the capabilities of AI but also on learners’ ability to manage its use, highlighting the importance of learner agency in EMI academic reading.
2.2 Learner Agency in AI-Assisted Learning
2.2.1 Concept of Learner Agency
Learner agency refers to learners’ capacity to make informed choices, regulate their learning, and actively shape their learning experiences (Emirbayer & Mische, 1998; Bandura, 2001). In higher education, agentive learners take responsibility for their learning by setting goals, selecting strategies, monitoring progress, and critically evaluating information. Rather than being a fixed individual attribute, agency is also shaped by interactions between learners and their social, linguistic, and technological environments (Larsen-Freeman, 2019). Thus, learner agency involves learners’ ability to make purposeful decisions and take action toward achieving their learning goals (Schoon, 2018).
2.2.2 Learner Agency in AI-Assisted Learning
The development of GenAI has fundamentally changed how learners access information, construct knowledge, and control their learning process. GenAI can operate as an interactive learning support by offering explanations, summaries, answers, and feedback to learners (Lee & Low, 2024; Wang et al., 2024). Its educational value, however, depends not only on the availability of the technology but also on learners’ ability to use it purposefully (Chan & Hu, 2023). This issue is especially relevant in academic reading, where learners may use GenAI to summarize texts, explain terms, and answer comprehension questions (Chea & Xiao, 2024; Xu et al., 2026). Heavy dependence on GenAI may encourage shallow reading and passive acceptance of information. Learners therefore need to decide when and how to use GenAI and evaluate the information it provides. Such actions are consistent with learner agency in AI-assisted learning.
2.2.3 Dimensions of Learner Agency
Drawing on learner agency and Self-Regulated Learning theory (Zimmerman, 2000), this study conceptualizes learner agency in AI-assisted academic reading through four interconnected dimensions: Strategic Decision-Making, referring to decisions about when and how to use AI; Metacognitive Regulation, involving the monitoring and evaluation of comprehension; Critical Evaluation, concerning the assessment of AI-generated information; and Learning Ownership, referring to personal responsibility for learning (Bandura, 2001; Larsen-Freeman, 2019; Schoon, 2018). These dimensions provide the theoretical framework for the study.
2.2.4 Conceptual Boundaries Between Learner Agency and AI-Assisted Academic Reading Practices
Learner agency refers to learners’ broader control and responsibility in the reading process, whereas AI-assisted academic reading practices concern how GenAI is used during reading. Although conceptually distinct, these constructs overlap in areas such as decision-making, evaluation, and engagement with source texts. Given the weak reliability of several subscales, they should not be treated as fully independent validated constructs. The study therefore limits its claims to the reading-related AI practices measured by the questionnaire.
3. Methodology
3.1 Research Design
The study employed an explanatory sequential mixed-methods design (Creswell & Plano Clark, 2018) using a QUAN → qual sequence. The quantitative phase used a survey to examine learner agency and AI-assisted academic reading practices, addressing RQ1 and RQ2. The subsequent qualitative phase used semi-structured interviews to explore students’ experiences and reasoning in greater depth, addressing RQ3.
3.2 Participants
The quantitative sample comprised 124 Vietnamese undergraduates enrolled in EMI programmes at a Vietnamese university, predominantly from Business and Economics (n = 106, 85.5%). Eligibility was based on current enrolment in an EMI programme/course rather than a minimum frequency of academic reading; consequently, one participant who reported never reading English academic texts was retained. After the survey, 10 volunteers with varying AI-use experiences were purposively selected for interviews. Following the survey, ten students who reported experience using generative AI for academic reading were purposively selected for semi-structured interviews. The selection focused on students who could provide relevant accounts of their AI-assisted reading practices, rather than ensuring equal representation across AI-use-frequency groups. All interviewees were contacted individually and provided informed consent before participation.The study was conducted at a private university in Vietnam where participants were enrolled in university-established English-medium instruction (EMI) programmes. EMI status was determined based on students’ enrolment in these programmes, in which English was used as the medium of instruction for their courses. Participants were recruited through an online Google Forms questionnaire distributed during the summer semester. Participation was voluntary, and only students enrolled in the relevant EMI programmes were invited to participate.
3.3 Research Instruments
Two instruments were used: a questionnaire and a semi-structured interview protocol.
3.3.1 Questionnaire
The questionnaire was developed from the study’s conceptual framework and relevant literature, following DeVellis and Thorpe (2021). Part A included five background questions. Parts B and C comprised 16 items each, measuring Learner Agency (Q1–Q16) and AI-Assisted Academic Reading Practices (Q17–Q32), respectively. Each construct was organized into four theoretically derived four-item clusters. Items were rated on a five-point agreement scale (1 = strongly disagree to 5 = strongly agree), with eight negatively worded items (Q4, Q8, Q12, Q16, Q20, Q24, Q28, and Q32) reverse-scored. Because several clusters showed weak internal consistency, they were treated as theoretical item groupings rather than validated subscales; interpretation therefore focused on the two 16-item composites and individual items. The questionnaire did not directly measure ethical responsibility, disclosure, authorship, privacy, or policy compliance.
The questionnaire was reviewed by two university lecturers with expertise in ELT and EMI to assess item clarity, relevance, and alignment with the study's conceptual framework. It was subsequently piloted with 20 students who were not included in the final sample. The pilot was used to assess the clarity and comprehensibility of the questionnaire items, and minor wording revisions were made to improve readability without changing the intended constructs. The English questionnaire was translated into Vietnamese and independently reviewed by an English-language lecturer to check semantic equivalence and conceptual consistency between the two versions. Formal back-translation was not documented; instead, the Vietnamese version was independently checked for semantic and conceptual equivalence. Participants were allowed to complete the questionnaire in either English or Vietnamese.
3.4 Data Collection Procedures
The bilingual online questionnaire was administered to 124 EMI undergraduates at a private Vietnamese university during the summer semester, in August 2026. Participants provided electronic informed consent and could choose the English or Vietnamese version. All responses were retained based on EMI enrolment, regardless of academic-reading or GenAI experience. Because the survey was distributed online, the number invited, and response rate were unavailable.
Interviews were conducted in August 2026. Ten participants with varied AI-use experiences were purposively selected for approximately five-minute semi-structured interviews in Vietnamese. With consent, interviews were audio-recorded, transcribed verbatim, anonymized, and relevant excerpts translated into English. Hybrid deductive–inductive thematic analysis, guided by RQ3 and emerging patterns, identified five themes: selective AI use, comprehension monitoring, information verification, learning ownership, and tension between convenience and independent engagement. The researcher conducted and coded the interviews, with a second researcher reviewing and discussing the coding.
3.5 Data Analysis
Negatively worded items were reverse scored before analysis. Descriptive statistics were calculated for individual items, theoretical item clusters, and the two 16-item composite scores. Internal consistency was examined using Cronbach’s alpha. Because cluster reliabilities were weak to modest, cluster means were retained for descriptive purposes only and were not interpreted as validated dimensions. Pearson correlation was used to examine the association between the two overall composites. One-way ANOVAs compared composite scores across the Sometimes, Often, and Very often AI-use groups; the Rarely group (n = 2) was excluded because of its very small size. Significant omnibus tests were followed by Tukey HSD pairwise comparisons, and η² was reported as the effect-size estimate. Qualitative data were analysed thematically as described above, and integration occurred by comparing interview themes with specific survey items and overall patterns rather than using the interviews to validate weak subscales. Quantitative data were analysed using JASP. Descriptive statistics, Cronbach’s alpha, Pearson correlation, one-way ANOVA, and Tukey HSD post-hoc tests were conducted. Corrected item–total correlations and Cronbach’s alpha if item deleted were calculated separately within each 16-item composite after reverse-scoring. Complete-case analysis used N = 124 for Learner Agency and N = 123 for AI-Assisted Academic Reading Practices because one response to Q24 was missing; the item-level diagnostics are presented in Appendix A, Table A2.
4. Results
4.1. Participant Characteristics and Data Screening
The final dataset comprised 124 valid responses from Vietnamese EMI undergraduates. As shown in Tables 1 and 1a, most participants were studying Business and Economics (n = 106, 85.5%), and 70.2% reported using GenAI often or very often for academic reading. Most participants reported reading English academic texts at least sometimes. Before the main analyses, eight negatively worded items (Q4, Q8, Q12, Q16, Q20, Q24, Q28, and Q32) were reverse-scored, and the recoded values were used in all composite analyses.
Table 1a. Academic discipline distribution (supplement to Table 1)
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Note. Percentages are based on N = 124. Academic-discipline categories are reported in Table 1a (Business and Economics n = 106, 85.5%).
Table 1. Participant Characteristics and Frequency of AI Use
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4.2. Learner Agency in AI-Assisted Academic Reading
RQ1 asked: “What is the level of learner agency among Vietnamese EMI undergraduates in AI-assisted academic reading?”
The overall Learner Agency score was M = 3.52 (SD = 0.53), indicating general agreement with statements reflecting learner control and responsibility. The four theoretical clusters had means of 3.44–3.61 (Table 2), but their low-to-moderate reliability (α = .37–.61) precluded substantive comparisons; they are therefore reported descriptively.
At the item level, Q13 (personal responsibility for understanding) had the highest mean (M = 4.06, SD = 0.93), followed by Q15 (active engagement with the original text; M = 3.87, SD = 0.91), Q14 (personal effort after AI assistance; M = 3.85, SD = 0.90), and Q6 (monitoring understanding; M = 3.83, SD = 0.91). Lower recoded means were observed for Q16 (M = 2.65, SD = 1.08), Q4 (M = 2.80), and Q8 (M = 2.81).
Table 2. Descriptive Statistics and Reliability for Learner Agency
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Note. Items marked (R) were reverse-scored before calculating the cluster and overall scores. 
The 16-item Learner Agency composite showed acceptable internal consistency (Cronbach’s α = .82). In contrast, the four-item clusters showed weak to modest reliability: Strategic Decision-Making (α = .37), Metacognitive Regulation (α = .50), Critical Evaluation (α = .52), and Learning Ownership (α = .61). Therefore, these clusters are reported only as descriptive groupings and are not interpreted as distinct underlying competencies.
4.3. AI-Assisted Academic Reading Practices
RQ2 asked: What AI-assisted academic reading practices do Vietnamese EMI undergraduates report?
As shown in Table 3, the overall AI-Assisted Academic Reading Practices score was M = 3.52 (SD = 0.52). Given the low reliability of the intended clusters, cluster differences were interpreted descriptively only. At the item level, participants reported relatively strong agreement with checking potentially inaccurate AI-generated information (Q27, M = 4.02) and consulting additional sources for verification (Q26, M = 3.92). In contrast, responses concerning continued engagement with original texts were more mixed (Q29, M = 3.24; reverse-scored Q32, M = 2.81). These findings reflect self-reported agreement rather than demonstrated competence or actual frequency of practice.
Table 3. Descriptive Statistics and Reliability for AI-Assisted Academic Reading Practices
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Note. Items marked (R) were reverse-scored before calculating the cluster and overall scores. Full bilingual item wording and item-level reliability diagnostics are presented in Appendix A (Tables A1 and A2).
The overall AI-Assisted Academic Reading Practices scale showed acceptable reliability (α = .81), whereas the four clusters showed weak to modest reliability (α = .25–.60). Therefore, cluster-level results are treated descriptively, with greater emphasis on the overall composite and individual items.
4.4. Relationship Between Learner Agency and AI-Assisted Academic Reading Practices
Table 4 summarizes the correlation and group-difference analyses. The two overall self-report composites were positively correlated, r = .697, p < .001, indicating that higher Learner Agency scores were associated with higher AI-Assisted Academic Reading Practices scores. However, given the conceptual overlap between the measures, this relationship should be interpreted as an association rather than evidence of causality or discriminant validity.
Table 4. Correlation and Group Differences in Overall Composite Scores
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Note. ANOVA included the three groups with sufficient observations: Sometimes (n = 35), Often (n = 59), and Very often (n = 28). The Rarely group (n = 2) was excluded because of its very small sample size.
4.5. Learner Agency and AI-Assisted Academic Reading Practices by Frequency of AI Use
A one-way ANOVA showed significant differences in Learner Agency across the Sometimes, Often, and Very often AI-use groups, F(2, 119) = 5.85, p = .004, η² = .090. Mean scores increased from 3.34 (Sometimes) to 3.50 (Often) and 3.78 (Very often). Tukey comparisons showed that the Very often group scored significantly higher than the Sometimes group (p = .003), while the other comparisons were not significant.
A similar pattern was found for AI-Assisted Academic Reading Practices, F(2, 119) = 4.62, p = .012, η² = .072, with means of 3.35, 3.52, and 3.73, respectively. As detailed in Table 5, Tukey HSD comparisons showed that the Very often group scored significantly higher than the Sometimes group (p = .008); Often versus Sometimes (p = .248) and Often versus Very often (p = .154) were not significant. For Learner Agency, Very often was higher than Sometimes (p = .003), whereas Often versus Sometimes (p = .286) and Often versus Very often (p = .053) were not significant. Overall, more frequent AI use was associated with higher reported scores on both composites, but these results do not establish causality.

Table 5. Tukey HSD Post-Hoc Pairwise Comparisons
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Note. Pairwise p values were adjusted for multiple comparisons using Tukey’s honestly significant difference (HSD) procedure following the significant one-way ANOVAs. A threshold of p < .05 was used.
4.6. Summary of Quantitative Findings
In summary, the quantitative phase showed broadly positive self-reported patterns at the composite and item levels, alongside substantial conceptual overlap between the two measures and weak reliability for several theoretical clusters. The qualitative phase was therefore used to clarify how participants described their AI-use decisions, comprehension monitoring, information verification, learning responsibility, and engagement with original texts rather than to validate the cluster structure.
4.7 Qualitative Findings: Learner Agency in AI-Assisted Academic Reading
The qualitative findings revealed five themes concerning how students exercised learner agency when using generative AI for academic reading: selective AI use, monitoring comprehension, information verification, learning ownership, and the tension between convenience and independent engagement. These themes were broadly consistent with the quantitative findings.
4.7.1 Selective Use of AI as a Reading Support
Students described selective rather than automatic AI use, particularly when encountering difficult vocabulary, unfamiliar concepts, or hard-to-understand passages. As P3 explained, “I don't use AI from the beginning of every article. Usually I read first, and if there is a part I really don't understand, I ask ChatGPT about that part.” This account illustrates intentional, context-dependent decision-making about AI support. Because the corresponding survey item cluster had weak reliability, the interview theme is presented as qualitative evidence rather than as confirmation of a validated Strategic AI Use dimension.
4.7.2 Monitoring Comprehension After AI Assistance
Some students described checking their understanding after receiving AI assistance. P2 noted, “After ChatGPT explains it, I still look at the paragraph again because sometimes I understand the explanation, but I am not sure it is exactly what the author means.” This account illustrates monitoring and self-reflection consistent with self-regulated learning (Zimmerman, 2000), but it should not be interpreted as evidence that participants as a group possessed a demonstrated metacognitive competence.
4.7.3 Questioning and Verifying AI-Generated Information
Interviewees also described questioning and checking AI-generated information. P4 stated, “I don't completely trust ChatGPT because sometimes it gives information that sounds correct, but when I search Google, I cannot find the same information.” In the survey, participants also showed relatively strong agreement with the specific statements represented by Q27 (M = 4.02) and Q26 (M = 3.92). Taken together, these sources indicate reported attention to possible AI inaccuracies, without establishing a validated verification competence.
4.7.4 Maintaining Ownership of the Reading Process
Some interviewees emphasized personal responsibility for understanding. P5 explained, “ChatGPT can explain the article, but I think I am still responsible for understanding it. If I just copy the explanation, I don't really learn.” Q13, a survey item concerning personal responsibility for understanding academic texts, also received a high mean (M = 4.06). This convergence concerns a specific self-reported orientation toward learning responsibility rather than a reliable ranking of the Learning Ownership subscale.
4.7.5 Tension Between Convenience and Independent Engagement
Interviewees also described a tension between convenience and engagement with original texts. P10 noted, “Sometimes I know I should read the original article, but if ChatGPT gives me a summary, it is much faster, especially when I have many readings.” Survey responses to Q29 (M = 3.24) and reverse-scored Q32 (M = 2.81) likewise showed mixed agreement with specific statements about continued engagement with original texts. The integrated finding is therefore that convenience sometimes competed with independent reading in participants' accounts; it is not evidence of a reliably measured deficit in an Independent Engagement competence.
4.7.6 Integration of Findings
Overall, the interviews showed recurring accounts of selective AI use, comprehension monitoring, information checking, personal responsibility, and tension between convenience and independent reading. These themes help explain the kinds of experiences represented in the survey, but they do not validate the weak survey subscales. Integration is therefore conducted at the level of specific practices and participant accounts rather than by treating small differences among subscale means as substantive.
The positive association between the two overall composites (r = .697, p < .001) is consistent with the idea that learner control and AI-assisted reading practices are related, but conceptual and item-content overlap may partly account for this relationship. The interviews add contextual detail by showing how some participants described using AI selectively while retaining responsibility for understanding. Neither phase establishes metacognition as a causal mechanism, and the data do not support claims about directly observed competence.
5. Discussion
The findings suggest that AI-use frequency and self-reported learner agency were related but not interchangeable. Participants who frequently used GenAI could also report maintaining control and responsibility for their reading. However, given the cross-sectional and self-reported nature of the data, these findings indicate association rather than causation or objectively demonstrated agency (Bandura, 2001; Larsen-Freeman, 2019).
Because the intended subscales showed weak internal consistency, differences among their mean scores should not be interpreted as differences in distinct competencies. Greater emphasis should therefore be placed on the overall composites, individual items, and interview accounts. Participants strongly endorsed personal responsibility for understanding and described returning to original texts after using AI, reflecting practices compatible with self-regulated learning (Zimmerman, 2000). At the same time, some participants reported relying on AI summaries for convenience, despite recognizing the need to verify AI-generated information. This pattern is consistent with previous research on students’ simultaneous appreciation of GenAI support and concerns about its accuracy (Chan & Hu, 2023).
The positive association between the two overall composites (r = .697, p < .001) should also be interpreted cautiously because some item content overlaps conceptually. Similarly, higher composite scores among frequent AI users indicate association rather than an effect of AI use. Future research should refine the measurement framework and examine these relationships using stronger designs.
For EMI pedagogy, the findings suggest encouraging students to engage with original texts, compare AI-generated explanations with source material, verify important information, and reflect on whether AI supports or replaces their own comprehension. Overall, the study provides exploratory evidence of learner control and AI-assisted reading practices in a predominantly Business and Economics EMI sample, while highlighting the need for stronger measurement and further investigation.
6. Limitations
This study has several limitations. First, the findings relied mainly on self-reported data and may not fully reflect students’ actual AI-assisted reading behaviours. Second, the sample was relatively small and predominantly from Business and Economics (85.5%), limiting generalizability to other disciplines and EMI contexts. Third, the cross-sectional design does not support causal conclusions about the relationship between AI use and learner agency. Finally, although the two overall scales showed acceptable reliability, several subscales had low internal consistency (α = .25–.61), limiting dimension-level interpretation and validation of the proposed structure. The approximately five-minute interviews also limited opportunities for probing, clarification, and in-depth exploration of participants’ experiences. Future research should use longer interviews and larger and more diverse samples, refine and validate the questionnaire, and incorporate behavioural evidence such as AI-use logs, prompt analysis, or observations. The questionnaire also did not directly assess ethical responsibility; therefore, the conclusions are limited to reading-related AI practices.
7. Conclusion
This explanatory sequential mixed-methods study examined learner agency and AI-assisted academic reading among 124 Vietnamese EMI undergraduates, predominantly from Business and Economics. Although the two overall composites showed acceptable reliability, several intended subscales did not; conclusions therefore focus on overall self-report patterns, individual items, and interview accounts. The composites were positively associated, though conceptual overlap should be considered. Interviews highlighted selective AI use, comprehension monitoring, information verification, learning ownership, and tensions between AI convenience and engagement with original texts. Future research should strengthen measurement validity, examine ethical dimensions directly, and include more diverse disciplines and behavioral evidence.
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Appendix A

Item wording (English and Vietnamese), clusters, constructs,

Item wording

English

Vietnamese

A. Learner Agency (Q1-Q16) (N = 124, Cronbach’s a = .819)

Q1
Q2
Q3
Q4
Qo
Q6
Q7
Q8
Q
Q10
Qi
Q12
Q13
Q14
Q15
Q16

Tam responsible for my own reading progress
et my own goals for academic reading

1 plan how to approach academic texts.

Toften feel I have lttle control over my reading.

I monitor my understanding while reading,

Tadjust my strategies when I do not understand.

I evaluate how well I have understood a text.

I rarely check whether I really understand.

Tam confident i reading academic texts in English.
I can stay motivated to read academnic texts.

Tam willing to spend time on difficult texts.

Teasly give up when a text i dificult.

ook for additional resources when needed.

Itake notes or highlight key information.

Tactively seek opportunities to improve my reading.

Irely on others o tell me what to read.

i chju trdch nhigm cho tién bj doc cia minh.

Toi te it myc tiéu cho vige doc hoe thut.

i lgp ké hoach cich tid cin cic viin ban hoc thudt,
i thuimg cim thdy mink it kiém st vige dx.

i theo i i d hidu b Khi doc.

i diduchink chién luge khi chua hiéu.

i diinh gid mic dp hidu va bin

i hidm khi ki tra xem minh o6 thtc i hidu khong.
i 4 tin Khi doc vin ban hoc thug bing tiéng Anh.
i c thé duy tr dfng I dé doc viin i hoe thugt,
i s sing danh this gian cho cdc vin bin khd;

o dé b cude khi gap win bin kho.

o tim thém tai liu b trg khi cin.

i ghi chi hodc danh ddu thing tin quan trong,

Toi chit

ng tim co hgi dé cdi thign ky ning doc.

761 dia vio ngut Khde dé cho biét cin doc g

B. Al-Assisted Academic Reading Practices (Q17-Q32) (N = 123, Cronbach’s a = .814)

Q7
QI8
Q19
Q0
Q1
Q2

Q23

Q32

Tuse Al tools to get quick explanations.
Tuse Al to summarise long texts.

Tuse Al to check the meaning of difficult words.

Tuse Al because I do not want to read the original text.

T carefully verify information from AL

T compare Al explanations with the original text

Tam aware that Al may provide inaccurate information.

Iully trust Al-generated explanations.

1stil read the original text after using AL

Tuse Al as a support rather than a substiute.

I decide when and how to use Al for reading.

Irely on Al instead of reading the fll original text.
Al helps me understand academic texts more easily.
Al saves me time in reading

Al improves my confidence in reading.

Al reduces my effort i reading academic texts.

Toi sit dyng cong cu AI dé nhan gidi thich nhanh.

dn bin dai.

Toi sit dung Al dé tom tit cic

Toi st dung Al dé kiém tra nghia cia tic khd.
Toi sl dung Al vi khong mudn doc vain ban géc.
Toi cdn thin kiém chiing thong tin tit Al

Toi so sdnh gidi thich ciia AI voi vin ban g,

hn thic ring AI o6 thé cung cdp thing tin Khing
chinh xd.

i hodn toén tin tung vao cic gidi thich do Al tgo ra.
Toi vin doc v bin goc sau Khi it dung AIL

i it dyng AT nhut it cong cu b tro, khong ph thay thé
‘Toi quyét dinh khi nio va cdch nao si dung Al dé doc.
i duia vao Al thay v doc toan b vin bin géc.

Algiip t6i hidu cdc viin bin hoc thugt dé dang hon.

Al giip t tid kigm this gian khi doc.

Algidp toi et tin hom Khi doc.

Al gidp t0i gidm n e khi doc vain ban hoc thudt.

Self-regulation
Self-regulation
Self-regulation
Self-regulation
Metacogitive
Metacognitive
Metacognitive
Metacognitive
Affective
Affective
Affective
Affective
Behavioural
Behavioural
Behavioural

Behavioural

Purpose
Purpose
Purpose
Purpose
Evaluation

Evaluation
Evaluation

Evaluation
Engagement
Engagement
Engagement
Engagement
Perceived benefis
Perceived benefis
Perceived benefis
Perceived benefis

Construct

Learner agency
Learer agency
Learner agency
Learner agency
Leamer agency
Learner agency
Leamer agency
Learner agency
Learer agency
Learner agency
Learer agency
Learer agency
Leamer agency
Learner agency
Learer agency

Leamner agency

Al-assisted practices
Al-assisted practices
Al-assisted practices
Al-assisted practices
Al-assisted practices

Al-as

ted practices
Al-assisted practices

Al-assisted practices
Al-assisted practices

Al-assisted practices

Al-assisted practices

Alassisted practices
Al-assisted practices
Al-assisted practices
Alassisted practices

Al-assisted practices

Reverse-
scored

R

R

reverse-scored status, corrected item~total correlations, and Cronbach’s alpha if item deleted

Corrected
item-total
correlation

542
561
513

082
651
664

95
366
545
602
565
314
621

622
568
415

662
653
604

-.087
611
613

562

220
592
621

639
254
634
669
610
314

Cronbach's
alpha ifitem
deleted

812
811
813
827
808
807
810
816
812
810
811
817
809
809
811
815

804
804
806
824
806

805

808

821
807
805
804
819
805
803
806
817

Notes. Items Q4, Q8, Q12, Q16, Q20, Q24, Q28 and Q32 were reverse-scored (R) before analysis. Corrected item-total correlations are based on the respective 16-item scale. For the Al-assisted reading practices scale (Q17-Q32),

(Q17-Q32), A

129:ckae 10/0me missing Tesponse oo B24.
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Academic discipline _ %

Business and Economics 106 85.5

Other disciplines combined 18 14.5
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Gender Male

Gender Female 49 39.5
English academic reading Never 1 0.8
English academic reading Rarely 18 14.5
English academic reading Sometimes 56 45.2
English academic reading Often 35 28.2
English academic reading Very often 14 11.3
Al use for academic reading Rarely 2 1.6
Al use for academic reading Sometimes 35 28.2
Al use for academic reading Often 59 47.6

Al use for academic reading Very often 28 22.6
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Metacognitive Regulation Q5-Q8 3.44 0.67 .50
Critical Evaluation Q9-Q12 3.52 0.69 .52
Learning Ownership Q13-Qle 3.61 0.64 .61

Overall Learner Agency Q1l-Qle6 3.52 0.53 .82




