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Abstract
This study evaluates a human-validated workflow for coding rhetorical moves and steps in 40 technology-sector corporate press releases, including 20 English and 20 Vietnamese texts. Guided by Swales (1990), Bhatia (1993), and Codebook V1.2, NotebookLM generated preliminary move-step labels for 785 provisionally segmented units using a standardized zero-shot prompt without coded examples. R1 coded all texts independently before viewing AI output. R2 independently coded a purposive ten-release subsample. Pre-adjudication human agreement across 160 paired units was 94.38% for moves and 92.50% for move-step labels (κ = 0.930 and 0.917). Among 376 directly comparable AI-R1 units, agreement was 81.65% for moves and 64.10% for move-step labels (κ = 0.779 and 0.613). Boundary revisions and AntConc concordances highlighted the need for contextual interpretation. The workflow supports traceable annotation decisions, not whole-corpus AI accuracy estimates; its proposed TESOL application remains untested.
Tóm tắt
Nghiên cứu đánh giá quy trình NotebookLM hỗ trợ mã hóa hành động-bước trong 40 thông cáo báo chí công nghệ (20 tiếng Anh, 20 tiếng Việt). NotebookLM gán nhãn sơ bộ cho 785 đơn vị được phân đoạn trước bằng lệnh zero-shot theo Codebook V1.2. R1 mã hóa độc lập trước khi xem kết quả AI; R2 mã hóa độc lập mẫu 10 thông cáo. Với 160 đơn vị mã hóa kép, mức thống nhất trước phân xử đạt 94,38% cho hành động và 92,50% cho hành động-bước (κ = 0,930 và 0,917). Trong 376 đơn vị AI-R1 có ranh giới tương đương, mức thống nhất tương ứng là 81,65% và 64,10% (κ = 0,779 và 0,613). Rà soát bằng AntConc nhấn mạnh vai trò thẩm định con người; kết quả không đại diện cho độ chính xác AI trên toàn ngữ liệu.
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1. Introduction
Identifying rhetorical moves requires interpreting communicative purposes rather than headings or lexical cues alone (Swales, 1990; Bhatia, 1993). As functions may cross sentence and paragraph boundaries, annotation involves both labeling and unitization. This is challenging in corporate press releases, which combine informational and promotional aims (Catenaccio, 2008). AI can generate preliminary annotations, but its suggestions may shape subsequent human judgments (Gao et al., 2024; Parfenova et al., 2025; Schroeder et al., 2025). Moreover, agreement calculated only on aligned units excludes boundary disputes.
Accordingly, this study examines 20 English and 20 Vietnamese technology-sector corporate press releases. NotebookLM supplied preliminary move-step annotations; R1 independently coded the texts before viewing AI output, and R2 coded a subset for reliability analysis. AntConc supported selected contextual checks. Language and company provenance were not independently controlled, and TESOL applications remain untested. From all of the above, the study aims at answering the three research questions below:
· RQ1: How closely do NotebookLM’s move-step labels match independent human coding on directly comparable units?
· RQ2: What label and segmentation discrepancies are documented in selected AI annotations, and how were they resolved?
· RQ3: How do human validation and selective concordance searches contribute to transparent move-step decisions?
2. Literature review and analytical framework
2.1. From communicative purpose to functional units
Genre analysis explains how texts achieve communicative purposes within discourse communities. Swales (1990) emphasizes shared purposes and recurrent rhetorical organization, while Bhatia (1993) examines professional communication shaped by institutional practices. Moves represent communicative actions, and steps specify how those actions are realized.
Identifying these functions requires contextual interpretation. Askehave and Swales (2001) caution that communicative purposes may be multiple or difficult to establish from surface features. Headings, sentences, and paragraphs need not correspond to distinct rhetorical units. Conversely, a passage may perform several functions.
Codebook V1.2 and its Segmentation Protocol therefore prioritize function over layout (Section 3.3; Appendix A).
2.2. The rhetorical organization of corporate press releases
Corporate press releases combine informative and promotional functions, presenting organizational developments to journalists and broader audiences. McLaren and Gurău (2005) identified recurrent announcement, elaboration, comment, and contact components in UK biotechnology releases, alongside an optional editor's note.
Pander Maat (2007) examined promotional language in releases and its treatment in journalistic reporting. Catenaccio (2008) conceptualized press releases as a hybrid genre comprising news presentation, justification, elaboration, and organizational promotion. Optional components and variable ordering require functional rather than positional coding.
Vietnamese press-release studies offer complementary evidence. Dinh (2014) examines media discourse, while Huynh (2023) and Huynh (2025) investigate conceptual metaphors. Luong (2025) compares the discourse structures of Vinamilk and Nestlé press releases. Nguyen and Nguyen (2026) examine English United Nations releases about climate change.
These studies concern different corpora and analytical questions. None independently evaluates NotebookLM move-step coding in an English-Vietnamese corporate corpus. Nevertheless, they establish the importance of communicative organization and contextual interpretation. Operational rules are therefore necessary before AI annotations can be meaningfully compared with human decisions.
2.3. The analytical framework 
Following Swales (1990) and Bhatia (1993), Codebook V1.2 adapts press-release functions from McLaren and Gurău (2005) and Catenaccio (2008). It defines eight moves (M1-M8), with steps for M2-M7.
M2 summarizes or previews; M3 makes the principal announcement. Catenaccio (2008) distinguishes an optional summary from the announcing lead, whereas McLaren and Gurău (2005) do not specify an equivalent independent summary move.
Table 1 compares these functional categories.
Table 1
Functional correspondence between Codebook V1.2 and earlier press-release research
	Current move
	Main communicative function
	Relationship with earlier research

	M1. Headline
	Presents the main news in a headline
	Corresponds to the Headline component in Catenaccio (2008).

	M2. Lead/summary
	Summarizes or previews content without independently making the principal announcement
	Adapted from the optional Summary of main points in Catenaccio (2008), distinguished from her announcing Lead.

	M3. Event announcement
	Announces the principal corporate development
	Related to Announcement in McLaren and Gurău (2005) and to the announcing Lead in Catenaccio (2008).

	M4. Elaboration/      
        Detailing
	Explains features, components, processes, or implementation
	Related to Elaboration in McLaren and Gurău (2005) and Detailing in Catenaccio (2008).

	M5. Justification/ 
        Background
	Establishes context, needs, significance, or evaluation
	Related to the Justifying component in Catenaccio (2008).

	M6. Quotation/ 
        Comment
	Presents attributed comments from relevant speakers
	Related to Comments in McLaren and Gurău (2005) and attributed promotional material in Catenaccio (2008).

	M7. Boilerplate/ 
       Establishing 
       credentials
	Describes an organization or provides evidence of its credibility
	Related to Boilerplate descriptions/establishing credentials in Catenaccio (2008).

	M8. Further 
       information/ 
       Media contact
	Provides media contacts or routes to additional information
	Related to Contact details in McLaren and Gurău (2005) and Catenaccio (2008).


Note. Correspondences denote related communicative purposes, not identical move inventories. Codebook V1.2 adapts categories to the present study; earlier models are not assumed to prescribe the same sequence.
M2-S1 prospectively summarizes following content, whereas M2-S2 summarizes an introduction. A topical heading alone does not qualify as M2, and principal announcements belong to M3. M4 explains features or implementation; M5 presents context or significance. M7-S1 describes an organization, while M7-S2 establishes credentials. This later clarification did not change locked codes. Segments may be split by function, merged when they share a function, or assigned a dominant code when inseparable. Exceptional dual coding requires documentation (Appendix A).
2.4. AI-assisted annotation and the role of human judgment
Large language models (LLMs) are increasingly used to annotate rhetorical functions, but findings depend on genre, prompts, and evaluation design. Kim and Lu (2024) tested prompt refinement and model adaptation for move-step analysis; Yu (2025a, 2025b) examined CEO statements. Further research addressed research article abstracts, inter-model inconsistency, and pragmatic-function annotation (Yu, Bondi, & Hyland, 2026; Yu, R. Yu, Bondi, & Hyland, 2026; Yu et al., 2024). These designs are not directly comparable. Human involvement raises additional concerns. Gao et al. (2024) studied collaborative coding, Parfenova et al. (2025) compared LLMs with experts, and Schroeder et al. (2025) examined suggestion-induced bias. The present study therefore keeps initial AI labels, independent R1 codes, and subsequent reviews separate. Compared with an unstructured general chatbot session, the notebook-based setup offered a practical way to organize the specified press releases and Codebook V1.2 within a shared source workspace. This supported repeated segment-range requests, consistent source referencing, and preservation of outputs for subsequent auditing. The selection did not assume superior annotation accuracy over general chatbots.
2.5. Corpus-assisted checking and the remaining gap
Corpus methods retrieve linguistic patterns in context (Biber et al., 2007; Upton & Cohen, 2009). AntConc facilitates concordance searches (Anthony, 2024), but keywords do not independently identify rhetorical functions. Pham (2023) offers related Vietnamese-English corpus evidence from academic writing. Combining genre analysis, AI annotations, and concordance examination raises a particular challenge when functional boundaries also change. Agreement limited to aligned units omits splitting and merging disputes. This study therefore pairs quantitative AI-R1 comparison on eligible units with documented boundary cases and contextual checks. Its contribution is a traceable validation process, not whole-corpus AI accuracy or isolated language effects.
3. Methodology
3.1. Research design
This study adopted a descriptive design combining quantitative agreement analysis with qualitative examination of coding decisions and functional boundaries. NotebookLM-generated annotations were compared with R1’s independent coding, while R1-R2 agreement was assessed on a subset of paired units. Documented boundary discrepancies and selected AntConc concordances were examined to clarify context-dependent coding decisions, consistent with corpus-assisted approaches to genre analysis (Upton & Cohen, 2009). AI-generated labels were treated as preliminary annotations rather than the reference standard.
3.2. Corpus and data preparation
The study employed purposive sampling to compile 40 publicly available technology-sector corporate press releases published between 2020 and 2025. The corpus comprised 20 English texts from multinational companies, including Apple, Samsung, Microsoft, Google, and NVIDIA, and 20 Vietnamese texts from Viettel, FPT Telecom, VNPT-Media, VNG, and VCCorp. Although genre, sector, and coding framework were shared across the two groups, language and corporate provenance were not independently controlled. Accordingly, observed differences were not interpreted as independent language effects. Each press release was assigned a unique identifier (EN01-EN20 or VN01-VN20), and original files, source information, coding records, and review notes were retained. Full texts were also prepared for concordance analysis, combining close reading with cross-text examination (Biber et al., 2007; Upton & Cohen, 2009). Table 2 summarizes the corpus composition and double-coding coverage.
Table 2
Corpus composition and double-coding coverage
	Component
	English
	Vietnamese

	Press releases
	20
	20

	Texts represented in R1-R2 subset
	5
	5

	Paired coding units for reliability
	80
	80


Note. Reliability was calculated from 160 paired R1–R2 labels on provisional units, not from independently established functional boundaries.
Ten complete press releases were chosen through language-stratified purposive selection: five English texts (EN03, EN07, EN08, EN16, EN18) and five Vietnamese texts (VN04, VN12, VN13, VN15, VN19). Selection considered balance across languages, text length, topic diversity, and coding feasibility. The sample originally comprised 80 provisional units from each language group; complete releases were retained to preserve discourse context. Eight English R2 annotations for EN03_S012 - EN03_S019 were recorded on paper but not transferred to an earlier comparison extract, leaving 72 English pairs in that extract. Their transcription restores the intended 80 English pairs without recoding. This purposive subset was not intended to represent the corpus statistically. Calibration occurred separately before independent coding (Section 3.5). Counts by release appear in Appendix G (Table G1).
3.3. Coding framework and functional segmentation
Codebook V1.2 drew on Swales (1990), Bhatia (1993), McLaren and Gurău (2005), and Catenaccio (2008). It defines M1-M8, steps for M2-M7, and an excluded X category (Appendix A). Pilot refinements used the study corpus without independent held-out testing, and R1 helped develop the codebook and adjudicate disagreements. These procedures support consistency but limit reference-standard independence. Source formatting yielded 785 provisional units before AI processing, not independently verified functional segments (Campbell et al., 2013). Coding followed communicative function: distinct functions could be split, shared functions merged, and inseparable material assigned a dominant code. M2/M3, M4/M5, and M5/M7 distinctions followed the same rules. Later M7-S1/M7-S2 clarification did not alter locked codes. The shared decision rules distinguished prospective summaries from announcements, features from contextual justifications, and organizational descriptions from credentials. A dominant-function rule was used only when meaningful functional separation was unjustified.
3.4. AI-assisted preliminary coding
NotebookLM produced preliminary annotations from named source files and Codebook V1.2 using a standardized zero-shot prompt without coded examples (Appendix B). A notebook-based environment kept specified texts and the codebook available for repeated segment-range requests, supporting consistent referencing and archiving. The original IDs were retained; suspected boundary problems received REVIEW flags, not automatic error judgments. Each TSV row stored Segment_ID, Move, Step, Function, Boundary_Flag, and Reason. R1 independently coded all 40 releases before viewing AI output.
Two Google accounts supported separate English and Vietnamese notebooks. A supplementary English notebook handled specified ID ranges for EN06, EN12, and EN13–EN20 when initial requests did not return TSV. Three archived histories preserve 80 user-model exchanges (59 English; 21 Vietnamese), including 57 TSV responses and 23 non-TSV exchanges retained for audit, not scored as errors. Deduplicated outputs cover 785 provisional units (515 English; 270 Vietnamese). Eligibility for the 376 directly comparable units depended on boundary alignment and corresponding R1 labels, not TSV success. Precise NotebookLM model-release and generation-setting metadata were unavailable, and possible AI influence during later review was not tested (Schroeder et al., 2025). The initial English notebook contained the codebook and 20 segment files; supplementary requests used ten targeted files. Each supplementary request identified the text and segment-ID range. Non-TSV responses were retained as provenance records rather than treated as annotated units.
3.5. Human validation and inter-rater reliability
R1, the first author, and R2 were Ph.D students specializing in contrastive linguistics; R1 helped develop Codebook V1.2, while R2 had foundational move-step knowledge. They first jointly coded and discussed one sample press release to calibrate their application of the codebook. This calibration was excluded from reliability testing (O’Connor & Joffe, 2020).
R1 independently coded the 20 English press releases, followed by the 20 Vietnamese releases, before entering the annotations into the metadata workbook. Initial R1 coding was completed without consulting NotebookLM labels. For the ten-text reliability subset, R2 used a Master workbook copy with the AI and R1 coding columns hidden. The coders’ separate labels were compared before adjudication. Agreement and Cohen’s kappa were calculated on 160 paired provisional units (80 English; 80 Vietnamese) (Cohen, 1960). Twelve move-step disagreements were resolved through discussion, with final labels and rationales retained separately. The remaining 30 releases underwent R1-AI review, not independent R1-R2 consensus coding.
The 160-unit analysis includes the original provisional segments, including five consecutive EN03 media-contact rows coded M8 by both coders; these may form a single functional unit in final move-frequency analysis. Reliability concerns the paired labels, not independently determined boundaries. R1’s involvement in codebook development and adjudication limits reference-standard independence (Artstein & Poesio, 2008; Campbell et al., 2013).
3.6. AI-human comparison and corpus-assisted examination
The primary AI-R1 comparison included 376 of 785 provisional units with equivalent functional boundaries and valid M1–M8 labels from both NotebookLM and independent R1 coding. The eligible proportion was 238/515 English units (46.21%) and 138/270 Vietnamese units (51.11%). The remaining 409 records comprised 12 peripheral X records, 295 boundary-audit or unclassified records, and 102 initially unaligned NotebookLM Run01 rows from EN06 (Table 3). Subsequent text-span alignment mapped 102 Run01 units to 81 R1-finalized functional units. It identified 36 additional exact-boundary M1-M8 pairs, 12 X units, and 54 boundary-different units within those 102 rows. The earlier exclusion reflected absent row-level alignment in the working comparison table, not missing R1 coding.
The original arithmetic sensitivity bounds used 773 potential move-bearing records (785 minus 12 then-identified X records). They were 39.72% - 91.07% for moves and 31.18% - 82.54% for move-step labels. The later EN06 audit identified 12 additional X units, requiring a distinct 761-unit denominator for the conditional 412-pair sensitivity analysis (Appendix F). Neither calculation estimates AI accuracy across the complete corpus.
Table 3
Eligibility for direct AI-human label comparison
	Disposition
	Historical comparison
	EN06-audited scenario

	Comparable M1-M8 labels and boundaries
	376
	412

	Peripheral X in either label set
	12
	24

	Boundary-audit or unclassified records
	295
	295

	EN06 unmatched / boundary-different
	102
	54

	Total provisional units
	785
	785


Note.  The primary classification covers the original 376-unit comparison. The conditional EN06-aligned analysis reclassifies 102 previously unaligned rows into 36 exact-boundary M1–M8 candidates, 12 peripheral X units, and 54 boundary-different units. All 785 source units remain accounted for without duplication. The 295 audit records are not all confirmed AI boundary errors.
Agreement and Cohen’s kappa were calculated for the 376 eligible units in the primary comparison. Exploratory 95% confidence intervals used 1,500 document-clustered bootstrap resamples across 30 releases. The conditional 412-unit analysis and separately estimated intervals are reported in Appendix F, not substituted for the primary estimates.
Qualitative checks compared source texts, independent labels, and audit notes. AntConc 4.3.1 retrieved contextual expressions across all 40 releases (Anthony, 2024). Seventeen searches yielded 241 potentially overlapping hits for selected M3, M4, M5, and M7 interpretations (Upton & Cohen, 2009). Concordances did not independently validate labels. Final move frequencies used reviewed functional units.
4. Results
4.1. Agreement between human coders and preliminary AI labels
For RQ1, R1 and R2 agreed on 151/160 moves (94.38%; κ = 0.930) and 148/160 combined move-step labels (92.50%; κ = 0.917) before adjudication (Table 4). The 12 move-step disagreements were resolved separately. Descriptive differences between language groups cannot be attributed to language alone.
Table 4
Inter-rater agreement on the independently double-coded subset
	Group
	Paired units
	Move agreement
	Move-step agreement
	Move-step κ

	English
	80
	79/80 (98.75%)
	79/80 (98.75%)
	0.986

	Vietnamese
	80
	72/80 (90.00%)
	69/80 (86.25%)
	0.845

	Overall
	160
	151/160 (94.38%)
	148/160 (92.50%)
	0.917


Note. Kappa coefficients were calculated from independent pre-adjudication labels. The pooled move-level kappa was 0.930. The 160 units include two peripheral X codes and measure label agreement, not boundary agreement. Group differences are descriptive.
Separately, NotebookLM matched R1 on 307/376 eligible move labels (81.65%) and 241/376 move-step labels (64.10%). Exact move-step agreement was 56.72% for English and 76.81% for Vietnamese units (Table 5). These are descriptive differences between differently sourced and filtered subsets.
Table 5
NotebookLM agreement with independent R1 coding on directly comparable units
	Group
	Eligible units
	Move matches
	Move agreement
	Move-step matches
	Move-step agreement

	English
	238
	187
	78.57%
	135
	56.72%

	Vietnamese
	138
	120
	86.96%
	106
	76.81%

	Overall
	376
	307
	81.65%
	241
	64.10%


Note. Direct comparison required comparable functional boundaries and valid M1–M8 labels from both NotebookLM and independent R1 coding.
Within eligible units, move agreement yielded κ = 0.779 (95% cluster-bootstrap CI [0.687, 0.852]); move-step agreement yielded κ = 0.613 (95% CI [0.514, 0.705]). Agreement-rate intervals were [74.14%, 87.79%] and [54.87%, 72.51%]. Exact move-step agreement varied by reference move (Appendix E).
The EN06 audit mapped the original 102 Run01 rows to 81 R1-finalized units through shared text positions. Of these, 36 one-to-one M1-M8 pairs support a conditional extension of the comparison; 12 received peripheral X labels and 54 had different functional boundaries (Appendix F). The additional 36 pairs yielded 34 move matches and 33 move-step matches. Appendix D shows that, among 57 R1-coded M2 units in the primary analysis, NotebookLM labeled 13 as M4 and nine as M3; ten of 45 R1-coded M5 units received M4 labels. These are disagreement counts, not causal explanations. A move-level breakdown of the cited M2 and M5 label assignments appears in Appendix G (Table G4).
4.2. Differences in labels and functional boundaries
For RQ2, five traced cases illustrate functional boundary or label decisions (Table 6). Of the 295 boundary-audit or unclassified records, 111 carried merge indications, 37 split indications, and five explicit review flags. The remaining 142 comprised 141 entries from the original double-coded sample with no separately recorded R1 boundary flag and one VN02 date-metadata instruction. The 142 are not confirmed AI boundary errors. EN04 illustrates merging and an M8 reassignment; EN06 illustrates splitting and contact-block consolidation; VN09 separates significance from an announcement. The complete EN06 text-span crosswalk is now retained in the metadata audit. The source-flag classification is tabulated in Appendix G (Table G2).
Table 6
Illustrative annotation discrepancies and documented human resolutions
	Text and AI unit
	AI annotation
	Final coding
	Observed difference

	EN04 S010-S015
	Six M4-S1 units
	One M4-S1 unit
	Merged items with one function

	EN04 S043
	M8
	M4-S2 within S040-S043
	Move and boundary revised

	EN06 Run01 S084
	M4-S1
	Final EN06 S063 M4-S1; S064 M7-S2
	One unit split by function

	EN06 S098-S102
	Five M8 units
	One M8 unit
	Contact items merged, move retained

	VN09 S003 (S003a/S003b)
	One M3-S1 unit
	M5-S3 + M3-S1
	Significance separated from explicit announcement


Note. Cases are purposively selected and do not estimate model-error prevalence. EN06 Run01 S084 maps to finalized S063-S064; Run01 S098-S102 maps to finalized S081. VN09 S003 was split into S003a and S003b on communicative-function grounds. Each mapping is traceable in the locked source records.
4.3. Concordance evidence and contextual interpretation
For RQ3, 17 AntConc searches returned 241 potentially overlapping hits across announcement (91), elaboration (36), justification (76), and organizational positioning (38). These lexical occurrences are not move counts. In VN09, “chính thức công bố” marked an M3-S1 announcement, distinct from M5-S3 significance. “Introduction” in About Apple sections referred to corporate history rather than current announcements. The search-hit totals and their interpretation are summarized in Appendix G (Table G3).
Context changed other expressions’ functions. In EN12, “QualityCheck feature” described operation (M4-S2), while “in response to” supported justification (M5-S2). EN11’s “designed to” explained operation (M4-S2). “Leading” indicated organizational credentials in EN17 (M7-S2), but “leading the way” described Knox Matrix operation in EN11. Vietnamese “hàng đầu” described FTI’s profile in VN09 (M7-S1) and a product in VN08 (M4-S1). Eight selected cases appear in Table 7. The expression “documentary feature” in EN06 did not, by itself, indicate a product-component description. This contrasts with operational explanations that contain “feature” but require M4-S2 because the passage explains how a system works.
Table 7
Selected concordance cases and verified functional interpretations
	Text and final unit
	KWIC expression
	Final code
	Contextual interpretation

	VN09 S003b
	“chính thức công bố”
	M3-S1
	Announces the MOSP model; preceding S003a provides significance (M5-S3).

	EN12 S014
	“QualityCheck feature”
	M4-S2
	Explains automatic image-quality evaluation, not just a feature inventory.

	VN08 S008
	“hàng đầu”
	M4-S1
	Evaluates the Cortex XDR product rather than the organization.

	EN12 S011
	“in response to”
	M5-S2
	Connects the clinical challenge to the reason for the intervention.

	EN11 S009
	“designed to”
	M4-S2
	Describes how account protection operates, not the broader justification.

	EN17 S015
	“leading”
	M7-S2
	Establishes Vingroup credentials in its organizational profile.

	EN11 S009
	“leading the way”
	M4-S2
	Describes Knox Matrix within an operational explanation.

	VN09 S019b
	“hàng đầu”
	M7-S1
	Introduces FTI as an established provider in the organizational profile.


Note. KWIC expressions come from the archived AntConc outputs. Final codes follow the locked Master and verified RQ3 evidence records. These purposive cases are not estimates of move-specific frequency or AI error prevalence.
The concordances supported contextual checks, not independent label validation (Table 7). Exact agreement by R1 reference move appears in Appendix E; the conditional EN06 sensitivity analysis appears in Appendix F.
Unequal category sizes prevent inherent-difficulty rankings. The archive does not identify how many hits caused recoding, so AntConc-related accuracy gains cannot be quantified.
5. Discussion
5.1. Move and move-step agreement
Across 376 eligible AI-R1 units, move agreement (81.65%) exceeded exact move-step agreement (64.10%), suggesting that step assignment deserves closer attention. The separate human reliability assessment covered 160 paired provisional units. Neither analysis independently measures boundary agreement.
Human-human reliability and AI-R1 agreement answer different questions, so their numerical difference cannot demonstrate gains caused by human review. As O’Connor and Joffe (2020) note, reliability depends on task and sample. Differences from LLM - expert studies such as Parfenova et al. (2025) also reflect distinct annotation schemes. Lower step-level agreement points to a review priority rather than a whole-corpus accuracy estimate. Thus, higher R1- R2 agreement is not a controlled comparison of human and machine performance. The shared codebook and prior calibration may also influence how closely human coders agree.
5.2. Functional distinctions within corporate press releases
Exact move-step agreement was 35.09% for M2, 48.89% for M5, and 41.46% for M7, compared with 69.90% for M4. Press releases combine informative and promotional purposes (Catenaccio, 2008; Pander Maat, 2007), which plausibly complicates these distinctions. Yet the selected counts do not establish a universal difficulty hierarchy or identify disagreement causes.
Differences in prompts and genres constrain comparisons with other LLM studies (Kim & Lu, 2024; Yu, 2025b). English and Vietnamese rates also reflect different companies, topics, and eligibility rates. More closely matched texts would be required to isolate language effects.
5.3. Segmentation as an analytical decision
Table 6 demonstrates why functional boundaries matter. Six EN04 podcast items became one M4-S1 unit; five EN06 contact rows became one M8 unit. Other cases required splitting mixed functions, including justification from announcement in VN09. Such revisions can change unit counts even when the main move remains the same.
This distinction accords with unitization research (Artstein & Poesio, 2008; Campbell et al., 2013) and corpus-based close reading (Upton & Cohen, 2009). Stable-unit label disagreements call for clear codebook criteria; splits and merges require source-text review and documented mappings. The EN06 crosswalk now confirms the different functional boundaries of its original and finalized versions. Five Run01 M8 contact rows, for example, map to one finalized M8 contact block. These examples do not establish corpus-wide boundary reliability.
5.4. What human validation and concordances contribute
Table 7 shows why similar words need not signal the same move. “Leading” and “hàng đầu” described organizations or products depending on context. Likewise, “in response to” introduced justification, whereas “designed to” explained operation. Referents and surrounding discourse determined the interpretation.
Human reviewers established final functions, with AntConc supporting contextual retrieval (Upton & Cohen, 2009). The 241 overlapping hits cannot measure independent decisions or AI accuracy gains. Research on model inconsistencies reinforces the need for verification (Yu, R. Yu, Bondi, & Hyland, 2026). R1 coded independently before AI exposure, unlike AI-supported collaborative workflows (Gao et al., 2024), although later review could still be influenced by suggestions (Schroeder et al., 2025). Preserved searches and rationales make decisions auditable. This design separates the stage of independent human labeling from the later review stage. That distinction is necessary when assessing possible suggestion effects, even though this study did not experimentally quantify those effects.
5.5. Contribution, limitations, and implications
The contribution is methodological: preserving preliminary AI labels, independent human coding, boundary records, and contextual evidence enables the audit of distinct disagreement types. The primary 376-unit AI–R1 analysis is reproducible from the locked Master. A verified EN06 text-span crosswalk yields 36 additional exact-boundary M1-M8 candidates, producing an exploratory 412-unit analysis with modestly higher agreement (Appendix F). Neither denominator covers all provisional units or measures boundary accuracy.
The study used one AI platform, purposively selected texts, in-corpus codebook refinement, and 160 paired human units. English and Vietnamese data differed in corporate provenance, while independent boundary agreement was unavailable. Although EN06 is now completely mapped by text span, other audit records remain incompletely adjudicated for direct comparisons. Future studies should use held-out texts, independent boundary annotation, repeated AI runs, and closely matched groups.
In TESOL methods training, Table 7 could support contextual move-step annotation, followed by splitting and merging exercises using Table 6. Learners might justify M4-M7 distinctions before consulting reviewed codes. The proposal has not been tested as an educational intervention. Students could compare disagreements in paired groups and state the evidence for each adjudicated decision. Such a task would practice contextual reasoning rather than encourage reliance on keyword matching.
6. Conclusion
This study assessed NotebookLM move-step coding in 20 English and 20 Vietnamese corporate press releases. Human inter-rater reliability and AI-R1 correspondence were measured separately. The primary 376-unit comparison showed lower agreement for moves combined with steps than for moves alone. A EN06 text-span alignment supported a conditional 412-unit sensitivity analysis, without establishing whole-corpus accuracy.
Boundary revisions and concordance checks showed why labels alone do not capture annotation decisions. Retaining separate AI, independent human, and review records supports traceability, not demonstrated accuracy gains. Future research should assess labels and boundaries on held-out, independently segmented texts. Proposed TESOL uses also require evaluation.
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Use of generative AI
NotebookLM was used to generate preliminary move-step annotations. The researchers conducted the study, performed the coding and analysis, and developed and wrote the manuscript. ChatGPT was used to assist with drafting selected passages and refining the language, clarity, and organization of researcher-prepared content. All AI-assisted revisions were critically reviewed and edited by the researchers, who retained full responsibility for coding decisions, statistical analyses, interpretation, citation verification, and the final submitted manuscript.
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APPENDIX A
A1. Codebook V1.2
	Move
	Label
	Step
	Operational definition / exclusion
	Định nghĩa thao tác / tiêu chí loại trừ (phần này dành cho R2)

	M1
	Headline
	—
	Main news headline/ Exclude publication dates, press-release labels, and subheadings.
	Tin chính trong tiêu đề /Loại ngày đăng, nhãn press release và tiêu đề phụ

	M2
	Lead/Summary
	S1
	Summarizing or prospective subheading/ Do not use for a purely topical heading.
	Tiêu đề phụ tóm tắt/ Không dùng nếu chỉ là tiêu đề thuần túy

	M2
	Lead/Summary
	S2
	Lead paragraph summarizing essential information/ If the main function is to announce the news, code M3.
	Đoạn dẫn tóm tắt thông tin cốt lõi/ Nếu chủ yếu thực hiện công bố tin chính, gán M3

	M3
	Event Announcement
	S1
	Announces a product, service, or technology/ Descriptions of features belong to M4.
	Công bố sản phẩm/dịch vụ/công nghệ/ Chi tiết tính năng là M4

	M3
	Event Announcement
	S2
	Announces a partnership or agreement/ Implementation details belong to M4.
	Công bố hợp tác/thỏa thuận/ Chi tiết triển khai là M4

	M3
	Event Announcement
	S3
	Announces business results or organizational developments/ Past achievements used to establish credibility belong to M7.
	Công bố kết quả/phát triển doanh nghiệp/ Thành tích quá khứ để gây uy tín là M7

	M3
	Event Announcement
	S4
	Announces another initiative or event/ Do not use as a default announcement code.
	Công bố sáng kiến/sự kiện khác/ Không dùng như mã mặc định

	M4
	Elaboration/ Detailing
	S1
	Features, components, and descriptive details/ Communicative emphasis on significance belongs to M5.
	Tính năng/thành phần/chi tiết/ Ý nghĩa là M5

	M4
	Elaboration/ Detailing
	S2
	Operations or implementation procedures/ Explanations of why an action is needed belong to M5.
	Vận hành/cách triển khai/ Lý do cần thực hiện là M5

	M4
	Elaboration/ Detailing
	S3
	Quantitative operational metrics or results/ Figures establishing organizational standing belong to M7.
	Số liệu/kết quả vận hành/ Số liệu về uy tín doanh nghiệp là M7

	M5
	Justification/Background
	S1
	Market, policy, or societal context/ The organization's history or capabilities belong to M7.
	Bối cảnh thị trường/chính sách/xã hội/ Lịch sử năng lực doanh nghiệp là M7

	M5
	Justification/Background
	S2
	A problem, need, or sense of urgency/ Operational details belong to M4.
	Vấn đề/nhu cầu/cấp thiết/ Chi tiết vận hành là M4

	M5
	Justification/Background
	S3
	Benefits and significance/ Incidental benefits in a predominantly feature-focused passage may remain M4.
	Lợi ích/ý nghĩa/ Lợi ích phụ trong đoạn nêu tính năng có thể vẫn là M4

	M5
	Justification/Background
	S4
	Positive positioning with an evaluative communicative function/ Positive wording alone is insufficient.
	Định vị tích cực có chức năng đánh giá/ Từ ngữ tích cực đơn lẻ chưa đủ

	M6
	Quotation/ Comment
	S1
	Comment from a representative of the issuing organization/ Verify the issuing organization.
	Đại diện tổ chức phát hành/ Xác minh đơn vị phát hành

	M6
	Quotation/ Comment
	S2
	Comment from a partner or other relevant organization/ Check whether the release is jointly issued.
	Đối tác/tổ chức liên quan khác/ Kiểm tra thông cáo đồng phát hành

	M6
	Quotation/ Comment
	S3
	Comment from a customer, expert, or independent third party/ Executives of the issuing company are S1.
	Khách hàng/chuyên gia/bên thứ ba/ Lãnh đạo công ty phát hành là S1

	M7
	Boilerplate/ Establishing Credentials
	S1
	An About section introducing the organization/ Merge the About heading with the following description.
	Đoạn About giới thiệu tổ chức/ Gộp tiêu đề About với đoạn ngay sau

	M7
	Boilerplate/ Establishing Credentials
	S2
	Organizational history, scale, capabilities, or achievements/ External context is M5-S1.
	Lịch sử/quy mô/năng lực/thành tích/ Bối cảnh bên ngoài là M5-S1

	M8
	Further Information/ Media Contact
	—
	A contact point or destination for further information/ Ordinary links in the body are not M8.
	Đầu mối hoặc đích đến để tìm thêm thông tin/ Liên kết thông thường trong thân bài không phải M8

	X
	Peripheral/Excluded
	—
	Peripheral notes or legal disclaimers/ Retain for audit but exclude from M1-M8 frequencies.
	Chú thích/tuyên bố pháp lý ngoại vi/ Giữ kiểm tra; loại khỏi tần suất M1–M8



A2. Segmentation protocol
	Rule
	Application

	Principle
	Communicative function determines the code; textual position and keywords are supporting cues only.

	1. Identify the function
	What is this passage doing within the press release as a whole?

	2. Consider a split
	Split only when there is a clear functional boundary and the split does not distort meaning.

	3. Dominant function
	If splitting is not feasible, assign one code according to the dominant communicative function.

	4. Exceptional dual coding
	Use only when two functions cannot be separated and neither predominates; document the reason.

	5. Flag for adjudication (ADJ)
	If decision rules do not resolve the case, flag it for discussion by R1 and R2.

	M2/M3
	A lead that announces the main news is M3; VN02_S02 was finalized as M3-S4.

	M4/M5
	M4 answers WHAT/HOW; M5 answers WHY/WHY IT MATTERS.

	M5/M7
	M5 presents external context; M7 establishes the organization's credibility or capabilities.

	FC
	Flag future commitments (FCs); do not introduce an additional move.

	X
	Retain peripheral footnotes and legal disclaimers, but exclude them from move-frequency counts.

	Note
	AI codes are preliminary. Enter Final_Move only after applicable human review and adjudication where appropriate.

	Additional M7-S1/M7-S2 clarification
	Supplementary operational guidance; the definitions in Codebook V1.2 remain unchanged.

	M7-S1: Organizational description
	Describes the organization, its field, mission, scope, scale, and activities, including statistics, when organizational description or boilerplate is the dominant function.

	M7-S2: Establishing credentials
	Presents achievements, recognition, capabilities, expertise, or status when the dominant function is to establish organizational credibility.

	Decision test
	Determine communicative purpose in context: introducing the organization -> M7-S1; establishing its status or achievements -> M7-S2. Do not code on numerical information alone.

	Boundary
	Do not SPLIT when a block maintains one shared function; SPLIT only at a clear functional boundary. A prospective subheading summarizing the following content may qualify as M2-S1 under the existing rule.

	IEEE example
	An About IEEE section with mission, membership scale, and project descriptions -> M7-S1 for the organizational-description block; a prospective summarizing heading may be M2-S1 if independently segmented.

	Samsung example
	A list of Samsung's previous IEEE Fellows -> M7-S2 because it establishes organizational achievement or credibility.

	Preservation note
	Do not change preliminary AI coding, independent R1/R2 labels, or Final_Move records in this document. Apply the supplementary rules consistently during validation.



Appendix B. Standardized NotebookLM zero-shot prompt
The archived zero-shot template was applied using specified text identifiers and segment ranges. Two Google Takeout exports and a supplementary English notebook archive preserve 80 user-model exchanges. The histories retain both conforming TSV output and nonconforming responses. Consolidated TSV outputs cover all 40 releases and 785 provisional units. This supports a complete audit of the preserved preliminary coding outputs. Missing platform-level model and generation-setting metadata are a separate technical limitation.
TASK: Preliminary move–step coding for ONE specified press release and ONE specified ID range. This is preliminary AI output for subsequent human review, not validated final coding.
Use only the uploaded source named [TEXT_ID]_segments.txt and 00_Codebook_V1.2.txt. Read the entire press release for context, but output only segments with IDs from [START_ID] through [END_ID], inclusive. Do not use or invent other documents.
For each requested Segment_ID: assign ONE primary Move (M1–M8 or X) and its applicable Step from the codebook. For M1, M8, and X, use — as Step. Determine function in context; do not infer a Move from location, sentiment, or isolated keywords. Keep the segment IDs and text boundaries exactly as supplied. If a genuine boundary should be revised, set Boundary_Flag=REVIEW and briefly say split/merge in Reason; do not create new Segment_IDs. Mark uncertainty in Reason, but do not leave a row out.
Return ONLY tab-separated text (TSV), with this exact header and one data row per requested ID in ascending order:
Segment_ID<TAB>Move<TAB>Step<TAB>Function<TAB>Boundary_Flag<TAB>Reason
Allowed Boundary_Flag values: OK or REVIEW. Keep Function and Reason to at most 12 words each, with no tab or newline inside a field. Do not add a summary, Markdown table, or code fence. Before answering, count requested IDs and returned data rows and make them equal.
CURRENT RUN: TEXT_ID=[TEXT_ID]; START_ID=[START_ID]; END_ID=[END_ID].
Execution provenance: The initial English and Vietnamese exports preserve 42 and 21 user-model exchanges, respectively. A supplementary English notebook archive preserves 17 more, yielding 80 exchanges across three archives. Sixty prompts contain a concrete CURRENT RUN text identifier and segment range. Of the 80 responses, 57 contain TSV coding data and 23 do not. The 23 non-TSV responses comprise 22 instances returning tool-call content instead of the requested TSV and one Vietnamese source-selection problem (VN15) followed by a successful response. All 23 are visible in the preserved histories. They were not treated as completed coding outputs, and they should not be interpreted as 23 incorrect move-step labels. The supplementary notebook contained Codebook V1.2 and ten segment files for EN06, EN12, and EN13-EN20; each coding request targeted one text and a specified ID range. Its retained TSV responses cover 280 distinct source IDs, with the duplicate EN15_S026 response counted only once. Consolidating the three archives gives preliminary TSV coding output for all 515 English and 270 Vietnamese source IDs, covering 40 releases and 785 provisional units. Full preliminary-output coverage does not establish AI-human agreement over all provisional units. Direct AI-R1 agreement is restricted to the 376 units meeting the stated boundary and R1-label eligibility conditions. The 23 non-TSV responses document output-format and source-selection difficulties, not missing final labels in the consolidated data. NotebookLM model-release details, generation parameters, and per-exchange execution timestamps are not supplied in the exports. Source-upload timestamps must not be interpreted as execution timestamps.
Appendix C. English key to Codebook V1.2 and segmentation protocol
This supplementary English key summarizes the existing move-step definitions and decision flags in Appendix A. It does not introduce new coding criteria.
	Code or flag
	English explanation

	M1
	Main news headline, excluding date and press-release metadata.

	M2-S1
	Summarizing or prospective subheading, including a qualified internal heading, not a purely topical label.

	M2-S2
	Introductory passage summarizing key information. A primary announcement is M3.

	M3-S1 to S4
	Principal announcements of technology/products, partnerships, company developments, or other events.

	M4-S1 to S3
	Features and components, operations and implementation, or quantitative operating details.

	M5-S1 to S4
	External context, needs, significance or benefits, and positive evaluative positioning.

	M6-S1 to S3
	Attribution to issuing-organization representatives, partners, or independent third parties.

	M7-S1
	Organizational description such as mission, field, scale, and routine corporate profile.

	M7-S2
	Organizational credentials, achievements, standing, or evidence establishing authority.

	M8
	Media-contact details or destinations for further information. Ordinary links inside body text are not automatically M8.

	X
	Peripheral or legal material retained in the audit but excluded from M1-M8 frequency totals.

	ADJ
	Flag a disputed case for human adjudication.

	FC
	Flag a future commitment for review; not an additional move.

	SPLIT / MERGE
	Separate distinct functional units or combine adjacent text serving a shared purpose.

	REVIEW
	Preliminary AI flag for a suspected boundary issue; not a finalized split or merge.



Rule sequence. Determine communicative function, examine whether a clear split is necessary, then assign the dominant label if one function prevails. Exceptional dual coding requires justification. Unresolved cases proceed to ADJ. Final labels are entered after human review.
Scope of independent coding and adjudication: R1 and R2 recorded labels separately in the Master workbook workflow. R2’s working copy concealed the prior AI and R1 code columns. The language-stratified purposive sample contained 160 paired provisional units from ten releases; eight R2 paper-record labels for EN03 were entered after the first 152-pair workbook extraction. A separate calibration release was excluded from reliability testing.
The 160 pre-adjudication pairs yielded 12 combined move-step disagreements. Consensus adjudication applied to those 12 disagreements only; the eight restored R2 labels matched R1 and required no new adjudication. For the remaining 30 releases, R1’s independent labels were compared with AI annotations, but this review was not independent double-coding or two-rater consensus.
This clarification describes the scope of the implemented validation procedures. It does not modify the original coding categories, segmentation rules, or finalized move-step labels.
Appendix D. Move-level AI-R1 confusion matrix
Rows show independent R1 reference moves, and columns show preliminary NotebookLM moves for the 376 comparable units. This matrix describes labels only on the eligible retained-boundary subset.
	R1 / AI
	M1
	M2
	M3
	M4
	M5
	M6
	M7
	M8

	M1
	29
	0
	0
	0
	0
	0
	0
	0

	M2
	0
	32
	9
	13
	2
	0
	0
	1

	M3
	0
	1
	25
	5
	2
	0
	0
	1

	M4
	0
	0
	2
	95
	1
	0
	1
	4

	M5
	0
	1
	0
	10
	28
	2
	3
	1

	M6
	0
	0
	0
	3
	0
	55
	0
	0

	M7
	0
	0
	0
	4
	2
	0
	34
	1

	M8
	0
	0
	0
	0
	0
	0
	0
	9



Appendix E. Exact move-step agreement by R1 reference move
Table E1
Exact move-step agreement by R1 reference move
	R1 move
	Eligible units (n)
	Move matches
	Move-step matches
	Exact move-step agreement

	M1
	29
	29/29
	29/29
	100.00%

	M2
	57
	32/57
	20/57
	35.09%

	M3
	34
	25/34
	22/34
	64.71%

	M4
	103
	95/103
	72/103
	69.90%

	M5
	45
	28/45
	22/45
	48.89%

	M6
	58
	55/58
	50/58
	86.21%

	M7
	41
	34/41
	17/41
	41.46%

	M8
	9
	9/9
	9/9
	100.00%


Note. Percentages use the independent R1 reference move as the denominator (n = 376). M1 and M8 have no steps in Codebook V1.2.
Appendix F. EN06 text-span alignment and conditional agreement analysis
The primary AI-R1 comparison includes 376 provisional units with equivalent functional boundaries and valid M1-M8 labels. To examine the sensitivity of the eligible set, we aligned all 102 NotebookLM Run01 segments for EN06 with 81 finalized R1 units using positions in normalized source text. This yielded 57 linkage groups: 48 exact 1:1 pairs, six 1:n splits, two n:1 merges, and one n:m relation. Among the 48 exact pairs, 12 had R1 code X and 36 had eligible M1–M8 labels. Those 36 pairs contributed 34 matching moves and 33 matching move-step combinations. Units with different functional boundaries were not forcibly paired.
The additional pairs have an archived independent R1 source, and the researcher confirmed the coding sequence. This supplementary analysis changes the eligible-unit set without altering initial labels or adjudicated codes. It is reported separately to make the effect of EN06 alignment transparent.
Table F1
Primary AI-R1 comparison and conditional EN06-aligned analysis
	Metric
	Primary comparison
	Conditional extension

	Compared units
	376
	412

	Contributing releases
	30
	31

	English compared units
	238
	274

	Vietnamese compared units
	138
	138

	Move matches
	307
	341

	Move agreement
	81.65%
	82.77%

	Cohen's κ, Move
	0.779
	0.788

	95% cluster-bootstrap CI, Move κ
	[0.687, 0.852]
	[0.700, 0.858]

	Move-step matches
	241
	274

	Move-step agreement
	64.10%
	66.50%

	Cohen’s κ, Move-step
	0.613
	0.635

	95% cluster-bootstrap CI, Move-step κ
	[0.514, 0.705]
	[0.539, 0.724]

	English move matches
	187
	221

	English move-step matches
	135
	168

	English eligible / original 515
	46.21%
	53.20%

	Vietnamese eligible / original 270
	51.11%
	51.11%


Note.  The primary confidence intervals were estimated using 1,500 document-clustered bootstrap resamples across 30 releases. Conditional intervals used 1,500 such resamples across 31 releases (seed 20261030). These two calculations used different resampling runs. Differences between columns reflect changed eligibility, not causal improvement or whole-corpus AI accuracy.
Table F2
Exact move-step agreement by R1 reference move after conditional EN06 integration
	R1 move
	Units
	Move matches
	Exact move-step matches

	M1
	30
	30
	30

	M2
	57
	32
	20

	M3
	36
	26
	23

	M4
	131
	122
	99

	M5
	45
	28
	22

	M6
	60
	57
	52

	M7
	44
	37
	19

	M8
	9
	9
	9

	Total
	412
	341
	274


Note. Exact matches are calculated against the R1 reference move. The sum of denominators is 412, but these additional units were not included in the primary Table 5.
Table F3
Move-level confusion matrix for the conditional 412-unit analysis
	AI / R1
	M1
	M2
	M3
	M4
	M5
	M6
	M7
	M8

	M1
	30
	0
	0
	0
	0
	0
	0
	0

	M2
	0
	32
	1
	0
	1
	0
	0
	0

	M3
	0
	9
	26
	2
	0
	0
	0
	0

	M4
	0
	13
	6
	122
	10
	3
	4
	0

	M5
	0
	2
	2
	1
	28
	0
	2
	0

	M6
	0
	0
	0
	0
	2
	57
	0
	0

	M7
	0
	0
	0
	1
	3
	0
	37
	0

	M8
	0
	1
	1
	5
	1
	0
	1
	9


Note. Rows are preliminary AI moves and columns are independent R1 reference moves. The diagonal contains 341 matches; the row and column totals each sum to 412. The 412-unit analysis is conditional.
Conditional arithmetic sensitivity bounds
Primary sensitivity bounds used 773 potentially comparable units (785 minus 12 X). EN06 alignment identified 12 additional X records, giving 761, of which 412 were compared. Assuming all 349 remaining units matched or mismatched yields 44.81% - 90.67% (moves) and 36.01% - 81.87% (move-step). These are arithmetic extremes, not confidence intervals or whole-corpus accuracy estimates.
Appendix G. Supporting traceability tables
These tables unpack the numerical descriptions in Sections 3.2, 4.1, 4.2, and 4.3. They report recorded selections, classifications, and annotations rather than additional inferential findings.
Table G1
	Language
	Press release ID
	Paired provisional units (n)
	Selection unit

	English
	EN03
	19
	Full release

	English
	EN07
	20
	Full release

	English
	EN08
	10
	Full release

	English
	EN16
	12
	Full release

	English
	EN18
	19
	Full release

	Vietnamese
	VN04
	17
	Full release

	Vietnamese
	VN12
	11
	Full release

	Vietnamese
	VN13
	19
	Full release

	Vietnamese
	VN15
	19
	Full release

	Vietnamese
	VN19
	14
	Full release

	English subtotal
	5 complete texts
	80
	

	Vietnamese subtotal
	5 complete texts
	80
	

	Total
	10 complete texts
	160
	


Note. The ten releases were purposively selected as five whole English and five whole Vietnamese texts, with 80 provisional coded units per language. The calibration release was outside this subset. These counts refer to paired label units, not independently double-segmented functional units.
Table G2
	Disposition
	Records (n)
	Documentary basis
	Interpretation

	Merge indication
	111
	Boundary-flag category
	Does not alone demonstrate AI misclassification

	Split indication
	37
	Boundary-flag category
	Functional division requires source-text inspection

	Explicit review flag
	5
	Boundary-flag category
	Not scored as a confirmed error

	Other: R1 boundary flag not separately entered
	141
	Original double-coded-sample entries
	Absence of flag is not proof of a boundary error

	Other: VN02 date-metadata instruction
	1
	VN02_S001 audit instruction
	Date metadata removed; headline retained

	Total
	295
	Original excluded audit/unclassified group
	111 + 37 + 5 + 141 + 1 = 295


Note.  The last two rows before the total jointly form the “other” category of 142 records. The primary classification represents a processing disposition, not a verified typology of AI boundary errors. EN06 Run01 records appear separately in Table 3.
Table G3
	Interpretive focus
	Archived concordance hits (n)

	Announcement
	91

	Elaboration
	36

	Justification
	76

	Organizational positioning
	38

	Total
	241


Note. The 241 hits were retrieved through 17 AntConc searches. Results are potentially overlapping lexical concordance instances, not 241 independent functional units, 241 coding changes, or move-frequency estimates. The number of hits that caused a coding change was not separately logged.
Table G4
	Independent R1 move
	NotebookLM move
	Units (n)
	% within R1 move
	Relationship

	M2 (n = 57)
	M2
	32
	56.14%
	Agreement

	M2 (n = 57)
	M3
	9
	15.79%
	Different move

	M2 (n = 57)
	M4
	13
	22.81%
	Different move

	M2 (n = 57)
	M5
	2
	3.51%
	Different move

	M2 (n = 57)
	M8
	1
	1.75%
	Different move

	M5 (n = 45)
	M2
	1
	2.22%
	Different move

	M5 (n = 45)
	M4
	10
	22.22%
	Different move

	M5 (n = 45)
	M5
	28
	62.22%
	Agreement

	M5 (n = 45)
	M6
	2
	4.44%
	Different move

	M5 (n = 45)
	M7
	3
	6.67%
	Different move

	M5 (n = 45)
	M8
	1
	2.22%
	Different move


Note. Cells reproduce the M2 and M5 reference rows of the 376-unit confusion matrix in Appendix D. M2→M4 = 13/57, M2→M3 = 9/57, and M5→M4 = 10/45. Each column reports percentages within its own R1 reference move (57 M2 units or 45 M5 units). Counts describe label differences, not their causes.
Appendix H. Availability and access to research materials
Table H1 specifies how readers may access the research materials. Table H2 identifies the 40 corporate press releases by corpus ID, title, issuer, publication date, and source URL.
Table H1
	Material
	Where to find it
	Access route and limitations

	Published press releases (40 texts)
	Publisher-hosted web pages
	Use the URLs in Table H2. Full copyrighted texts are not redistributed.

	Codebook V1.2 and segmentation protocol
	Appendices A and C; research archive
	Abbreviated analytical key appears in the paper. Request the complete materials from the corresponding author.

	NotebookLM prompt and execution records
	Appendix B; research archive
	Prompt template appears in the paper. Run histories and detailed provenance may be requested.

	TSV outputs, R1–R2 codes and Master workbook
	Research archive
	Request access from the corresponding author. Release of detailed records is subject to rights and research-record review.

	EN06 crosswalk, concordance and statistical audit
	Appendices D–G; research archive
	Summary data appear in the paper. Detailed metadata and audit logs may be requested.


Note. “May be requested” refers to a case-by-case access request through the corresponding author, not unrestricted public access. Publisher-hosted pages are the preferred route to the original press releases.


Table H2
Corporate press releases included in the corpus (2020 - 2025)
	No.
	Corpus ID
	Press-release title
	Issuing company
	Publication date
	Source URL

	1
	EN01
	Apple Music expands live global radio offering with three brand-new stations
	Apple
	10 Dec 2024
	https://nr.apple.com/dR2H0m6Eu6

	2
	EN02
	Apple Music celebrates the greatest records ever made with the launch of inaugural 100 Best Albums list
	Apple
	13 May 2024
	https://nr.apple.com/dz2b3x8Vn0

	3
	EN03
	Apple Tower Theatre opens Thursday in downtown Los Angeles
	Apple
	22 Jun 2021
	https://nr.apple.com/dm4W6p2g4c

	4
	EN04
	Apple Podcasts Subscriptions and channels are now available worldwide
	Apple
	15 Jun 2021
	https://nr.apple.com/dm4n2r2x2t

	5
	EN05
	Apple Via del Corso opens Thursday, May 27, in Rome
	Apple
	26 May 2021
	https://nr.apple.com/dm3b9o9E4O

	6
	EN06
	Apple lands record 54 Emmy Award nominations, and makes history as Ted Lasso becomes the most Emmy-nominated comedy for the third consecutive year, and STILL: A Michael J. Fox Movie becomes this year’s most nominated documentary film or docuseries
	Apple
	12 Jul 2023
	https://nr.apple.com/Dc3U3P3gt8

	7
	EN07
	Five Samsung Electronics Researchers Named IEEE Fellows
	Samsung
	17 Dec 2024
	https://bit.ly/4gh3OYi

	8
	EN08
	Samsung Electronics To Become Largest Shareholder in Rainbow Robotics Accelerating Future Robot Development
	Samsung
	31 Dec 2024
	https://bit.ly/3DBTHiN

	9
	EN09
	Samsung Secures a Leadership Position at 3GPP
	Samsung
	12 Mar 2025
	https://bit.ly/3FieIzM

	10
	EN10
	Samsung Electronics Partners With Electronic Arts and Xbox To Bring EA SPORTS FC™ 25 to Samsung Gaming Hub
	Samsung
	20 Jun 2025
	https://bit.ly/3SU5ai2

	11
	EN11
	Samsung Introduces Future-Ready Mobile Security for Personalized AI Experiences
	Samsung
	07 Jul 2025
	https://bit.ly/3ThSe5R

	12
	EN12
	Samsung Medison Leads Women’s Health With Life Cycle Ultrasound Solutions at ISUOG 2025
	Samsung
	16 Sep 2025
	https://bit.ly/4gz9oqo

	13
	EN13
	Microsoft and FFA help students use smart sensors and AI to learn about the future of farming
	Microsoft
	06 May 2025
	https://news.microsoft.com/source/2025/05/06/microsoft-and-ffa-help-students-use-smart-sensors-and-ai-to-learn-about-the-future-of-farming/

	14
	EN14
	Microsoft expands AI capabilities to shape a healthier future
	Microsoft
	10 Oct 2024
	https://news.microsoft.com/source/2024/10/10/microsoft-expands-ai-capabilities-to-shape-a-healthier-future/

	15
	EN15
	Accenture and Google Cloud Launch Joint Generative AI Center of Excellence to Help Enterprises Harness the Value of Generative AI
	Google
	13 Dec 2023
	https://www.googlecloudpresscorner.com/2023-12-13-Accenture-and-Google-Cloud-Launch-Joint-Generative-AI-Center-of-Excellence-to-Help-Enterprises-Harness-the-Value-of-Generative-AI

	16
	EN16
	Groupe Rocher Selects Google Cloud to Accelerate Its Digitization and Sustainability Commitments
	Google
	28 Oct 2021
	https://www.googlecloudpresscorner.com/2021-10-27-Groupe-Rocher-Selects-Google-Cloud-to-Accelerate-Its-Digitization-and-Sustainability-Commitments

	17
	EN17
	Vingroup Enters Collaboration with Google Cloud to Modernize Group-Wide SAP Applications and Accelerate Digital Transformation
	Google
	05 Dec 2022
	https://www.googlecloudpresscorner.com/2022-12-05-Vingroup-Enters-Collaboration-with-Google-Cloud-to-Modernize-Group-Wide-SAP-Applications-and-Accelerate-Digital-Transformation

	18
	EN18
	NVIDIA and Booz Allen Hamilton Expand Partnership to Bring AI-Enabled Cybersecurity to Public and Private Sectors
	NVIDIA
	20 Sep 2022
	https://nvidianews.nvidia.com/news/nvidia-and-booz-allen-hamilton-expand-partnership-to-bring-ai-enabled-cybersecurity-to-public-and-private-sectors

	19
	EN19
	NVIDIA to Open Vietnam R&D Center to Bolster AI Development
	NVIDIA
	05 Dec 2024
	https://nvidianews.nvidia.com/news/nvidia-to-open-vietnam-r-d-center-to-bolster-ai-development

	20
	EN20
	NVIDIA Jarvis Simplifies Building State-of-the-Art Conversational AI Services
	NVIDIA
	14 May 2020
	https://nvidianews.nvidia.com/news/nvidia-jarvis-simplifies-building-state-of-the-art-conversational-ai-services

	21
	VN01
	VIETTEL LẦN ĐẦU CÔNG BỐ BÁO CÁO PHÁT TRIỂN BỀN VỮNG - DẤU MỐC HƯỚNG TỚI TƯƠNG LAI XANH TRONG KỶ NGUYÊN SỐ
	Viettel
	29 Oct 2025
	https://viettel.com.vn/vi/tin-tuc-va-su-kien/tin-tuc/viettel-lan-dau-cong-bo-bao-cao-phat-trien-ben-vung-dau-moc-huong-toi-tuong-lai-xanh-trong-ky-nguyen-so/

	22
	VN02
	Viettel kiên cố hạ tầng, sẵn sàng hỗ trợ khách hàng trong bão Wipha
	Viettel
	21 Jul 2025
	https://viettel.com.vn/vi/tin-tuc-va-su-kien/tin-tuc/viettel-kien-co-ha-tang-san-sang-ho-tro-khach-hang-trong-bao-wipha/

	23
	VN03
	Viettel góp phần đẩy mạnh hợp tác quốc tế của Việt Nam trong lĩnh vực công nghiệp quốc phòng
	Viettel
	26 Dec 2024
	https://viettel.com.vn/vi/tin-tuc-va-su-kien/tin-tuc/viettel-gop-phan-day-manh-hop-tac-quoc-te-cua-viet-nam-trong-linh-vuc-cong-nghiep-quoc-phong/

	24
	VN04
	Viettel thiết lập quan hệ với Tập đoàn công nghệ AI lớn nhất thế giới
	Viettel
	30 Jun 2022
	https://viettel.com.vn/vi/tin-tuc-va-su-kien/tin-tuc/viettel-thiet-lap-quan-he-voi-tap-doan-cong-nghe-ai-lon-nhat-the-gioi/

	25
	VN05
	Lần đầu tiên Việt Nam có sản phẩm IoT giành giải thưởng lớn tại Asia Communications Awards 2022
	Viettel
	19 Dec 2022
	https://viettel.com.vn/vi/tin-tuc-va-su-kien/tin-tuc/lan-dau-tien-viet-nam-co-san-pham-iot-gianh-giai-thuong-lon-tai-asia-communications-awards-2022/

	26
	VN06
	NVIDIA chia sẻ với Viettel về cơ hội xây dựng Hạ tầng Trí tuệ nhân tạo
	Viettel
	13 Dec 2023
	https://viettel.com.vn/vi/tin-tuc-va-su-kien/tin-tuc/nvidia-chia-se-voi-viettel-ve-co-hoi-xay-dung-ha-tang-tri-tue-nhan-tao/

	27
	VN07
	Viettel trình diễn những công nghệ hiện đại nhất tại Triển lãm Quốc phòng Quốc tế Việt Nam 2024
	Viettel
	18 Dec 2024
	https://viettel.com.vn/vi/tin-tuc-va-su-kien/tin-tuc/viettel-trinh-dien-nhung-cong-nghe-hien-dai-nhat-tai-trien-lam-quoc-phong-quoc-te-viet-nam-2024/

	28
	VN08
	An ninh mạng toàn diện cho doanh nghiệp cùng Prisma Access Browser và Cortex XDR từ Palo Alto Networks và FPT Telecom International
	FPT Telecom
	03 Jan 2025
	https://fti.fpt.vn/blog/an-ninh-mang-toan-dien-cho-doanh-nghiep-cung-prisma-access-browser-va-cortex-xdr-tu-palo-alto-networks-va-fpt-telecom-international/

	29
	VN09
	FTI và SolarWinds Hợp tác Cung cấp Giải pháp Giám sát toàn diện cho doanh nghiệp Việt Nam
	FPT Telecom
	04 Oct 2024
	https://fti.fpt.vn/blog/fti-va-solarwinds-hop-tac-cung-cap-giai-phap-giam-sat-toan-dien-cho-doanh-nghiep-viet-nam/

	30
	VN10
	FPT Telecom International chia sẻ về vấn đề tuyển dụng với sinh viên
	FPT Telecom
	14 Nov 2022
	https://fti.fpt.vn/blog/fpt-telecom-international-chia-se-ve-van-de-tuyen-dung-voi-sinh-vien/

	31
	VN11
	LÃNH ĐẠO CẤP CAO TOYOTA THAM QUAN TRUNG TÂM DỮ LIỆU LỚN NHẤT VIỆT NAM CỦA FPT
	FPT Telecom
	16 Oct 2025
	https://fti.fpt.vn/blog/lanh-dao-cap-cao-toyota-tham-quan-trung-tam-du-lieu-lon-nhat-viet-nam-cua-fpt/

	32
	VN12
	Về việc ký kết Hợp tác chiến lược giữa Visa và Tổng công ty Truyền thông (VNPT-Media)
	VNPT-Media
	10 Mar 2025
	https://vnptmedia.vn/tin-tuc/202503/thong-cao-bao-chi-3f036ba/

	33
	VN13
	THÔNG CÁO BÁO CHÍ: ĐẠI HỘI ĐẠI BIỂU ĐOÀN TNCS HỒ CHÍ MINH TẬP ĐOÀN BƯU CHÍNH VIỄN THÔNG VIỆT NAM LẦN THỨ XXIII, NHIỆM KỲ 2022-2027
	VNPT-Media
	16 Jun 2022
	https://vnptmedia.vn/tin-tuc/202206/thong-cao-bao-chi-dai-hoi-dai-bieu-doan-tncs-ho-chi-minh-tap-doan-buu-chinh-vien-thong-viet-nam-lan-thu-xxiii-nhiem-ky-2022-2027-1a03015/

	34
	VN14
	NG Cloud và GreenNode hợp nhất thương hiệu, hướng tới xây dựng hệ sinh thái AI Cloud toàn diện cho Doanh nghiệp số
	VNG
	16 Dec 2025
	https://vng.com.vn/news/press-release/vng-cloud-greennode-hop-nhat-thuong-hieu.html

	35
	VN15
	Zalo SOS cấp tốc triển khai tính năng mới trong 24 giờ: Ra mắt bản đồ cứu hộ khẩn cấp cho người dân vùng lũ
	VNG
	21 Nov 2025
	https://vng.com.vn/news/press-release/zalo-sos-tinh-nang.html

	36
	VN16
	VNG và MSB ký kết hợp tác chiến lược, nâng tầm trải nghiệm khách hàng trên Zalo
	VNG
	11 Aug 2025
	https://vng.com.vn/news/press-release/vng-msb-ky-ket-hop-tac.html

	37
	VN17
	VNG GreenNode khai trương Trung tâm dữ liệu AI Cloud tại Thái Lan
	VNG
	24 Jun 2024
	https://vng.com.vn/news/press-release/vng-greennode-launch-a-large-scale-ai-cloud-infrastructure-in-southeast-asia.html

	38
	VN18
	Zalopay hợp tác với Tổng cục Du lịch Singapore, mở rộng tính năng “Quét QR quốc tế”
	VNG
	03 Jul 2025
	https://vng.com.vn/news/press-release/zalopayxstb.html

	39
	VN19
	Zalopay triển khai mã QR Đa Năng cho đơn hàng COD của BEST Express
	VNG
	26 Sep 2024
	https://vng.com.vn/news/press-release/best-express-launches-zalopay-multi-function-qr-code-for-cod-orders.html

	40
	VN20
	Thông cáo báo chí - VCCorp và Lotus ủng hộ 2,88 tỷ đồng hỗ trợ các y bác sĩ trên tuyến đầu chống dịch Covid-19
	VCCorp
	05 Apr 2020
	https://vccorp.vn/tin-tuc/thong-cao-bao-chi-vccorp-va-lotus-ung-ho-2-88-ty-dong-ho-tro-cac-y-bac-si-tren-tuyen-dau-chong-dich-covid-19-20200405124420296.htm


Note. Metadata were transcribed from the corpus workbook. All 40 source URLs are displayed in full as clickable links. Publication dates are shown as day-month-year; external links may change. Listing a source does not grant republication rights.






