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Abstract
Generative artificial intelligence (GenAI) is increasingly used in language education, yet its value depends on how it is incorporated into learning tasks. This exploratory qualitative study examined how 15 university EFL teachers from three Vietnamese universities judged the use of GenAI across six scenario-based activities. Data were collected from 15 July to 20 August 2026 through semi-structured interviews and analysed using reflexive thematic analysis. Participants described task-dependent uses of GenAI for language explanation, text adaptation, feedback, brainstorming, and simulated interaction. They proposed three forms of teacher scaffolding: purposeful prompt guidance, critical evaluation and verification, and process documentation and reflection. Their accounts also supported five principles: human agency, transparency, verification, privacy, and task differentiation. Teachers differed in how much support they considered appropriate for lower-proficiency learners, but they consistently connected acceptable use to the purpose of the task. These findings represent teachers’ reported practices and scenario-based recommendations; they do not demonstrate improved language proficiency or prevention of overreliance. The proposed strategies therefore require further classroom investigation.
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1. Introduction
1.1 Background and Problem
Generative artificial intelligence (GenAI) tools such as ChatGPT, Gemini, and Claude can explain concepts, generate examples, answer follow-up questions, and adapt responses to a learner’s purpose or proficiency level. In EFL education, students may use these tools for vocabulary and grammar support, idea generation, writing feedback, reading assistance, and speaking practice. Research has associated such uses with immediate feedback, personalised support, and additional opportunities for practice (Kohnke et al., 2023a; Law, 2024; Lo et al., 2024).
These functions are relevant to language learning because progress depends on repeated exposure, production, and feedback. A student can request another example, ask why a grammatical form is unsuitable, or practise the same exchange several times. Such interaction may extend support beyond class time and may be particularly attractive in large classes. The range of possible uses also means, however, that “using GenAI” is not a single practice. Asking for a definition, requesting comments on a draft, and generating an entire response place different demands on the learner and create different risks for learning.
The same functions can, however, replace the work a task is intended to develop. Students may copy generated writing, accept inaccurate explanations, or rely on AI to prepare responses they cannot produce independently. These concerns involve academic integrity, privacy, critical evaluation, and learner agency (Lo et al., 2024; Miao & Holmes, 2023). Neither a complete ban nor unrestricted use fully addresses the problem. Teachers must decide when AI is appropriate, what it may contribute, and what students should complete themselves. Such decisions require pedagogical as well as technical knowledge (Kohnke et al., 2023b; Moorhouse et al., 2024).
1.2 Research Gap and Purpose
Existing studies have focused mainly on learners’ perceptions and writing-related applications, with less attention to vocabulary, grammar, reading, idea generation, and speaking (Law, 2024; Lo et al., 2024). Research on teachers has often examined readiness or professional competence rather than decisions made in specific classroom tasks (Kohnke et al., 2023b; Moorhouse et al., 2024). This study therefore explored how Vietnamese university EFL teachers viewed GenAI support across six activities, what guidance they proposed, and which principles they considered important for responsible use. It examined teachers’ accounts and recommendations rather than the effects of GenAI on students’ language performance.
A task-based approach was adopted because general attitudes do not show where teachers would draw practical boundaries. The same teacher may permit AI-generated examples during vocabulary study but restrict AI-generated prose in an assessment of independent writing. Presenting common prompts and outputs allowed the study to examine such differences while keeping a comparable focus across interviews.
1.3 Research Questions
RQ1: How do university EFL teachers perceive the ways in which GenAI can support common language-learning activities?
RQ2: What strategies do university EFL teachers propose for guiding students’ use of GenAI within these activities?
RQ3: What classroom principles do teachers identify as important for responsible GenAI use and for addressing the risk of overreliance?
1.4 Significance
The study contributes a task-based account of teacher guidance rather than treating GenAI as inherently helpful or harmful. Its findings may inform EFL task design, teacher development, and institutional guidance that distinguishes between practice, formative support, and assessment. Because the evidence is interview-based, these contributions should be understood as pedagogical judgements to be tested in classroom settings.
Conceptually, the study connects responsible use with scaffolding and the gradual transfer of responsibility to learners. Pedagogically, it identifies decisions teachers can make about prompts, verification, process evidence, and independent work. Institutionally, it supports guidance that is specific enough to reflect the purpose of a task rather than applying one rule to every use of GenAI.
2. Literature Review
2.1 Opportunities and Challenges in EFL Learning
GenAI differs from earlier educational technologies because learners can continue a conversation, request simpler explanations, and specify a context or language level (Kohnke et al., 2023a; Law, 2024). It can provide definitions, collocations, grammar explanations, writing feedback, summaries, comprehension questions, and role-play exchanges. Writing has received the most research attention, while evidence for reading and speaking remains less developed (Lo et al., 2024). The potential benefit lies in timely, adjustable assistance, especially where individual teacher feedback is limited.
In vocabulary and grammar work, students can request contextualised examples and explanations rather than a correct answer alone. This may help them notice patterns if they compare examples and apply the explanation to new items. In writing, GenAI can support brainstorming, organisation, and revision, but its contribution is closer to the assessed product and therefore raises stronger questions about authorship. For reading, simplification and summaries may improve access while also removing useful difficulty or nuance. Conversational role-play can increase opportunities to practise speaking, although text-based or synthetic exchanges do not reproduce all features of communication with another person. The educational value of each use therefore depends on what the activity is intended to develop.
Access does not guarantee learning. GenAI may produce inaccurate information, inappropriate language, or biased representations. Learners may also submit generated work, accept feedback without understanding it, or share personal and academic data on public platforms (Lo et al., 2024; Miao & Holmes, 2023). These risks are particularly important in EFL settings because students may not have enough linguistic knowledge to identify a plausible but unsuitable response. Productive use therefore depends on learners’ ability to question, verify, and adapt AI output.
Overreliance is not limited to obvious copying. It can also occur when learners allow the tool to choose ideas, language, and organisation repeatedly, leaving little evidence of their own judgement. Privacy presents a different but related challenge: students may paste identifiable drafts or information about other people into commercial systems without understanding how those data are handled. Teachers likewise report uncertainty about acceptable assistance, disclosure, and assessment. Professional development must therefore address task design and ethical judgement, not only how to operate a tool (Kohnke et al., 2023b; Moorhouse et al., 2024).
2.2 Teacher Guidance and Scaffolding
When AI can supply explanations and language almost instantly, teachers remain responsible for designing tasks, setting boundaries, and helping students interpret the support they receive (Kohnke et al., 2023b; Moorhouse et al., 2024). They may define permitted uses, model purposeful prompts, require source checking, and ask students to justify revision decisions. These roles connect technical use with the learning objective and keep the final decisions with the learner.
Guidance may also need to change across tasks and proficiency levels. A novice learner may require a restricted prompt and a clear checking procedure, while a more experienced learner may be expected to identify limitations independently. Assessment requires particular care because assistance that is appropriate during practice may undermine the interpretation of a task intended to measure unaided performance. This makes task differentiation central to teacher decision-making.
Scaffolding provides a useful lens for this guidance. Vygotsky’s (1978) Zone of Proximal Development concerns what learners can accomplish with appropriate assistance, while Wood et al. (1976) describe scaffolding as temporary support that is reduced as competence develops. In a GenAI-supported task, assistance may include a model prompt, a verification procedure, or a requirement to explain accepted and rejected suggestions. The aim is not merely a better AI response but greater learner judgement and independence.
This perspective also clarifies why unrestricted access is not equivalent to autonomy. Learners become more autonomous when they can judge what help is needed, evaluate its quality, and assume responsibility for the outcome. If AI makes those decisions for them, apparent independence from the teacher may conceal dependence on the technology.
2.3 Research Gap
Broad calls for responsible AI use provide limited guidance for decisions across different EFL activities. It remains unclear how teachers distinguish useful support from task substitution, how their guidance changes across language areas, and how principles such as human agency and privacy are translated into practice. The present task-based interview study addressed this gap by examining teachers’ reasoning in six concrete scenarios.
3. Methodology
3.1 Research Design
An exploratory qualitative design was used to examine teachers’ experiences and pedagogical reasoning rather than changes in student performance (Creswell & Poth, 2018). Semi-structured interviews were organised around six classroom scenarios, providing a common focus while allowing follow-up questions (Kallio et al., 2016). The evidence comprises reported prior practice and responses about what participants would recommend in the scenarios; it is not observational or intervention evidence.
3.2 Participants
Fifteen Vietnamese university EFL teachers were recruited purposively from three universities (five from each). Eligible participants were current university English teachers with at least two years of experience who had used GenAI for a teaching-related purpose. Potential participants were identified through faculty directories and invited by email; participation was voluntary and uncompensated. The sample varied in teaching experience, levels taught, and familiarity with GenAI. Combined codes protect identities; for example, T03_UA denotes Teacher 03 from University A. The focused sample and task-based interviews provided sufficient information power for the study aims (Malterud et al., 2016).
Teaching experience ranged from three to eighteen years. Participants taught general English, academic writing, language skills, English for specific purposes, and linguistics-related courses from approximately A2 to C1. Their reported uses of GenAI ranged from occasional text adaptation and idea generation to prompt guidance, feedback analysis, and simulated speaking practice. The profile was used to describe the range represented, not to compare institutions or assign teachers to proficiency groups.
Table 1
Anonymised participant profile
	Code
	Institution
	Experience
	Teaching context
	GenAI use

	T01_UA
	Public A
	8 years
	General English; writing (B1–B2)
	Planning; prompts; feedback

	T02_UA
	Public A
	12 years
	Reading/listening; IELTS (B2)
	Text adaptation; vocabulary

	T03_UA
	Public A
	5 years
	Integrated skills; grammar (A2–B1)
	Grammar drills; brainstorming

	T04_UA
	Public A
	15 years
	Advanced writing; research (C1)
	AI-feedback analysis

	T05_UA
	Public A
	6 years
	Speaking/listening (B1)
	Role-play; pronunciation

	T06_UB
	Private B
	4 years
	General English; business ESP (A2–B1)
	Vocabulary; business email

	T07_UB
	Private B
	10 years
	Writing; literature (B2–C1)
	Outlining; thesis evaluation

	T08_UB
	Private B
	7 years
	Grammar; communication (B1)
	Grammar; speaking drills

	T09_UB
	Private B
	3 years
	Foundation English (A2)
	Summaries; flashcards

	T10_UB
	Private B
	11 years
	Public speaking; debate (B2–C1)
	Arguments; interview practice

	T11_UC
	Regional C
	9 years
	Writing/reading (B1–B2)
	Feedback; simplification

	T12_UC
	Regional C
	14 years
	Syntax/morphology (B2–C1)
	Error and language analysis

	T13_UC
	Regional C
	6 years
	Academic English; ESP (B1)
	Ideas; rubric creation

	T14_UC
	Regional C
	18 years
	Applied linguistics; methodology (C1)
	Prompt guidance; task design

	T15_UC
	Regional C
	5 years
	General English; communication (A2–B1)
	Role-play; interactive Q&A


3.3 Interview Tasks and Data Collection
All participants responded to six scenarios involving vocabulary, grammar, writing feedback, idea generation, reading comprehension, and speaking practice for undergraduate learners at CEFR B1–B2. Each scenario included an activity, a GenAI prompt, and a sample response. The outputs were generated on 10 June 2026 using ChatGPT (GPT-4o) or Claude 3.5 Sonnet; one response per prompt was retained without linguistic correction. Table 2 summarises the design of the scenario-based activities and prompt focus. The full text of the six scenario stimulus sheets and core interview protocol are provided in the Supplementary Material.
Table 2
Overview of task-based scenarios
	Area
	GenAI activity
	Interview focus

	Vocabulary
	Meanings, collocations, examples
	Accuracy and suitability

	Grammar
	Error identification and explanation
	Explanation and reflection

	Writing feedback
	Feedback on a student paragraph
	Revision and authorship

	Idea generation
	Arguments for a discussion topic
	Support versus substitution

	Reading
	Summary and questions
	Accessibility and oversimplification

	Speaking
	Conversation role-play
	Interaction, feedback, independence


Two EFL teachers outside the final sample piloted the materials. The main interviews were conducted from 15 July to 20 August 2026, online through Zoom or Microsoft Teams or face-to-face at participants’ universities. Interviews lasted 45–60 minutes and were conducted in Vietnamese or English. With written consent, they were audio-recorded and transcribed verbatim. Vietnamese transcripts were analysed in Vietnamese; extracts selected for reporting were translated into English and checked against the original wording. Statements about prior use were coded as reported practice, while what participants would, could, or should do was coded as a scenario-based recommendation.
After each scenario, the interviewer asked how GenAI might support learning, what guidance should be provided, which parts should remain independent, and what risks should be considered. Follow-up questions sought reasons and concrete examples. The scenarios were discussion stimuli rather than tests of technological competence. Because all teachers saw the same materials, differences in their responses could be interpreted in relation to a common task, while follow-up questions preserved the depth of semi-structured interviewing.
3.4 Data Analysis
The transcripts were analysed using Braun and Clarke’s (2006, 2019) reflexive thematic analysis. Familiarisation and initial coding focused on learning support, teacher guidance, learner independence, and overreliance while remaining open to issues raised by participants. NVivo was used to organise data, but interpretation remained the researcher’s responsibility. Codes were compared within interviews and across task areas, grouped into candidate themes, reviewed against the full dataset, and refined. Contrasting comments were retained where they qualified a broader pattern. Table 3 illustrates how selected codes contributed to the final themes and principles; each item is a direct translated extract, not a paraphrased summary.
The analysis did not use numerical theme thresholds or inter-rater agreement. Instead, a theme was retained when it captured a meaningful pattern relevant to the research questions and could be supported across the dataset. Attention was also paid to task-specific differences and minority positions. For example, comments favouring stronger restrictions for lower-proficiency learners were retained alongside views that guided AI use could provide useful support.
Table 3
Illustrative path from direct interview extracts to themes
	Theme/principle
	Translated direct extract, participant, and status
	Initial code(s)
	Development

	[bookmark: _GoBack]Task-dependent support
	“Students can ask for examples and collocations, but they still need to check whether an example fits the context.” (T03_UA; scenario response)
	Contextual support; suitability check
	Analytical support

	Prompt guidance
	“I ask students to specify the level, the type of feedback, and that the tool should not rewrite the paragraph.” (T05_UA; reported practice)
	Prompt specificity; limits
	Prompt-guidance strategy

	Verification
	“Students should compare AI definitions with a reliable dictionary before using them.” (T02_UA; scenario response)
	Source comparison; accuracy
	Critical evaluation

	Process reflection
	“I ask students to keep the original draft and explain which AI suggestions they accepted or rejected.” (T13_UC; reported practice)
	Decision log; revision trail
	Process documentation

	Human agency
	“AI can offer suggestions, but the student must decide what to use and remain responsible for the final text.” (T07_UB; scenario response)
	Ownership; final decisions
	Human agency

	Transparency
	“If AI contributes to an assignment, students should explain how they used it rather than simply submit the final answer.” (T13_UC; scenario response)
	Disclosure; process visibility
	Transparency

	Privacy
	“I remind students not to upload personal information or identifiable work belonging to another student.” (T08_UB; reported practice)
	Personal-data risk
	Data safety

	Task differentiation
	“I allow AI for brainstorming, but not in an assessment intended to measure independent writing.” (T04_UA; reported practice)
	Practice–assessment boundary
	Task differentiation


3.5 Trustworthiness and Ethical Considerations
Credibility was supported through a common interview procedure, follow-up questions, comparison across six tasks, and participant review of interview summaries. Contextual and participant information supports transferability, while an audit trail of material revisions, coding decisions, theme development, and reflexive notes supports dependability and confirmability (Lincoln & Guba, 1985).
The task overview and supplementary stimulus sheets allow readers to consider how the prompts and sample outputs may have shaped participants’ judgements. The evidence table provides a compact link between direct extracts, initial codes, and the final interpretation. These procedures do not remove the researcher’s interpretive role, which is expected in reflexive thematic analysis, but they make the analytical process more visible.
No formal institutional ethical review was conducted prior to data collection. To protect participants, all participants received a detailed information sheet, participated voluntarily, provided written informed consent prior to interviews and audio recording, and were informed of their right to withdraw without penalty. All identifying details were anonymized using participant and institution codes, and all audio recordings, transcripts, and consent forms were stored in password-protected locations accessible only to the primary researcher.
4. Findings and Discussion
4.1 Task-Dependent GenAI Support (RQ1)
Participants described possible support across all six activities but assigned GenAI different roles. Vocabulary, grammar, and reading mainly involved analytical support through explanations, examples, and text adaptation. Writing, idea generation, and speaking involved more generative or interactive support through feedback, alternative ideas, and simulated communication. Teachers generally considered analytical assistance less likely to replace students’ work, although they still required contextual checking.
“Students can ask for examples and collocations, but they still need to check whether an example fits the context.” (T03_UA; scenario response)
Vocabulary and grammar responses focused on whether explanations were level-appropriate and transferable to new examples. Teachers did not assume that a correct explanation would lead to learning; several proposed follow-up production, such as asking students to write a new sentence or explain the rule in their own words. In reading, simplification was considered helpful when complex syntax blocked comprehension, but participants warned that an overly simplified version could remove details needed for interpretation. They therefore preferred comparing the original and adapted texts rather than replacing the original.
For writing and brainstorming, teachers preferred AI to offer options for evaluation rather than a complete paragraph or outline. Speaking role-plays were valued as low-pressure preparation, especially for hesitant learners, but not as substitutes for peer or teacher interaction. Participants perceived such role-play practice as a potential way to increase opportunities for practice, while maintaining that students still needed human communication (T11_UC). Thus, participants’ accounts suggest that the appropriate contribution of GenAI depends on the learning purpose, learner level, and amount of thinking and language production retained by the student. This task-dependent view qualifies broader claims about personalised support in earlier work (Kohnke et al., 2023a; Law, 2024; Lo et al., 2024).
The distinction was clearest in activities where the output could be submitted directly. An AI-generated definition could become a starting point for checking and application, whereas an AI-generated paragraph could conceal the student’s ability to organise and express ideas. Participants therefore attached more conditions to writing and idea generation than to vocabulary examples. Speaking occupied an intermediate position: while teachers expected role-plays to offer additional practice time, they questioned whether text interaction or predictable AI turns represented spontaneous oral communication. These differences show why a single claim that GenAI “supports EFL learning” is too broad for the data.
4.2 Teacher Scaffolding Strategies (RQ2)
Three related strategies appeared across interviews. First, teachers guided prompts so that students specified their level, purpose, and limits on assistance. This was not only a technical technique; it required learners to decide what support they needed.
“I ask students to specify the level, the type of feedback, and that the tool should not rewrite the paragraph.” (T05_UA; reported practice)
Second, teachers treated AI output as material for evaluation rather than a final answer. They proposed comparisons with dictionaries, textbooks, or course materials, particularly for learners who might not recognise plausible but inaccurate output.
“Students should compare AI definitions with a reliable dictionary before using them.” (T02_UA; scenario response)
Third, participants made the process visible through original drafts, selected prompts, AI responses, and explanations of accepted or rejected suggestions.
“I ask students to keep the original draft and explain which AI suggestions they accepted or rejected.” (T13_UC; reported practice)
Participants proposed reducing such support as learners became more capable of judging output independently. Their recommendations align with scaffolding as temporary, adjustable assistance (Vygotsky, 1978; Wood et al., 1976) and with calls for pedagogical GenAI competence (Kohnke et al., 2023b; Moorhouse et al., 2024). However, the interviews show what teachers reported or recommended, not whether these strategies produce greater independence in practice.
The three strategies were mutually reinforcing. A purposeful prompt limited the kind of help requested; verification required students to test the response; and reflection made their decision-making visible. Participants did not recommend the same amount of documentation for every activity. A brief vocabulary exercise might require only a source check and a new example, whereas a writing assignment could include the original draft, selected prompts, and a short revision rationale. Teachers intended this proportional approach to prevent process documentation from becoming an additional burden unrelated to the learning objective.
4.3 Responsible-Use Principles (RQ3)
Five connected principles were developed from the interviews. First, human agency meant that students remained responsible for selecting, adapting, and defending the final work.
“AI can offer suggestions, but the student must decide what to use and remain responsible for the final text.” (T07_UB; scenario response)
Second, transparency required students to state how GenAI contributed, with the amount of documentation adjusted to the task.
“If AI contributes to an assignment, students should explain how they used it rather than simply submit the final answer.” (T13_UC; scenario response)
Third, verification positioned source checking as part of learning rather than an optional final check. Fourth, privacy required students to avoid uploading personal, confidential, or identifiable material.
“I remind students not to upload personal information or identifiable work belonging to another student.” (T08_UB; reported practice)
Fifth, task differentiation connected permitted AI use to the purpose of the activity. Participants were more willing to permit brainstorming or formative feedback than AI assistance in work intended to demonstrate independent ability.
“I allow AI for brainstorming, but not in an assessment intended to measure independent writing.” (T04_UA; reported practice)
Views differed on the amount of assistance appropriate for lower-proficiency learners. T04_UA and T12_UC favoured tighter limits because of concerns about reduced independent thinking, whereas T06_UB and T09_UB regarded carefully guided use as useful scaffolding. Participants nevertheless agreed on the need to connect boundaries to the learning outcome. Their accounts are consistent with human-centred guidance emphasising agency, transparency, privacy, and critical evaluation (Miao & Holmes, 2023). They suggest principles for classroom use, but whether those principles prevent overreliance requires empirical investigation in actual classes.
The principles operate together rather than as an independent checklist. Disclosure without human agency could document extensive AI use without protecting learning, while verification without task differentiation would not resolve whether assistance was permitted in the first place. Privacy also concerns input rather than only the quality of output. A responsible-use framework must therefore address what students upload, what the tool contributes, how its response is checked, and who remains accountable for the final decision.
5. Conclusion and Recommendations
5.1 Conclusion
The 15 teachers viewed GenAI as a task-dependent source of explanation, feedback, ideas, text adaptation, and simulated interaction. They proposed prompt guidance, verification, and process reflection, supported by principles of human agency, transparency, verification, privacy, and task differentiation. These findings describe teachers’ judgements and recommendations. They do not establish that GenAI improves language learning or that the proposed guidance prevents overreliance.
The main contribution is therefore not a claim that one pattern of AI use is effective across EFL teaching. It is a structured account of the decisions teachers considered necessary when the purpose and risks of tasks differed. In their accounts, acceptable assistance depended less on the presence of AI than on whether learners continued to interpret, choose, and produce language themselves.
5.2 Implications
EFL teachers may use these recommendations to define limited forms of assistance, ask learners to evaluate AI output, and make important revision decisions visible. Institutions may support this work through task-level policies that distinguish practice and formative feedback from assessments of independent ability, together with professional development on task design, academic integrity, and data privacy. The effectiveness and workload implications of these strategies should be evaluated before wider implementation.
Implementation should begin with explicit learning outcomes and a clear statement of permitted and restricted support. Teachers can then select proportionate evidence of process, such as a brief source comparison or revision explanation. Institutional policy should leave room for these task-level distinctions while establishing minimum expectations for disclosure and data protection.
5.3 Limitations and Future Research
The study relied on self-reported accounts from 15 teachers at three Vietnamese universities. Scenario responses show pedagogical reasoning but not observed classroom behaviour, and reported practices were not independently verified. Student perspectives and learning outcomes were outside the study. Future research should combine interviews with classroom observation, student work, and prompt or revision records. Longitudinal or intervention studies could test whether teacher-guided use supports later independent performance after AI assistance is removed.
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