
A Contrastive Pragmatic Study of Politeness Strategies Used by Judges in American Idol 2023 and Vietnam Idol 2023, with a Focus on AI-assisted Analysis

Abstract: This exploratory study compares the politeness strategies of judges in the audition rounds of American Idol (2023) and Vietnam Idol (2023). Nine purposively selected contestant segments per show were transcribed by the researcher, and all 939 turns were coded with Brown and Levinson's (1987) framework, first by an AI model (Claude) and then, for a random subsample of 120 judge turns, by the researcher. Agreement was only fair (Cohen's κ = .28). In the AI-coded corpus, positive politeness predominated on both shows but was more prominent among American judges, whereas Vietnamese judges used more negative politeness and withheld verdicts more often. The positive-negative contrast recurred in the researcher’s subsample, but other proportions depended heavily on the coder, so the findings are only suggestive. AI-assisted coding can speed up cross-cultural pragmatic annotation but cannot replace human validation.
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Tóm tắt: Nghiên cứu thăm dò so sánh chiến lược lịch sự của giám khảo trong vòng thử giọng American Idol (2023) và Vietnam Idol (2023). Từ chín phần thi của thí sinh mỗi chương trình, 939 lượt lời được mã hóa theo khung của Brown và Levinson (1987), trước tiên bằng AI (Claude), sau đó 120 lượt lời của giám khảo do nhà nghiên cứu mã hóa. Độ đồng thuận chỉ ở mức thấp (κ = 0,28). Theo mã hóa bằng AI, lịch sự tích cực chiếm ưu thế ở cả hai chương trình, nổi bật hơn ở giám khảo Mỹ; giám khảo Việt Nam dùng lịch sự tiêu cực và trì hoãn phán quyết nhiều hơn. Tỷ lệ phụ thuộc đáng kể vào người mã hóa, nên kết quả chỉ mang tính gợi mở. AI không thể thay thế kiểm định của con người.

Từ khóa: lịch sự, ngữ dụng học đối chiếu, phân tích bằng AI, truyền thông

INTRODUCTION

Politeness is one of the most studied ways in which language manages social relationships. Speakers routinely balance getting things done against protecting their own and others’ public self-image, or face (Goffman, 1967; Brown & Levinson, 1987), and the balance is especially delicate where one party evaluates another. Talent-show auditions are a vivid, widely watched example: judges who hold considerable power over a candidate’s aspirations must also appear fair, warm, and entertaining for a watching audience (Tolson, 2006). Because the Idol franchise is localised for many national markets around a common format, its judging talk offers a comparable site where genre, roles, and task are broadly constant while language and culture vary.

Politeness research has often compared how speakers of different languages manage comparable face-threatening acts (Chen, 1993; Nguyen & Le Ho, 2013), and work on Vietnamese has linked politeness to kin-based address terms, sentence-final particles, and values of hierarchy and harmony (Luong, 1990; Nguyễn, 2012; Trần, 1996, 2001; Vũ, 1997). Whether such resources shape the feedback of Vietnamese judges, compared with American judges performing the same institutional role, has not, to our knowledge, been examined empirically.

A second concern is methodological. Pragmatic annotation is slow and hard to scale, and ideally involves a second coder (Campbell et al., 2013). Computational approaches and, more recently, large language models have begun to assist with it (Yu et al., 2024; Andersson & McIntyre, 2025; Hoffmann et al., 2017; Al-Qarni, 2026; Gradoselskaya et al., 2026), but how far an AI coder can be trusted, and how its output should be validated, is still being worked out case by case.

This exploratory study compares the politeness strategies of judges in the audition rounds of American Idol (2023) and Vietnam Idol (2023). A large language model coded purposively selected audition segments from both shows with a single Brown and Levinson (1987) scheme, and the researcher then independently coded a subsample as a second round. In brief, the AI-coded corpus points to a shared preference for positive politeness, with Vietnamese judges relying more on negative politeness and on deferring verdicts, but agreement between the AI and the researcher was only fair, so the findings are best read as provisional. Three research questions (RQ) guide the study:

RQ1. What Brown and Levinson (1987) politeness strategies do judges use when giving evaluative feedback on American Idol (2023) and Vietnam Idol (2023)?

RQ2. How do the distributions of these strategies differ between the two shows, and what culture-specific resources (e.g., address terms, particles, hedges) realise politeness in the Vietnamese data?

RQ3. How well does AI-assisted coding agree with the researcher’s own coding, and what does this suggest about the feasibility and limits of large language models for pragmatic annotation?

LITERATURE REVIEW

Face, Politeness Theory, and Its Critics

Pragmatics begins from the observation that utterances do things as well as say things (Austin, 1962; Holmes & Wilson, 2022; Rowe & Levine, 2018; Yule, 1996). Against the baseline of Grice’s (1975) cooperative principle, politeness appears as a motivated departure from maximally efficient communication, and Goffman’s (1967) concept of face, the positive social value a person claims in an interaction, supplies the rationale: face is public, negotiated, and vulnerable. Brown and Levinson (1987) formalised this into the framework adopted here. They distinguish positive face (the desire to be liked and approved of) from negative face (the desire for autonomy and freedom from imposition) and propose five strategies for face-threatening acts (FTAs): performing the act baldly on record; with positive politeness (compliments, joking, in-group address); with negative politeness (hedging, apologising); off record, through metaphor, irony, or hints that rely on the hearer’s inferential and figurative-meaning-construction capacities (Lee, 2001); or withholding the act. Leech’s (1983, 2016) Politeness Principle and Lakoff’s (1973) politeness rules offer complementary accounts. Watts (2003) criticises fixed strategy inventories and distinguishes expected “politic” behaviour from marked “polite” behaviour, both negotiated locally; Spencer-Oatey (2000, 2008) widens the focus to rapport management, with an explicit cross-cultural dimension; and Holmes (2013) adds that politeness also patterns with gender. This study codes with Brown and Levinson’s discrete categories because they suit replicable coding, and draws on Watts and Spencer-Oatey for interpretation.

Politeness, Culture, and Vietnamese

Brown and Levinson’s claim to universality has been questioned for encoding assumptions typical of individualist, low-power-distance cultures. Hofstede’s (2001) dimensions, notably individualism–collectivism and power distance, are a widely used basis for predicting divergence: higher-power-distance, more collectivist cultures should show more deference marking toward status superiors and more group-oriented politeness. Chen (1993) found systematic differences between American English and Chinese speakers in responding to compliments. Vietnamese - English comparisons exist on heritage-language maintenance (Tang, 2007) and lexical-semantic contrast (Luu, 2021). Vietnamese politeness has been described as realised less through the syntactic hedging central to English negative politeness than through kin-based address terms (anh, chị, em, cô) chosen by relative age, status, and closeness (Luong, 1990; Nguyễn, 2012; Vũ, 1997); Luong (1990) shows that choosing an address term is itself a politeness act. Nguyen and Le Ho (2013) find that Vietnamese speakers realise requests through a distinct repertoire of hedges, address terms, and sentence-final particles (ạ, nhé, nha), and Trần (1996, 2001) situates such patterns within a culture organised around harmony, hierarchy, and communal face. We therefore expected Vietnamese judges’ politeness to draw on address terms and particles in addition to, or instead of, English-style hedges.

Media and Reality-Television Discourse

Broadcast talk is produced for an overhearing audience, edited, and shaped by generic conventions (Fairclough, 1995; Tolson, 2006). Tolson (2006) argues that media talk routinely blends an institutional register with an intimate, conversational one, so that hosts and judges appear both authoritative and likeable. Thornborrow and Haarman (2012), analysing Britain’s Got Talent, show that judges perform a “backstage” persona of spontaneous, sometimes blunt reaction alongside a more classically polite “frontstage” persona of fair adjudication, interleaved turn by turn. Experimental work on how music influences the interpretation of film and video (Cohen, 2005) likewise shows that audiences’ interpretation of broadcast material depends on more than the words spoken, and Leech’s (1966) study of advertising offers a parallel audience-facing genre. Judges’ politeness is therefore genre-shaped performance as well as spontaneous behaviour.

AI-Assisted Analysis in Pragmatics

Yu et al. (2024) assessed LLM-assisted annotation for corpus-based pragmatics, using apology as a test case, and report that GPT-4’s accuracy approached that of a human coder, concluding that LLMs can make pragma-discursive annotation more efficient, scalable, and accessible. Andersson and McIntyre (2025) find that ChatGPT recognises conventionalised impoliteness reasonably well but struggles with implicational impoliteness such as rhetorical questions and innuendo, a caution for the off-record category coded here. Hoffmann et al. (2017) validated a machine politeness classifier against crowdworkers’ labels and found that it did not align with human judgements as expected on new data. Al-Qarni’s (2026) systematic review reports that NLP models can automate tasks such as pragmatic annotation while raising concerns about bias, transparency, and domain mismatch, and Gradoselskaya et al. (2026) combined GPT-based interpretation of social-media corpora with expert coding by human analysts. Because politeness coding involves borderline cases and even human coders need agreement checks (Campbell et al., 2013), an AI-assisted study should report how its codes were validated.

METHODOLOGY

Research Design

The study adopts a mixed-methods design (Creswell & Creswell, 2018): systematic quantitative coding of both corpora, plus qualitative, example-based analysis of individual turns. Following qualitative methodology (Ary et al., 2010; Bogdan & Biklen, 1998; Denzin & Lincoln, 2018; Dörnyei, 2007), counts organise and motivate close reading rather than substitute for it, and every count is traceable to an annotated turn.

Data and Sampling

The data are transcripts of publicly broadcast audition footage from two national adaptations of the Idol format: an excerpt of the American Idol (2023) auditions and Episode 1 of Vietnam Idol (2023). The researcher prepared the transcripts manually from the broadcast recordings, labelling every speaker: the judging panel (Katy Perry, Lionel Richie, and Luke Bryan; Mỹ Tâm, Huy Tuấn, and Quang Dũng, with a guest-judge cameo by Châu Đăng Khoa), the host, contestants, and family members and guests appearing on camera. The material is publicly broadcast, no human participants were contacted, and no ethics review was required for publicly broadcast data; the transcripts are used for non-commercial research only and remain subject to the broadcasters’ rights.

Sampling was purposive: cases were chosen deliberately because they suit the research purpose (Creswell & Creswell, 2018; Dörnyei, 2007). The sampling unit was the contestant’s audition segment, from first engagement with the contestant to the end of the verdict sequence, including every judge, host, family, and guest turn. The researcher selected nine complete, fully transcribed segments per show so that the samples are matched in size (contestants are named in Appendix B); the nine Vietnam Idol segments are all the judge-contestant segments of Episode 1. The corpora comprise 469 and 470 coded turns, of which 288 and 278 are judges’ turns (Appendix B).

Coding Scheme

Every speech turn (a continuous stretch of talk by one speaker, as delimited by the speaker labels) was assigned one of six categories adapted from Brown and Levinson’s (1987) strategies: bald on-record, positive politeness, negative politeness, off-record, withhold FTA, and N/A for turns with no discernible facework function (definitions and decision rules in Appendix A). N/A is treated as a category in its own right rather than forcing every turn into a strategy, consistent with qualitative content-analysis practice (Bogdan & Biklen, 1998), and percentages are reported for FTA-relevant (non-N/A) turns. Vietnamese was coded from the original, with a note recording the device behind each label (address term, particle, hedge).

Round 1: AI-Assisted Coding

The first round of coding was done by a large language model (Claude, Anthropic) in an interactive session, turn by turn and in conversational context, with a short written justification for each turn. Vietnamese turns were coded on 10 September 2026 with Claude Sonnet 5 (model identifier claude-sonnet-5) and American turns on 12 September 2026 with Claude Sonnet 5.5 (claude-sonnet-5-5), both with default settings (the platform exposes no dated snapshot identifier). No fixed prompt template was used: the coder worked from the scheme in Appendix A and the researcher’s coding template, with conventions made explicit as coding proceeded. The American turns were coded in four sequential batches of 99 to 132 turns within one running conversation, so earlier batches and their codes remained in context. The decision rules in Appendix A were consolidated from the Vietnamese pass and then applied to the American pass, which also drew on conventions in an earlier coded excerpt supplied by the researcher. Anchoring or drift across the run cannot therefore be excluded. The approach follows the LLM-assisted annotation evaluated by Yu et al. (2024), applying an established scheme (see also Al-Qarni, 2026; Gradoselskaya et al., 2026).

Round 2: Researcher Coding and Agreement

For the second round, the researcher coded a random sample of 120 judge turns (60 per show, drawn at random from all 18 segments) without seeing Claude’s codes. Each item appeared in a spreadsheet with its preceding turn as context, and the researcher, who had prepared the transcripts, coded from the definitions and decision rules in Appendix A. The sample comprises 60 American and 60 Vietnamese turns from 17 of the 18 segments (the exception, Kim Nhã’s in the Vietnamese show, has only 10 of the 278 judge turns and received none in the random draw). Agreement was measured as percentage agreement and Cohen’s κ (overall and by show; 95% interval from a segment-level bootstrap), with category-specific agreement and a confusion matrix (Appendix C), and the two rounds’ proportions on these 120 turns were compared descriptively. The check is limited: the subsample is small and covers judges’ turns only, and the researcher is not independent of the study. As a supplementary check, four new Claude Sonnet 5.5 instances (claude-sonnet-5-5; 5 October 2026), blind to the first-round codes, re-coded all 939 turns from code-free transcripts (protocol, prompt, and results in Appendix C), which estimates AI-to-AI consistency but not agreement with human judgement.

Analytic Procedure

Frequencies were tabulated for all turns and for judges’ turns, as percentages of FTA-relevant turns. A chi-square test of independence compared judges’ pooled FTA-relevant turns (off-record and withhold FTA combined so that expected counts exceeded five), with Cramér’s V as effect size. Because turns are nested within segments, a more conservative contestant-level analysis computed each segment’s share of FTA-relevant judge turns in each strategy and compared the nine American with the nine Vietnamese segments using exact two-sided permutation tests on the difference in means, with Mann–Whitney U tests as a rank-based check. Because the samples are purposive and small, tests describe the contrast within these samples and do not generalise to all auditions.

FINDINGS

Overall Distribution of Politeness Strategies (First-Round Coding)

In the sampled segments, 314 of 469 American turns (67.0%) and 282 of 470 Vietnamese turns (60.0%) carried a discernible face-threatening-act function; the rest were coded N/A. Table 1 reports judges’ turns only, as coded in the first round. Its totals include turns produced jointly by all three judges (six in American Idol and one in Vietnam Idol, all coded positive politeness), so the per-judge counts reported below sum to the totals only when these are added.

Table 1: Judges’ Brown and Levinson (1987) Politeness Strategies, by Show (First-Round AI Coding, Judges’ Turns Only)

	Strategy
	American Idol, n (%)
	Vietnam Idol, n (%)

	Bald on-record
	61 (25.1%)
	61 (29.9%)

	Positive politeness
	163 (67.1%)
	96 (47.1%)

	Negative politeness
	13 (5.3%)
	39 (19.1%)

	Off-record (indirect)
	5 (2.1%)
	0 (0.0%)

	Withhold FTA
	1 (0.4%)
	8 (3.9%)

	Total FTA-relevant
	243 (100%)
	204 (100%)


Note. Percentages are of face-threatening-act (FTA)–relevant judge turns only (N/A turns excluded). N/A judge turns: American Idol = 45 of 288; Vietnam Idol = 74 of 278. Counts include six (American Idol) and one (Vietnam Idol) positive-politeness turns attributed jointly to all judges.

In the first-round coding, positive politeness is the most frequent strategy on both shows, with bald-on-record delivery second at similar proportions (25.1% versus 29.9%), and the distributions differ overall, χ²(3, N = 447) = 27.42, p < .001, Cramér’s V = .25. American judges used more positive politeness (67.1% versus 47.1%); Vietnamese judges used negative politeness more than three times as often (19.1% versus 5.3%) and more withhold-FTA turns (8, 3.9%, versus 1, 0.4%). Off-record turns appeared only in the American data (5 turns, 2.1%).

At the level of the audition segment (Table 2), positive politeness was higher in American segments (M = 68.3%, SD = 17.8) than in Vietnamese ones (45.2%, SD = 10.7; exact permutation p = .005; Mann–Whitney U = 70, p = .010), and negative politeness was lower (4.9%, SD = 6.1, versus 21.2%, SD = 13.0; p = .002; U = 8, p = .005). Bald-on-record and combined off-record and withhold shares did not differ (permutation p = .326 and .563). With nine segments per show, these tests check that the pooled contrast is not an artefact of treating turns as independent; they are not precise effect estimates.

Table 2: Contestant-Level Mean Share of FTA-Relevant Judge Turns, by Strategy (First-Round AI Coding; Nine Segments per Show)

	Strategy
	American Idol, M% (SD)
	Vietnam Idol, M% (SD)
	Exact permutation p
	Mann–Whitney U (p)

	Positive politeness
	68.3 (17.8)
	45.2 (10.7)
	.005
	70 (.010)

	Bald on-record
	24.2 (10.7)
	29.6 (12.0)
	.326
	26 (.216)

	Negative politeness
	4.9 (6.1)
	21.2 (13.0)
	.002
	8 (.005)

	Off-record + withhold FTA
	2.6 (4.1)
	4.0 (5.3)
	.563
	34 (.547)


Note. Each segment contributes one share (strategy turns ÷ FTA-relevant judge turns); n = 9 segments per show. P-values are two-sided exact permutation tests on the difference in means; U is the Mann–Whitney statistic for the American Idol segments (two-sided p).

The contrast is not confined to one panellist. Among Vietnamese judges, Mỹ Tâm (103 FTA-relevant turns) produced 20 of the 39 negative-politeness and 5 of the 8 withhold turns, but Huy Tuấn (13 and 1) and Quang Dũng (6 and 2) show the same pattern. Among American judges, positive politeness leads for all three panellists (Katy Perry 60 of 82 FTA-relevant turns, Lionel Richie 49 of 78, Luke Bryan 48 of 77, plus six joint turns).

Agreement between the Two Rounds

On the 120 doubly coded turns, the two rounds agreed on 56 (46.7%), Cohen’s κ = .28 (95% CI [.15, .43]), which is conventionally described as fair agreement. Agreement was higher for American Idol turns (35 of 60, 58.3%, κ = .39) than for Vietnam Idol turns (21 of 60, 35.0%, κ = .19). On whether a turn carried facework at all, the rounds agreed on 83 turns (69.2%, κ = .20); the researcher coded 36 turns N/A against Claude’s 25. Category-specific agreement (Appendix C) ranged from .60 for positive politeness to .22 for negative politeness, .15 for withhold FTA, and 0 for off-record. Of the 64 disagreements, 24 were turns that Claude coded as positive politeness (14) or bald on-record (10) and the researcher as N/A, and 18 were turns that the researcher coded as withhold FTA or off-record, 16 of them Vietnamese. The researcher used these two categories 19 times (12 and 7), Claude only once.

Table 3: First-Round (Claude) and Second-Round (Researcher) Codes for the Same 120 Judge Turns, by Show, n (% of FTA-Relevant Turns)

	Strategy
	First round (Claude)
	Second round (researcher)

	
	American Idol (n = 54)
	Vietnam Idol (n = 41)
	American Idol (n = 40)
	Vietnam Idol (n = 44)

	Bald on-record
	15 (27.8%)
	15 (36.6%)
	13 (32.5%)
	4 (9.1%)

	Positive politeness
	35 (64.8%)
	19 (46.3%)
	24 (60.0%)
	16 (36.4%)

	Negative politeness
	4 (7.4%)
	6 (14.6%)
	1 (2.5%)
	7 (15.9%)

	Off-record (indirect)
	0 (0.0%)
	0 (0.0%)
	0 (0.0%)
	7 (15.9%)

	Withhold FTA
	0 (0.0%)
	1 (2.4%)
	2 (5.0%)
	10 (22.7%)

	N/A turns (excluded)
	6
	19
	20
	16


Note. Random sample of judge turns (60 per show). Percentages are of each coder’s own FTA-relevant (non-N/A) turns, so denominators differ. Descriptive only; the small numbers do not support inferential tests.

On these same turns the two rounds show similar contrasts for the main strategies (Table 3). Positive politeness was commoner in American than Vietnamese turns in both rounds (Claude 64.8% versus 46.3%; researcher 60.0% versus 36.4%), and negative politeness was rarer (Claude 7.4% versus 14.6%; researcher 2.5% versus 15.9%). They diverge elsewhere: the researcher coded 10 Vietnamese judge turns (22.7%) as withhold FTA and 7 (15.9%) as off-record, against one and none in Claude’s coding, and bald on-record was commoner in Vietnamese than American turns in Claude’s coding (36.6% versus 27.8%) but rarer in the researcher’s (9.1% versus 32.5%). With so few turns these figures are descriptive only.

The supplementary blind AI re-coding of all 939 turns agreed with the first round at κ = .73 (.85 for American and .62 for Vietnamese turns; a repeated Vietnamese pass agreed with the first blind pass at κ = .85), yet on the 120 turns it agreed with the researcher about as little as the first round did (κ = .28). Consistency between AI passes therefore does not show agreement with human judgement. Recomputed from the blind pass, the pooled contrast remained (χ²(3, N = 493) = 18.11, p < .001, V = .19), but the positive-politeness gap roughly halved and the segment-level tests were non-significant for positive politeness (permutation p = .114) and borderline for negative politeness (p = .053) (Table C4).

Language-Specific Resources

The devices realising negative politeness differ between the languages as well as in frequency. The 13 American judge turns coded negative politeness in the first round rely mainly on English hedging and conditional framing: an option instead of an imposition ("you want to take a moment?", Lionel Richie to Ian Tongi) or a reluctant verdict ("so I guess I have to say yes," Lionel Richie to Lyric). In the Vietnamese data, lexical hedges (có lẽ, "maybe") occur sparsely in judges’ talk; more characteristic are tag questions with đúng không? ("right?"), found in 12 of 278 judge turns, and compliment-hedge-verdict chains within a single turn, as in Mỹ Tâm’s "bài hát rất là dễ thương nha... tuy nhiên về cái tông giọng của em thì chị nghĩ là chưa có được thoát lắm. Có lẽ là do em bị run hay sao đó... đúng không?" ("the song is really lovely... however I think your tone hasn’t quite opened up. Maybe you were nervous... right?"). Explicit apologies before a negative assessment occur in the Vietnamese data but not the American: Quang Dũng’s "anh xin lỗi, em chưa có thuyết phục được anh" ("I’m sorry, you haven’t convinced me") and Mỹ Tâm’s code-switched "Chị sorry em, chị say no". Withhold-FTA turns reflect panel structure: Mỹ Tâm repeatedly defers to a co-panellist ("đó cái đó là anh anh quyết nha," "that’s for you to decide"), whereas the single American instance (Katy Perry’s "don’t look at me") builds suspense rather than deferring.
Deference marking in the Vietnamese data comes largely from contestants and the host rather than judges. The particle ạ, which marks deference to an addressee of higher status or age, appears in 46 of 140 Vietnamese contestant turns (32.9%) but in one of 278 judge turns; the nearest American counterpart, "sir" and "ma’am", appears in 8 of 150 contestant turns (5.3%), all from two contestants (Colin Stough and Trey Louis). Formulaic invitations ((xin) mời, seven turns, by the host and two judges) and requests for permission (xin phép, three contestants) bracket the performance.

DISCUSSION

Cross-Cultural Interpretation (RQ1–RQ2)

In the first-round coding, positive politeness dominates judges’ talk on both shows, with bald-on-record delivery a similar runner-up. This is consistent with a genre that demands judges be both authoritative and likeable (Tolson, 2006; Thornborrow & Haarman, 2012) and with Brown and Levinson’s (1987) claim of cross-linguistic applicability. American judges’ larger share of positive politeness may also reflect the edit: several American segments centre on emotionally charged backstories (bereavement, family hardship, a school shooting) that elicit sympathy.
Both rounds reproduce, on the doubly coded turns, a contrast in which American judges used proportionally more positive politeness and Vietnamese judges more negative politeness, and the researcher’s coding also found far more withheld verdicts and off-record turns among Vietnamese judges. Read cautiously, this is consistent with the Vietnamese sociopragmatic literature (Luong, 1990; Nguyen & Le Ho, 2013; Nguyễn, 2012; Vũ, 1997) and with Hofstede’s (2001) dimensions if Vietnam is treated as a higher-power-distance, more collectivist society than the United States, but the design cannot separate culture from show format, editing, or individual judges. The particle ạ is overwhelmingly contestants’ upward marking (46 of 140 turns versus one of 278 judge turns), so higher negative politeness among Vietnamese judges does not come from deference particles: contestants appear to mark deference upward and judges to mitigate downward. This is plausible given the kin-based address system (Luong, 1990; Vũ, 1997), though address terms were not tabulated. Mỹ Tâm’s repeated deferrals to co-panellists may be better described, following Spencer-Oatey (2000, 2008), as management of the panel’s collective sociality rights, though this is tentative. The size of each difference, and the American-only off-record pattern in the first round, depend on the coder and should not be treated as findings.

Methodological Reflection on AI-Assisted Coding (RQ3)

Applying one explicit scheme across two languages and 939 turns, with a written justification for each decision, proved feasible for an LLM (Yu et al., 2024), but agreement with the researcher was only fair (κ = .28). The disagreements were not random noise. They concentrated in Vietnamese judges’ turns, where agreement was lowest (κ = .19), and at the boundaries of the scheme: whether banter and brief reactions count as facework, and how widely withhold FTA and off-record apply. The researcher used the last two categories far more often than Claude, which fits LLMs’ difficulty with implicational meaning (Andersson & McIntyre, 2025) and the machine-human divergence reported by Hoffmann et al. (2017), although these data cannot say which coder is closer to a shared standard. The blind AI passes agreed far more with each other than with the researcher, so AI-to-AI agreement is not evidence of validity. Two further limits apply: the researcher is the study’s author and transcriber, so the second round is not independent, and the first round ran in one long, accumulating conversation. The first-round percentages are therefore a documented first-pass analysis. Given the promise (Al-Qarni, 2026; Yu et al., 2024) and the concerns about bias and transparency (Al-Qarni, 2026) and the role of expert human coding (Gradoselskaya et al., 2026) in the wider literature, AI coding should augment, not replace, a human analyst’s close reading, particularly where scheme boundaries are contested.

CONCLUSION

This study compared judges’ politeness strategies in nine purposively selected audition segments from each of American Idol (2023) and Vietnam Idol (2023), coded in a first round by an AI coder and, for a subsample of 120 judge turns, in a second round by the researcher. In the AI-coded corpus, positive politeness was the most frequent strategy on both shows, followed by bald-on-record delivery; American judges relied more on positive politeness, and Vietnamese judges more on negative politeness and on deferring verdicts. The researcher’s coding of the subsample reproduced the positive- and negative-politeness contrast and found even more withheld verdicts among Vietnamese judges, but agreement between the two rounds was only fair (κ = .28), and the size of the differences depended on the coder. The patterns are consistent with Vietnamese sociopragmatic accounts (Luong, 1990; Nguyen & Le Ho, 2013; Trần, 1996, 2001; Vũ, 1997) and with panel-level rapport management (Spencer-Oatey, 2000, 2008), but are suggestive only.

The study has four limitations. First, the samples are purposive and small (nine segments per show from one excerpt or episode) and shaped by the broadcast edit, so the findings describe these segments and not auditions in general. Second, human validation covers only 120 judge turns and was done by the researcher, who is not independent of the study; the main tables rest on a single AI coder whose agreement with the researcher was fair. Third, only the audition round is covered. Fourth, show and model version are confounded in the first-round coding (Vietnamese turns: Claude Sonnet 5; American turns: Sonnet 5.5; one running conversation per show), so some of the difference between the shows may reflect the model; the blind re-coding, which used Sonnet 5.5 for both shows, partly checks this. Future work should have independent human coders code the full corpus after the decision rules for banter, withhold FTA, and off-record turns are revised, draw larger, systematically sampled sets from several episodes and the live shows, and extend the procedure to other Idol adaptations.

DATA AVAILABILITY

The first-round codes for all 939 turns, the researcher-coded sample of 120 judge turns, and the re-coding prompt (Appendix C) can be shared with other researchers on request for verification and non-commercial research; the transcripts themselves are subject to the broadcasters’ rights and are shared only on the same terms.
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APPENDIX A: BROWN AND LEVINSON (1987) CODING SCHEME AND DECISION RULES USED FOR AI-ASSISTED ANNOTATION

Each speech turn in both samples was assigned one of the following six categories. 

	Category
	Operational Definition

	Bald on-record
	The face-threatening act performed directly, without redress (e.g., a blunt verdict, a direct question, a direct imperative).

	Positive politeness
	Redress oriented to the hearer’s positive face: compliments, thanks, congratulating, encouragement, in-group address terms, humor/banter, claiming common ground.

	Negative politeness
	Redress oriented to the hearer’s negative face: hedges, apologies, tag questions, minimizers, deferential formulae (e.g., Vietnamese xin mời, xin phép, the sentence-final particle ạ), giving reasons before a dispreferred response.

	Off-record (indirect)
	The communicative intent is deniable: rhetorical questions, irony, metaphor, hints.

	Withhold FTA
	The speaker avoids performing the face-threatening act altogether (e.g., explicitly deferring or delaying a verdict, deflecting the decision to a co-panelist).

	N/A
	The turn has no discernible facework function (routine factual answers, self-introductions, bare backchannel tokens, host narration).



Decision rules applied in both corpora (consolidated from the Vietnamese coding pass and then applied to the American pass). Judges’ routine questions and directives, bare verdict announcements (e.g., "it’s a yes for me"), and direct disagreement were coded bald on-record. Greetings, thanking, congratulating, compliments, expressions of sympathy, encouragement, humorous banter, and verdicts accompanied by congratulation or compliment were coded positive politeness. Hedged or conditional criticism and advice, tag questions, apologies, conventionally indirect requests, offers of options, deferential formulae, and reluctant or conditional verdicts were coded negative politeness. Teasing or metaphorical remarks whose evaluative meaning is implicated rather than stated were coded off-record. Explicit deferral or delay of a verdict was coded withhold FTA. Backchannels, routine factual answers, self-introductions, and host narration were coded N/A. Where a turn contained several moves, it was coded by its dominant overall function. Bracketed stage directions were excluded.


APPENDIX B: SAMPLED CONTESTANT SEGMENTS

Both samples were selected purposively by the researcher: nine contestants per show. For Vietnam Idol, the nine segments are the complete auditions of Episode 1. Counts exclude stage directions; the Vương Quốc Huy segment includes the closing gold-ticket announcement.

	Show
	Contestant
	Coded turns
	Judge turns
	FTA-relevant judge turns

	American Idol
	Kya Monee
	23
	13
	13

	American Idol
	Michael Williams
	39
	26
	20

	American Idol
	Megan Daniel
	58
	31
	28

	American Idol
	Ian Tongi
	77
	42
	38

	American Idol
	Lyric
	50
	36
	30

	American Idol
	Zachariah Smith
	33
	26
	17

	American Idol
	Lucy Love
	57
	33
	24

	American Idol
	Colin Stough
	70
	45
	39

	American Idol
	Trey Louis
	62
	36
	34

	Vietnam Idol
	Triệu Quang Vinh
	60
	45
	32

	Vietnam Idol
	Dương Thành Đạt
	46
	27
	22

	Vietnam Idol
	Hương Linh
	56
	33
	23

	Vietnam Idol
	Mai Kim Liên
	59
	32
	23

	Vietnam Idol
	Nguyễn Lâm Phúc
	48
	32
	22

	Vietnam Idol
	Kim Nhã
	35
	10
	9

	Vietnam Idol
	Huỳnh Công Luận
	37
	22
	20

	Vietnam Idol
	Vương Quốc Huy
	54
	32
	25

	Vietnam Idol
	Hồ Võ Thanh Thảo
	75
	45
	28

	American Idol
	Total
	469
	288
	243

	Vietnam Idol
	Total
	470
	278
	204





APPENDIX C: SECOND-ROUND CODING, SUPPLEMENTARY AI RE-CODING, AND AGREEMENT STATISTICS

C1. Second-round (researcher) coding. A random sample of 120 judge turns (60 American Idol, 60 Vietnam Idol) was drawn from the 566 judge turns with a fixed random seed. Each item was presented in a spreadsheet with the preceding turn, the turn to be coded, and a drop-down list of the six labels, without the first-round code. The researcher coded the items from the definitions and decision rules in Appendix A. All statistics use these 120 turns (60 per show; 17 of the 18 segments; Kim Nhã’s segment, with only 10 judge turns, received none in the random draw). Agreement is between the first round (Claude) and the researcher.

Table C1: Agreement between the First Round (Claude) and the Researcher (Percentage Agreement and Cohen’s κ, Six Categories)

	Subset
	n turns
	Agreements
	% agreement
	Cohen’s κ

	All 120 judge turns
	120
	56
	46.7
	0.28

	American Idol judge turns
	60
	35
	58.3
	0.39

	Vietnam Idol judge turns
	60
	21
	35.0
	0.19

	FTA-relevant versus N/A only (binary), all 120 turns
	120
	83
	69.2
	0.20

	Blind AI re-coding versus researcher, same 120 turns
	120
	57
	47.5
	0.28

	First-round versus blind AI re-coding, same 120 turns
	120
	89
	74.2
	0.60


Note. 95% segment-level bootstrap interval for κ (all 120 turns): [0.15, 0.43] (2,000 resamples of the 17 segments).

Table C2: Confusion Matrix, 120 Judge Turns (Rows: First Round, Claude; Columns: Second Round, Researcher), with Category-Specific Agreement

	Claude \ Researcher
	Bald
	Positive
	Negative
	Off-rec.
	Withhold
	N/A
	Spec. agr.

	Bald on-record
	13
	3
	0
	1
	3
	10
	0.55

	Positive politeness
	3
	28
	3
	2
	4
	14
	0.60

	Negative politeness
	1
	4
	2
	2
	1
	0
	0.22

	Off-record (indirect)
	0
	0
	0
	0
	0
	0
	0.00

	Withhold FTA
	0
	0
	0
	0
	1
	0
	0.15

	N/A
	0
	5
	3
	2
	3
	12
	0.39


Note. Spec. agr. = 2 × agreements ÷ (first-round n + second-round n) for the category; off-record = 0 because Claude assigned it to no sampled turn.
C2. Supplementary AI re-coding. Four new model instances (same model family as the first-round coder) each read one code-free transcript file (American Idol: segments of Kya Monee, Michael Williams, Megan Daniel, and Ian Tongi [197 turns], and of Lyric, Zachariah Smith, Lucy Love, Colin Stough, and Trey Louis [272 turns]; Vietnam Idol: the first four segments [221 turns] and the last five [249 turns]), with turns numbered and stage directions marked as not to be coded. Instances had no access to first-round codes, notes, or other instances, and each wrote one file mapping turn IDs to labels. The Vietnamese pass was repeated once with two fresh instances using the identical prompt. The prompt given to every instance is reproduced below; only the transcript and output file names differed.
You are a second, independent annotator in a discourse-analysis study of politeness in televised singing-competition auditions (American Idol 2023 and Vietnam Idol 2023). Assign each numbered speech turn in the transcript file one of six categories adapted from Brown and Levinson’s (1987) politeness taxonomy.
CATEGORIES
- Bald on-record: the face-threatening act performed directly, without redress (e.g., a blunt verdict, a direct question, a direct imperative).
- Positive politeness: redress oriented to the hearer’s positive face: compliments, thanks, congratulating, encouragement, in-group address terms, humor/banter, claiming common ground.
- Negative politeness: redress oriented to the hearer’s negative face: hedges, apologies, tag questions, minimizers, deferential formulae (e.g., Vietnamese xin mời, xin phép, the sentence-final particle ạ), giving reasons before a dispreferred response.
- Off-record (indirect): the communicative intent is deniable: rhetorical questions, irony, metaphor, hints.
- Withhold FTA: the speaker avoids performing the face-threatening act altogether (e.g., explicitly deferring or delaying a verdict, deflecting the decision to a co-panelist).
- N/A: the turn has no discernible facework function (routine factual answers, self-introductions, bare backchannel tokens, host narration).
DECISION RULES
Judges’ routine questions and directives, bare verdict announcements (e.g., "it’s a yes for me"), and direct disagreement are Bald on-record. Greetings, thanking, congratulating, compliments, expressions of sympathy, encouragement, humorous banter, and verdicts accompanied by congratulation or compliment are Positive politeness. Hedged or conditional criticism and advice, tag questions, apologies, conventionally indirect requests, offers of options, deferential formulae, and reluctant or conditional verdicts are Negative politeness. Teasing or metaphorical remarks whose evaluative meaning is implicated rather than stated are Off-record. Explicit deferral or delay of a verdict is Withhold FTA. Backchannels, routine factual answers, self-introductions, and host narration are N/A. Where a turn contains several moves, code it by its dominant overall function. Stage directions (in brackets) are not coded.
TASK
Read the transcript file in order, in batches, interpreting each turn in its conversational context (who is speaking to whom, what came just before). Code EVERY numbered turn (judges, contestants, host, family, guests). Vietnamese turns must be coded from the original Vietnamese. Write a single object mapping each turn ID (as a string) to exactly one of these labels: "Bald on-record", "Positive politeness", "Negative politeness", "Off-record (indirect)", "Withhold FTA", "N/A". No other text in the file.
STRICT CONDITIONS
Read ONLY the transcript file named below. Do not open, list, or search any other file or directory (other analyses of these data exist in the same environment and you must not see them; your codes must be your own independent judgement). Do not write any file other than the output file named below.
Table C3: Agreement between the First Round and the Blind AI Re-Coding (All 939 Turns; Percentage Agreement and Cohen’s κ)

	Subset
	n turns
	% agreement
	Cohen’s κ

	All turns
	939
	81.7
	0.73

	American Idol, all turns
	469
	90.4
	0.85

	Vietnam Idol, all turns
	470
	73.0
	0.62

	Judges, all
	566
	78.3
	0.67

	Judges, American Idol
	288
	90.3
	0.84

	Judges, Vietnam Idol
	278
	65.8
	0.53

	All turns, FTA-relevant vs N/A only (binary)
	939
	89.2
	0.76

	Vietnam Idol, repeat blind pass vs first blind pass
	470
	90.0
	0.85

	Vietnam Idol, repeat blind pass vs first round
	470
	73.6
	0.63


Note. 95% segment-level bootstrap interval for overall κ: [0.66, 0.80] (2,000 resamples of the 18 segments).

Table C4: Main Results Recomputed from the First-Round Codes and from the Blind AI Re-Coding (Judges’ Turns, Full Corpus)

	Measure
	First round (Claude)
	Blind AI re-coding

	FTA-relevant judge turns, American / Vietnamese
	243 / 204
	241 / 252

	Positive politeness, % American / Vietnamese
	67.1 / 47.1
	70.1 / 60.3

	Negative politeness, % American / Vietnamese
	5.3 / 19.1
	4.1 / 11.5

	Bald on-record, % American / Vietnamese
	25.1 / 29.9
	24.1 / 21.4

	Off-record, % American / Vietnamese
	2.1 / 0.0
	1.2 / 4.0

	Withhold FTA, % American / Vietnamese
	0.4 / 3.9
	0.4 / 2.8

	Pooled χ²(3) (Cramér’s V)
	27.42 (0.25)
	18.11 (0.19)

	Segment level, positive: permutation p; Mann–Whitney p
	.005; .010
	.114; .158

	Segment level, negative: permutation p; Mann–Whitney p
	.002; .005
	.053; .035


Note. Each coder’s own N/A turns are excluded, so denominators differ. Segment-level tests compare nine American with nine Vietnamese segments (two-sided).
Table C5: Confusion Matrix, All 939 Turns (Rows: First Round; Columns: Blind AI Re-Coding), with Category-Specific Agreement

	First round \ Blind AI
	Bald
	Positive
	Negative
	Off-record
	Withhold
	N/A
	Spec. agr.

	Bald on-record
	100
	23
	2
	3
	1
	2
	0.80

	Positive politeness
	5
	348
	2
	4
	0
	12
	0.85

	Negative politeness
	9
	16
	44
	1
	0
	10
	0.66

	Off-record (indirect)
	0
	3
	1
	1
	0
	0
	0.11

	Withhold FTA
	1
	0
	0
	0
	7
	1
	0.82

	N/A
	4
	62
	5
	5
	0
	267
	0.84



