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Abstract: The research focuses on measures to address AI issues in graduation papers of English majors in the Faculty of Foreign Languages (FOFL), Hanoi University of Science and Technology (HUST). The significance of the study stems from the fact that a number of FOFL’s linguistics seniors’ theses have been detected with AI usage while there is not yet a common set of guidelines to handle this situation in FOFL. Therefore, a mixed-methods design was employed to collect data from Turnitin’s AI reports of 24 theses of the students and a non-structured group interview with 40 thesis supervisors and reviewers (n=40). The findings indicate various methods to confirm the AI results such as proofs of writing process, cross-translation, vocabulary checking and feedback from teaching lecturers, and a necessary case-by-case approach would be implemented to ensure research ethics and avoid AI false detection. Additionally, long-term strategies are also suggested to guide students to use AI properly in theses. 
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VẤN ĐỀ VỀ AI TRONG KHÓA LUẬN TỐT NGHIỆP CỦA SINH VIÊN NGÀNH NGÔN NGỮ ANH: THỰC TRẠNG VÀ GIẢI PHÁP TỪ GIẢNG VIÊN TẠI MỘT TRƯỜNG ĐẠI HỌC Ở VIỆT NAM
Tóm tắt: Nghiên cứu khảo sát các biện pháp xử lý vấn đề sử dụng Trí tuệ nhân tạo (AI) trong khóa luận tốt nghiệp của sinh viên năm cuối ngành Ngôn ngữ Anh tại Khoa Ngoại ngữ, Đại học Bách khoa Hà Nội. Nhằm giải quyết tình trạng thiếu hụt hướng dẫn chính thức tại đơn vị, nghiên cứu áp dụng phương pháp hỗn hợp thông qua báo cáo mức độ sử dụng AI từ Turnitin đối với 24 bài khoá luận tốt nghiệp của sinh viên và 1 buổi phỏng vấn nhóm phi cấu trúc với 40 giảng viên hướng dẫn và phản biện (n=40). Kết quả đưa ra các phương pháp kiểm tra kết quả AI bao gồm: xác minh tiến trình viết, dịch đối chiếu, đánh giá vốn từ vựng và tham khảo phản hồi từ giảng viên giảng dạy trực tiếp. Ngoài ra, nghiên cứu đề xuất cách tiếp cận theo từng trường hợp nhằm đảm bảo đạo đức nghiên cứu và hạn chế tình trạng nhận diện nhầm AI. Từ đó, các chiến lược dài hạn được đề xuất để định hướng sinh viên sử dụng AI hợp lý trong khoá luận tốt nghiệp.
Từ khóa: AI; sinh viên ngành Ngôn ngữ Anh; khóa luận tốt nghiệp; Khoa Ngoại ngữ







1. Introduction
AI has been becoming more common and useful in thesis writing of English majors in different phases and chapters of the papers, but AI usage may lead to ethical issues and other authorship consequences. Therefore, AI detecting tools are used to check AI-generated content in the theses to prevent AI abuse. However, AI detectors such as Turnitin may still provide cases of false positives; thus, methods to reconfirm the AI reports from Turnitin are necessary in the case of FOFL at HUST.
The study aims to answer the following research questions:
1. What is the real situation of AI-detector-flagged content in theses in FOFL?
2. What are the strategies to confirm AI-detector-flagged content in the theses?
3. What are recommendations for AI usage in theses in FOFL?
2. Literature Review
2.1 Theses of English Language Majors
Graduation papers among English language majors is primarily to prove the students’ ability to read, analyze, brainstorm and write in an academic manner and process (Hamatani, 1997). In other words, they are expected to act as a tool for critical thinking practice rather than solely a language test. However, students usually struggle with topic selection (Liu, 2015; Chen et. al., 2017), referencing (Ngoc & Ngoc, 2021; Liu, 2015), thesis structure (Liu, 2015), data collection (Ngoc & Ngoc, 2019; Javed, 2019; Qasem & Zayid, 2019), language use and paper format (Liu, 2015; Altikriti, 2022), and the lack of instructions and timely institutional support (Chen et al., 2017; Chang & Liu, 2017; Altikriti, 2022).
2.2 AI in Thesis Writing Process of English Linguistics Undergraduate Students
2.2.1 Common AI Tools in Thesis Writing by English Linguistics Majors
The most frequently and consistently cited tools across studies are (1) ChatGPT for brainstorming and outlining, idea development and draft writing, (2) Grammarly for grammar and spelling correction, (3) QuillBot for paraphrasing (Nguyen, 2026; Thai et al., 2025; Vo, 2025), (4) Elicit/Consensus AI for literature review (Darmi et al., 2026). Besides, Nguyen (2026) specified different purposes with AI tools’ involvement such as grammar checking (80%), literature review (70%), and topic selection or outline development (only 20%).
2.2.2 Benefits and Challenges of AI Usage in Thesis Writing by English Linguistics Majors
Many authors agreed that AI offers language improvement, plagiarism reduction, time efficiency, and anxiety relief. Pratami et al. (2025) identified avoiding copyright infringement and lowering similarity indices as top priorities, and Thai et al. (2025) reported that students felt more confident in their grammar thanks to Grammarly. Mali (2026) and Vo (2025) both emphasized the psychological aspect that AI reduces foreign language writing anxiety (EFL anxiety) and helps overcome "writer's block."
However, scholars also mentioned various challenges of this trend mentioned by scholars, namely risks of over-reliance and decline in independent, creative and critical thinking skills; matters related to ethical issues, academic integrity, and ambiguity around authorship (Febrian et al., 2025; Vo, 2025; Nguyen, 2026; Mali, 2026); "AI hallucination" where AI generates fabricated information, fake citations or fails to deal with complex structures (Darmi et al., 2026; Nguyen, 2026; Mali, 2026; Thai et al., 2025), and heightened risks to academic integrity when explicit institutional directives are lacking (Gustilo et al., 2024; Febrian et al., 2025). 
2.3 False AI Detection
In certain cases, AI may provide false positives which are usually traced back to the core measurement mechanisms of detectors including Perplexity (predictability of word choice) and Burstiness (variation in sentence structure) (Liang et al., 2023). An obvious example is AI’s systemic bias against non-native writers (Liang et. al., 2023; Weber-Wulff et al., 2023; Hadra et al., 2026). Additionally, AI detection results have low overall reliability in case of hybrid texts (Hadra et al., 2026; Van Vlasselaer et al., 2026), paraphrasing, "humanizing," or prompt modifications (Liang et al., 2023; Weber-Wulff et al., 2023), making them insufficient as disciplinary evidence (Weber-Wulff et al., 2023; Hadra et al., 2026; Van Vlasselaer et al., 2026; Erol et al., 2025). Therefore, AI detector outputs should be served as preliminary signals to initiate dialogue instead of the sole basis for disciplinary action or allegations of academic misconduct (Adamson, 2023). Alternatively, researchers suggested shifting toward process-oriented assessment, incorporating direct oral defenses, establishing transparent policy frameworks for AI use, and enhancing AI literacy for both faculty and students (Liang et al., 2023; Van Vlasselaer et al., 2026; Weber-Wulff et al., 2023; Hadra et al., 2026).
2.4 Recommendations for AI Usage
Firstly, students must maintain primary authorship and take full responsibility for their work with AI as supporting tools only, called the "human-in-the-loop" framework by Mali (2026) or “Delegated Autonomy” by Darmi et al. (2026). Secondly, existing studies suggested specific thresholds for AI adoption, for example approximately 15–20% of total content by Mali (2026) or a broader threshold (20–50%) by Darmi et al. (2026). Thirdly, fostering AI literacy and critical thinking is another recommendation (Hong & Litwin, 2025; Darmi et al., 2026). Fourthly, to counter AI hallucination to mitigate risks associated with fabricated citations or false information generated by AI, students should be required to perform fact-checking (Hong & Litwin, 2025; Darmi et al., 2026). 
More importantly, previous studies highlighted the need for policies from institutions that clearly define AI supporting tools for language refinement and idea organization and AI misuse for full text generation (Hong & Litwin, 2025). Darmi et al., 2026 also suggested mandatory transparency disclosures detailing the specific tools and prompts used. Regarding evaluation, Mali (2026) and Darmi et al. (2026) recommended shifting weight toward oral defenses and detailed process explanations to prove authorship instead of relying on AI detection software. Besides, Darmi et al. (2026) emphasized the role of supervisors as the essential final gatekeeper to provide advice on AI use in students’ theses.
2.5 Turnitin AI Checking Model
Turnitin maintains a remarkably low false positive rate, at 3% by Salem et al. (2021) or merely around 1% by Ibrahim et al. (2025). Notably, Adamson (2023) claims that for texts of adequate length, the difference in false positive rates between L1 and L2 writers is not statistically significant. Specifically, between 150–300 words, false-positive rates increase significantly, with wider discrepancies between L1 and L2 groups. Conversely, for texts with more than 300 words, the rates remain stably below 1%. This accuracy is attributed to Turnitin’s proactive model training on diverse datasets explicitly supplemented with L2 learner writing. However, Liang et al. (2023) had an opposing view due to systemic bias against non-native writers. 
Besides, Salem et al. (2021) and Ibrahim et al. (2025) added that as AI-generated text is increasingly modified to evade detection, Turnitin's efficacy declines. The authors all point to the underlying technical mechanism that paraphrasing and humanizing tools such as QuillBot or Undetectable.AI complicate the distinctive linguistic distribution patterns that the detection model of Turnitin relies upon.
Additionally, several sources emphasize that Turnitin provides percentage estimates without offering clear explanations for why specific passages are flagged (DeHond, 2026). This limitation is particularly acute in hybrid writing (co-authored by humans and AI) when there is no reliable correlation between flagged passages and actual AI-generated segments (Salem et al., 2021) because the tool relies on statistical probabilities of word choice rather than genuine origin tracing. To address this gap, DeHond (2026) proposes integrating Systemic Functional Linguistics (SFL) analysis - examining ideational, interpersonal, and textual metafunctions - to better interpret the nature of flagged text.
Regarding technical mechanisms, DeHond (2026) concurred that Turnitin utilizes a fine-tuned RoBERTa machine learning model evaluating two primary metrics including perplexity (predictability of word choice) and burstiness (variation in sentence length and structure) because AI text typically exhibits uniform sentence rhythms and predictable vocabulary compared to human writing. Salem et al. (2021) added that developers intentionally tuned the algorithm to minimize false accusations, especially in cases of AI doubt, no accusations will be made to ensure student-first design philosophy (Adamson, 2023).
2.6 Regulations on Using AI in Theses of English-majoring Students in Universities in Vietnam
In Vietnam, regulations on AI usage in research have not yet been introduced publicly and consistently among higher educational institutions although some universities have issued their own regulations. These institutions’ policies have nearly the same fundermental points as presented in table 1.
Table 1
Regulations on Using AI in Theses of English-majoring Students in Institutions in Vietnam
	
	USSH-VNUHCM (2025)
	UEH (2025)
	NEU (2026)
	ULIS – VNU (2022)

	(1) Transparency: Authors must clearly disclose the proportion of AI-assisted content and specify purposes.
	X
	X
	X
	X

	(2) Accountability: Authors must assume full responsibility for the content and accuracy of AI-generated data.
	X
	X
	X
	

	(3) Confidentiality: Inputting institutional, national, or sensitive confidential data into AI tools is strictly prohibited.
	X
	X
	X
	

	(4) Originality: AI is a supportive tool for ideation only and must not replace human creativity.
	X
	X
	X
	

	(5) Citation: All AI-generated content must be properly cited according to institutional guidelines.
	X
	
	
	

	(6) Exemption for Basic Assistance: Disclosure is not mandatory if AI is solely used for non-creative task assistance and strictly within the scope permitted for each learning and assessment activity.
	
	X
	X
	


In conclusion, general guidelines regarding AI usage and the empirical verification of Turnitin's practical accuracy in flagging suspected AI-generated text in undergraduate theses of English linguistics majors at HUST are lacking. Therefore, this study was carried out to propose validation procedures for Turnitin's AI-detection outcomes and offer recommendations for AI utilization in theses of future linguistics students at HUST.
3. Methods
3.1 Participants
The population for the research interview was 40 FOFL’s English linguistics lecturers who were supervisors and reviewers for theses of senior students, using the convenience sampling method because this method offers a wealth of data and helps save time, money and effort when it is not easy to approach the whole population (Acharya et al., 2013; Golzar et al., 2022). Due to tight deadlines of the papers and personal schedules of lecturers, reaching all of them seemed to be unrealistic, and this sampling method was considered as a fine option for collecting data.
3.2 Design of the Study
A mixed-methods approach involving both quantitative and qualitative data collection (Creswell & Clark, 2007) was adopted in this study. The main reason for the choice of this research design was that it brings more meaningful and accurate data than a single method can (Lall, 2021), and it offers the researcher the opportunity to understand the complexities in human phenomena (Watkins & Gioia, 2015; Alexander et al., 2008). Specifically, the researcher could use the data from the qualitative approach to support the data from the quantitative approach (Migiro & Magangi, 2011). This also helps the researcher to triangulate the data, allowing a more validated data set and conclusion (Migiro & Magangi, 2011). In this study, the interview data from supervisors and lecturers could be used to compare or contrast with the Turnitin’s AI reports.
3.3 Data Collection & Analysis
3.3.1 Instruments
Quantitative data related to the percentage of AI-detector-flagged content of theses were secondary quantitative metrics derived from Turnitin's AI detection reports. This aimed to find out the real situation of AI usage among the papers and provide input for the solutions that would be recommended in the interview. 
Meanwhile, qualitative data were gathered through a single online non-structured focus group interview comprising 40 lecturers simultaneously. There were no specific questions, but the interview was mainly about measures to deal with papers with more than 20% of their content that had been flagged by Turnitin as AI-generated.
3.3.2 Procedure
All theses of FOFL’s English linguistics students had undergone similarity and AI detection checks using Turnitin before being sent to peer reviewers and orally defended in front of a reviewer panel. Therefore, AI checking results of 24 theses of 24 groups of students who were expected to graduate in the school year of 2025-2026 were already collected by the Faculty to serve the purpose of this study. 
After that, an online group interview was conducted concurrently with all 40 lecturers in a single non-structured session to suggest measures for papers with more than 20% of their content that had been flagged by Turnitin’s AI detector. The interview lasted about 1.5 hours and was audio-recorded for later transcription and data analysis. 
3.3.3 Data Analysis
The data were analyzed both statistically and thematically. Specifically, statistical analysis was employed to identify the situations of AI involvement in the final-year students’ graduation papers while thematic analysis was used to analyze the interview data to group similar information to categories for strategies to verify AI content in FOFL’s linguistics seniors’ theses and ensure fairness among the papers, and recommendations for proper use of AI in theses.
4. Findings and Discussion
4.1 AI-detector-flagged Text among FOFL’s English Majors’ Theses
Table 2 provides details about the percentage of text flagged by Turnitin’s AI detector among FOFL’s English majors’ theses in the school year of 2025-2026.
Generally, 12 checked papers, accounting for 50% of the total number of 24 papers, had parts of their content flagged by Turnitin’s AI detector. Specifically, there were 9 papers including content that, according Turnitin’s reports, was likely AI-generated only, and the combination of likely AI-generated text and likely AI-generated text that was likely paraphrased using an AI-paraphrasing tool or word spinner was found in 3 out of 12 papers. It is also indicated from table 2 that there was only 1 out of 12 papers with AI positives that had below 10000 words while the remaining papers included at least 10000 words, and some of them even reached 16000 to 18000 words. This means that the AI false positive rates on the 12 papers should remain stably below 1% due to their adequate length (Adamson, 2023). 
Table 2
Percentage of text flagged by Turnitin’s AI detector among FOFL’s English majors’ theses
	Group
	Paper’s word count
	AI generated only (%)
	AI-generated text that was AI-paraphrased (%)
	Overall percentage of text detected as AI (%)

	G1
	10883
	21
	3
	24

	G2
	11529
	44
	0
	44

	G3
	18087
	71
	0
	71

	G4
	12429
	25
	0
	25

	G5
	10892
	28
	1
	29

	G7
	16218
	37
	0
	37

	G11
	12507
	83
	0
	83

	G13
	13010
	70
	0
	70

	G17
	8204
	88
	0
	88

	G20
	11993
	34
	1
	35

	G23
	17224
	22
	0
	22

	G24
	10023
	44
	0
	44


These findings reveal a widespread presence of AI-generated content across the examined papers with substantial variation in severity. To clarify, the total percentage of text flagged as AI-generated ranged from a minimum of 22% (G23) to a maximum of 88% (G17). Over a half of them exhibited AI-detection scores exceeding 35%, with several extreme cases demonstrating heavy reliance on AI, including G17 (88%), G11 (83%), G3 (71%) and G13 (70%). This indicates that the students who utilized AI tools tended to directly adopt the AI-generated content without thorough revision or second processing.
Besides, the proportion of text categorized as AI-generated text that was AI-paraphrased remained exceptionally low among the papers. Specifically, of 3 papers with this phenomenon, G1’s paper, despite its highest score, contained only 3% of its text flagged as AI-paraphrased; the figures were even lower, at 1%, in the paper of G5 and G20. This means that the students may lack awareness of rephrasing tools or assume that the raw output from AI tools were sufficiently acceptable; therefore, they still mainly relied on the text which was AI-generated without much consideration. Also remarkably, the overall percentage of text detected as AI of the 3 papers seemed to be much lower than that of G3, G11, G13 and G17. As a result, AI detector accuracy might be concluded to be degraded when AI-paraphrasing tools were used (Ibrahim et al., 2025; Salem et al., 2021).
Additionally, it is likely that word count did not demonstrate a direct relationship with AI detection rates. To illustrate, the paper from G17 with 8204 words recorded the highest overall AI score (88%) while the thesis of G23 with 17224 words contained a 4-time lower percentage of AI-generated content, at the lowest score of 22%. 
Table 3
Sections with AI-generated text in the graduation papers
	Sections
	Groups’ papers with AI-generated content

	
	Group number
	Percentage (/12)

	Abstract
	1, 2, 4, 7, 11, 17, 24
	58.33%

	Acknowledgement
	2, 3, 11, 13, 17, 24
	50%

	Introduction
	2, 3, 5, 11, 13, 17, 20, 23, 24
	75%

	Literature Review
	1, 2, 3, 5, 7, 11, 13, 17, 20, 23, 24
	91.67%

	Methodology
	1, 2, 3, 4, 7, 11, 13, 17, 20, 24
	83.33%

	Findings and Discussion
	1, 2, 3, 4, 5, 7, 11, 13, 17, 20, 23, 24
	100%

	Conclusion
	1, 2, 3, 4, 5, 7, 11, 13, 17, 20, 23, 24
	100%

	References
	
	Not applicable


Table 3 shows that except References, AI-generated content was found in every part of the students’ theses. Specifically, 91.67% of the papers contained AI-generated text in their Literature Review, Findings and Discussion, and Conclusion. Besides, 75% and 83.33% of the papers had AI-generated content in their Introduction and Methodology, respectively. Additionally, 50% and 58.33% of the papers with AI-generated information in their Acknowledgement and Abstract respectively were reported. The data reveal that the students used AI for different purposes and chapters of their manuscripts. This may pose a significant threat of content hallucination (Hong & Litwin, 2025). When students delegate the articulation of research design or interpretation of results to AI, there is a heightened risk of introducing fabricated logic or distorted empirical insights. 
Equally noticeably, there was a complete absence of detector-flagged text in References. This highlights a key technical characteristic of detection algorithms. Because reference lists consist of standardized bibliographic metadata rather than natural continuous prose, they lack the characteristic perplexity and burstiness metrics required for AI classification (DeHond, 2026; Adamson, 2023).
4.2 Verification of AI-generated Content among the Papers and Further Actions
4.2.1 Methods of Verification and Investigation
The interview findings indicate that likely AI-generated content was found in the theses of some students who were said by the lecturers to usually show their good ability in writing assignments, which is explained by Liang et al. (2023), Weber-Wulff et al. (2023) and Hadra et al. (2026) that detectors are unreliable and biased against non-native writers, especially those with advanced skills. Therefore, the lecturers believed that there might be chances in which the reported 22-88% figures for these theses could themselves be inflated by that bias. In other words, the interviewees called for methods of verification of detector-flagged content to avoid AI false positives and ensure fairness among the students.
Firstly, evidence of the writing process was mentioned as the primary proof (Darmin et al., 2026; Mali, 2026). To be specific, the students were required to provide online working files or online draft history to traced revision records, links to interaction histories with AI tools, and source documents with highlighted citations to prevent the falsification of evidence (FIT-NEU, 2026; UEH, 2025). 
Secondly, on-site cross-translation was also recommended. Specifically, the students are required to translate pre-selected four to five passages exhibiting signatures of AI generation or suspiciously fluent phrasing from Vietnamese to English and vice versa without support. Practical experience indicates that students over-relying on AI typically display a marked discrepancy in language proficiency, and those with high level language proficiency can handle the tasks effectively. This helps address limitations of automatic AI detectors which usually fail to deal with text that is paraphrased or humanized (Ibrahim et al., 2025; Salem et al., 2021). It also supports L2 writer bias from AI detectors (Liang et al., 2023); instead of relying on potentially misleading indicators AI detecting tools, real-time translation provides a direct mechanism to assess the authentic linguistic competence of the students.
Thirdly, the lecturers suggested assessment of content knowledge and terminology. To clarify, direct questioning is conducted on advanced terminology used in the paper, or raw data such as surveys are re-introduced for students to re-analyze, thereby measuring their actual level of comprehension. This is aligned with Delegated Autonomy (Darmi et al., 2026), and it was also suggested by Hong and Litwin (2025) that it helps prevent AI hallucination when the students have to prove that they have fact-checked AI-generated data rather than submitting fabricated content. Additionally, this approach also supports the students’ oral defense when they really understand their content, effectively evaluating students’ higher-order thinking skills (Mali, 2026).
Lastly, cross-referencing from external sources could be useful. This involves soliciting feedback from former lecturers of the students or cross-checking their work against previous written assignments on the Canvas LMS to identify stylistic anomalies. This was agreed by Darmi et al. (2026) and DeHond (2026) that lecturers can be considered as final gatekeepers to compare and validate the students’ writing products.
4.2.2 Measures and Strategies to Handle the Papers with AI Positives
A case-by-case approach was mentioned as the primary solution. This agrees with the student-first design philosophy advocated by Salem et al. (2021) and Adamson (2023). Instead of relying only on automatic indicators to deal with cases of AI positives, lecturers and faculties, along with psychological counseling teams as proposed in institutional policies (FIT-NEU, 2026; UEH, 2025; USSH-VNUHCM, 2025), may arrange individual meetings to better address the problem and find out the complex underlying motives behind AI misuse. The reason is that students with weak core academic writing competence often delegate critical writing tasks to AI due to linguistic anxiety (Darmi et al., 2026; Liang et al., 2023). The approach helps not only support academic integrity and procedural transparency but also reserve student rights and emphasize developmental measures rather than rigid disciplinary action.
To reconfirm the authorship, avoid false decisions on the theses and balance strict academic standards with developmental support, the study suggests the "Second-Chance Policy" for manuscripts flagged with more than 20% of content by Turnitin’s AI detector. Specifically, students are granted an opportunity for self-reflection and may choose to submit a revised manuscript within 3 to 5 days. Alternatively, students may opt to retain their original manuscript and proceed directly to an intensive oral defense committee. However, failure to defend their authorship and prove actual core competence in front of the committee may result in the maximum academic penalty such as immediate failure or disqualification. This policy aligns directly with the student-first design philosophy (Salem et al., 2021; Adamson, 2023) which highlights students’ rights and the process-oriented assessment models advocated by Mali (2026). The measure encourages student agency, critical reflection, and active rewriting and also establishes a clear behavioral incentive structure. 
Additionally, to foster academic responsibility, the study highlights the implementation of a mandatory student-generated AI report prior to thesis submission. Specifically, students are required to independently generate and attach an AI detection report from AI detectors alongside their manuscript submission to academic supervisors. This allows an administrative check and a reflective exercise, forcing students to visually audit their reliance on generative models before formal evaluation. This aligns with the student-first approach (Salem et al., 2021; Adamson, 2023) by transforming AI detection into an educational self-assessment tool. Furthermore, by doing this, lecturers and the faculty may discourage uncritical delegated autonomy (Darmi et al., 2026) from the students. Students are prompted to identify heavily flagged passages and manually rewrite them before submitting the final draft. This initiative directly operationalizes the disclosure policies issued by higher education institutions (FIT-NEU, 2026; UEH, 2025; USSH-VNUHCM, 2025).
5. Conclusions and Recommendations
5.1 Conclusions
The research suggested that when more than 20% of the content of the theses being flagged by Turnitin’s AI detector, the groups of students have chances to prove their authorship of their papers through evidence of the writing process, on-site cross-translation, assessment of content knowledge and terminology, and cross-referencing from former lecturers. This shows that although AI detectors such as Turnitin are useful and reliable to a certain extent, human involvement in reconfirming the AI reports from Turnitin are still necessary to reduce chances of false positives and ensure research ethics.
For long-term AI usage policies, the findings recommended that students are required to perform an AI detecting step with their theses and make changes where needed to minimize AI-generated content prior to formal submission. After that, they should submit the AI detection report from accessible detectors along with their theses.
5.2 Recommendations
The study still has certain limitations. Firstly, the focus group interview did not involve all of the lecturers who were supervisors and reviewers because of personal schedules, possibly reducing the diversity of perspectives, and this may affect the overall findings when there might be some dominant opinions, and a group session may reflect consensus rather than 40 independent views. Secondly, only Turnitin was utilized to provide AI reports, probably lowering the reliability of the AI results because the Turnitin percentages cannot be independently verified and may be affected by the non-native-writer bias.
Future research should involve a larger and more diverse sample of participants from different higher educational institutions. Besides, more AI detectors should be used to facilitate comparisons among AI reports of different tools, which may provide better decisions for further actions.
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