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Abstract
AI and machine-translation tools are increasingly used in university translation learning, but students' perceptions of their benefits, risks, and responsibilities require context-specific examination. This questionnaire-dominant, cross-sectional mixed-methods study surveyed 98 English majors at the University of Phan Thiet and interviewed five students and three translation lecturers. Descriptive statistics and internal-consistency estimates were interpreted alongside interview themes. Students perceived AI as useful for vocabulary access, comparison, self-checking, and post-editing, while also expressing concerns about passive reliance. They agreed that AI helped them seek solutions before consulting lecturers (M = 4.23, SD = .510), but also endorsed concern that overreliance reduced their willingness to think critically (M = 4.09, SD = .588). Respondents perceived their role as extending toward evaluation and verification of AI-generated translations; this was not a measured change over time. The researcher-developed questionnaire had preliminary content-alignment and response-clarity evidence, and its perceived-drawbacks scale had modest internal consistency (α = .631), warranting item-level caution. Across data strands, perceived autonomy and dependence coexisted. The findings favor translation activities that make verification, post-editing decisions, and responsible AI use visible rather than treating polished output as evidence of independent competence.
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QUAN ĐIỂM CỦA SINH VIÊN VỀ CÁC CÔNG CỤ DỊCH THUẬT CÓ HỖ TRỢ AI TRONG BỐI CẢNH MỘT TRƯỜNG ĐẠI HỌC Ở MIỀN NAM VIỆT NAM
Tóm tắt
Các công cụ trí tuệ nhân tạo (AI) và dịch máy ngày càng được sử dụng rộng rãi trong học tập biên dịch ở bậc đại học, nhưng nhận thức của sinh viên về lợi ích, rủi ro và trách nhiệm khi sử dụng các công cụ này cần được xem xét trong từng bối cảnh cụ thể. Nghiên cứu hỗn hợp cắt ngang, trong đó bảng hỏi giữ vai trò chủ đạo, khảo sát 98 sinh viên chuyên ngành Ngôn ngữ Anh tại Trường Đại học Phan Thiết và phỏng vấn năm sinh viên cùng ba giảng viên biên dịch. Thống kê mô tả và các ước lượng về tính nhất quán nội tại được diễn giải kết hợp với các chủ đề từ phỏng vấn. Sinh viên nhận thấy AI hữu ích trong việc tiếp cận từ vựng, so sánh phương án dịch, tự kiểm tra và hậu biên tập, đồng thời cũng bày tỏ lo ngại về sự phụ thuộc thụ động. Họ đồng ý rằng AI giúp họ tìm kiếm giải pháp trước khi tham khảo giảng viên (M = 4.23, SD = .510), nhưng cũng đồng thuận với nhận định rằng việc phụ thuộc quá mức vào AI làm giảm mức độ sẵn sàng tư duy phản biện của họ (M = 4.09, SD = .588). Người tham gia nhận thấy vai trò của mình mở rộng theo hướng đánh giá và xác minh bản dịch do AI tạo ra; đây không phải là sự thay đổi được đo lường theo thời gian. Bảng hỏi do nhà nghiên cứu xây dựng chỉ có bằng chứng sơ bộ về sự phù hợp nội dung và độ rõ ràng của phản hồi, trong khi thang đo các bất lợi cảm nhận có độ nhất quán nội tại ở mức vừa phải (α = .631), do đó cần thận trọng khi diễn giải ở cấp độ từng mục hỏi. Ở cả hai nguồn dữ liệu, nhận thức về tính tự chủ và sự phụ thuộc cùng tồn tại. Kết quả ủng hộ các hoạt động biên dịch làm rõ quá trình xác minh, các quyết định hậu biên tập và việc sử dụng AI có trách nhiệm, thay vì xem một sản phẩm ngôn ngữ trau chuốt là bằng chứng của năng lực làm việc độc lập.
Từ khóa: dịch thuật có hỗ trợ AI; sinh viên chuyên ngành Ngôn ngữ Anh; tính tự chủ của người học; dịch máy; hậu biên tập; đào tạo biên dịch; Việt Nam


1. Introduction
Neural machine translation and generative AI can produce target-language drafts, alternative phrasings, and interactive feedback (Krüger, 2023; Mohamed et al., 2024). Their availability invites students to compare their interpretations with automated output, but also raises questions about when such output replaces rather than supports translation reasoning.
Translation competence includes strategic, linguistic, and instrumental resources (PACTE Group, 2005). Prieto Ramos (2024) describes adaptation of competence frameworks to AI-influenced legal and institutional translation. Complementarily, machine-translation (MT) literacy emphasizes knowing how MT works, when it is useful, and its implications for particular contexts (Bowker & Buitrago Ciro, 2019; O'Brien & Ehrensberger-Dow, 2020). For translation education, the central question is thus how learners judge automated suggestions, not only whether they use them.
Vietnamese and Thai EFL learners have reported using ChatGPT to clarify concepts and edit L2 writing, although that study did not examine translation (Meniado et al., 2024). Translation-focused research elsewhere identifies perceived efficiency alongside concerns about dependency and accountability (Zhang et al., 2025). Evidence remains limited for English majors in southern Vietnam and for comparisons between student and lecturer accounts. This study addresses that local, perception-based gap at the University of Phan Thiet.
The study was guided by two research questions: (1) What benefits and challenges do English-major students at the University of Phan Thiet associate with the use of AI tools in translation learning? (2) How do English majors and translation lecturers perceive changes in students' roles in an AI-supported translation learning environment?
2. Literature Review and Conceptual Framework
2.1. AI-assisted translation in language education
AI-assisted translation spans translation-memory systems, neural MT, and generative AI that can propose wording and explain alternatives (Krüger, 2023; Mohamed et al., 2024). Translation students may use these tools for drafting, comparison, and revision. In a qualitative university study, Zhang et al. (2025) documented perceived gains in translation efficiency and learning, tempered by concerns about adequacy, transparency, and dependency.
Post-editing requires evaluation of machine output rather than automatic acceptance. Yamada (2019) examined post-editing by student translators; Cholewska (2021) investigated trainees' post-editing tasks and preparation needs. Harto et al. (2022) documented undergraduates' reported experiences of developing sensitivity to textual and linguistic choices. Yang and Mustafa (2022) found generally favorable undergraduate responses to a proposed post-editing workflow, while Haiyudi et al. (2023) found that Indonesian students often preferred post-edited MT for perceived ease and quality. These studies situate evaluation and revision within translation training without establishing that all AI use improves learning.
MT literacy concerns contextual understanding of a system's capabilities and implications (O'Brien & Ehrensberger-Dow, 2020). Krüger (2023) extends this discussion to AI literacy in language-industry workflows. Behavioral evidence also indicates that evaluation is not uniform: Chen and Lou (2026) found that students' acceptance of AI translation feedback varied by text type, attitudes, and proficiency, while Mau et al. (2026) identified contrasting cognitive-engagement profiles in GenAI-assisted legal translation. Their task-based findings provide a comparison for, not direct evidence of, the perceptions reported here.
2.2. Conceptual framing: perceived usefulness, constructivist learning, and learner agency
The Technology Acceptance Model supplies a limited interpretive concept: perceived usefulness helps explain students' favorable judgments of AI assistance (Davis, 1989; Yang & Mustafa, 2022). The present study does not test TAM, estimate adoption intentions, or claim validated TAM constructs. Its second lens is constructivist learning, which emphasizes active meaning-making and mediated activity (Vygotsky, 1978). AI may provide material for comparison and questioning, but learners must still evaluate its adequacy.
Learner agency is treated here as reported responsibility for accepting, rejecting, modifying, or verifying machine-generated translations. This operational definition is compatible with MT- and AI-literacy accounts that prioritize informed human judgment (Bowker & Buitrago Ciro, 2019; Krüger, 2023). The analysis distinguishes what participants believe about their engagement from observed translation competence or changes in that competence.
2.3. Perceived student roles in AI-supported translation learning
Translation competence has long included strategic and instrumental decisions (PACTE Group, 2005). In AI-mediated professional legal and institutional settings, Prieto Ramos (2024) likewise emphasizes adapting competence frameworks without discarding domain expertise. For students, machine-generated drafts may foreground post-editing and checking rather than initial production alone (Cholewska, 2021; Yamada, 2019).
Existing task-based research describes choices to accept or reject AI feedback (Chen & Lou, 2026) and variable cognitive demands during GenAI-assisted legal translation (Mau et al., 2026). These studies inform the present inquiry into whether students and lecturers perceive greater evaluative responsibility; the cross-sectional design cannot establish that learner roles actually changed over time.
3. Methodology
3.1. Research design
A questionnaire-dominant, cross-sectional mixed-methods design combined survey patterns with participants' explanations. The quantitative strand described perceived benefits, drawbacks, and roles; student and lecturer interviews clarified those reports and identified convergence or tension. Integration used shared domains across instruments and a joint display organized by research question. The design did not measure causal effects, actual competence gains, or individual change over time.
3.2. Participants
The non-probability sample comprised 98 English majors at the University of Phan Thiet (UPT), mainly third- and fourth-year students currently taking or having completed translation-related coursework. Five AI-using students were purposively selected for interviews. The sample permits contextual description, not population-level generalization.
Three Faculty of Foreign Languages lecturers with approximately five to ten years of translation-teaching experience were also interviewed to compare pedagogical observations with student self-reports. The interviews were explanatory rather than representative.
3.3. Instruments and data collection
The researcher-developed questionnaire contained background questions and 25 five-point Likert items (1 = strongly disagree; 5 = strongly agree): perceived benefits (11), perceived drawbacks (6), and perceived changes in student roles (8). Items were derived deductively from the research questions and literature on perceived usefulness, post-editing, translation competence, and MT/AI literacy (Table 1). A research supervisor reviewed domain alignment and wording, and 10 English Linguistics students piloted the instrument for comprehensibility; revisions followed. These steps provide preliminary content-alignment and response-clarity evidence only. No formal expert-panel content-validity index, exploratory or confirmatory factor analysis, or criterion-validation study was undertaken. Thus, dimensionality and construct validity remain unestablished, and the scales are used descriptively (Boateng et al., 2018).
Table 1
Content-Domain Alignment Used in Questionnaire Development
	Domain
	Primary item focus
	Conceptual / empirical basis
	Research question

	Perceived benefits (11 items)
	Efficiency, lexical support, comparison, self-checking, revision support
	(Davis, 1989; Harto et al., 2022; Yang & Mustafa, 2022; Zhang et al., 2025)
	RQ1

	Perceived drawbacks (6 items)
	Overreliance, reduced cognitive engagement, problem-solving concerns, product-over-process tendencies
	(Mau et al., 2026; O'Brien & Ehrensberger-Dow, 2020; Zhang et al., 2025)
	RQ1

	Perceived role changes (8 items)
	Self-evaluation, proactive querying, post-editing, verification, responsibility for final accuracy
	(Cholewska, 2021; Krüger, 2023; PACTE Group, 2005; Prieto Ramos, 2024)
	RQ2


Note. This table records theoretical item-domain alignment, not established factorial, criterion, or full construct validity.
Semi-structured student and lecturer interviews addressed perceived AI use, benefits, risks, and student responsibility. Conducted in Vietnamese with consent, interviews were recorded, transcribed, translated into English, and thematically analyzed. Quotations are selective; participants are unnamed.
3.4. Quantitative and qualitative analysis
Survey data were analyzed in SPSS 26.0 after invalid or incomplete submissions were removed. Means and standard deviations summarize agreement relative to the five-point scale; no inferential generalization is claimed. Reported items were selected for relevance to the two research questions and interview themes, not simply extreme means. All 25 items were included in reliability calculations.
Interview coding combined deductive domains with inductively identified meanings; the researcher consolidated codes concerning usefulness, dependence, autonomy, and evaluative responsibility. Student and lecturer accounts were compared to qualify survey patterns. One researcher performed the analysis without independent dual coding. The interviews contextualize perceptions; they cannot establish how widespread a practice is or independently verify participants' behavioral claims.
3.5. Validity evidence, reliability, mixed-methods integration, and ethics
Internal-consistency coefficients were α = .789 for benefits, .631 for drawbacks, and .712 for perceived role changes (Table 2). The six-item drawbacks scale fell below the conventional .70 heuristic, so pooled-scale claims are avoided. Because α depends partly on item number and inter-item covariance (Tavakol & Dennick, 2011), supplementary item diagnostics were examined (Table 3); these do not establish unidimensionality.
Table 2
Reliability of Questionnaire Scales
	Scale
	Cronbach's α
	Number of items

	Perceived benefits
	.789
	11

	Perceived drawbacks
	.631
	6

	Perceived role changes
	.712
	8


Note. The drawbacks coefficient is modest; detailed diagnostics appear in Table 3.
Table 3
Supplementary Reliability Diagnostics for the Perceived Drawbacks Scale
	Scale
	k
	α
	ω
	Corrected item-total r
	Inter-item r
	α if item deleted

	Perceived drawbacks
	6
	.631
	.662
	.318-.462
	.247-.361
	.571-.625


Note. k = items; α = Cronbach's alpha; ω = McDonald's omega; r = correlation. Ranges cover six items.
For drawbacks, α = .631 and ω = .662; corrected item–total r = .318–.462, inter-item r = .247–.361, and α if deleted = .571–.625. No item deletion increased α. All six items were retained for coverage, not because the diagnostics validated a single construct. Accordingly, statements about drawbacks remain explicitly descriptive and item-specific; neither the composite nor isolated items are treated as robust evidence of an underlying latent trait.
The strands were integrated through narrative comparison and a joint display (Table 8), following the reporting logic of Fetters et al. (2013). Questionnaire agreement indicated perceived patterns; interview accounts explained interpretations, offered concrete examples, and sometimes complicated those patterns. Convergence was interpreted cautiously because both sources largely consisted of self-reports, and lecturer observations were not independently recorded behavioral measures.
Participation was voluntary and based on informed consent. Questionnaire and interview reporting omitted identifying participant details. The study involved perceptions, not an intervention.
4. Results
4.1. Perceived benefits of AI-assisted translation learning
Students perceived AI as helpful for initial drafts, lexical alternatives, comparison, self-checking, and revision. Interviewees described checking their own interpretations against automated suggestions. Such accounts describe perceived support, not demonstrated improvements in translation quality. The benefits scale had α = .789.
The accounts distinguished using AI as material for evaluation from accepting output without further analysis. This distinction became important when benefits were considered alongside drawbacks.
4.2. Perceived drawbacks: overreliance and reduced cognitive engagement
The modestly reliable drawbacks domain is interpreted through individual items (Table 4). Students agreed with concern that AI overreliance could reduce willingness to think critically (M = 4.09, SD = .588), with worry about losing problem-solving skills (M = 3.82, SD = .744), and with a statement about declining confidence in personal translation ability (M = 3.74, SD = .787). These are endorsements of perceived risks, not measured cognitive decline.
Table 4
Students’ Perceived Cognitive Risks of AI Overreliance
	Item
	M
	SD

	Overreliance on AI sometimes makes me less willing to think critically during translation.
	4.09
	.588

	I am concerned that I will lose my problem-solving skills in translation.
	3.82
	.744

	I gradually lose confidence in my own translation ability.
	3.74
	.787


Note. N = 98. Scale: 1 = strongly disagree, 5 = strongly agree.
One student described becoming “less proactive” in independent problem solving; a lecturer recalled instances of unreasoned acceptance of machine output. Together, these accounts suggest a perceived risk of bypassing source-text analysis, but neither strand demonstrates that AI caused such behavior.
4.3. Perceived autonomous engagement with AI tools
Students also endorsed self-directed practices (Table 5): using AI to find solutions before consulting lecturers (M = 4.23, SD = .510), proactively requesting corrections (M = 4.15, SD = .592), and self-evaluating drafts against suggestions (M = 4.07, SD = .537). The relatively small standard deviations describe agreement within this sample, not observed autonomy.
Table 5
Students' Perceptions of Autonomous AI Use
	Item
	M
	SD

	I use AI to self-evaluate my translations by comparing them with its suggestions.
	4.07
	.537

	My role is to proactively ask questions and request AI to make translation corrections, rather than simply accepting them.
	4.15
	.592

	AI helps me self-discover solutions to translation problems before asking the lecturer.
	4.23
	.510


Note. N = 98. Scale: 1 = strongly disagree, 5 = strongly agree.
One interviewee described the student as “a site supervisor rather than a manual builder,” highlighting checking and editing. A lecturer likewise emphasized that final decisions should remain with learners. These accounts illuminate participants' understanding of agency rather than a documented transition in competence.
4.4. Perceived passive reliance and dependence
Dependence-related items were also endorsed (Table 6). Students reported submitting difficult sentences to AI before analyzing them (M = 3.79, SD = .782), accepting suggestions without fully understanding the rationale (M = 3.64, SD = .859), and prioritizing the final product over the learning process (M = 3.62, SD = .930). The comparatively larger standard deviations indicate more heterogeneous responses.
Table 6
Students' Perceptions of Dependent AI Use
	Item
	M
	SD

	When facing a difficult sentence, my first action is to submit it to AI instead of analyzing it myself.
	3.79
	.782

	I use AI suggestions even when I do not fully understand why they are translated that way.
	3.64
	.859

	I focus only on obtaining the final product quickly, no longer paying attention to the translation-learning process.
	3.62
	.930


Note. N = 98. Scale: 1 = strongly disagree, 5 = strongly agree.
Interviewees described temptations to rely on AI, and lecturers recalled acceptance of fluent but inaccurate translations. Such reports complicate a simple autonomy-versus-dependence classification: the same setting contains perceived evaluative engagement and passive use.
4.5. Perceived evaluation and responsibility
Respondents strongly endorsed responsibility for final accuracy regardless of AI use (M = 4.26, SD = .485) and perceived their role as shifting from producer toward evaluator (M = 4.15, SD = .520; Table 7). These item responses reflect perceived responsibilities and role change at one time point, not longitudinal evidence.
Table 7
Students' Perceptions of Adaptive AI Use
	Item
	M
	SD

	I perceive my role as shifting from a "translation producer" to a "translation evaluator."
	4.15
	.520

	I understand that I am responsible for the accuracy of my translation, whether or not AI is used.
	4.26
	.485


Note. N = 98. Scale: 1 = strongly disagree, 5 = strongly agree.
Interview comments associated this perceived evaluator role with terminology checking, contextual verification, and selective revision of automated drafts. Whether participants consistently performed those activities was not independently assessed.
4.6. Integrated finding: coexisting perceived autonomy and dependence
The two data strands supported a qualified interpretation (Table 8). For RQ1, perceived efficiency and self-help coexisted with concern about critical-thinking loss and reports of first-turn reliance on AI. Interviewees distinguished comparative post-editing from unexamined acceptance. For RQ2, students reported responsibility for final accuracy and perceived an evaluator role; lecturers described both checking and occasional passive acceptance. These are concurrent perceptions and recollections, not evidence that learners changed roles during the study. Importantly, the mean for seeking solutions before lecturer consultation (M = 4.23) coexisted with that for submitting difficult sentences to AI first (M = 3.79), so mutually exclusive learner categories are unwarranted.
Table 8
Mixed-Methods Integration by Research Question
	Research question
	Quantitative pattern
	Qualitative contribution
	Integrated inference

	RQ1: Benefits and challenges
	High agreement on self-discovery and usefulness coexisted with concern about critical-thinking loss and first-turn reliance on AI.
	Students described comparison and revision as useful, but also reduced proactivity; lecturers observed unreasoned acceptance of fluent output.
	Accounts distinguish evaluated, post-edited output from perceived substitution for source-text analysis.

	RQ2: Perceived learner-role changes
	Students strongly endorsed responsibility for final accuracy and a perceived shift from producer toward evaluator.
	A student described a "site supervisor" role; lecturers emphasized learner control over final decisions while also reporting passive acceptance in some cases.
	Participants described a hybrid evaluator role; actual role changes and autonomy were not measured.


Note. Integration explains and qualifies perceptions; it does not estimate behavior prevalence or longitudinal change.
5. Discussion
5.1. AI as scaffold and AI as substitute
The study's perceived benefits parallel undergraduate support for post-editing reported by Yang and Mustafa (2022) and Haiyudi et al. (2023). Harto et al. (2022) also described students' attention to linguistic decisions during post-editing, while Zhang et al. (2025) reported perceived efficiency and learning support in university translation. In the present setting, however, favorable views of AI were contingent on how output was handled: comparing and justifying alternatives implies more cognitive engagement than accepting a ready-made translation. That is an interpretive distinction, not a causal effect established by this study.
Concerns about dependence similarly resemble those reported by Zhang et al. (2025). More direct behavioral studies offer a useful contrast: Chen and Lou (2026) analyzed acceptance decisions and written rationales across translation tasks, and Mau et al. (2026) identified variation in cognitive demands during AI-assisted legal translation. Unlike those studies, the present survey cannot determine whether respondents actually verified output or whether translation skill deteriorated. Perceived usefulness (Davis, 1989) may explain favorable attitudes but should not be equated with learning gains.
5.2. A hybrid learner role rather than a simple autonomy-dependence dichotomy
The concurrent endorsement of proactive questioning and first-turn AI reliance challenges a binary account of learners as either autonomous or dependent. Translation-competence theory already gives strategic judgment a central role (PACTE Group, 2005); Prieto Ramos (2024) likewise emphasizes continued human expertise in AI-influenced legal and institutional work. The current data add only participants' perceptions of evaluative responsibility in one university context, not proof of a structural shift in translation competence.
Students' endorsement of an evaluator identity is compatible with AI-literacy frameworks stressing critical judgment (Krüger, 2023) and with Chen and Lou's (2026) observations of selective feedback uptake. Yet the self-reported identity can coexist with incomplete evaluation. The pedagogically relevant distinction is therefore between a claimed responsibility to verify and visible evidence that a decision was examined and justified.
5.3. Consequences for teaching and assessment
Final-product assessment alone cannot show whether a student interpreted the source text, evaluated a machine suggestion, or accepted it unchanged. Post-editing studies describe the relevance of training for these decisions (Cholewska, 2021; Harto et al., 2022). Chen and Lou (2026) used acceptance/rejection rationales to examine students' decision criteria; similarly, revision annotations or brief justifications could make process evidence available for assessment. These are implications, not interventions evaluated in the present study.
Lecturers in this study emphasized verification and accountability, consistent with translation-specific calls for technological and evaluative preparation (Yang & Mustafa, 2022; Zhang et al., 2025). MT literacy further requires context-sensitive judgment (O'Brien & Ehrensberger-Dow, 2020). In this context, explicit AI-use disclosure and evaluation criteria may be more informative than equating fluent output with demonstrated competence.
6. Pedagogical Implications
The findings suggest distinguishing AI assistance from substitution of assessed work. Students may be asked to indicate where a translation tool was used and which decisions they made afterward, although the present research did not test this practice.
Comparative translation tasks can invite students to evaluate meaning, style, and terminology across their own drafts and AI alternatives, documenting reasons for acceptance or rejection.
Revision notes, annotated comparisons, and AI-use disclosure may complement final-product evaluation by exposing learner reasoning; they should not be described as validated interventions on the basis of these perception data.
These activities depend on underlying grammatical, pragmatic, cultural, and domain knowledge: fluent machine output still requires contextual appraisal. Such an emphasis is consistent with translation-competence and MT-literacy scholarship (PACTE Group, 2005; Bowker & Buitrago Ciro, 2019), but remains an implication rather than an outcome tested here.
7. Limitations and Future Research
The institution-based sample limits transferability beyond this setting. Survey responses and interviews report perceptions; translation quality, critical thinking, verification behavior, and long-term learning were not directly measured. The five student and three lecturer interviews were purposively selected, and one researcher conducted thematic coding without an independent second coder.
Instrument evidence also remains preliminary: supervisor review, theory-to-item mapping, and a 10-student wording pilot do not establish construct validity or dimensionality. The perceived-drawbacks scale had modest consistency (α = .631; ω = .662), despite acceptable-direction item correlations and no α improvement after deleting an item; its individual statements warrant particular caution. Finally, this cross-sectional design captures perceived role change without observing participants over time. Findings must not be described as actual shifts in learner roles or decreases in translation ability.
Multi-institutional studies could test questionnaire structure and reliability with larger samples; task-based or longitudinal studies could capture prompt histories, revision decisions, verified translation accuracy, and competence development. Such designs could assess whether stated responsibility corresponds to observable verification.
8. Conclusion
This questionnaire-dominant mixed-methods study examined 98 English majors' views of AI-assisted translation at UPT, supplemented by five student and three lecturer interviews. Respondents perceived benefits for vocabulary, comparison, and post-editing but also expressed concerns about dependence.
Perceived autonomy and reliance coexisted: students endorsed independent querying and accuracy responsibility while admitting that they sometimes consulted AI before analyzing difficult source text. These reports cannot establish effects on reasoning or translation competence.
Participants perceived a greater evaluator role, but the cross-sectional evidence does not demonstrate actual change over time. The study supports attention to verification, post-editing rationales, and transparent AI use while leaving their effectiveness for future testing.
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