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Abstract
This study compares two Vietnamese renderings of 76 idioms from Harry Potter and the Sorcerer’s Stone: Lý Lan’s published translation and ChatGPT output from one standardised prompt marking each idiom in a three-sentence passage. The comparison concerns products, not human and AI competence. Renderings were double-coded with Baker’s strategies, and four authors rated contextual meaning, function and tone, and naturalness against a fixed rubric. ChatGPT preserved contextual meaning in 70 items against 46 for the published translation, whose losses concentrate in misread British colloquialisms and polysemous words. Naturalness (published 64, ChatGPT 65 items) and register shifts (18 and 20) were nearly equal. The published translation used a Vietnamese idiom in 44 of 72 comparable items, ChatGPT in 38, a contrast that is tentative because agreement on strategy codes was low (κ = 0.20). Fluency is no evidence of accuracy: revision of the human translation should begin with meaning, and post-editing of the machine output with register.
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Dịch thành ngữ trong Harry Potter and the Sorcerer’s Stone: Bản dịch tiếng Việt đã xuất bản và bản dịch của ChatGPT
Tóm tắt
Nghiên cứu so sánh hai bản dịch tiếng Việt của 76 thành ngữ trong Harry Potter and the Sorcerer’s Stone: bản in của Lý Lan và bản ChatGPT dịch theo một câu lệnh chuẩn hóa. Do điều kiện tạo lập khác nhau, nghiên cứu so sánh sản phẩm dịch, không so sánh năng lực người và máy. Hai bản được gán mã theo chiến lược của Baker, rồi bốn tác giả đánh giá nghĩa ngữ cảnh, chức năng – giọng điệu và độ tự nhiên. ChatGPT giữ nghĩa ngữ cảnh ở 70 mục, bản in 46 mục, mất nghĩa chủ yếu ở khẩu ngữ Anh-Anh và từ đa nghĩa. Độ tự nhiên (bản in 64, ChatGPT 65 mục) cùng mức lệch giọng (18 và 20) gần tương đương. Trôi chảy không bảo đảm chính xác: hiệu đính bản người nên bắt đầu từ nghĩa, bản máy từ giọng điệu.
Từ khóa: dịch thành ngữ, chiến lược dịch, bản dịch tiếng Việt, ChatGPT, dịch văn học
Translating Idioms in Harry Potter and the Sorcerer’s Stone: Published Vietnamese Translation Versus ChatGPT
1. Introduction
Students and translators now routinely use large language models for a first pass at literary material (Zhang et al., 2025). Their output is fluent, and fluency hides failure: a smooth rendering may turn a dismissal into an assertion, and a published human translation errs just as smoothly. Locating where each fails is a precondition for using AI to support translators.
Idioms test this sharply: their meaning depends on context (Moon, 1998), and in literary prose they also mark register, place characters socially and carry humour. Rowling’s (1998) Harry Potter and the Sorcerer’s Stone concentrates these demands: Hagrid speaks in regional colloquialism, the Dursleys in middle-class cliché, and the translation must keep these voices distinct for young readers.
This study compares 76 idiom occurrences from the novel in Lý Lan’s published translation (Rowling, 2011) and in ChatGPT output (OpenAI, 2026) under a fixed prompt. The translator worked with the whole novel, ChatGPT with one marked idiom in a three-sentence passage (Section 3.6), so the study compares products shaped by different conditions, not human and AI competence. Idioms are identified following Moon (1998), coded with Baker’s (2018) taxonomy and assessed following Nida and Taber (1969); the item-level comparison shows where revision of the published translation and post-editing of the ChatGPT output should look first (Ki & Carpuat, 2024).
RQ1. Which of Baker’s (2018) strategies are used for the 76 idiom occurrences in the published translation and in the ChatGPT output?
RQ2. How do the two versions compare in conveying each idiom’s contextual meaning, function and tone, and naturalness?
RQ3. What recurring strengths and losses appear, and what do they suggest about AI support for translators?
2. Theoretical Framework
2.1 Idioms as Fixed Expressions (Moon, 1998)
Moon (1998) uses fixed expressions and idioms (FEIs) as a cover term for institutionalised multiword units that are, to varying degrees, fixed and non-compositional: anomalous collocations, formulae with a conventional pragmatic function, and metaphors from transparent to opaque. As an FEI’s meaning, force and stylistic value depend on speaker and situation, each occurrence is read in context. This study uses idiom in this sense (Section 3.3).
2.2 Baker’s Strategy Taxonomy (2018)
This study adopts Baker’s (2018) seven idiom strategies and adds OTHER for word-for-word renderings (Table 1).
Table 1
Strategy Codebook Adapted From Baker (2018)
	Code
	Strategy
	Operational definition

	SMSF
	Similar meaning and form
	A Vietnamese idiom or fixed expression with equivalent meaning and the same image or action schema.

	SIMD
	Similar meaning, different form
	A Vietnamese idiom or fixed expression with equivalent meaning but a different image.

	PAR
	Paraphrase
	The idiomatic sense in plain, non-idiomatic Vietnamese.

	BOR
	Borrowing
	The English idiom retained in English.

	OMP
	Omission of play
	The sense rendered, the wordplay or stylistic variation dropped.

	OMI
	Omission of entire idiom
	Idiom and meaning absent from the target text.

	COMP
	Compensation
	The lost idiomatic effect recreated elsewhere in the passage.

	OTHER
	Literal rendering
	A word-for-word transfer of the source image, leaving the figurative sense to inference or losing it (added to Baker’s seven).



2.3 Translation Adequacy and Dynamic Equivalence (Nida & Taber, 1969)
Nida and Taber’s (1969) dynamic equivalence holds that a successful translation produces on its readers an effect equivalent to that of the original. This study operationalises that effect as contextual meaning, function and character tone, and naturalness, each rated on three levels (Table 2).
3. Methodology
3.1 Research Design
This is a qualitative comparison supported by descriptive counts. The unit of analysis is one idiom occurrence aligned across the source, Lý Lan’s translation and a ChatGPT rendering. Strategy coding records what each rendering does and adequacy assessment how it functions; the two are coded separately, and counts describe this dataset only.
3.2 Corpus and Editions
The corpus comprises the Scholastic edition (Rowling, 1998) and the tenth printing of Lý Lan’s Harry Potter và Hòn đá Phù thủy (Rowling, 2011), cited by chapter. Restricting the corpus to one novel and one translator keeps the source text and the translator’s habits the same across all 76 items. The Vietnamese title follows the US title (Sorcerer’s Stone, Hòn đá Phù thủy) rather than the UK Philosopher’s Stone. The 76 items were checked against the Scholastic wording, and the Vietnamese translation follows that text, so the edition analysed here is the one the translator worked from.
3.3 Identification of Idioms
Following Moon (1998) and a definition fixed before screening, an expression was included when it (1) is attested as a fixed expression in the Cambridge Dictionary (Cambridge University Press & Assessment, n.d.) or recognisably varies an attested frame; (2) is fixed enough to be recognised as a unit; and (3) is non-compositional in context, its meaning not derivable from its parts or its conventional function differing from what its words state. In a subset of occurrences the literal and figurative readings are both active, as when the rain in the sentence makes dampen literal as well as figurative (Item 56), so a translator has to choose which layer to keep. Excluded were transparent free combinations (face-to-face), discourse markers (mind you) and invented magical terms; phrasal verbs were included only when non-compositional (fall back on), and borderline candidates were re-checked in the dictionary and in context.
Four borderline items illustrate the criteria. You flatter me (Item 3) is a formula performing modest deflection, an act its words do not state. Turned on his heel (Item 4) is a listed metaphor for an abrupt, displeased departure. Dampen his spirits (Item 56) is a figurative collocation whose literal layer the rain in the sentence reactivates. Bet my broomstick (Item 46) varies the attested frame bet your bottom dollar, a creative exploitation Moon (1998) treats as a variant of the FEI.
3.4 Sampling
All seventeen chapters were screened before either Vietnamese version was read; the 76 occurrences remaining after borderline review form the sample (Appendix A). Items keep their screening numbers (1–80); numbers 20, 21, 23 and 36 were excluded. Recurrences were analysed as separate translation decisions.
3.5 Alignment
For each item, the matching Vietnamese passage was found first, and only then the wording within it that carries the idiom’s meaning, so that renderings which restructure the sentence were not mistaken for omissions. Wording was quoted verbatim; meaning relocated to a neighbouring clause was coded COMP; where no wording corresponds (Items 14, 45, 51), the item was coded OMI.
3.6 Machine Translation Procedure
ChatGPT renderings were produced on the free tier with its unnamed default model on 8 and 9 October 2026, each item in a fresh session with the same prompt:
Translate the bolded idiom into natural Vietnamese. Use the surrounding sentence(s) to infer its intended meaning and tone. Provide one translation only. Do not explain the idiom.
Context: [the original sentence or short passage]
Idiom: [the target idiom, in bold]
The Context field held the idiom’s sentence with the sentences before and after it, cut by the same rule for all items, never with a reference translation. The first output was recorded verbatim without regeneration. Items first run without this context, whose output did not answer the prompt, or whose output was recorded against another item (Item 35) were rerun and the rerun’s first output recorded. This applied to 15 of the 76 items (Items 2, 4, 6, 8, 10, 12, 14, 29, 33, 35, 38, 42, 46, 66 and 68). Appendix B also lists a second run for 21 further items, eight of which gave identical output; for these 21 items the first output is analysed.
These conditions differ from the translator’s: the prompt marks the idiom, sparing recognition; the passage removes the wider context sustaining coherence and voice; and the single-rendering format excludes omission and compensation. The procedure reproduces ordinary free-tier use.
3.7 Coding and Analysis
Each item passed through four steps in a fixed order.
1. Contextual interpretation. The idiom’s meaning, speaker, tone and function were established from the passage and dictionary before either translation was read, as the standard for both renderings.
2. Strategy coding. Both renderings were coded against Table 1 by a two-step rule. A rendering was first checked against Vtudien (n.d.) for whether it is an established Vietnamese thành ngữ or fixed expression. If so, it was coded SMSF when keeping the source’s image or action schema (Item 46) and SIMD when substituting another (vòng vo tam quốc for beating around the bush, Item 62); if not, it was coded PAR, or OTHER when transferring the source image word for word (Item 16).
3. Adequacy assessment. All four authors rated each rendering on the three dimensions against Table 2.
4. Frequency counts. Codes and ratings were tabulated by version.
Table 2
Adequacy Rating Descriptors
	Dimension
	Rating
	Descriptor
	Example

	Contextual meaning
	Preserved
	Conveys the meaning from step 1, including its evaluative direction.
	Tớ chịu (Item 43, ChatGPT)

	
	Partly preserved
	Core sense kept but a component lost, such as intensity, manner or one superimposed layer.
	xoay người bước xuống, without abruptness (Item 4, published)

	
	Lost or changed
	A different proposition or speech act, or no corresponding wording.
	Chắc là ổng đi tìm tụi mình, a guess (Item 43, published)

	Function and tone
	Preserved
	Speech act, register and voice match the source.
	Chẳng ra thể thống gì cả (Item 1, published)

	
	Shifted
	Function kept, register moved, typically toward neutral.
	Không biết for Beats me (Item 63, ChatGPT)

	
	Lost
	Source function not performed, as when a rebuttal becomes an assertion.
	Ta cho là hắn đã bị tẩu hỏa nhập ma (Item 18, published)

	Naturalness
	Natural
	Reads as idiomatic Vietnamese for speaker and genre.
	vòng vo tam quốc (Item 62, published)

	
	Understandable but marked
	Grammatical but reads as explanation or translated prose.
	vòng vo, không đi thẳng vào vấn đề (Item 62, ChatGPT)

	
	Awkward
	Ungrammatical or unidiomatic enough to impede reading.
	ban nhạc cao su khổng lồ đang chơi (Item 9, published)



The four authors divided steps 1 and 2 equally. In step 3, each rated both renderings of every item independently, on a form showing only the passage and the two renderings, without access to the others’ ratings. The renderings were labelled by source and always presented in the same order, published translation first, so raters were not blind to version. A cell takes the level chosen by at least three raters, or by two where the other two differ; a two-to-two split takes the level supported by the item coder’s written comparison recorded during coding (Appendix A), or else the coder’s rating. Agreement was estimated with Fleiss’ κ (Fleiss, 1971), which skewed distributions depress, and with the proportion of cells on which at least three raters agreed. Fleiss’ κ was 0.42 for meaning, 0.24 for function and tone and 0.23 for naturalness, moderate and fair agreement respectively (Landis & Koch, 1977); at least three raters agreed on 85.5% of the 456 cells, 14 cells were decided by two raters, 40 two-to-two splits by the coder’s comparison and 12 by the coder’s rating. Each author’s share of strategy codes was recoded by another author without access to the first coding. Agreement was 38.8% (Cohen’s κ = 0.20; Cohen, 1960); 78 of 93 disagreements concern step 2, chiefly whether the wording is an established expression (61), and 15 omission and compensation. All 93 disagreements were resolved in favour of the first coding. The first coder had established the item’s contextual meaning in step 1 and recorded a rationale for every code (Appendix A), whereas the second coding was a check made from the passage and renderings alone. A third coder was not used because all four authors had already rated every item in step 3, so none was independent of the material. The second coding is therefore reported as a sensitivity check (Section 4.1), not merged into the codes. Table 3 reports the first codes.
Ten cases were selected for close analysis by criteria fixed in advance, any one sufficing: (a) different codes; (b) meaning partly preserved or lost in either version; (c) a shared code but different ratings for function and tone or naturalness; (d) a ChatGPT rendering changed between first run and rerun. As far more items qualify than can be analysed closely, the ten were chosen to cover each type of contrast once rather than to mirror their frequency: idiom against paraphrase in each direction (Cases 1, 3, 7), omission (Case 4), literal transfer (Case 5), a physical gesture (Case 6), omission of play (Case 10), a shared code concealing a difference in meaning (Case 8), a shared code with different tone ratings (Case 2) and a rerun (Case 9).
4. Results
4.1 Strategy Distribution
OMI and COMP operate on the passage and were unavailable to ChatGPT (Section 3.6), so strategy use is compared on the 72 items where the published translation used a strategy available to both.
Table 3
Strategy Distribution by Version (N = 76)
	Code
	Strategy
	Published n (%)
	ChatGPT n (%)

	Strategies available to both versions

	SMSF
	Similar meaning and form
	21 (27.6)
	17 (22.4)

	SIMD
	Similar meaning, different form
	23 (30.3)
	22 (28.9)

	PAR
	Paraphrase
	26 (34.2)
	37 (48.7)

	OMP
	Omission of play
	1 (1.3)
	0 (0.0)

	OTHER
	Literal rendering
	1 (1.3)
	0 (0.0)

	BOR
	Borrowing
	0 (0.0)
	0 (0.0)

	Passage-level strategies, unavailable to ChatGPT

	OMI
	Omission of entire idiom
	3 (3.9)
	–

	COMP
	Compensation
	1 (1.3)
	–

	Total
	
	76 (100.0)
	76 (100.0)



Note. Percentages are of 76 items and may not sum to 100 because of rounding. A dash marks a strategy excluded by the procedure.
On the 72 comparable items, the published translation used a Vietnamese idiom (SMSF or SIMD) in 44 and ChatGPT in 38; ChatGPT paraphrased 34, the published translation 26. Both used an idiom in 28 items and both paraphrased in 16. In 16 items the published translation used an idiom where ChatGPT paraphrased; in 10 the reverse held, and in eight of these (Items 6, 9, 25, 39, 43, 55, 60, 71) the published paraphrase misreads the source. ChatGPT paraphrased the remaining two, a literal transfer (Item 16) and an omission of play (Item 56). Where the published translation omits (Items 14, 45, 51) or compensates (Item 77, numbered as in the screening list, Section 3.4), ChatGPT paraphrased and used an idiom respectively, reflecting the procedures rather than preference. Under the independent second coding (Section 3.7) the corresponding idiom counts are 31 and 22: the published translation still uses idioms more often, but the size of the gap depends on where the boundary of an established expression is drawn.
4.2 Adequacy Across the Three Dimensions
Table 4 reports the ratings.
Table 4
Adequacy Ratings by Dimension and Version (N = 76)
	Dimension
	Rating
	Published n
	%
	ChatGPT n
	%

	Contextual meaning
	Preserved
	46
	60.5
	70
	92.1

	
	Partly preserved
	14
	18.4
	6
	7.9

	
	Lost or changed
	16
	21.1
	0
	0.0

	Function and tone
	Preserved
	51
	67.1
	56
	73.7

	
	Shifted
	18
	23.7
	20
	26.3

	
	Lost
	7
	9.2
	0
	0.0

	Naturalness
	Natural
	64
	84.2
	65
	85.5

	
	Understandable but marked
	10
	13.2
	11
	14.5

	
	Awkward
	2
	2.6
	0
	0.0



Contextual meaning. The largest difference concerns meaning: ChatGPT preserved it in 70 items and the published translation in 46, which lost or changed it in 16, ChatGPT in none. The published losses cluster in misread British colloquialisms and polysemous words: Search me (Item 43) becomes a guess, Codswallop (Items 18, 69) a claim about Voldemort’s fate, a piece o’ cake (Item 71) a remark on the dog’s temper, a funny man (Item 80) a compliment, and too good to last (Item 8) a fond memory. As the marked prompt spares ChatGPT the recognition step, the difference describes the products, not translator and model.
Function and tone. ChatGPT preserved function and tone in 56 items and the published translation in 51. ChatGPT shifted register in 20 items, typically toward neutral, so that Hagrid, Malfoy and Harry’s inner voice sound alike (Items 63, 41, 27); the published translation shifted it in 18, and its seven losses of function all coincide with losses of meaning.
Naturalness. The published translation had 64 natural renderings and ChatGPT 65. ChatGPT’s 11 marked renderings read as explanation (vòng vo, không đi thẳng vào vấn đề, Item 62); the published translation’s 10 include literal transfers (Item 16), and its two awkward renderings are misreadings (Items 9, 55).
On tone and naturalness the versions thus performed alike; the difference lies in meaning.
4.3 Close Analysis of Ten Cases
Cases 1, 3–7 and 10 meet criterion (a); Case 8 meets (b), both versions being PAR but the published one changing the meaning; Case 2 meets (c); Case 9 meets (d).
Case 1: Item 1, “The nerve of him!” (Chapter 1)
Published: Chẳng ra thể thống gì cả (SIMD). ChatGPT: Thật trơ trẽn! (PAR)
Both convey Mr. Dursley’s outrage; Lý Lan’s idiom about decorum fits his status-conscious indignation, which ChatGPT’s plain wording loses.
Case 2: Item 3, “You flatter me” (Chapter 1)
Published: Bà tâng bốc tôi quá (SIMD). ChatGPT: Ông quá lời rồi. (SIMD)
ChatGPT supplies the conventional deflection of praise in Dumbledore’s gracious register but gives McGonagall a male pronoun; Lý Lan’s tâng bốc implies currying favour, making the line less gracious.
Case 3: Item 4, “turned on his heel” (Chapter 1)
Published: Cụ Dumbledore xoay người bước xuống (PAR). ChatGPT: Quay phắt người đi. (SMSF)
The published rendering describes a neutral turn; ChatGPT keeps the abrupt exit through phắt.
Case 4: Item 14, “yeh great prune” (Chapter 4)
Published: im dùm nghe, ông Dursley (OMI). ChatGPT: đồ già ngớ ngẩn (PAR)
The published translation drops Hagrid’s epithet and softens his command; ChatGPT keeps the insult without the image or dialect. Neither reproduces his idiolect.
Case 5: Item 16, “go boil yer heads” (Chapter 4)
Published: cả hai ông bà trụng đầu mình vô nước sôi đi (OTHER). ChatGPT: Cả hai đứa biến đi cho ta nhờ. (PAR)
Lý Lan transfers this dismissal word for word, keeping Hagrid’s oddity but leaving its force to inference; ChatGPT renders the force as natural scolding without the image: strangeness at a cost to clarity, or the reverse.
Case 6: Item 29, “crossed his fingers” (Chapter 7)
Published: Harry đặt hai ngón tay chéo nhau phía dưới bàn để cầu nguyện (SMSF). ChatGPT: cầu mong may mắn (PAR)
Harry physically crosses his fingers at the Sorting. Lý Lan keeps the gesture and glosses its purpose; ChatGPT keeps only the intention.
Case 7: Item 43, “Search me” (Chapter 10)
Published: Chắc là ổng đi tìm tụi mình (PAR). ChatGPT: Tớ chịu. (SIMD)
The published translation reads search literally, fluently turning an admission of ignorance into a guess; ChatGPT supplies the exact equivalent in the right register.
Case 8: Items 18 and 69, “Codswallop” (Chapters 4 and 15)
Published: Ta cho là hắn đã bị tẩu hỏa nhập ma; Theo ý ta thì hắn chỉ bị tẩu hỏa nhập ma thôi (PAR). ChatGPT: Nhảm nhí. at both occurrences (PAR)
Both published renderings turn Hagrid’s dismissal of Voldemort’s death into an assertion about his fate, a fixed misreading; ChatGPT renders the dismissal both times. The shared code conceals a divergence in meaning.
Case 9: Item 46, “bet my broomstick” (Chapter 11)
Published: Tôi dám lấy cây chổi của tôi ra cá với mấy bồ (SMSF). ChatGPT: dám cá cây chổi của mình (SMSF)
Both keep the wizarding stake within the formula dám cá, the published one more colloquially. ChatGPT’s first run translated the whole sentence and dropped the broomstick, restored only in the rerun.
Case 10: Item 56, “dampen his spirits” (Chapter 13)
Published: nhưng anh chàng không hề nao núng (OMP). ChatGPT: Làm anh ấy mất tinh thần. (PAR)
Both keep only the figurative sense of dampen, which the rain also activates literally. The published rendering integrates the negation; ChatGPT renders the positive form, a consequence of isolated rendering.
5. Discussion
5.1 Accuracy Versus Voice
Within this dataset the versions fail in complementary places. ChatGPT departs less often from meaning; the published translation more often reaches for a native idiom from a repertoire the model rarely uses, such as bói ra ma quét nhà ra rác for sounds like fortune-telling (Item 70). The same commitment to a vivid equivalent produces the published losses: a wrong reading yields an equally fluent error, as in eight of the ten items where ChatGPT uses an idiom and the published translation paraphrases. ChatGPT commits less, keeping the sense, often in a neutral register any character could speak. As the marked prompt removes the recognition step, these patterns locate where each product needs checking rather than rank translator and model.
5.2 The Role of Context
The procedure cuts both ways: it excludes passage-level omission and compensation (Items 14, 45, 51, 77) and exposes the model to errors depending on the scene (Items 3, 56). Context produced cuốn gói (Item 38) but turned Hermione’s haughtiness into the dignity of ngẩng cao đầu (Item 42).
5.3 Idiom Types Presenting Systematic Challenges
Literal–figurative overlap. The published translation more often keeps the image of physical-action idioms (Items 29, 42), where ChatGPT keeps only intention or posture; turned on his heel (Item 4) is the exception.
Creative and colloquial idioms. Both versions keep Rowling’s wizarding variations (Items 44, 46). Colloquialisms divide them most: the published translation misreads several (Items 18, 39, 43, 55, 69, 71) yet renders correctly read ones most characterfully (Items 41, 50, 63), while ChatGPT reads them correctly but neutralises them (Items 41, 51, 63).
5.4 Risks of Using AI Output as a Reference
AI output could flag passages of a published translation for review, but three risks limit that use. First, agreement between versions is not independent evidence: the novel is among the books most memorised by GPT-4 and ChatGPT (Chang et al., 2023), and a widely circulated translation may be too, so a matching rendering (Items 19, 38, 75) may reproduce rather than confirm the published one. Second, divergence marks a candidate, not an error: the model output is one unverified rendering, and some divergences are deliberate; giương Đông kích Tây for like an overgrown bat (Item 76) is rated a loss of meaning because the rubric judges each rendering against the idiom’s contextual meaning from step 1, here the comparison of Snape to a bat, which the substituted idiom drops. It is still a defensible decision about the whole sentence, since it states the decoy scheme that the simile implies. Correcting toward the AI would normalise such choices toward literal sense and neutral register. Third, corrections must be adjudicated against the source and dictionary, as in step 1, not against the model.
5.5 Evaluative Conclusion
Neither version dominates. Translating idioms in fantasy demands accurate reading of the source and creative re-expression in the target; in this configuration ChatGPT supplies the first more consistently and the published translation the second, and neither supplies both.
6. Conclusion
6.1 Answers to the Research Questions
For RQ1, both versions rely mainly on paraphrase and Vietnamese idioms: the published translation uses an idiom in 44 of 72 comparable items and ChatGPT in 38, although these counts are tentative given low strategy-coding agreement (κ = 0.20; 31 and 22 under the second coding, which moves both versions towards literal rendering (OTHER: 17 published and 13 ChatGPT items, against 1 and 0 in the first coding) and lowers paraphrase to 19 and 30), ChatGPT paraphrases more (34 against 26), and omission and compensation occur only where conditions allowed. For RQ2, ChatGPT preserves contextual meaning in 70 items against 46, while the versions perform alike on naturalness (64 and 65) and register shifts (18 and 20), the published translation’s seven losses of function accompanying losses of meaning. For RQ3, the published translation offers native equivalents but misreads fluently; ChatGPT preserves sense more often but shifts register in a quarter of items, loses imagery and errs through isolated rendering.
6.2 Practical Implications
Revising the published translation and post-editing the ChatGPT output call for different checks. A divergence in meaning between AI and human renderings marks an item to verify against the source (Items 18, 43, 71) through the translator’s judgement (Section 5.4). The translator supplies what the model more often lacks, an idiom matching the source’s effect, while register needs checking in both. For learners, the published errors show that fluency is no evidence of accuracy, and the ChatGPT errors that accurate sense does not secure literary voice.
6.3 Limitations
Scope. The findings describe one novel, translation, model configuration and prompt, not translation in general.
Conditions of production. The ChatGPT data describe ordinary free-tier use (Section 3.6), not the ceiling of machine translation, and, as the prompt marks the idiom, recognition failures cannot be observed.
Training-data exposure. Reproduction of the published wording from training data cannot be ruled out (Section 5.4).
Strategy coding. Agreement between the independent codings was low (κ = 0.20) and concentrated at the boundary between established expressions and free wording; the reported codes are the first coding, whose recorded rationale makes each decision checkable, but this boundary rests on one coder’s judgement per item.
Evaluative judgement. Ratings rest on judgement, with lower agreement for tone and naturalness than for meaning; the rubric, four independent ratings and the coders’ written comparisons constrain but do not eliminate this subjectivity.
Rater awareness. Renderings were labelled by source and shown in a fixed order, and each item’s coder was one of its four raters, so raters could tell the versions apart. Expectations about human or machine translation may therefore have influenced the ratings, including the meaning result (16 losses against none), although most published losses are misreadings that can be checked against the source (Section 4.2).
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Appendix A
The 76-Item Dataset
The dataset spreadsheet (sheet “Appendix A - 76-item dataset”; https://docs.google.com/spreadsheets/d/1fmCPlJ0aDk-a3k_SGaoU_tO1mVsVH9wYWgByymCvClE/edit?usp=sharing) gives, per occurrence, the coder; the idiom with passage and chapter; both renderings with strategy codes and rationales; and the coder’s comparison on the three dimensions. A stable copy of the dataset spreadsheet is deposited at Zenodo: https://doi.org/10.5281/zenodo.23995480. 


Appendix B
ChatGPT Log
The sheet “Appendix B - ChatGPT log” in the dataset spreadsheet (Appendix A) records each item’s prompt, verbatim output, any earlier run with the reason for repeating it, and run times.

Appendix C
Rating and Double-Coding Records
The sheets “Appendix C1” to “Appendix C4” of the dataset spreadsheet (Appendix A) give all individual ratings, each cell’s final rating and deciding rule, both strategy codings and each resolution.
