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Abstract

While artificial intelligence (AI) tools are rapidly advancing and opening up innovative avenues for foreign language teaching and learning (Edmett et al., 2024; Kundu & Bej, 2025), the regulatory frameworks and policies governing their use remain largely underdeveloped. In language education, AI is increasingly integrated into academic assessment, yet having increasingly sparked scrutiny regarding academic fairness, authenticity, and transparency. Prior research has predominantly focused on perceptions of or attitudes toward AI, leaving a critical gap in understanding teachers' ethical reasoning – particularly in Vietnam, where official policies regarding AI in assessment remain absent. Focusing on high school EFL educators from diverse regions of Vietnam, this research investigates how they reason ethically about student AI use in assessment tasks. This paper employs mixed-methods design: a scenario-based questionnaires administered to 50 teachers identifies key patterns in evaluative judgments while semi-structured interviews conducted with 10 selected participants explore the underlying dilemmas in those judgments. The findings are expected to reveal the specific strategies teachers use to monitor and regulate AI use in their classrooms, the key factors shaping their evaluative choices and the struggles they face in maintaining grading fairness and concerns about AI-assisted plagiarism. Ultimately, by discovering how teachers identify ethical uncertainty in the absence of sufficient policy, this paper offers an empirical grounding for future policy formulation and professional development, contributing to the growing discourse on AI ethics in language assessment.
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1. INTRODUCTION
1.1. Statement of the Problem 
The rapid advancement of Artificial Intelligence (AI), particularly generative AI and large language models (LLMs), has fundamentally transformed educational practices globally, reshaping both language pedagogy and assessment (Bozkurt et al., 2023; Selwyn, 2024). Within English as a Foreign Language (EFL) instruction, AI-powered tools provide learners with immediate feedback, personalized language practice, automated writing support, and dynamic content generation, thereby opening up unprecedented avenues for language acquisition (Edmett et al., 2024; Su & Yang, 2023). Concurrently, AI has become increasingly embedded in language evaluation, where students frequently utilize AI-assisted technologies across both formative and summative productive tasks.
While these technological integration offers substantial pedagogical potential, it simultaneously challenges the foundational principles underpinning language assessment. Classically, assessment aims to provide valid and reliable evidence of a learner's communicative competence and independent language capability (Bachman & Palmer, 2010). However, as students rely on generative AI to draft, revise, or fully produce assessment submissions, the boundary between legitimate learning scaffolding and academic misconduct becomes increasingly blurred (Cotton et al., 2024). Consequently, educators are compelled to render evaluative judgments under complex conditions where fairness, authenticity, academic integrity, and assessment validity frequently diverge and conflict.
Dealing with these assessment dilemmas not only needs technical knowledge of language assessment but also raises ethical issues. Rest (1986) claimed moral behavior as the product of four interacting psychological processes. Hence, this paper considers ethical reasoning as the set of processes through which teachers analyze the significance of morality in a situation, judge what we should do, harmonize that judgment with competing demands, and out it in practice. In AI-mediated language assessment, educators must continuously balance multiple, often competing considerations, including equitable student treatment, assessment authenticity, institutional mandates, and broader pedagogical objectives. As AI technologies proliferate in the absence of comprehensive institutional frameworks, teachers’ ethical reasoning becomes a primary determinant in shaping classroom evaluative practices.
Despite the growing body of literature on educational AI, extant research has predominantly focused on teacher and student perceptions, attitudes, technology acceptance, and adoption intentions (Grassini, 2023). Comparatively little empirical inquiry has addressed the cognitive and ethical processes through which educators navigate ambiguous assessment scenarios. This empirical gap is particularly acute in higher education contexts where AI governance remains underdeveloped. In Vietnam, national policies and institutional frameworks regulating student AI engagement in language assessment are still emerging, leaving educators without clear standardized guidance. Within this policy vacuum, identical instances of AI-assisted student work may receive discrepant evaluations, as teachers rely primarily on their idiosyncratic professional judgment, ethical orientations, and Language Assessment Literacy (LAL) (Fulcher, 2024).
[bookmark: _9zsu4ibrlaox][bookmark: _dzdnkdq7u28d]Addressing this gap is essential in terms of theory and practice. Theoretically, this paper extends discussions of Language Assessment Literacy (LAL) by positioning ethical reasoning as an essential component of assessment literacy in AI-mediated educational environments. Rather than viewing assessment literacy solely as technical competence, the study highlights teachers' capacity to negotiate competing ethical principles when evaluating AI-assisted work. Practically, by identifying the dilemmas teachers encounter and the strategies they adopt, the study offers valuable insights for policymakers, school leaders, and teacher education providers seeking to develop contextually appropriate AI governance frameworks and professional development initiatives. Ultimately, the research contributes to establishing more transparent, equitable, and pedagogically sustainable approaches to AI use in language assessment.
1.2. Purpose of the Study
[bookmark: _3sbc6vjsrbve]The present paper investigates how Vietnamese high school EFL teachers ethically reason when evaluating students’ AI use in language assessment in the setting of lacking formal policy guidance. In particular, the research combines scenario-based questionnaires to identify patterns in teachers’ evaluative judgments with semi-structured interviews that explore the reasoning processes underlying those judgments. By examining both teachers’ decisions and the reasoning processes behind them, this research seeks to provide a more comprehensive understanding of assessment practices in AI-mediated educational contexts.
1.3. Research Questions 
To achieve these purposes, the study addresses the following research questions:
a. What patterns emerge in Vietnamese high school EFL teachers’ evaluative judgments regarding students' AI use in language assessment?
b. What internal and external factors shape the process the teachers in Vietnam reason through ethical dilemmas when assessing AI-assisted work of students?
c. What strategies do they employ to monitor and regulate student AI use in the absence of official policy?
2. LITERATURE REVIEW
2.1. Generative AI in Language Education
The rapid proliferation of generative artificial intelligence (GenAI) and large language models (LLMs) has initiated a paradigm shift in English as a Foreign Language (EFL) education. While these tools offer novel pathways for language learning, they concurrently challenge long-standing assessment conventions. Understanding student engagement with GenAI in assessment requires examining the balance between pedagogical opportunities, threats to assessment integrity, and the distinct ways students utilize AI across formative and summative contexts. 
2.1.1. Validity, Authenticity, and Fairness under Scrutiny
Generative AI tools, such as ChatGPT, Claude, and specialized automated writing evaluation (AWE) platforms, provide unprecedented pedagogical affordances for EFL learners. In language learning, GenAI functions as an interactive conversational partner, offering personalized feedback, vocabulary expansion, contextualized grammar explanations, and automated scaffolding. For productive skills - specifically writing and speaking - GenAI enables students to engage in iterative drafting, self-correction, and real-time language experimentation outside the physical classroom. These capabilities reduce affective barriers such as foreign language anxiety, enabling autonomous, self-directed learning tailored to individual proficiency levels. 
2.1.2. Formative and Summative Assessment
The use of AI in student assessment is no longer unfamiliar to teachers in the digital age, particularly in formative and summative tasks. While AI has become an ideal tool for formative assessment by providing instant feedback, identifying knowledge gaps immediately, personalizing learning paths based on individual weaknesses, and helping teachers automate the grading of short quizzes and multiple-choice questions, it poses high risks for summative assessment as it directly impacts students’ final outcomes. AI excels at evaluating quantitative criteria but struggles to assess the depth of critical thinking, original arguments, or literary nuance. Furthermore, AI introduces legal and accountability concerns because high-stakes exam and graduation grades directly shape students’ futures. Relying on an algorithmic "black box" to assign these final scores can easily trigger controversy and undermine trust in assessment reliability. 
2.2. Teachers’ Ethical Reasoning in Educational Assessment
While understanding the pedagogical affordances and assessment challenges of generative AI provides crucial context, explaining how educators navigate these complexities requires examining their cognitive and moral decision-making processes. In assessment contexts, technical expertise alone is insufficient; teachers must constantly negotiate competing educational values and moral principles, particularly when formal policy guidelines are lacking. This section explores the concept of ethical reasoning in pedagogical settings, outlines the theoretical framework guiding this study, and examines the key ethical dilemmas teachers encounter when evaluating AI-assisted student work. 
2.2.1. Definition of the Concept
In educational assessment, decision-making extends beyond technical competence and procedural adherence to encompass complex moral and ethical dimensions. In this paper, ethical reasoning, drawing on the framework of Rest (1986), is conceptualized only as moral judgment but as a construct embracing the interrelated psychological processes. These processes enable teachers to recognize the moral significance of an assessment situation, judge what should be done, consider a balance between judgment and competing values, and convert it into classroom action. In pedagogical settings-specifically language assessment-teachers continuously negotiate competing moral imperatives, such as ensuring assessment authenticity, upholding academic integrity, treating students equitably, and adhering to institutional expectations. When generative AI is integrated into language learning environments, it blurs the boundaries between legitimate learning support and academic misconduct. Consequently, ethical reasoning serves as an indispensable dimension of Language Assessment Literacy (LAL) (Fulcher, 2024), shifting the theoretical focus from mere technical expertise to how educators navigate complex moral dilemmas in AI-mediated instruction.
2.2.2. Rest’s Four Components Model
To determine how a person morally reacts in a particular situation, Rest (1986) pointed out the four processes in which that person must perform psychologically. 
The first component, so-called “moral sensitivity”, is about the capacity of a person to make some sorts of interpretation. In other words, it involves what possible actions that person can recognize, who each action would affect, and how such effects on their benefits would be figured out. After an awareness of those actions as well as their consequences, making “moral judgment” seems to be essential to an individual, with an aim of evaluating which actions are morally right. Then, they morally ought to decide which actions would be possible for this situation. As the third component, “moral motivation” justifies “moral values are not the only values that people have” (Rest, 1986, pp.13.) That means they give priority to the values over personal or institutional ones. These values could compete against the moral values. The final component involves implementation skills, which make the course of actions practical. 
In addition to the description of the components’ functions, Rest also emphasized that the four components serve distinct functions, so an individual who performs well in one may not act greatly in another. Therefore, he claimed that morality cannot result from a single process. In contrast, he argued that despite different functions, there is an interconnection of cognition and affect in each of the components. For this reason, none of them can be treated as purely a matter of thinking or feeling. According to his view, the processes produce a moral act in a specific situation rather than a portrait of a person or a creation of virtues of an ideally moral person. In other words, they are the units of analysis to trace out “the production of moral behavior” (Rest, 1986, 1986, pp. 5.) He further clarified that these components build up a framework in which what is required for moral behavior to occur is presented in a logical order rather than a fixed sequence in real time. 
In a setting where no explicit AI guidance have been issued, an ethical problem can be recognized in a student’s submission by a teacher, but a judgment on how the problem is dealt with may be different from that of other teachers. It can also be changed when teachers give priority to pressure from parents or school targets. Even when holding to it, teachers may fail to follow through. The current paper, therefore, applies this model to examine how teachers respond to such problems.
2.2.3. Ethical Dilemmas in Evaluating AI-Assisted Student Work
Evaluating AI-assisted student work introduces multi-layered ethical dilemmas, particularly within a policy vacuum where teachers must rely primarily on personal professional judgment. Without established institutional guidelines, similar instances of AI use may receive markedly different evaluations, creating significant ethical tension. Primary dilemmas encountered by language educators include:
a. Authenticity compared with AI Support: Distinguishing genuine student communicative competence from algorithmic text generation creates uncertainty regarding what constitutes authentic language production.
b. Grading Fairness and Equity: Teachers struggle to maintain fair scoring when students possess unequal access to advanced AI tools or display varying degrees of AI transparency in their submissions.
c. AI-Assisted Plagiarism compared with Legitimate Scaffolding: Defining the threshold between acceptable generative feedback/editing and academic dishonesty remains ambiguous, making punitive or regulatory actions ethically challenging.
d. Formative Growth compared with Summative Accountability: While AI integration in formative tasks offers personalized scaffolding, evaluating AI-generated outputs in high-stakes summative assessments threatens test validity, reliability, and academic trust.
2.3. Factors Shaping Teachers’ Evaluative Judgments
Teachers’ ethical reasoning and evaluative choices when marking AI-assisted work do not occur in isolation. Rather, their decision-making process is actively shaped by an interplay of internal cognitive capacities and external contextual constraints. 
2.3.1. Language Assessment Literacy (LAL)
Internally, a teacher’s evaluative judgment is heavily governed by their Language Assessment Literacy (LAL) (Fulcher, 2024). Traditionally centered on technical knowledge of test design, validity, and reliability (Bachman & Palmer, 2010), LAL in the digital age must evolve to encompass the critical evaluation of AI-generated student outputs. A teacher’s level of LAL directly influences their personal pedagogical philosophy, their ability to discern subtle AI involvement, and their confidence in justifying evaluative decisions. Teachers with limited LAL in AI contexts may react with rigid bans or complete oversight, whereas those with highly developed assessment literacy are better equipped to navigate ethical uncertainties and construct nuanced evaluative criteria. 
2.3.2. The “Policy Vacuum” of Vietnamese High Schools
Externally, evaluative judgments are deeply constrained by the macro and micro socio-educational environment. In Vietnamese high schools, official regulations regarding student AI use in assessment remain largely non-existent or still emerging. Within this “policy vacuum,” teachers operate without explicit institutional boundaries or standardized grading rubrics for AI-mediated tasks. Consequently, external pressures, such as high-stakes exam mandates, institutional expectations, peer practices, and parental scrutiny-exert an exaggerated influence on how teachers exercise their professional autonomy. Navigating assessment within this systemic absence of policy forces educators to individually interpret fairness and integrity, leading to varied and context-dependent evaluative practices across classrooms. 
2.4. Conceptual Framework of the Study
The Figure 1 describes a framework which conceptualizes teachers’ ethical reasoning regarding students’ AI use in assessment through Rest’s (1986) Four-Component Model. The model comprises four interrelated components, including moral sensitivity, moral judgment, moral motivation, and moral character, which collectively explain how teachers recognize, evaluate, prioritize, and respond to ethical issues. In the present paper, an AI-assisted student submission serves as the initial trigger for teachers’ ethical reasoning. Teachers first identify and frame the situation as either a technical assessment issue or an ethical concern, followed by evaluating the acceptability of the student’s AI use and determining an appropriate course of action. Their decisions are further shaped by competing ethical values, while their moral character is reflected in the strategies they employ to implement and monitor those decisions. Importantly, this research paper proposes the two further factors that help to shape how teachers reach on this dilemma. They include teachers’ Language Assessment Literacy (LAL) and the absence of explicit guidance governing AI use in assessment. The framework uses the solid arrows to illustrate the logical order and the dashed ones to show interactions as Rest suggested.
Rather than treating teachers’ decisions as isolated acts of judgment, this framework positions contextual engagement, internal literacy, and external constraint as antecedents that shape a single reasoning process, which then produces both an immediate judgment and a longer-term behavioral strategy. 
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Figure 1: Rest’s Model and Components’ Relationship

















3. METHODOLOGY 
3.1. Research Design 
In this research, the authors employ a mixed-methods approach to investigate how high school EFL teachers in diverse regions across Vietnam reason through ethical uncertainties and formulate evaluative judgments regarding student AI use in language assessment. This approach is particularly suited for this inquiry because understanding ethical reasoning requires capturing both broad evaluative patterns across a larger group and deep, contextualized justifications behind individual choices.
The Table 1 summarizes how the four-component model by Rest (1986) guides both instruments. Firstly, the survey includes three main sections (15 questions total with 23 items), with the first exploring the general background of participants. Then the second section consists of three scenarios adopted from the framework of Perkins et al. (2024). These scenarios are described within the context of a final writing test which the teachers have designed for their own classes. This design aims to ensure consistency in the standard of the test and the procedure of assessment across scenarios, allowing the teachers to examine the judgments under more controlled conditions. The three scenarios also explore the teachers’ acceptance towards tasks with involvement of AI, based on the model of moral sensitivity and judgment by Rest (1986). This model is further used in the next section where the teachers show their conflicts of ethics and the strategies they must manage student AI use.
The preliminary interview is designed to learn about the reasoning process that underlies judgments of the teachers. Each question is to explore the moral judgments and moral motivation by asking the teachers to articulate the internal conflicts they experienced while also exploring whether the external pressures shape their decisions. Especially, the participants share the practical strategies employed in the context in which no policy guidance is addressed. The narrative-based inquiry is added in Question 8, inviting the teachers to express reasoning through a specific past situation. This question also obtains the teacher’s recent experiences with AI use by their students.
	Component
	Questionnaire
	Interview

	Moral sensitivity
	Items 1a, 2a, 3a as technical or ethical
	Q2, Q8

	Moral judgment
	Items 1b, 2b, 3b as action chosen for acceptability ratings
	Q1, Q3

	Moral motivation
	Items on the conflicts between strict stance, grades and school’s performance.
	Q3, Q5

	Moral character
	Monitoring strategies (5 items)
	Q7, Q8

	Study-specific factors
	Conflicts on unclear boundaries
	Q4 (policy vacuum), Q6 (LAL)


Table 1: The Operations of Rest’s Model
3.2. Context and Participants 
This study is conducted within the high school sector in Vietnam. The Vietnamese educational context provides a uniquely relevant setting for examining AI ethics due to the prevailing “policy vacuum”. While generative AI tools have become widely accessible to high school students for language learning and assignment drafting, official regulatory frameworks and standardized assessment guidelines regarding AI integration remain underdeveloped at both national and institutional levels. Consequently, high school EFL teachers must independently interpret academic integrity and fairness when evaluating AI-assisted student work. 

This research involves of 50 active high school EFL teachers in Vietnam. purposeful sampling was adopted to select participants who were currently working as EFL teachers at high schools in Vietnam. They also had teaching experience at high schools and showed at least some familiarity with AI tools. In the Table 2, all the participants are teaching in urban (36%), suburban (18%), and rural (46%) schools, with varying levels of teaching experience and frequency of AI use (see Table 1.) Most teachers reported they had more than 10 years of teaching experience at high schools, accounting for 66% of respondents. While 60% and 38% of teachers shared that they used AI tools frequently and occasionally respectively, only one teacher used it very little. 

	Variable
	Category
	n
	%

	Years of teaching at high school
	Less than 5 years
	12
	24

	
	5–10 years
	5
	10

	
	More than 10 years
	33
	66

	Familiarity with AI tools
	Very little
	1
	2

	
	Occasionally
	19
	38

	
	Frequently
	30
	60

	Perceived efficiency of AI tools
	Inefficient and unreliable
	0
	0

	
	Sometimes useful, sometimes not
	39
	78

	
	Very reliable
	11
	22

	School location
	Urban area
	18
	36

	
	Suburban area
	9
	18

	
	Rural area
	23
	46


Table 2: Background of the Participants

3.3. Data Collection and Analysis
Specifically, the scenario-based questionnaires were distributed online (Google Form) to high school EFL teachers. From the collected data, 50 complete responses were selected for quantitative analysis to identify general patterns regarding teachers’ evaluative choices and monitoring strategies. Subsequently, to gain a deeper qualitative understanding, semi-structured interviews were conducted online (Google Meets and Zoom) with 10 teachers who expressed distinct perspectives on AI integration in language assessment. These teachers must complete their responses to the survey and then were selected by the authors on the basis of their availability and willingness. The aim of this session was to capture nuanced ethical dilemma in detail.
In this research paper, descriptive statistics, comprising frequencies percentages, means, and standard deviations,  were employed to analyze survey data, while thematic analysis was used to interpret interview responses. Cronbach’s alpha was applied to the two five-item scales to examine the internal consistency of the items. Computed from sample variances (n-1) on all 50 responses, approximately 95% confidence intervals were obtained by using Feldt’s method (1965), and corrected item-total correlations. At the same time, the three scenarios were analyzed separately and were not combined into scale.
The Table 3 shows that Cronbach’s Alpha was .745 for ethical conflicts and .845 for monitoring strategies. Additionally, corrected item-total correlations ranged from .48 to .61 for ethical conflicts and from .58 to .72 for monitoring strategies. Any single item was deleted would affect a low alpha (shown in Appendix 1).
	Scale
	Items
	α
	95% CI
	Corrected item-total r
	α if item deleted

	Ethical conflicts
	5
	.745
	[.61, .84]
	.48–.61
	.67–.71

	Monitoring strategies
	5
	.845
	[.77, .90]
	.58–.72
	.79–.84


Table 3: Internal consistency of the two Likert-type scales (n = 50)
Once the findings are established, corresponding discussions are generated to interpret how educators reason ethically within the current policy vacuum. These insights serve to raise institutional awareness regarding the ethical dilemmas teachers face when marking AI-assisted student work, thereby encouraging educational leaders to provide clearer policy guidelines and support mechanisms for language teachers in the digital age.
4. FINDINGS 
4.1. Boundaries of Acceptable AI Use
Teachers evaluated three AI-assisted writing scenarios corresponding to the AI Planning, AI Collaboration, and Full AI levels of the AI Assessment Scale (AIAS; Perkins, Furze, Roe, & MacVaugh, 2024). Acceptance dropped sharply as AI involvement increased: 68% of teachers accepted AI-assisted brainstorming and outlining, compared with 36% for sentence-level AI collaboration and only 12% for fully AI-generated responses, which 74% rated unacceptable (as shown in Table 4). The same trajectory appeared in teachers’ self-reported ethical framing, operationalizing Rest’s (1986) first component, moral sensitivity: the share who viewed the scenario as primarily an ethical rather than a technical issue rose from 46% to 50% to 80% across the three levels, while the share choosing no action at all fell from 36% to 6%, operationalizing the second component, moral judgment, though even at the Full AI level, the most common response was to require resubmission (48%) rather than impose the most severe penalty (14%). Teachers described the boundary as the point where AI shifts from supporting to replacing student thinking:
“I believe AI should support students’ learning, not replace their own thinking… students cross the line when AI starts doing the main intellectual work.” (Teacher 7)
Low-level use was framed as comparable to a reference tool rather than a substitute for the student’s own writing:
“If a student uses AI just to look up synonyms or check if a sentence sounds natural, that's fine. It's no different from using a smart dictionary. But if the machine generates the message for them, it is no longer their work.”(Teacher 1)

	Task
	Acceptable (%)
	Neutral (%)
	Unacceptable (%)

	Brainstorm/outline (AI Planning)
	68
	18
	14

	Sentence assistance (AI Collaboration)
	36
	26
	38

	Complete response (Full AI)
	12
	14
	74


Table 4: Teachers’ Acceptance of AI-Assisted Writing Tasks (AIAS level)
4.2. Teachers’ Internal Ethical Conflicts
Teachers reported facing five recurring conflicts (as shown in Table 5), most often inequality from unequal access to paid AI tools (M = 3.38) and least often difficulty distinguishing AI from student work (M = 2.88) – a conflict that, despite its lower reported frequency, dominated the interviews as the most cognitively demanding. Without definitive proof, teachers described being caught between penalizing suspected misuse and rewarding polished but possibly AI-assisted work:
“Lowering their grade without direct proof feels hard to justify, but giving them a high score is unfair to students who worked hard on their own.” (Teacher 4)

	Conflict
	M
	SD

	Difficulty distinguishing AI from student ability
	2.88
	0.82

	Inequality from paid AI access
	3.38
	0.87

	Unclear boundaries (no regulation)
	3.14
	0.89

	Strict stance vs. individual grades
	3.26
	0.69

	Strict stance vs. school performance
	3.18
	0.89


Table 5: Frequency of Ethical Conflicts Reported by Teachers
A related tension arose between rewarding technical polish and honoring fairness toward students who worked independently, which several teachers experienced as an emotional strain rather than a purely technical judgment:
“It is a constant challenge balancing strict academic integrity with empathy for students, as well as distinguishing authentic effort from AI-generated fluency.” (Teacher 6)
This tension was eased, though not resolved, by teachers’ own AI knowledge and assessment literacy (Fulcher, 2024). All ten interviewees linked greater literacy to greater confidence in justifying their decisions, even as several cautioned that AI evolves faster than their training:
“Understanding how AI tools work helps me recognize possible signs of AI assistance… Assessment literacy… helps me focus on students’ actual learning outcomes rather than simply trying to detect AI use.” (Teacher 9)
4.3. The Impact of Policy Absence and External Pressures
The findings demonstrate that high school EFL teachers operate within an institutional policy void, characterized by an absence of explicit guidance, standardized rubrics, or clear protocols regarding student AI use. This structural ambiguity forces teachers to improvise individual classroom norms while simultaneously navigating intense external pressures from school leadership, parents, and high-stakes educational expectations.
4.3.1. Subjectivity, Inconsistency, and Personal Governance
When the framework is not clear for AI application, the teachers have to create their own rules, depending on their own views about teacher procedure and how comfortable they are towards technology. Therefore, assessment standards can be different from one classroom to another, even within the same school. For example, one teacher may give students a permission of using AI to rewrite sentences, while another treats the same practice as cheating.
This lack of standardized criteria creates professional vulnerability for teachers, making it difficult to justify grading decisions when challenged. Teacher 4 articulated how this institutional void undermines professional authority and consistency:
“My grading relies mostly on my personal judgment... This can lead to different standards among teachers... makes it harder to explain my decisions if parents or students question them.” (Teacher 4)
Due to lack of support, the teachers must confront with the moral and practical challenges of controlling AI usage independently. In effect, each teacher becomes the one making policy of AI use in their own classrooms. Conversely, they receive neither formal training nor administrative protection.
4.3.2. Administration, Parents, and High-Stakes Outcomes
The challenges of managing this policy void are severely compounded by external systemic pressures. In the Vietnamese high school context, English assessment outcomes carry high stakes, directly influencing academic tracking, graduation eligibility, and university admissions. Consequently, teachers operate under relentless pressure from both school administrations and parents to maintain elevated grade distributions.
School leadership often prioritizes institutional benchmarks, such as high pass rates and competitive academic metrics, which disincentivize teachers from penalizing suspected AI misuse. Lowering grades or failing students based on suspected AI generation risks undermining administrative targets and inviting institutional pushback. Furthermore, parents, who focused primarily on grade maximization, frequently demand concrete proof before accepting any academic penalties, leveraging the absence of official policies to challenge teachers' decisions.
Teacher 10 vividly illustrated how these competing external demands constrain ethical decision-making:
“Pressure from parents expecting high grades and school administration demanding high pass rates makes it challenging to fail or penalize students...” (Teacher 10)
4.3.3. The Erosion of Pedagogical Autonomy

The convergence of policy absence and external pressure creates a chilling effect on assessment validity. Caught between the risk of unproven allegations and the demand for high student performance, teachers often default to path-of-least-resistance strategies, such as turning a blind eye to polished AI-generated submissions or awarding inflated marks.

This dynamic erodes teachers’ pedagogical autonomy and distorts the true diagnostic function of writing assessments. Rather than serving as an accurate measure of English language proficiency, assessment results become artificially inflated artifacts of technological convenience and external systemic pressures.
4.4. Pedagogical Strategies in Action
To manage AI use without institutional guidance, teachers most frequently rely on oral questioning and class-specific rules, followed by AI detection software (as described in Table 6). Despite this relatively frequent use, several teachers describe detection tools as a supplementary signal rather than a determinative one:
“I do not rely completely on AI-detection tools because I do not think they are always reliable.” (Teacher 7)

	Strategy
	M
	SD

	Oral questioning
	3.62
	0.89

	Class-specific rules
	3.54
	0.85

	AI detection software
	3.28
	0.96

	In-class writing tasks
	3.14
	0.96

	Edit history/prompts submitted
	2.94
	1.16


Table 6: Frequency of Monitoring Strategies Reported by Teachers
Teachers also redesign the conditions of assessment itself. Some ground prompts in students' own experience, which AI cannot easily fabricate:
“Personalized prompts: I design topics related to local context, personal experiences… things AI cannot easily fake.” (Teacher 4)
Others shift verification earlier in the writing process, treating drafts and editing records as evidence of authorship:
“I require students to submit rough drafts, edit history links, or outline plans before the final turn-in.” (Teacher 10)
When misuse is suspected, most teachers favor verification over punishment, asking students to explain their own work before deciding a consequence:
“I did not simply give the student a zero. I considered the quality of the submitted work, the student’s demonstrated proficiency, and the assessment purpose, and decided to give a moderate score.” (Teacher 9)
Responses to that verification differ from a moderated score (Teacher 9) to a supervised rewrite for partial credit (Teacher 10) to component-based grading that penalizes only the AI-affected portion of the work (Teacher 8). This constructive pattern was not universal, however:
“I will make them stop the test when I discover students are using AI on their phones, and I will give no marks for their tests.” (Teacher 2)
Notably, this teacher applied the strict response only to in-class tests, treating AI use in homework more leniently, and suggesting that the constructive, verification-based approach favored by most teachers is not applied uniformly once the stakes of the task rise.
4.4.1. Intuition-Based Detection and Skepticism Toward Detection Software

To identify unauthorized AI use, teachers rely primarily on their contextual knowledge of individual student writing profiles rather than technical detection software. Experienced educators identify red flags such as sudden jumps in vocabulary sophistication, unnaturally polished syntactic structures, and generic argumentation that lack personal voice or local relevance.
Furthermore, qualitative responses reveal widespread skepticism toward commercial AI detection tools, which teachers view as unreliable and prone to false positives. As Teacher 7 noted:
“I do not rely completely on AI-detection tools because I do not think they are always reliable.” (Teacher 7)
Instead of trusting automated algorithms, teachers treat stylistic anomalies as signals to initiate pedagogical dialogue, placing professional intuition at the center of the detection process.
4.4.2. Designing AI-Resistant Writing Assessments
Recognizing that traditional take-home essays are highly vulnerable to AI generation, teachers proactively modify their assessment formats to safeguard academic integrity. Specifically, the teachers design instructions for writing tasks based on the experience of the students, or the in-class discussions that the teachers ask students to perform. By doing this, the teachers believe that such designed content makes it difficult for AI to fabricate. 
“Personalized prompts: I design topics related to local context, personal experiences... things AI cannot easily fake.” (Teacher 4) 
Another teacher, meanwhile, chooses to ask their students to submit their drafts, the earlier outlines, and any forms of records of their editing history before the final paper handed in. The supporters indicate this approach provides evidence of authorship during the process of writing. 
“I require students to submit rough drafts, edit history links, or outline plans before the final turn-in.” (Teacher 10) 
Besides, to effectively control AI use during the process, teacher 6 moved the writing task back to the classroom, under very close teacher supervision. More importantly, teacher 4 suggested designing follow-up questions, or supplementary tasks, aiming to go deeply into the assigned content. This strategy proved in constraining students' opportunities to rely on AI. 
“Implement in-class timed writings, require submission of outline drafts and prompts used, and hold quick follow-up oral Q&A sessions.” (Teacher 6) 
“In-class assessment: I assign more hand-written tasks in class, oral presentations, or short follow-up Q&A sessions.” (Teacher 4) 
4.4.3. Constructive Resolution and Human-Centered Remediation

When suspected AI misuse occurs, teachers prioritize constructive resolution over immediate punitive measures. Rather than assigning zero marks or issuing formal disciplinary sanctions, teachers hold brief one-on-one conferences to evaluate whether the student comprehends and can defend the submitted content.

Teachers 9 and 10 illustrated this human-centered remediation process:

“Instead of failing them immediately, I held a brief one-on-one conference and asked them to explain two key arguments... allowed them to rewrite under supervision for partial credit.” (Teacher 9 & 10)
This interactive approach serves a dual purpose. It acts as a reliable verification method while transforming an ethical violation into a teachable moment. By offering supervised rewrites for partial credit, teachers successfully balance academic rigor with empathy, preserving the educational relationship while upholding assessment integrity.
5. DISCUSSION
Generative AI introduces a profound paradox into language assessment: while its scaffolding capabilities reduce affective barriers and foster autonomous learning, it simultaneously disrupts the construct validity and authenticity upon which language evaluation inherently depends, as outlined in the pedagogical framework of this study. This study examined how Vietnamese high school EFL teachers navigate this paradox within a policy vacuum - specifically investigating the underlying patterns of their evaluative judgments, the internal and external determinants of their ethical reasoning, and their actionable classroom responses. Rather than merely reiterating the empirical results established in the preceding findings, this discussion interprets those observations through the study’s conceptual framework - integrating Rest’s (1986) Four-Component Model of ethical reasoning, Perkins et al.’s (2024) AI Assessment Scale (AIAS), and Fulcher’s (2024) Language Assessment Literacy (LAL) - while situating them within the broader scholarship on AI in educational assessment.
5.1. Judgment Follows Sensitivity
Teachers’ acceptance of student AI integration declined sharply as task engagement progressed along the AIAS continuum, from 68% acceptance at AI Planning down to 36% at AI Collaboration, and ultimately to just 12% at Full AI. Conversely, unacceptability surged from 14% at AI Planning to 38% at AI Collaboration, reaching 74% for fully AI-generated responses.
Basing on the framework, the two components (moral sensitivity and moral judgment) moved together across AIAS level, confirming that after detecting the involvement of AI, more teachers regarded the scenario as an ethical instead of a technical problem (46%, 50%, and 80%), and fewer took no action (a fall from 36% to 6%). These figures indicate an increase of AI use came together with ethical matters, and a decrease of less judgment across scenarios. Rest also cautioned the components in the model follow a logical order, but a fixed sequence in real time. The data in these scenarios do not show which component comes first, leading to the fact that a teacher’s view of what is right may also shape how the situation is interpreted. In other words, component 2 (moral judgment) can influence component 1 (moral sensitivity) in the framework. Scenario 1 does suggest that generation of ideas is considered as technical problem but scenario 3 (fully AI-generated response) is read as ethical matter.
A further nuance qualifies this evaluative pattern. Even at the Full AI level, where ethical framing peaked at 80% and disapproval at 74%, the dominant course of action was not immediate penalization, but requiring a supervised task resubmission (48%, compared to 14% favoring severe disciplinary action). This indicates that even at their strictest boundaries, Vietnamese EFL teachers’ ethical orientations remain fundamentally formative and remediatory rather than punitive - a disposition further elucidated alongside the active classroom strategies discussed below. Conversely, the AI Collaboration scenario revealed a pronounced divergence in teacher judgment, splitting almost evenly between acceptance (36%) and unacceptability (38%), with 26% remaining neutral. Absent centralized institutional directives, teachers do not naturally converge upon a uniform threshold; instead, each educator constructs an idiosyncratic “ethical benchmark” for their respective classroom - foreshadowing the systemic inconsistencies inherent to personal governance.
5.2. Buffered by Literacy, Bound by Policy
The study’s conceptual framework conceptualizes ethical decision-making as a joint function of an internal driver (LAL) and an external constraint (the policy vacuum). The empirical findings substantiate this dual structure, demonstrating that these two forces operate through distinct pathways. 
Externally, the absence of standardized policy forces teachers into autonomous “personal governance,” establishing localized rules that inevitably lead to inter-classroom inconsistency. This is regarded as a well-documented threat to assessment equity and fairness. A practice tolerated by one teacher (e.g., sentence-level AI refining) may be penalized as academic misconduct by a colleague within the same institution. Notably, teachers identified equity issues stemming from unequal access to paid AI tools as their most prevalent conflict in the survey data (M = 3.38; shown in Table 5), surpassing even the ambiguity caused by the policy vacuum itself (M = 3.14). This finding highlights that grading equity is experienced not as an abstract dilemma, but as the concrete conflict teachers face most often in practice. This structural vulnerability is further intensified by systemic external pressures: institutional pass-rate mandates and parental grade expectations actively disincentivize strict penalization. In the absence of official administrative backing, the policy vacuum is far from neutral; it inherently favors path-of-least-resistance leniency. 
Internally, Language Assessment Literacy (LAL; Fulcher, 2024) functioned less as a source of conflict and more as a protective buffer. Interviewed teachers consistently linked heightened AI literacy to greater confidence in articulating and defending their evaluative choices to parents and administrators, even while acknowledging that rapid technological evolution keeps this confidence provisional. This provides a key theoretical insight: LAL does not eliminate the occurrence of ethical dilemmas, but it equips teachers with the agency needed to resolve them. In other words, literacy and confidence are linked together to justify teachers’ decisions and explain them to students and parents. In the model by Rest, this may bear on moral motivation and implementation, empowering educators to maintain professional integrity despite structural ambiguities.
5.3. From Automated Detection to Assessment Redesign
If the preceding analyses elucidate how teachers formulate evaluative judgments under these dual influences, this section addresses their operational strategies. Despite moderate usage rates for AI detection software reported in the survey (M = 3.28; Table 3), qualitative accounts revealed widespread skepticism toward automated detectors, treating them as secondary signals rather than conclusive evidence. Cotton et al. assert a position aligned with current literature highlighting the unreliability and false-positive risks of algorithmic detection.
Instead of relying on technological detection, teachers proactively altered the conditions of assessment. They adopted three main structural adaptations: 
a. Personalizing prompts around localized contexts and personal experiences that AI cannot easily replicate (Teacher 4). 
b. Requiring process documentation, such as preliminary outlines, rough drafts, and digital edit histories, which help to establish verifiable authorship (Teacher 10). 
c. Reclaiming assessment space by shifting high-stakes writing tasks back to closely supervised, timed in-class environments (Teacher 6). 
When misuse was suspected, teachers routinely defaulted to a human-centered, dialogic verification process before determining disciplinary action. However, actual resolutions varied: ranging from moderated scoring (Teacher 9) and supervised rewrites for partial credit (Teacher 10), to segment-specific grading (Teacher 8). This variation indicates that “constructive resolution” operates as a shared pedagogical orientation rather than a rigid protocol. Crucially, this restorative stance was contingent on assessment stakes: Teacher 2, for example, enforced a strict zero-tolerance policy during summative in-class examinations while adopting a lenient posture toward home assignments. Thus, task stakes, alongside the nature of AI involvement, heavily dictate whether teachers extend pedagogical leniency.
5.4. Practical Implications for Policy and Practice
These findings offer three actionable implications for institutional policy and professional development in policy-emerging contexts.
a. Developing Nuanced Policy Frameworks: Institutional guidance do not need to resolve every gray area identified in initial evaluations. Establishing a foundational policy distinction between AI as a learning/brainstorming scaffold (acceptable) and AI as an uncredited text generator (unacceptable) would provide a shared institutional benchmark, directly mitigating inter-classroom disparities. 
b. Reorienting Professional Development: Given that LAL acts as an evaluative buffer rather than a standalone solution, professional development initiatives should pivot away from technical training focused on unreliable AI detection tools. Instead, training should emphasize enhancing teachers’ capacity to design AI-resistant authentic assessments and defend qualitative grading decisions under uncertainty. 
c. Providing Administrative Backing: Because systemic external pressures strongly influence teacher choices, institutional leadership must provide explicit administrative support for teachers’ evaluative decisions when challenged by parents or students. Policy without tangible institutional backing ultimately fails to counteract the systemic incentives favoring artificial grade inflation.

6. CONCLUSION
This study has investigated how high school EFL teachers in Vietnam navigate the complex ethical landscape of evaluating student AI use in language assessment amidst an institutional policy vacuum. By examining teachers’ evaluative judgments, internal conflicts, and classroom management strategies through Rest’s (1986) Four-Component Model of ethical reasoning and Fulcher’s (2024) Language Assessment Literacy (LAL) framework, the study offers valuable insights into the reality of AI-mediated language assessment. 
- Teachers’ acceptance of AI drops sharply as the AI’s involvement shifts from cognitive scaffolding (e.g., brainstorming, outlining) to text generation. Low-level AI engagement is viewed through a pedagogical lens as a supportive reference tool, whereas generating full text is recognized as an ethical boundary violation. However, even when full AI generation is detected, teachers overwhelmingly favor restorative and formative measures (such as required resubmissions or supervised rewrites) over purely punitive actions. 
- In the absence of explicit guidance, teachers are forced into “personal governance,” leading to subjective and inconsistent assessment standards across classrooms. This structural ambiguity is further exacerbated by external pressures, such as high-stakes exam outcomes, administrative pass-rate demands, and parental expectations, which often push teachers toward leniency and artificially inflated grades. 
- Evolving Language Assessment Literacy (LAL) serves as an essential internal resource. Higher digital assessment literacy equips teachers with the confidence and agency required to navigate ethical ambiguities, justify their evaluative judgments, and defend their grading decisions against external scrutiny. 
Facing widespread skepticism toward unreliable AI detection software, teachers proactively adapt by shifting from automated detection to assessment redesign. They rely on professional intuition, personalized/localized task prompts, process-based documentation (drafts and edit histories), and dialogic verification to ensure authenticity and maintain academic integrity. 
Despite its practical and theoretical contributions, there were only 50 survey respondents and 10 interview participants, selected via purposeful sampling, to provide rich context-specific insights into Vietnamese high schools. Therefore, this study limited the generalizability of the findings to other educational sectors or international contexts. Then, future research could expand the sample size across higher education institutions or conduct comparative studies across different countries. Moreover, this study captured teachers’ ethical reasoning at a single point in time. As generative AI technologies and institutional policies continuously evolve, longitudinal research is needed to trace how teachers’ ethical orientations, LAL, and pedagogical practices adapt over time. In addition, moral motivation and moral character were measured indirectly, so the findings on them only described what teachers reported rather than the underlying processes. Rest (1986) noted that instruments for these components in real-life situations remain to be developed. Furthermore, the current paper focused exclusively on teachers’ evaluative reasoning. Future studies should incorporate students’ voices and experiences to investigate their ethical perceptions of AI use and foster a more holistic dialogue on academic integrity in AI-enhanced learning environments. 
In conclusion, as generative AI continues to transform language education, waiting for a comprehensive national policy is no longer viable. Educational institutions must empower language educators by developing nuanced AI frameworks, reorienting professional development toward AI-resistant assessment design, and providing clear administrative support to uphold equity and validity in language assessment. 
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APPENDIX 1
Item-level statistics (n = 50; item wording as in the questionnaire)
	Item
	Wording in the questionnaire
	M
	SD
	r
	α if deleted

	C1
	I have difficulty in distinguishing which aspects of a student’s work reflect their actual ability and AI-generated content
	2.88
	.82
	.48
	.71

	C2
	Students with paid AI accounts perform noticeably better
	3.38
	.88
	.49
	.71

	C3
	Lack of clear regulations leaves me uncertain whether AI use should be penalized or encouraged
	3.14
	.90
	.52
	.70

	C4
	I remain a strict perspective on AI use, but concern this may negatively affect individual students’ grades
	3.26
	.69
	.61
	.67

	C5
	I remain a strict perspective on AI use, but concern this may negatively affect the school’s academic performance (e.g., pass rates, rankings)
	3.18
	.90
	.48
	.71

	S1
	I switch students’ homework to in-class writing tasks
	3.14
	.97
	.72
	.79

	S2
	I require students to submit edit history or the prompts they used
	2.94
	1.17
	.58
	.84

	S3
	I use AI detection software or tools
	3.28
	.97
	.69
	.80

	S4
	I conduct brief and random oral questioning to check student understanding
	3.62
	.90
	.61
	.83

	S5
	I establish class-specific rules on AI use when no policy of it exists
	3.54
	.86
	.69
	.81



· Notes:
· C1 to C5 = ethical conflicts
· S1 to S5 = monitoring strategies 
· SD uses n – 1
· r = corrected item-total correlation. 


APPENDIX 2
QUESTIONNAIRE
Section I - General Information
1. How many years have you been working in high school?
1. Less than 5 years
1. 5 – 10 years
1. More than 10 years
2. Are you familiar with the use of AI tools (e.g., ChatGPT, Claude, Grammarly, etc.)
a. Never use
b. Very little
c. Occasionally use
d. Frequently use
3. How do you feel about the efficiency of using AI tools?
a. Inefficient and unreliable
b. Sometimes useful, sometimes not
c. Very reliable
4. Where is your school located?
a. Urban area
b. Suburban area
c. Rural area
Section II - Scenarios
All the following scenarios are describing an in-class summative writing test, designed in your own way. Please read them carefully and kindly provide your responses to the questions.
Scenario 1: A student uses AI to brainstorm ideas and generate an outline before writing. This student then writes the full essay independently, using their own language, without further AI involvement during writing.
5. Your level of acceptance is:
a. Strongly unacceptable
b. Unacceptable
c. Neutral
d. Acceptable
e. Strongly acceptable

6. Do you consider this situation primarily as a technical issue, or as an issue involving ethical judgment? 
a. Purely a technical issue
b. Mainly technical, with some ethical concern
c. Mainly an ethical issue, with some technical concern
d. Purely an ethical issue
7. What action would you most likely take?
a. No action and grade normally
b. Verbal warning, and no grade 
c. Deduct partial score
d. Require resubmission
e. Impose the most severe penalty
Scenario 2: A student uses AI throughout the task to help writing sentences, suggest phrasing, and revise sections. This student also reviews and edits the content before submitting a final version blending AI-assisted and self-written text.
8. Your level of acceptance is:
a. Strongly unacceptable
b. Unacceptable
c. Neutral
d. Acceptable
e. Strongly acceptable
9. Do you consider this situation primarily as a technical issue, or as an issue involving ethical judgment? 
a. Purely a technical issue
b. Mainly technical, with some ethical concern
c. Mainly an ethical issue, with some technical concern
d. Purely an ethical issue
10. What action would you most likely take?
a. No action and grade normally
b. Verbal warning, and no grade 
c. Deduct partial score
d. Require resubmission
e. Impose the most severe penalty
Scenario 3: A student uses AI to receive a complete response, and submits it with only minor wording changes, without independently writing or substantially revising the content.
11. Your level of acceptance is:
a. Strongly unacceptable
b. Unacceptable
c. Neutral
d. Acceptable
e. Strongly acceptable
12. Do you consider this situation primarily as a technical issue, or as an issue involving ethical judgment? 
a. Purely a technical issue
b. Mainly technical, with some ethical concern
c. Mainly an ethical issue, with some technical concern
d. Purely an ethical issue
13. What action would you most likely take?
a. No action and grade normally
b. Verbal warning, and no grade 
c. Deduct partial score
d. Require resubmission
e. Impose the most severe penalty
Section III - Ethical Conflicts and Strategies
· Please choose your answers by putting a tick under the most appropriate number.
(from 1: Never to 5: Always)
	Conflicts
	1
	2
	3
	4
	5

	a. I have difficulty in distinguishing which aspects of a student’s work reflect their actual ability and AI-generated content
	
	
	
	
	

	b. Students with paid AI accounts perform noticeably better
	
	
	
	
	

	c. Lack of clear regulations leaves me uncertain whether AI use should be penalized or encouraged
	
	
	
	
	

	d. I remain a strict perspective on AI use, but concern this may negatively affect individual students’ grades
	
	
	
	
	

	e. I remain a strict perspective on AI use, but concern this may negatively affect the school’s academic performance (e.g., pass rates, rankings)
	
	
	
	
	

	f. Other (please specify): _______________________
______________________________________________
	
	
	
	
	



· Please choose your answers by putting a tick under the most appropriate number.
(from 1: Never to 5: Always)
	Strategies
	1
	2
	3
	4
	5

	a. I switch students’ homework to in-class writing or speaking tasks
	
	
	
	
	

	b. I require students to submit edit history or the prompts they used
	
	
	
	
	

	c. I use AI detection software or tools
	
	
	
	
	

	d. I conduct brief and random oral questioning to check student understanding
	
	
	
	
	

	e. I establish class-specific rules on AI use when no policy of it exists
	
	
	
	
	

	f. Other (please specify): _______________________
______________________________________________
	
	
	
	
	





APPENDIX 3
INTERVIEW QUESTIONS

1. What level of AI assistance do you accept, specifically in writing or speaking tasks (e.g., grammar correction, outlining, sentence rewriting)?
2. How can you determine whether your students’ actions cross the line?
3. What internal ethical conflicts do you experience before deciding on the final score (e.g., balancing fairness, marks, and actual student proficiency)?
4. How does the absence of policy on AI use affect your assessement decisions?
5. Are there any external pressures influencing your decisions?
6. How do your AI knowledge and assessment literacy affect your confidence in making and justifying scoring decisions? 
7. What specific classroom strategies or measures do you employ to regulate and monitor student AI use in assessment tasks without instituional guidance?
8. Could you please provide a detailed example of how you arrived at your final decisions on student’s work which may involve using AI?

