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Abstract:
This short paper examines changes in the content and organization of English majors’ academic essays during a structured ChatGPT-assisted writing intervention at Duy Tan University (DTU). A quasi-experimental design was employed involving 64 students who completed essays with and without ChatGPT support. Quantitative data were analyzed using paired-samples t-tests, while qualitative analysis examined idea development, cohesion, and coherence. Scores for both content and organization increased significantly from the independent baseline essay (T1) to the ChatGPT-supported essay (T2) and the delayed essay written without ChatGPT (T3). As the study used a single-group design, these gains cannot be attributed to ChatGPT alone. Qualitative findings also revealed improvements in idea development and logical connections across essays. Overall, the findings from this short paper suggest that ChatGPT-assisted writing, combined with appropriate teacher guidance, may support EFL students in developing content and improving organizational clarity in academic writing. 
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SỬ DỤNG CHATGPT TRONG PHÁT TRIỂN NỘI DUNG VÀ BỐ CỤC CÁC BÀI LUẬN CỦA SINH VIÊN CHUYÊN NGÀNH TIẾNG ANH
Tóm tắt: 
Bài báo ngắn này khảo sát thay đổi nội dung và bố cục bài luận học thuật của sinh viên ngành tiếng Anh khi viết với ChatGPT tại Đại học Duy Tân. Nghiên cứu bán thực nghiệm một nhóm được tiến hành với 64 sinh viên. Dữ liệu định lượng được phân tích bằng kiểm định t mẫu cặp; dữ liệu định tính tập trung vào phát triển ý, tính liên kết và mạch lạc. Điểm nội dung và bố cục tăng có ý nghĩa từ bài viết độc lập (T1) đến bài viết có ChatGPT (T2) và bài viết sau không dùng ChatGPT (T3). Do chỉ có một nhóm, không thể quy hoàn toàn các cải thiện này cho ChatGPT. Kết quả gợi ý ChatGPT, kết hợp với hướng dẫn của giảng viên, có thể giúp sinh viên phát triển nội dung và cải thiện bố cục.
Từ khóa: viết học thuật, ChatGPT, phát triển nội dung, tổ chức bài viết, sinh viên Việt Nam học tiếng Anh như ngoại ngữ

1. Introduction
Writing is widely regarded as the most cognitively demanding of the four language skills for EFL learners, and the difficulties it presents are only partly linguistic. Beyond grammar and lexis, students struggle to generate sufficient ideas, address every part of a prompt, and sequence those ideas into a coherent text (Baharudin et al., 2023; Febriani, 2022; Rahmat, 2023). Organization-related problems recur with particular consistency across instructional settings, from Korean (Heo & Sim, 2015) and Palestinian (Hammad, 2016) to Indonesian (Rahmatunisa, 2014) contexts. In Vietnam, where standardized assessments such as VSTEP and IELTS require timed argumentative essays, these higher-order demands carry direct consequences for course progression and graduation.
Since its public release, ChatGPT has entered this space rapidly, offering immediate and contextualized support across the entire writing cycle, from idea generation and outlining through revision (Amoush & Alhosban, 2025). The empirical literature, however, clusters around three areas. The first concerns the perceptions of teachers and learners (Marzuki et al., 2023; Song & Song, 2023; Thao et al., 2023). The second compares human- and AI-generated text (Gao et al., 2022). The third addresses surface-level accuracy in grammar, spelling, and lexis (Athanassopoulos et al., 2023; Fitria, 2023). Considerably less is known about whether AI-supported instruction improves the higher-order dimensions that analytic rubrics weight most heavily, namely content development and organization, and whether any observed gain survives the withdrawal of the tool. That distinction is consequential: a technology that raises performance only while it is available functions as a performance aid, whereas one whose benefits persist has supported learning.
This short paper addresses that gap through a quasi-experimental study conducted with English-major undergraduates at a Vietnamese private university. The study was guided by two research questions:
1. What changes in the content of students’ academic essays are observed during and after structured ChatGPT use?
2. What changes in the organization of students’ academic essays are observed during and after structured ChatGPT use?
2. Conceptual Framing and Related Work
The study is framed by the Zone of Proximal Development and the associated construct of Scaffolding, which hold that learners can perform beyond their independent level when temporary, calibrated assistance is available, and that such assistance is gradually internalized as independent competence (Gánem-Gutiérrez, 2013; Loewen, 2020; Wood et al., 1976). Read through this lens, ChatGPT constitutes a form of distributed scaffolding: it models well-developed responses, supplies alternative angles on a prompt, and makes structural conventions visible at the moment of need. Stojanov (2023) characterizes the tool as a more knowledgeable other, while Guo et al. (2022) demonstrate that chatbot interaction can scaffold argumentative writing specifically. The framing generates a testable expectation, namely that if scaffolding is genuinely internalized, performance should remain elevated after the scaffold is removed.
Evidence on that expectation is thin but promising. Mahapatra (2024) reported sustained writing gains in a mixed-methods intervention study, and Allagui (2023) found that chatbot feedback addressed both content and organization during composing. Counterbalancing this, Barrot (2023) catalogues the pitfalls of unregulated use, and Lo et al. (2024) document substantial variation in outcomes attributable to differences in learner motivation and AI literacy.
Within Vietnam, research has emphasized learner autonomy, idea generation, and personalized feedback, but has relied predominantly on perception data (Nguyen, 2023; Pham & Cao, 2025; Thao et al., 2023). Pre- and post-intervention quantitative evidence targeting content and organization specifically remains scarce, and studies rarely include a delayed measurement taken without tool access. The present study addresses both omissions.
3. Methodology
3.1. Design
The study employed a one-group pretest-posttest quasi-experimental design (Cohen et al., 2018; Creswell & Guetterman, 2024), extended to three measurement points so that immediate and delayed changes could be distinguished. Essay 1 (T1) was written independently and served as the baseline. Essay 2 (T2) was written with ChatGPT support and captured the immediate performance. Essay 3 (T3) was written without any AI assistance on a topic comparable to T1, six weeks after T1 and approximately five weeks after T2. Because the T2–T3 interval contained three ChatGPT-supported practice cycles (Section 3.4), T3 captured unaided performance at the end of the intervention rather than retention after a tool-free period. The design was selected because intact class groups precluded random assignment.
3.2. Participants and Setting
Participants were English-major undergraduates enrolled in two sections of an academic writing course at a private university in central Vietnam during the 2025-2026 academic year. The course covers opinion, problem-solution, and compare-contrast essays; all students had completed three writing courses (levels 1 - 3) and therefore possessed foundation knowledge of academic paragraph structure. Participants were aged 20 to 24 and ranged from A2 to B2 on the CEFR. Of 80 students initially invited, 64 completed all three focal essays and the intervening practice tasks and were retained for analysis, creating a corpus of 192 essays.
[bookmark: _GoBack]Ethical principles were observed throughout the study. All 64 participants were informed of the study’s purpose and procedures, and informed consent was obtained before data collection. To protect participants’ privacy, all student data and the 192 essays collected across the three assessment stages were anonymized using identification codes. Personally identifiable information was not included in the analysis or reporting of the findings. The study was approved by the Department of Science and Technology, Duy Tan University (Decision No. 5530/QĐ-ĐHDT, dated 10 November 2025).
3.3. Scoring Procedure
Essays were assessed with an analytic rubric adapted from the VSTEP writing scale (Ministry of Education and Training, 2015), which is calibrated to Vietnam's six-level foreign language framework (Ministry of Education and Training, 2014). Two criteria (content and organization) were scored on a 1-10 scale. Content covered topical relevance, idea development, and clarity. Organization covered logical sequencing, inter-paragraph cohesion, and the effectiveness of transitions. Each essay received two independent scores per dimension from two raters trained in VSTEP assessment. Where the two scores differed by two points or less, the mean was used; larger discrepancies were resolved through discussion.
3.4. Intervention Procedure
At the beginning of the course, before completing Essay 1 (T1), all participants received explicit instruction on the stages and conventions of academic essay organization, and the assigned prompt was explained to ensure task understanding. Essay 1 (T1) was written on 25 October 2025. Essay 2 (T2) was completed four days after T1, on 29 October 2025, and participants were allowed to use ChatGPT. After T2, students completed three practice cycles; each cycle comprised one independent draft followed by one ChatGPT-supported draft on the same topic, providing repeated exposure to the contrast between the two conditions. For T2 and the three practice cycles, students used a standardized set of prompts for idea generation, outlining, and revision in ChatGPT (OpenAI; GPT-5 model), accessed between 29 October and 1 December 2025. Essay 3 (T3) was written without ChatGPT on 6 December 2025, six weeks after T1, approximately five weeks after T2, and five days after the last ChatGPT-supported practice draft. The tool was restricted to these functions, and students were required to develop and revise their own prose without copying AI-generated text. 
3.5. Analysis
Quantitative data were analyzed in SPSS. Descriptive statistics were computed for each dimension at each measurement point, followed by two sets of paired-samples t-tests comparing T1 with T2 and T1 with T3, with alpha set at .05. Effect sizes were calculated from the t statistic and the corresponding pretest-posttest correlation using the dependent-samples formula, and interpreted against Cohen's (1988) benchmarks. Interrater reliability was estimated using intraclass correlation coefficients and interpreted following Koo and Li (2016).
Qualitative data comprised the full essay corpus, analyzed thematically against a structured framework covering overall structure, cohesion, and idea development. To limit selection bias, illustrative cases were identified before analysis using three criteria: proximity of the student's scores to the group mean rather than to either extreme, diversity of baseline scores, and clear illustration of the feature under discussion, including instances of persistent limitation. Excerpts were reproduced verbatim, retaining original grammatical and lexical errors.
4. Results
4.1. Interrater Reliability
Agreement between the two raters was excellent for Essay 1 (content ICC = .942; organization ICC = .868), good to moderate for Essay 2 (.817 and .710), and moderate for Essay 3 (.702 and .665). The downward trend is consistent with the narrowing score range in later essays, which compresses between-subject variance and mechanically depresses ICC values. All coefficients fall within the range conventionally accepted in educational research, and the use of averaged scores further stabilized the ratings.
4.2. Descriptive Statistics
Mean scores rose monotonically on both dimensions across the three measurements, while standard deviations contracted (Table 1). Content increased from 5.41 to 7.51 and organization from 5.28 to 7.38, with the score range narrowing from 3.0-8.0 to 6.0-9.0 for content and from 2.0-8.0 to 6.0-9.0 for organization.
Table 1
Descriptive Statistics for Content and Organization Scores Across Three Measurements (N = 64)
	Measure
	M
	SD
	Minimum
	Maximum
	SE

	Content T1
	5.41
	1.43
	3.0
	8.0
	0.18

	Content T2
	6.91
	0.92
	4.0
	8.5
	0.12

	Content T3
	7.51
	0.76
	6.0
	9.0
	0.10

	Organization T1
	5.28
	1.55
	2.0
	8.0
	0.19

	Organization T2
	6.80
	0.91
	5.0
	8.5
	0.11

	Organization T3
	7.38
	0.71
	6.0
	9.0
	0.09


Note. T1 = independent baseline essay; T2 = ChatGPT-supported essay; T3 = delayed essay written without ChatGPT six weeks after T1 and approximately five weeks after T2, following three ChatGPT-supported practice cycles.
4.3. Paired-Samples Comparisons
Both immediate and delayed gains were statistically significant on both dimensions, and all effect sizes were large (Table 2). The immediate comparison yielded a gain of 1.50 for content, t(63) = 9.57, p < .001, d = 1.20, and 1.52 for organization, t(63) = 9.55, p < .001, d = 1.11. The delayed comparison yielded larger gains still: 2.09 for content, t(63) = 12.02, p < .001, d = 1.76, and 2.10 for organization, t(63) = 11.48, p < .001, d = 1.65. Paired correlations were moderate at T2 (content r = .501; organization r = .571, both p < .001) but weaker at T3 (content r = .313, p = .012; organization r = .340, p = .006), indicating that individual rank order became less stable over the longer interval.
Table 2
Paired-Samples Comparisons of Content and Organization Scores (N = 64)
	Comparison
	Mean gain
	SD
	95% CI
	t(63)
	p
	d

	Content T1-T2
	1.50
	1.25
	[1.19, 1.81]
	9.57
	< .001
	1.20

	Organization T1-T2
	1.52
	1.27
	[1.20, 1.83]
	9.55
	< .001
	1.11

	Content T1-T3
	2.09
	1.39
	[1.75, 2.44]
	12.02
	< .001
	1.76

	Organization T1-T3
	2.10
	1.46
	[1.74, 2.47]
	11.48
	< .001
	1.65


Note. Gains are expressed as positive increases. Effect sizes were computed from the t statistic and the pretest-posttest correlation for dependent samples.
In competence terms, mean gains of approximately two points on both dimensions correspond to a shift from Level 3 to Level 4 of Vietnam's six-level framework, approximately B1 to B2. The contraction of standard deviations, from 1.43 to 0.76 for content and from 1.55 to 0.71 for organization (Table 1), indicates that group performance became markedly more homogeneous, with lower-scoring students closing much of the initial gap.
4.4. Qualitative findings
Thematic analysis of the essay corpus identified three distinct patterns. The first and largest group, including 51 students (about 79.7%), showed sustained improvement. T1 essays in this group frequently lacked a conclusion, presented undeveloped ideas, or displayed uneven paragraphing, characteristics typical of Level 3 and low Level 4 performance. By T3, these writers produced fuller texts with clearer thesis statements, more consistent paragraph-level focus, more explicit transitions, and ideas extended through explanation and example rather than merely listed.
The second group, comprising six students, showed no substantive change. All began at Level 4 and remained there, producing essays of consistent length and consistent topical coverage across all three tasks. For these students, ChatGPT-supported drafting did not appear to sharpen argumentation beyond their existing level. One possible reading is that the support offered was pitched below their zone of proximal development.
The third group including 7 students showed partial improvement, gaining substantially at T2 and then declining slightly at T3. Student E13, for example, moved from 4.0 on both dimensions at baseline to 7.0 at T2, before settling at 6.5 at T3. The final essays remained well at level B2 or above despite small decline in scores, but the pattern indicates that the strategies afforded by the tool had not been fully consolidated into independent performance. This non-linear profile is consistent with prior findings that AI-supported feedback produces immediate gains whose durability depends on active learner engagement (Barrot, 2023; Guo et al., 2022; Mahapatra, 2024).
5. Discussion
The findings may extend the existing literature in three respects. First, they provide performance-based data on changes that Marzuki et al. (2023) documented only as teacher perceptions, and they locate those changes specifically in content and organization rather than in overall writing quality or linguistic accuracy. Second, the delayed measurement addresses a question that perception studies cannot: gains were not merely maintained but were larger at T3, an unaided essay written six weeks after T1, once the ChatGPT-supported practice cycles had ended. Although these changes cannot be attributed solely to ChatGPT given the single-group design, the pattern may be consistent with the possibility of internalization as described in the zone of proximal development framework and is broadly in line with Mahapatra (2024). Teng's (2024) account of enhanced motivation, confidence, and engagement may offer a complementary explanation for the improvement observed in the unaided T3 essay.
Third, the contraction of variance may have an equity implication that mean differences alone do not capture. Lower-scoring students showed greater gains, suggesting that ChatGPT-supported practice may have been particularly useful for some students who started at lower proficiency levels. One possible explanation is that on-demand modeling offered some of the individualized attention that large classes rarely allow. Part of this convergence, however, may also reflect regression toward the mean and the more limited room for improvement among higher-scoring students, both of which are expected in single-group repeated-measures designs. This pattern should therefore be interpreted cautiously, as the design does not allow these differences in improvement to be attributed specifically to ChatGPT. At the same time, the paired-difference standard deviations, ranging from 1.25 to 1.46, indicate considerable variation in individual responses, which may reflect differences in motivation, digital literacy, AI literacy, and other learner-related factors (Lo et al., 2024).
These results should be read against the qualitative trajectories rather than in isolation. The absence of change in the six higher-proficiency students, and the partial regression observed in the third group, suggest that ChatGPT-supported writing was not uniformly beneficial. This pattern may indicate that the usefulness of ChatGPT-assisted writing varied according to learners' existing proficiency and the ways in which the tool was used. It is also possible that classroom practices requiring students to evaluate and revise AI-generated output may have contributed to differences in their development. However, these interpretations remain tentative and warrant further investigation using a comparison group or other designs that can better isolate the contribution of ChatGPT.
6. Pedagogical Implications
Three implications follow. First, tool use should be bounded by stage. Restricting ChatGPT to pre-writing and revision, as in this study, preserves the composing work that drives skill development while retaining the benefits of idea generation and structural modeling. Second, prompt instruction is not optional. Students frequently lack the strategies needed to elicit useful output (Stojanov, 2023), so modeling both effective and ineffective prompting in class is a prerequisite rather than an enrichment activity. Third, assessment should shift toward process. Requiring outlines, drafts, and revisions, and supplementing submitted work with in-class writing or oral defense, both verifies authorship and makes learner reasoning visible. Teacher feedback should be layered with, not replaced by, AI feedback, given documented concerns about the reliability of AI-generated evaluation.
7. Limitations and Conclusion
Three limitations qualify these findings. The absence of a control group means that the intervention effect cannot be fully isolated from ongoing classroom instruction, accumulated writing practice, and teacher feedback, all of which operated concurrently; the delayed gains are therefore suggestive rather than conclusive. The convenience sample drawn from a single institution constrains generalizability. Finally, a six-week window is short relative to the timescale on which writing competence develops, so whether the observed gains persist, and whether extended use eventually fosters dependency, remains open. Moreover, because the practice cycles preceding T3 included ChatGPT-supported drafts, T3 reflects unaided performance shortly after the intervention rather than long-term retention.
Subject to those qualifications, the study provides quantitative and qualitative evidence that structured, prompt-bounded ChatGPT integration is associated with significant and large improvements in the content and organization of Vietnamese EFL undergraduates' academic writing, with gains still evident in an unaided essay written six weeks after T1, after the ChatGPT-supported practice cycles had ended. Future work should incorporate control groups, longitudinal designs, and process data such as interviews or think-aloud protocols to clarify the mechanisms through which learners convert AI support into independent competence.
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