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Abstract
The rapid integration of artificial intelligence (AI) into higher education has reshaped English teaching and learning in Vietnam, offering new opportunities while raising concerns about trust and effectiveness. However, how teachers’ and students’ beliefs about AI are formed, maintained, and adjusted remains underexplored. This study investigates these processes in Vietnamese university contexts using a mixed-methods approach, including questionnaires, interviews, and classroom observations. Quantitative data are analyzed statistically, while qualitative data undergo thematic analysis. Findings suggest that participants’ beliefs are initially shaped by prior experience and perceived usefulness, while continued use and critical experiences are associated with reported reinforcement and adjustment. Because the questionnaire was administered once, claims about change over time are based on retrospective self-reports, interviews, and classroom observations rather than repeated questionnaire measurements. The study highlights both increased trust and concerns about overreliance and academic integrity, suggesting the need for pedagogical guidance, AI literacy, and institutional support.
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Tóm tắt 
Việc tích hợp nhanh chóng trí tuệ nhân tạo (AI) vào giáo dục đại học đã và đang làm thay đổi hoạt động dạy và học tiếng Anh tại Việt Nam, mở ra nhiều cơ hội mới đồng thời đặt ra những quan ngại về mức độ tin cậy và hiệu quả của công nghệ này. Tuy nhiên, quá trình hình thành, duy trì và điều chỉnh niềm tin của giáo viên và sinh viên đối với AI vẫn chưa được nghiên cứu đầy đủ. Nghiên cứu này nhằm tìm hiểu các quá trình trên trong bối cảnh các trường đại học tại Việt Nam bằng phương pháp nghiên cứu hỗn hợp, sử dụng bảng hỏi, phỏng vấn và quan sát lớp học để thu thập dữ liệu. Dữ liệu định lượng được phân tích bằng các phương pháp thống kê, trong khi dữ liệu định tính được phân tích theo chủ đề. Kết quả cho thấy niềm tin của người tham gia ban đầu gắn với kinh nghiệm trước đó và nhận thức về tính hữu ích của AI, trong khi quá trình sử dụng liên tục và các trải nghiệm quan trọng có liên quan đến sự duy trì và điều chỉnh niềm tin được người tham gia tự báo cáo. Do bảng hỏi chỉ được thực hiện một lần, các nhận định về sự thay đổi theo thời gian được dựa trên tự báo cáo hồi tưởng, phỏng vấn và quan sát lớp học thay vì các phép đo lặp lại bằng bảng hỏi. Nghiên cứu đồng thời ghi nhận sự gia tăng mức độ tin tưởng vào AI cũng như những lo ngại về sự phụ thuộc quá mức và tính liêm chính học thuật, qua đó nhấn mạnh sự cần thiết của định hướng sư phạm, năng lực AI và sự hỗ trợ từ các cơ sở giáo dục.
Từ khóa: Trí tuệ nhân tạo (AI), niềm tin của giáo viên, niềm tin của sinh viên, sự thay đổi niềm tin, giáo dục tiếng Anh, giáo dục đại học.
1. Introduction
Artificial intelligence (AI) is reshaping higher education and English language teaching by supporting personalization, feedback, and engagement. At the same time, trust, reliability, and ethical concerns influence how teachers and students perceive and adopt AI (Chocarro et al., 2021; Davis, 1989; Khoso et al., 2026).
Beliefs are central to technology adoption. TAM emphasizes perceived usefulness and ease of use (Davis, 1989), while recent AI research highlights trust and ethical considerations (Choung et al., 2023; Khoso et al., 2026). Teachers’ beliefs shape instructional choices, while students’ perceptions influence engagement and reliance on AI (Khoo & Jamaludin, 2025).
Many studies examine beliefs at a single point in time, although beliefs may be shaped by experience, interaction, and critical incidents (Pitts & Motamedi, 2025; Karran et al., 2025).
In Vietnam, research remains limited on how teachers and students describe their beliefs in relation to continued AI use. This study therefore examines belief formation, maintenance, and reported adjustment in Vietnamese universities through mixed methods.
2. Literature review
2.1. Artificial intelligence in English language education
AI is increasingly used in higher education through chatbots, automated writing evaluation, and intelligent tutoring systems that support personalized learning and feedback (Holmes et al., 2019; Zawacki-Richter et al., 2019). In English learning, these tools can support writing, speaking, and comprehension (Chocarro et al., 2021).
Challenges include overreliance, limited transparency, and academic-integrity concerns (Luckin et al., 2016; Karran et al., 2025), making users’ perceptions as important as technological capability.
2.2. Teachers’ beliefs about AI integration
Teachers’ pedagogical orientations, prior experience, and perceived usefulness influence technology adoption (Ertmer & Ottenbreit-Leftwich, 2010; Davis, 1989).
In AI contexts, trust, reliability, and ethical implications are especially important. Teachers may value AI efficiency while also questioning autonomy and effects on critical thinking (Choung et al., 2023; Khoo & Jamaludin, 2025).
Institutional support and professional development can also influence teachers’ willingness to integrate AI (Zawacki-Richter et al., 2019).
2.3. Students’ beliefs and AI use in learning
Students’ beliefs affect engagement, learning strategies, and reliance on AI. They often value efficiency and immediate feedback, but perceptions vary with digital literacy, prior experience, and perceived accuracy (Khoso et al., 2026; Pitts & Motamedi, 2025).
Trust is not uniform: some students develop confidence in AI, whereas others remain skeptical and prefer traditional approaches (Pitts & Motamedi, 2025).
Academic integrity and ethical use can produce ambivalent attitudes in which students recognize AI’s benefits while questioning appropriate use (Karran et al., 2025).
2.4. Theoretical perspectives on belief formation and change
TAM emphasizes usefulness and ease of use, but AI adoption also involves trust, ethics, and social influence (Davis, 1989; Venkatesh et al., 2003; Sohn & Kwon, 2020; Khoso et al., 2026).
Sociocultural perspectives view beliefs as shaped by interaction, experience, institutional context, and peer influence (Ertmer & Ottenbreit-Leftwich, 2010).
Trust may be strengthened by successful AI experiences but disrupted by errors, bias, or ethical concerns (Choung et al., 2023), supporting attention to reported maintenance and adjustment.
2.5. Research gap
Although AI-adoption research commonly identifies acceptance factors at a single time point, less attention has been paid to how participants describe beliefs as being formed, sustained, or reshaped.
In Vietnamese higher education, empirical research on AI in English education remains limited. The present study addresses this contextual gap while treating temporal claims cautiously because the questionnaire was administered once.
Addressing this gap will contribute to a more nuanced understanding of AI adoption in education and provide practical insights for effective and responsible implementation.
Research questions
Based on the literature, this study addresses the following research questions:
1. How are teachers’ and students’ beliefs about AI formed in the context of English language teaching and learning in Vietnamese higher education? 
2. How are these beliefs maintained through ongoing use of AI tools? 
3. How do participants report that their beliefs about AI are adjusted over time, and why do these adjustments occur? 
4. What factors influence the formation, maintenance, and adjustment of these beliefs?
3. Methodology
3. 1. Research design
This study employs a sequential explanatory mixed-methods design to examine belief patterns and the experiences participants report behind them. Quantitative data identify overall tendencies; qualitative data provide contextual explanations.
The quantitative phase maps belief constructs and descriptive associations, followed by interviews and observations that explore experiences, critical incidents, and reported adjustments. Integration occurs at interpretation.
3. 2. Pedagogical setting and participants
3. 2.1 Pedagogical setting
The study was conducted in three public universities in Vietnam with differing levels of AI integration. English courses use tools such as ChatGPT, Grammarly, and QuillBot, with teachers retaining varying degrees of autonomy and students using AI both in class and independently.
Importantly, AI use in these contexts is semi-structured rather than fully institutionalized. Teachers have varying degrees of autonomy in integrating AI into their lessons, and students often use AI both formally (in class tasks) and informally (self-study). This creates a rich environment to observe how beliefs are formed not only through instruction but also through independent exploration and peer interaction.
3. 2.2 Participants
A total of 210 participants were recruited through purposive sampling to ensure variation in experience and exposure to AI:
· 30 English teachers 
· 180 undergraduate students 
Including both groups permits comparison of perspectives associated with different pedagogical roles.
Table 1. 
Participant demographics
	Category
	Group
	n
	%
	Interpretation

	Teachers
	Female
	22
	73.3
	Reflects gender distribution in language education

	
	Male
	8
	26.7
	Provides diversity of perspectives

	Students
	Year 1
	60
	33.3
	Student group

	
	Year 2
	55
	30.6
	Student group

	
	Year 3
	40
	22.2
	Student group

	
	Year 4
	25
	13.9
	Student group


The distribution enables comparison across academic-year and AI-exposure groups, while avoiding assumptions that academic year represents developmental change.
AI Usage Frequency (Students)
	Frequency
	n
	%
	Implication

	Rarely
	30
	16.7
	Limited belief formation

	Sometimes
	75
	41.7
	Emerging beliefs

	Often
	55
	30.6
	Reinforced beliefs

	Very often
	20
	11.1
	Potential overreliance


Usage frequency is treated as an indicator of AI exposure for descriptive comparison, not as a measure of longitudinal belief development.
3. 3. Instruments
The study uses complementary instruments to examine belief constructs and participants’ reported experiences.
3. 3.1 Questionnaire
The questionnaire operationalizes beliefs as measurable constructs, drawing from TAM and trust frameworks and including a belief-change dimension. Because the questionnaire was administered only once, this dimension is treated as a retrospective measure of participants’ perceived change in their beliefs, rather than as a direct pre–post measure of within-person change.
· Total items: 32 (5-point Likert scale) 
· Constructs: 
· Perceived usefulness → initial belief formation (RQ1) 
· Ease of use → early adoption experience (RQ1) 
· Trust → belief maintenance (RQ2) 
· Behavioral intention → sustained engagement (RQ2) 
· Belief change → adjustment (RQ3) 
Table 2. Questionnaire structure
	Dimension
	Items
	Analytical Role
	Cronbach’s α

	Usefulness
	6
	Explains why beliefs form
	0.88

	Ease of use
	5
	Reduces resistance
	0.86

	Trust
	7
	Stabilizes beliefs
	0.90

	Intention
	6
	Predicts continued use
	0.87

	Belief change
	8
	Captures retrospective perceived adjustment
	0.91


The reliability coefficients indicate internal consistency, but reliability does not establish temporal change; the belief-change scale is therefore interpreted as retrospective perceived change.
3. 3.2 Semi-structured interviews
Interviews reconstruct participants’ reported belief trajectories retrospectively, focusing on first encounters, repeated experiences, critical incidents, and external influences.
Key focus:
· First encounters with AI (RQ1) 
· Repeated experiences and reinforcement (RQ2) 
· Turning points or critical incidents (RQ3) 
· External influences (RQ4) 
3. 3.3 Classroom observations
Observations provide complementary behavioral evidence to contextualize self-reported beliefs; they do not directly validate participants’ beliefs.
Focus areas:
· Degree of reliance on AI 
· Teacher mediation strategies 
· Student interaction patterns 
This helps contextualize potential discrepancies between reported beliefs and observed practices.
3. 4. Data collection procedures
Data collection lasted 12 weeks. The questionnaire was administered once during Weeks 1–3; observations followed in Weeks 4–8 and interviews in Weeks 9–12. Thus, temporal interpretations draw on retrospective accounts and observed practices rather than repeated questionnaire measures.
	Phase
	Activity
	Purpose

	Weeks 1–3
	Questionnaire
	Baseline beliefs and retrospective perceived change

	Weeks 4–8
	Observations
	Behavioral patterns

	Weeks 9–12
	Interviews
	Retrospective trajectories and critical incidents



The sequencing ensures that the qualitative phase builds on the quantitative patterns. Quantitative results identify overall tendencies and descriptive associations, while interviews and observations are used to explain how participants experienced, interpreted, and acted on those patterns. The two strands are therefore integrated for interpretation rather than treated as independent sources of evidence.
3. 5. Data analysis
3. 5.1 Quantitative analysis
SPSS was used for descriptive statistics and cross-tabulation across AI-use frequency groups. Because inferential group statistics and regression coefficients were not available, these comparisons are interpreted descriptively.
· Descriptive statistics → identify general belief trends (RQ1, RQ2) 
· Descriptive cross-tabulation suggests that higher-frequency users report greater usefulness and behavioral intention, with trust also showing an upward pattern. Without group means, significance tests, or effect sizes, these are descriptive associations rather than statistically demonstrated relationships.
· Because the available results do not report inferential group statistics or regression coefficients, frequency-group comparisons are interpreted descriptively rather than as statistically confirmed predictors of belief change (RQ3–RQ4). 
Table 3. Descriptive statistics
	Variable
	Mean
	SD
	Interpretation

	Usefulness
	4.12
	0.56
	Strong positive perception

	Ease of use
	4.05
	0.61
	Low barrier to adoption

	Trust
	3.78
	0.70
	Moderate, not absolute

	Belief change
	3.95
	0.65
	Retrospective perceived change


While usefulness and ease are high, trust is lower, suggesting that belief maintenance is less stable than initial formation.
3. 5.2 Qualitative analysis
Thematic analysis used open, axial, and selective coding to identify recurring ideas, connect themes, and develop a process-oriented account of reported belief trajectories.
1. Open coding → identify recurring ideas 
2. Axial coding → connect themes 
3. Selective coding → build belief trajectory model 
Emerging Analytical Framework
	Stage
	Description

	Formation
	Based on expectations & first use

	Maintenance
	Reinforced by repeated success

	Adjustment
	Triggered by critical events


This framework organizes the qualitative findings around the four research questions.
3. 6. Validity and reliability
· Method triangulation → increases credibility 
· Pilot testing → refines instruments 
· Member checking → ensures authenticity 
· Inter-coder agreement (85%) → strengthens qualitative rigor 
3. 7. Ethical considerations
Ethical procedures included informed consent, confidentiality, and voluntary participation.
· Informed consent obtained 
· Confidentiality ensured 
· Voluntary participation respected
4. Results
4. 1. Overall descriptive statistics of belief constructs (RQ1 & RQ2)
Quantitative results summarize perceived usefulness, ease of use, trust, and retrospective belief change.
Usefulness was highest (M = 4.12, SD = 0.56), followed by ease of use (M = 4.05, SD = 0.61). Trust was lower (M = 3.78, SD = 0.70), indicating more variable confidence in AI outputs.
Belief change (M = 3.95, SD = 0.65) reflects participants’ retrospective perception that their views had changed. Because it was measured once, it is not evidence of pre–post change.
4. 2. Distribution of AI usage frequency (RQ2)
Student AI-use frequency varied: 16.7% rarely used AI, 41.7% sometimes, 30.6% often, and 11.1% very often.
· 16.7% (n = 30) reported rarely using AI 
· 41.7% (n = 75) reported using AI sometimes 
· 30.6% (n = 55) reported using AI often 
· 11.1% (n = 20) reported very frequent use 
Descriptive cross-tabulation suggests that higher-frequency users report greater usefulness and behavioral intention, with trust also showing an upward pattern. Without group means, significance tests, or effect sizes, these are descriptive associations rather than statistically demonstrated relationships.
· Higher-frequency users tend to report higher perceived usefulness and stronger behavioral intention 
· Trust levels increase with usage but do not reach the same level as usefulness 
This descriptive pattern suggests that greater exposure may be associated with more positive perceptions, while uncertainty remains. However, because group-level inferential statistics (e.g., group means, significance tests, or effect sizes) are not reported in the available dataset, the relationship should be interpreted as descriptive rather than as statistically demonstrated.
4.3. Belief formation: Initial perceptions and early experiences (RQ1)
Survey and interview data indicate that first encounters with AI are commonly linked to belief formation.
Participants commonly described first use in writing, grammar checking, and vocabulary tasks, with early experiences often perceived as efficient.
· Writing assignments 
· Grammar checking 
· Vocabulary expansion 
Across the participant groups, students more often emphasized immediate outcomes such as speed and convenience, whereas teachers more often considered benefits, limitations, and pedagogical goals. These are descriptive differences between roles, not evidence of change over time.
· Students (especially Year 1 and Year 2) 
· Tend to form beliefs quickly 
· Base judgments on immediate outcomes (e.g., speed, convenience) 
· Show relatively uniform positive perceptions 
· Teachers 
· Exhibit more varied initial responses 
· Consider both benefits and limitations 
· Evaluate AI in relation to pedagogical goals 
Thus, initial belief profiles appear related to user role and purpose of AI use.
4. 4. Belief maintenance: Stability and reinforcement (RQ2)
Belief maintenance is reflected in descriptive survey patterns and classroom practices.
· Participants with higher usage frequency tend to report more positive and apparently more stable beliefs in the descriptive data 
· Trust scores, although lower overall, show a descriptive upward pattern among more frequent users 
Observations showed reduced hesitation among regular AI users and increasing integration of AI into drafting, revising, and answer-checking practices. These observations contextualize reported beliefs but do not directly validate them.
· Students who regularly use AI show reduced hesitation and increased confidence 
· AI use becomes integrated into routine learning practices (e.g., drafting, revising, checking answers) 
Belief stability was not uniform: participants described fluctuations in trust when AI produced inconsistent outputs, consistent with the variability in trust scores (SD = 0.70).
Teachers also shaped AI use by providing guidance and encouraging critical evaluation of outputs.
· Providing guidance on appropriate AI use 
· Encouraging critical evaluation of AI outputs 
This suggests that belief maintenance is influenced by both individual experience and instructional context.
4.5. Belief adjustment: Retrospective accounts of adjustment (RQ3)
Participants commonly reported some adjustment in their beliefs. The retrospective belief-change mean (M = 3.95) indicates perceived shifts, not directly measured longitudinal change.
Interviews identified three recurring patterns of reported adjustment:
4. 5.1 Positive Reinforcement
· Continued successful use leads to increased trust and reliance 
· AI becomes a “default” support tool for certain tasks 
4. 5.2 Critical Re-evaluation
· Encountering incorrect or inappropriate outputs prompts skepticism 
· Participants begin to verify AI-generated information more carefully 
4. 5.3 Strategic Adjustment
· Users refine how they use AI (e.g., using it for drafting but not final answers) 
· AI is repositioned as a supportive rather than authoritative tool 
Interview accounts suggested differences in how students from different academic-year groups described critical evaluation and selective AI use. Because the groups were compared at one point in time, these findings represent cross-sectional differences and cannot establish that critical evaluation increases as students progress through university.
· Students in Years 3–4 more frequently described critical evaluation and selective AI use in the interview accounts 
· Students in Years 1–2 more often described positive initial perceptions; this pattern should not be interpreted as evidence that their beliefs are less developed or change less over time 
4. 6. Factors influencing belief development (RQ4)
Participants linked belief formation, maintenance, and adjustment to individual, experiential, and contextual factors.
4. 6.1 Individual Factors
· Prior experience with technology 
· Level of digital literacy 
· Personal learning preferences 
4. 6.2 Experiential Factors
· Frequency of AI use 
· Perceived success or failure in using AI 
4. 6.3 Contextual and Social Factors
· Teacher guidance and feedback 
· Peer influence 
· Institutional norms and expectations 
4. 7. Summary of key results
Overall, the findings support a cautious interpretation: the questionnaire shows strong usefulness and usability perceptions and descriptive associations with AI-use frequency, while interviews and observations contextualize reported reinforcement and adjustment. The evidence should not be treated as longitudinal measurement.
· • Participants report strong perceived usefulness and usability of AI.
· • Trust is moderate and variable.
· • Participants retrospectively report that their views are not static.
· • AI-use frequency and experience show descriptive associations with reported belief reinforcement or adjustment.
· • Individual and contextual factors are repeatedly mentioned in participants’ accounts.
5. Discussion
5. 1. Utility as the primary driver of belief formation (RQ1)
Belief formation appears strongly linked to perceived usefulness and ease of use. Participants initially emphasized efficiency and task performance, consistent with TAM (Davis, 1989). Students more often focused on immediate benefits, while teachers also considered pedagogical alignment and learner autonomy.
5. 2. The gradual and conditional development of trust (RQ2)
Trust appears more conditional than perceived usefulness. Its lower mean and greater variability suggest that confidence in AI is not automatically established through use.
More frequent users descriptively report higher trust, while interview accounts suggest that successful experiences can reinforce confidence. However, the study cannot establish that usage frequency predicts or causes higher trust.
Users may therefore continue using AI without fully trusting it, suggesting pragmatic rather than unconditional reliance.
5. 3. Belief maintenance as a reinforcement and socially mediated process (RQ2)
Belief maintenance can be interpreted as reinforcement through repeated successful experiences. More frequent users report more positive and apparently stable beliefs, but this is an observed descriptive pattern rather than a statistically confirmed difference.
Observations further show the importance of teachers as mediators who guide when and how AI should be used. Because observations document practices rather than beliefs, they provide complementary behavioral evidence rather than validation of self-reported beliefs.
5. 4. Belief adjustment as a response to critical incidents (RQ3)
Participants describe belief adjustment rather than fixed views. The retrospective belief-change mean indicates perceived reassessment, but the single questionnaire cannot establish its timing, magnitude, or direction.
Interviews identify incorrect outputs, plagiarism concerns, and peer misuse as critical incidents that prompt verification and reflection.
Adjustment generally involves recalibrating expectations: AI is described as a supportive but fallible tool rather than an authoritative source.
More experienced participants describe more selective use, although these qualitative accounts do not establish statistically significant differences between experience groups.
5. 5. Interplay of factors shaping belief dynamics (RQ4)
Belief processes are described as shaped by interacting individual, experiential, and contextual factors.
· Individual factors (e.g., digital literacy, prior experience) shape initial perceptions and readiness to adopt AI 
· Experiential factors (e.g., frequency of use, perceived outcomes) reinforce or weaken beliefs over time 
· Contextual factors (e.g., teacher guidance, peer influence, institutional norms) play a critical role in prompting reflection and adjustment 
For example, high digital literacy may support positive initial perceptions, while negative experiences or teacher intervention may prompt critical reassessment.
5. 6. A dynamic and non-linear model of belief development
The findings suggest a process-oriented model in which reported beliefs are formed through perceived utility, reinforced through experience, and adjusted following reflection or critical incidents.
· Formation (utility-driven): beliefs are shaped by perceived usefulness and ease of use 
· Maintenance (experience-driven): beliefs are reinforced through repeated interaction 
· Adjustment (reflection-driven): beliefs are modified in response to critical incidents 
Participants’ retrospective accounts describe movement between acceptance, reinforcement, and reassessment; this is an interpretive model, not a longitudinal statistical model.
5. 7. Methodological scope and interpretation
A key methodological limitation concerns belief change. Because the questionnaire was administered once, the study cannot directly estimate within-person change from Time 1 to Time 2. The eight-item scale captures retrospective perceived change; interviews provide accounts of turning points and reasons for adjustment. Observations document AI-related practices and should not be treated as direct measures of belief. Claims about development therefore rest on convergence across retrospective self-report, qualitative accounts, and observed practices.
6. Conclusion
This study examined how teachers’ and students’ beliefs about AI are formed, maintained, and reportedly adjusted in Vietnamese higher education. The mixed-methods evidence suggests that usefulness and ease of use are central to initial perceptions, while trust remains more variable.
Participants describe continued use and successful experiences as reinforcing AI use, while critical incidents encourage more selective and strategic practices. These interpretations come from retrospective reports and qualitative evidence rather than repeated quantitative measurement.
Overall, the study offers a process-oriented interpretation of belief dynamics while recognizing the limits of its cross-sectional quantitative design. Future longitudinal research with repeated measures is needed to test temporal and causal claims more directly.
7. Implications for theory and practice
The findings have implications for responsible AI integration in university English education.
First, students need critical AI literacy to evaluate, verify, and responsibly use AI-generated content, including recognizing inaccuracies and avoiding overreliance (Long & Magerko, 2020).
Second, teachers should mediate AI use by designing tasks that encourage critical comparison, verification, and reflection.
Third, institutions should provide clear policies, professional development, and guidance on acceptable AI use and academic integrity.
Finally, AI integration should include continuing opportunities for reflection and discussion rather than one-off training.
Theoretically, the study highlights the process-oriented nature of beliefs and the conditional role of trust. These implications should be understood as mixed-methods process evidence, not proof of longitudinal change.
· Educators should support students in developing critical AI literacy, enabling them to evaluate AI outputs rather than accept them uncritically 
· Teachers should act as mediators, guiding appropriate and ethical AI use 
· Institutions should provide clear policies and training, ensuring that AI integration is both effective and responsible 
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