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As generative artificial intelligence (GenAI) and machine translation increasingly mediate translation practice, translator education must address not only whether students use AI but how they retain decision-making authority while using it. This qualitative case study examined AI agency, ethical awareness, and perceived learning consequences among final-year English-major students in a specialist translation course at a Vietnamese university. Thirteen of the 17 enrolled students voluntarily contributed written reflections responding to five open-ended prompts concerning AI-assisted translation, post-editing, deep learning, reliability, ethics, and future professional practice. Reflexive thematic analysis identified five interrelated themes: conditional acceptance of AI as a learning aid; post-editing as a potential site of either critical learning or cognitive offloading; agency as retaining the right to question, verify, revise, and reject AI output; human accountability for accuracy, cultural meaning, and ethical responsibility; and a preferred hybrid future in which traditional translation competence remains the evaluative foundation for AI use. A deviant case, however, anticipated broad replacement of traditional translation by AI. Drawing these patterns together, the paper proposes a four-level AI agency continuum from delegated dependence to human-led orchestration. The findings suggest that responsible AI literacy in translation should be assessed through visible decision processes and justification, not merely the quality of the final translated product.
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1. Introduction
Generative artificial intelligence (GenAI), machine translation (MT), and large language models now produce, reformulate, and evaluate language rapidly. A scoping review of AI in language learning documented the rise of chatbots and commercial tools, alongside growing interest in critical engagement (Wang et al., 2026). For translator education, the problem is acute: when a fluent target text is generated before a student analyses the source, apparent success may conceal limited learning. The issue is therefore who makes translation decisions, how those decisions are checked, and what the learner learns from the process.
A simple distinction between AI use and non-use does not resolve this problem. AI literacy encompasses informed application, evaluation, and ethical judgement (Long & Magerko, 2020; Ng et al., 2021). UNESCO similarly emphasises human agency, accountability, and critical scrutiny of potentially unreliable outputs (Miao & Holmes, 2023; Miao et al., 2024). Kohnke et al. (2023) argue for ethical and effective ChatGPT use in language education. These perspectives raise a translation-specific question: what evidence shows that students retain responsibility for meaning, register, terminology, and cultural appropriateness?
Translation competence combines linguistic, strategic, intercultural, and technological judgement. Mellinger (2017) identifies MT-related training gaps; Massey and Ehrensberger-Dow (2017) advocate learning with intelligent tools without relinquishing human responsibility. Fluency alone cannot establish source-text fidelity or learner contribution.
Evidence points to both gains and risks. Post-editing may increase efficiency and offer alternative formulations (Yang et al., 2021), yet trainees can underestimate difficulty without specific preparation (Latorraca, 2023). Digital literacy relates to perceived post-editing competence (Yuan & Li, 2025). In GenAI-assisted legal translation, Mau et al. (2026) identified different patterns of engagement, cognitive strain, and over-trust. Together, these studies suggest that efficiency alone is an inadequate indicator of developing translation competence.
Agency here means situated decision-making rather than a stable trait (Emirbayer & Mische, 1998): choosing when to consult AI, evaluating suggestions, rejecting unsuitable options, and explaining final choices. Tool proficiency alone does not establish such control.
Using written reflections from a bounded final-year translation class in Viet Nam, the study asks: (RQ1) What benefits and risks do students perceive? (RQ2) How do they describe agency in post-editing and AI use? (RQ3) What ethical and professional considerations shape their preferred human–AI relationship?
2. Literature Review
2.1 AI literacy, human agency, and language learning
AI literacy extends beyond prompting proficiency. Long and Magerko (2020) identify competencies for understanding and critically engaging with AI. Ng et al. (2021) organise literacy around understanding, using, evaluating, creating, and ethical consideration. For language learners, these frameworks distinguish skilled operation from informed judgement about output quality, bias, and appropriate use.
UNESCO's guidance for GenAI in education calls for critical review, privacy, linguistic diversity, and human accountability (Miao & Holmes, 2023). Its student competency framework addresses human-centred thinking, ethics, AI applications, and system design (Miao et al., 2024). These are consequential in translation, where a polished but erroneous rendering can distort meaning across cultures or institutions.
Research in CALL similarly links outcomes to the quality of engagement. Koç and Savaş (2025) synthesised research on AI chatbots in English learning and stressed theory-informed implementation. Guan et al. (2024) examined GenAI-mediated informal English learning within broader learner practices. Wang (2024) identified perceived editing benefits alongside the continuing importance of teacher guidance and peers. AI availability does not, by itself, establish educational benefit.
Agency concerns how learners set goals, judge suggestions, and regulate dependence (Emirbayer & Mische, 1998). Identical AI-assisted revisions may reflect informed selection or uncritical acceptance. Research on GenAI-supported EFL writing similarly examines mediated learning and learner experience (Fathi & Rahimi, 2026; Meniado et al., 2024; Warschauer et al., 2023), while translation also demands source–target fidelity.
2.2 Translation competence and the changing role of technology
The PACTE framework links bilingual, extra-linguistic, instrumental, strategic, and translation-knowledge resources (Hurtado Albir, 2017; PACTE Group, 2017). Competence acquisition involves procedures as well as output (Beeby et al., 2015); AI fluency may obscure students' use of those resources.
Task-based translation assessment should reveal learners' decisions, not only their final texts (Hurtado Albir, 2007).
MT literacy requires awareness of machine capabilities and limitations (Bowker & Buitrago Ciro, 2019). Curriculum proposals accordingly stress explicit technology training and human–tool collaboration (Mellinger, 2017; Massey & Ehrensberger-Dow, 2017).
Post-editing can save time (Yang et al., 2021), but learners may misjudge difficulty (Latorraca, 2023). Digital literacy is associated with perceived post-editing competence (Yuan & Li, 2025). These findings warrant evaluation of revision reasoning, not speed alone.
2.3 GenAI, post-editing, reflection, and assessment
GenAI adds explanations and rewrites to MT outputs, creating opportunities for comparison but also plausible inaccuracies. Cognitive engagement and verification therefore matter more than fluency alone (Mau et al., 2026).
Written reflection can reveal learners' stated reasoning (Chen & Wang, 2025), although retrospective accounts cannot establish what they actually did during translation.
The AI Assessment Scale distinguishes permitted levels of assistance (Perkins et al., 2024; Furze et al., 2024). Yet AI-use quantity is not equivalent to agency: similarly tool-intensive workflows can differ in verification and judgement. This study therefore analyses students' accounts of decision-making.
3. Method
3.1 Research design and context
The study adopted an exploratory qualitative case-study design focused on one bounded specialist translation class at a Vietnamese university. The purpose was not statistical generalisation but close examination of how final-year English-major students reasoned about AI-supported translation at a point when they had substantial prior exposure to translation coursework and were approaching professional transition. The class contained 17 students. Thirteen students voluntarily contributed reflection data to the research dataset; the remaining four enrolled students were not included in the study dataset.
The small sample reflects the class boundary. Open-ended reflections can illuminate students' explanations, tensions, and counterexamples, although frequency labels describe only this case and are not inferential statistics.
3.2 Participants, consent, and research ethics
Participants were final-year English-major students enrolled in a specialist translation course. Before the reflection data were used for research, students were informed of the study purpose, the type of data to be analysed, and the intended use of anonymised quotations in scholarly dissemination. Participation was voluntary. Students could decline participation or withdraw their data without having to provide a reason. The consent process separated research participation from ordinary course requirements as far as practicable and made clear that participation or non-participation would not be used as an academic performance indicator.
Faculty-level permission was obtained before the classroom reflection data were used for research. Under the institution's applicable procedures for this faculty-approved classroom study, separate committee review was not required, and no ethics committee approval number was issued. Names collected with the original responses were removed from the manuscript; participants are identified as P01–P13. Vietnamese quotations were translated into English with the aim of preserving meaning and emphasis rather than refining participants' views.
3.3 Data source and reflection prompts
The dataset comprised 13 sets of written reflections across five prompts (65 prompt-level responses), not interviews or stimulated recall. The prompts concerned learning benefits and dependence, post-editing and translation skills, deep learning and professional consequences, ethics and reliability, and future human–AI integration (Table 1). No interactive follow-up probing occurred.
Table 1
Reflection prompts and analytic focus.
	Prompt
	Analytic focus

	1
	Learning affordances versus dependence

	2
	Post-editing and development of translation skills

	3
	Deep learning, motivation, autonomy, and long-term consequences

	4
	Ethics, accuracy, reliability, verification, and professional responsibility

	5
	Human–AI integration and future professional identity


3.4 Data analysis
The reflections were analysed using reflexive thematic analysis, drawing on Braun and Clarke (2006, 2021). Analysis proceeded through repeated familiarisation with all 65 prompt-level responses, initial coding of meaning units, comparison of codes across participants and prompts, candidate theme development, theme review against the full dataset, and interpretive refinement. Coding combined inductive attention to participants' wording with sensitising concepts from AI literacy and agency: verification, evaluation, dependence, responsibility, cultural judgement, acceptance/rejection, and future-oriented professional choice.
Contradictory cases were retained. Although most students favoured traditional competence as the basis of AI use, one anticipated its replacement. This exception tests the dominant interpretation rather than disappearing in a consensus account. Themes were interpreted alongside literature on translator education and AI-aware assessment.
4. Findings
Five themes emerged: conditional AI acceptance (T1), post-editing's learning/offloading tension (T2), independent deep learning (T3), human accountability (T4), and a predominantly hybrid professional future (T5). Together, they distinguish AI as a resource for human judgement from AI as a substitute for it. Table 2 links these themes to a provisional agency continuum.
4.1 Theme 1: AI was acceptable when it remained subordinate to learner thinking
Most participants described AI as potentially useful but made that usefulness conditional on how it was used. They valued rapid checking, access to alternative expressions, grammar support, terminology suggestions, and comparison against a self-produced translation. What they resisted was allowing AI to replace first-pass comprehension and decision-making. P10 described a preferred sequence in which the learner translates first and then asks AI to check grammar or phrases: 'I can translate first, then ask AI to check the grammar or expressions so that I can see my mistakes and correct them.' This sequence preserves the learner's initial attempt as the reference point for AI-supported revision.
P04 expressed the conditional logic explicitly: 'Using AI-assisted translation can be both beneficial and risky, depending on how the learner uses it. If it is used for reference, comparison and learning additional ways of expression, it can help us learn faster and understand more deeply. But if we depend on it completely and let AI translate for us, it will reduce linguistic and translation thinking in the long run.' The value of AI was therefore not located in generation itself but in comparison and deliberate uptake.
The negative pole of this theme was illustrated by P01, who described copy-and-paste use as actively weakening learning: 'It weakens my ability to learn collocations and complex vocabulary since it does all the work. I just have to copy and paste, so it is quite useless.' This response is analytically important because it identifies delegation, not AI presence, as the mechanism of perceived learning loss. Across the case, students did not object to assistance per se; they objected to assistance that removed the need to make translation decisions.
4.2 Theme 2: Post-editing could become either critical learning or cognitive offloading
Students' accounts of post-editing revealed a central tension. Several recognised that starting from an AI draft can save time and provide useful language options. At the same time, they worried that the presence of a fluent draft anchors lexical and syntactic choices before the learner has generated alternatives independently. The same post-editing task could therefore function as high-level evaluation or as low-effort surface correction.
P06 articulated this duality in detail. She noted that AI drafts can reduce routine effort and allow attention to shift toward accuracy, cultural appropriateness, and tone, thereby developing error-detection skills. Yet she also warned that 'if I become accustomed to only editing rather than translating from the beginning, I may gradually lose the ability to make nuanced lexical choices, handle semantic ambiguity, or use cultural knowledge.' This is an agency problem because the learner's role changes from text producer and problem solver to reactive editor of a machine-provided solution.
P12, writing in English, made the distinction between proactive and passive post-editing especially clear: 'If you do post-editing proactively, it can actually improve your translation skills. When editing AI translations, you have to identify errors, evaluate the appropriateness of vocabulary, and adjust according to the context.' She then added that merely 'skimming over' the AI draft to fix small errors could weaken sentence construction, lexical choice, and creativity. P05 expressed the anchoring concern more starkly, saying that dependence on AI-selected words and structures could leave the learner unable to handle context or culture independently.
These accounts suggest that post-editing should not be treated as a single pedagogical behaviour. Its educational value depends on the depth of evaluation. A student who verifies the source meaning, identifies translation problems, compares alternatives, and justifies revisions is engaging in a different cognitive activity from a student who accepts most of the generated text because it sounds fluent.
4.3 Theme 3: Agency meant preserving the need to learn deeply and translate independently
The third theme concerned the long-term effect of convenience. Nearly all reflections associated unregulated AI dependence with some loss of deep learning, although students differed in how imminent or severe they believed the risk to be. The perceived consequences included weaker critical thinking, reduced creativity, lower motivation, shallower vocabulary retention, reduced confidence in translating independently, and future professional vulnerability.
P08 described the psychological effect of immediacy: 'Sometimes AI makes me feel that I do not need to try as hard to learn deeply as before because now I can get a translation in just a few seconds.' She immediately qualified this convenience by warning that heavy reliance could erode genuine knowledge and the ability to recognise when AI is wrong. P11 expressed the same concern in professional terms: 'In the long run, I will become dependent on AI and will not create value for myself.' The wording links agency with professional identity: the student fears losing not only a skill but a sense of what the human translator contributes.
Not every participant accepted the premise that AI makes deep learning unnecessary. P10 explicitly rejected it: she had 'never thought' that deeper learning was unnecessary because AI could not fully replace humans in translation and interpreting. This counter-position is significant because it shows that agency can also appear as resistance to the convenience narrative. The learner does not need to reject AI; instead, she maintains a belief that deeper knowledge increases the capacity to judge AI and prevents professional displacement.
Students' accounts associated professional competence with continued effort in source analysis, ambiguity resolution, and independent drafting.
4.4 Theme 4: Ethical use was defined through verification, cultural judgement, and human accountability
Participants did not restrict ethics to plagiarism or disclosure. Their reflections treated accuracy, cultural appropriateness, verification, and responsibility for consequences as ethical issues. This widened the meaning of responsible AI use from 'Is AI allowed?' to 'Who is accountable for what the translation says and how it represents the source?'.
P06 expressed this most directly: 'AI can produce translations quickly, but it may be inaccurate, distort context or culture, and if the translator does not check carefully, these errors can reduce the quality and fidelity of the text. Therefore, I believe the ethical responsibility belongs to the translator, not the tool.' This statement locates accountability with the human decision-maker even when the initial wording is generated by AI.
P09 similarly warned that AI may generate incorrect information or language that merely 'sounds as if it is correct'. She argued that students must verify, cross-check, and take responsibility for final content. P07 focused on culture, observing that AI may perform well on general language but can fail where cultural context is decisive. Several participants also criticised word-for-word or 'mechanical' output, suggesting that reliability is inseparable from contextual and intercultural judgement.
Automatic trust in fluent output could displace source checking, consultation, and comparison. In these accounts, verification was a responsibility of the translator.
4.5 Theme 5: Students preferred a human-led hybrid future, but one deviant case anticipated replacement
The dominant future-oriented pattern was neither rejection nor full automation. Most participants envisioned a hybrid workflow in which traditional translation competence provides the foundation and AI functions as an assistant, tutor, checker, or productivity tool. P06 described a 'two-layer' model in which AI handles rough suggestions while the human translator controls refinement, cultural sensitivity, contextual interpretation, and nuance. P12 similarly wrote that 'traditional translation is still the most important platform because it involves thinking, nuance and context—things that AI cannot fully do. AI should only play the role of a tutor.'
Students preferred human leadership for culturally dense or sensitive texts, while using AI for initial suggestions, terminology, and checking. Agency was tied to task-specific judgements about risk.
One response challenged this consensus. P01 predicted that AI might replace traditional translation methods entirely and expressed uncertainty about using AI merely as a supporting tool. Retaining this case prevents the analysis from overstating agreement and draws attention to a genuine tension in professional identity. For some learners, the pace of AI development can make human expertise feel precarious. Translator education must therefore address not only skills but also students' beliefs about the future value of human judgement.
4.6 An AI agency continuum for translation learning
The themes inform a four-level AI agency continuum (Table 2): delegated dependence, assisted correction, critical post-editing, and human-led orchestration. The continuum is a provisional pedagogical heuristic, not a validated scale or a classification of individual participants; the same learner may operate at different levels across tasks. Theme links in the table are interpretive, not one-to-one mappings.
Table 2
The Connection of four-level AI agency continuum and the reflection themes.
	Agency level
	Observable decision pattern
	Related reflection themes
	Illustrative assessment evidence

	1. Delegated dependence
	Accepts or copies AI text without meaningful verification.
	T1 / T2 / T3
	Output with little reasoning or revision.

	2. Assisted correction
	Consults AI for grammar or wording; may remain anchored to its draft.
	T1 / T2
	Basic correction notes with limited rationale.

	3. Critical post-editing
	Checks meaning, terminology and culture; revises or rejects weak proposals.
	T2 / T4
	Annotated revisions, source checks and explanations.

	4. Human-led orchestration
	Plans the task, consults AI selectively, triangulates evidence and owns decisions.
	T3 / T4 / T5
	Process log, verification, disclosure and reflection.


5. Discussion
5.1 AI literacy becomes meaningful when translated into decision rights
The case makes AI literacy concrete as learner decision-making: whether to consult AI, verify source meaning, judge terminology and cultural fit, or reject output. This extends literacy frameworks' emphasis on critical evaluation and ethics (Long & Magerko, 2020; Ng et al., 2021) to translation-specific choices.
AI-use frequency cannot distinguish critical engagement from delegated thinking. The continuum instead concerns the quality of human control, consistent with UNESCO's human-centred guidance (Miao & Holmes, 2023; Miao et al., 2024).
5.2 Post-editing should be taught as critical evaluation, not shortcut correction
Students' ambivalence about post-editing closely parallels earlier MT research. Yang et al. (2021) showed that MT post-editing can improve efficiency and reduce some errors, while Latorraca (2023) found that insufficiently trained trainees can misjudge post-editing difficulty and performance. The present participants anticipated both outcomes. They valued post-editing when it required diagnosis and contextual adjustment, but feared that AI drafts would anchor lexical and syntactic choices and reduce translation from scratch.
The distinction is especially important in light of recent GenAI-assisted translator research. Mau et al. (2026) found that students who interacted efficiently with GenAI could nonetheless risk over-trust, while more cognitively strained learners sometimes engaged more deeply with evaluation. This suggests that lowering cognitive load is not always the primary educational goal. Some cognitive struggle is productive when it involves identifying problems, comparing alternatives, and explaining why an AI solution fails. Translator education should therefore design post-editing tasks that make evaluative work unavoidable and visible.
Students could therefore annotate consequential accept/revise/reject decisions, state the source-text issue, and support their choices with linguistic or contextual evidence. This makes post-editing visible as reasoning rather than surface correction.
5.3 Agency and professional identity are intertwined
Participants' fears of dependence and becoming 'machine error correctors' implicated professional identity. They considered cultural judgement, nuanced interpretation, and responsibility part of a translator's distinctive contribution (Hurtado Albir, 2007, 2017; PACTE Group, 2017).
The deviant prediction of replacement matters: believing deep competence will become redundant may weaken motivation to develop it. Tasks with plausible but culturally or contextually inadequate AI output can make the continuing value of human expertise assessable.
5.4 Ethics should include epistemic and intercultural accountability
Participants' ethics discourse extended beyond academic misconduct. Their strongest ethical concerns involved whether the translator verifies claims, notices contextual errors, protects cultural meaning, and takes responsibility for consequences. This is a useful expansion of AI ethics in language education. Kohnke et al. (2023) emphasise ethical and effective language-learning use, while UNESCO stresses critical treatment of potentially unreliable GenAI output (Miao & Holmes, 2023). In translation, these principles become concrete because a misleading translation may materially misrepresent a source even when no plagiarism occurs.
AI-use disclosure should therefore identify the purpose of assistance, sources verified, consequential revisions, and responsibility for the final translation. Disclosure alone is insufficient evidence of ethical judgement.
5.5 Assessment should evaluate process evidence as well as product quality
The findings have direct implications for assessment. Traditional translation assessment often concentrates on the quality of the final target text, yet GenAI can now generate text that is fluent enough to mask weak source analysis and limited learner contribution. An AI-aware assessment design should therefore evaluate both product and process. Perkins et al. (2024) and Furze et al. (2024) provide a useful policy vocabulary for levels of AI involvement, but translation assessment additionally needs evidence of the learner's evaluative agency.
The five-component submission model comprises a final translation, AI-use disclosure, decision log, verification trail, and learning reflection (Table 3). The verification trail is separate from the decision log: it documents the external sources used to check disputed terms or claims. Weighting may vary by course level.
Decision logs and reflection also support feedback literacy: judging suggestions and acting on them rather than complying automatically (Carless & Boud, 2018). Reflective activity can make revision reasoning explicit (Chen & Wang, 2025).
5.6 A practical human-in-the-loop assessment model
Table 3
Five-component human-in-the-loop assessment model.
	Component
	What students submit
	Primary construct
	Illustrative criterion

	Translation product
	Final target text
	Translation quality
	Accuracy, appropriateness, fluency, terminology, culture

	AI-use disclosure
	Tool(s), purpose, stages of use
	Transparency / integrity
	Use is declared accurately and consistent with task rules

	Decision log
	Selected source segment, AI output, action: accept/revise/reject, evidence
	AI agency / critical evaluation
	Decisions are justified by source meaning, context, evidence, and audience

	Verification trail
	Sources consulted for uncertain terms or claims
	Epistemic responsibility
	Reliable sources are used and conflicts are resolved explicitly

	Reflection
	Short account of learning, limitations, dependence risk, future strategy
	Metacognition / professional judgement
	Learner identifies what AI helped, what it obscured, and how human judgement changed the output


6. Limitations and Future Research
The study has several limitations that should delimit the claims. First, it is a single bounded case with 13 participants from one specialist class. The analysis is therefore intended for analytic transfer rather than statistical generalisation. Second, the dataset consists of self-reported written reflections. It captures what students say they believe about AI use but does not directly observe their real-time translation behaviour, prompt engineering, verification practices, or revision histories. Third, because the reflections were elicited through five questions that foregrounded possible risks such as dependence and deep learning, the prompts may have sensitised participants toward critical responses. Fourth, the study did not independently score translation quality or compare AI-supported and manual translation products.
Future research should triangulate reflection data with screen recordings, prompt logs, keystroke data, successive drafts, source-search histories, and stimulated-recall interviews. The proposed AI agency continuum can also be tested across different translation directions, domains, and proficiency levels. A particularly useful design would compare students who translate first and consult AI later with students who begin from an AI draft, examining not only final quality but also retention, error detection, cultural judgement, cognitive effort, and transfer to an unaided translation task. Longitudinal research could determine whether critical post-editing strengthens or displaces underlying translation competence over time.
7. Conclusion
This study examined how final-year translation students understood the relationship between AI use, learning depth, agency, ethics, and future professional practice. Their reflections did not support a simple pro-AI or anti-AI position. Instead, students repeatedly distinguished between AI that assists human reasoning and AI that replaces it. They valued speed, checking, terminology support, and alternative wording, but associated passive dependence with weaker vocabulary retention, reduced critical thinking, lower motivation, shallow post-editing, and diminished professional autonomy.
Their reflections position agency in choosing when to use AI, assessing its output, verifying claims, revising or rejecting suggestions, and owning the result. The four-level continuum illustrates these possible forms of involvement without claiming measured behavioural progression.
A five-component human-in-the-loop assessment model makes that responsibility discussable through translation quality, transparent AI use, decision justifications, external verification, and reflection. These proposals require classroom testing beyond the current self-reported dataset.
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Appendix A. Reflection Questions
1. When using AI-assisted translation tools (e.g., machine translation or AI suggestions), do you think they support or weaken deep learning of language and translation? Explain.
2. How do AI-generated draft translations followed by post-editing affect your development of lexical choice, grammar, contextual interpretation, and cultural judgement?
3. Does increasingly capable AI make deep learning feel less necessary? What long-term consequences might this have for critical thinking, creativity, problem solving, or professional translation competence?
4. What are your views on the ethics, accuracy, and reliability of AI-assisted translation? How might long-term dependence affect professional knowledge and judgement?
5. How should traditional translation skills and AI be integrated in your future learning or professional practice? Which should be prioritised, and why?
Appendix B. Illustrative Translated Quotations
P04: “If AI is used for reference, comparison, and learning additional ways of expression, it can help us learn faster and understand more deeply. But if we depend on it completely and let AI translate for us, it will reduce linguistic and translation thinking in the long run.”
P06: “If I become accustomed to only editing rather than translating from the beginning, I may gradually lose the ability to make nuanced lexical choices, handle semantic ambiguity, or use cultural knowledge.”
P08: “Sometimes AI makes me feel that I do not need to try as hard to learn deeply as before because now I can get a translation in just a few seconds.”
P09: “AI sometimes creates incorrect information or translates in a way that sounds as if it is correct, so if we do not verify it, the translation may cause misunderstanding.”
P06: “I believe the ethical responsibility belongs to the translator, not the tool.”
P12: “Traditional translation is still the most important platform because it involves thinking, nuance and context—things that AI cannot fully do. AI should only play the role of a tutor.”
P11: “If I cannot do anything beyond depending on AI, then in five to ten years I may be replaced by AI.”
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