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Abstract

Generative AI is increasingly used in academic writing, yet less is known about how learners maintain control when revising with AI. Grounded in a sociocultural view of agency as mediated and context-dependent, this qualitative multiple-case study followed eight Vietnamese university EFL students as they revised two academic essays over six weeks, with two AI-assisted revision rounds for each essay. Data came from successive drafts, AI interaction logs, reflective notes, and stimulated-recall interviews. Pattern-oriented qualitative analysis was combined with revision tracing across drafts. Findings showed that agency shifted according to the revision task. Learners sometimes questioned, compared, and selectively adapted AI suggestions, but at other times accepted reformulations with limited evaluation. These shifts were associated with linguistic confidence, perceived task difficulty, and trust in AI output. The findings highlight the need to develop evaluative judgement, purposeful prompting, and accountable revision in AI-assisted writing instruction.
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Không chỉ là sao chép: Tính chủ động của người học trong chỉnh sửa bài viết học thuật có hỗ trợ AI ở giáo dục đại học Việt Nam

Tóm tắt

Trí tuệ nhân tạo tạo sinh được sử dụng trong viết học thuật, nhưng cách người học duy trì tính chủ động khi chỉnh sửa với AI chưa được nghiên cứu đầy đủ. Nghiên cứu định tính đa trường hợp này theo dõi tám sinh viên đại học Việt Nam trong sáu tuần, với hai bài luận và hai vòng chỉnh sửa có hỗ trợ AI cho mỗi bài. Dữ liệu gồm các bản nháp, lịch sử tương tác với AI, ghi chép phản tư và phỏng vấn gợi nhớ. Kết quả cho thấy tính chủ động thay đổi theo nhiệm vụ. Người học có lúc chất vấn, so sánh và điều chỉnh gợi ý của AI, nhưng cũng có lúc chấp nhận với ít đánh giá. Những thay đổi này liên quan đến sự tự tin ngôn ngữ, độ khó nhiệm vụ và mức độ tin tưởng vào AI.

Từ khóa: trí tuệ nhân tạo tạo sinh, tính chủ động của người học, chỉnh sửa bài viết học thuật, phản hồi có hỗ trợ AI, giáo dục đại học Việt Nam




1. Introduction
Generative artificial intelligence (GenAI) provides learners with quick access to fluent academic language. However, the use of GenAI does not always allow learners to maintain control over revision. AI-generated reformulations may improve language but can also change the writer’s intended meaning or argument. Warschauer et al. (2023) identify both the affordances and contradictions of AI-generated text. Therefore, in English as a foreign language (EFL) writing education, textual improvement should be considered together with learners’ responsibility for their revision decisions.
Learner agency cannot be identified simply by the amount of AI use. A learner may accept an AI suggestion after careful evaluation. In contrast, another learner may use many prompts but still accept AI output without critical evaluation. Molenaar’s (2022) account of hybrid human–AI regulation highlights how regulatory control is distributed between humans and AI. In writing revision, it is therefore important to examine whether learners evaluate the work given to AI and maintain control over the use of its responses. AI assistance should not automatically be viewed as a loss of learner agency.
Previous studies have examined learner perceptions, writing practices, and conditions supporting agency. Meniado et al. (2024) investigated the reported experiences of Thai and Vietnamese learners. Kim et al. (2026) examined writing interfaces designed to support learner intentionality and self-monitoring. Jiang et al. (2026) identified different patterns of learner agency when students revised AI-generated statements of purpose. These studies provide important findings, but they examine different aspects of learner control. More research is needed to understand how agency patterns change within the same learner.
The research gap in this study is both empirical and methodological and is situated in Vietnamese higher education. Existing studies involving Vietnamese EFL learners have mainly documented how students perceive and use GenAI, including its support for idea generation, language improvement, and writing efficiency, as well as concerns about inaccurate feedback and uncritical acceptance (Meniado et al., 2024; Thi et al., 2025). These studies establish the relevance of GenAI in the Vietnamese context, but they provide limited evidence of how learners actually exercise control while revising specific parts of a text. Chen and Liu’s (2026) longitudinal study has already examined distributed agency in Taiwanese L2 writing, so process-oriented evidence is not absent internationally. What remains less understood in Vietnamese higher education is how the same learner may retain control in one revision episode, delegate it in another, and change this pattern as linguistic and rhetorical demands vary. Examining such shifts requires evidence that connects learner–AI interaction with textual change and with learners’ explanations of why particular suggestions were accepted, modified, or rejected.
Accordingly, this qualitative multiple-case study examines eight Vietnamese university EFL students. The participants revised two academic essays, with two AI-assisted revision rounds for each essay, over six weeks. Data were collected from successive drafts, AI interaction logs, reflective notes, and stimulated-recall interviews. These data were combined to examine each learner’s revision process. Based on Mercer’s (2011) dynamic view of agency, the study focuses on agency as situated and changing rather than as a fixed learner characteristic. It examines how learner agency changes during revision and how these changes relate to linguistic confidence, perceived task difficulty, and evaluations of AI reliability.
The study contributes by distinguishing between deliberate and monitored delegation and the loss of learner control. This distinction shows that using or relying on AI does not necessarily remove learner responsibility. Extending Kim et al.’s (2026) focus on intentionality and self-monitoring, the study can support the teaching of evaluative judgement, purposeful prompting, and accountable revision. Therefore, the research questions examine how learners enact and negotiate agency across writing tasks and revision cycles and which learner- and task-related conditions influence these changes.

2. Literature Review
2.1. Learner Agency in AI-Assisted Writing Revision
In AI-assisted writing revision, learner agency refers to learners’ situated capacity to direct AI assistance and evaluate whether it supports their intended meanings and writing purposes (Ahearn, 2001; Mercer, 2011). From this perspective, agency is not a fixed personal trait but is enacted through particular decisions made under particular task conditions. It can become visible when learners identify a problem, request specific forms of assistance, compare alternatives, question an AI response, or decide whether and how a suggestion should enter the text. Recent research on AI-supported writing similarly associates learner agency with intentionality, self-monitoring, and selective engagement with AI output rather than with independence from AI itself (Kim et al., 2026). Prompting and learner–AI interaction are therefore important sites where agency can be observed. However, agency should not be inferred simply from the number of prompts, the amount of AI-generated text used, or whether a suggestion is accepted or rejected. An accepted suggestion may result from deliberate evaluation, while a rejected suggestion does not necessarily indicate stronger agency if the learner cannot explain the decision. What matters is the learner’s involvement in evaluating and authorising the revision.
2.2. Previous Studies on GenAI-Assisted Writing
Previous studies have reported both increased writing support and uneven learner evaluation. Through surveys and interviews, Meniado et al. (2024) found that Thai and Vietnamese learners perceived ChatGPT as useful for idea generation, text organisation, and language improvement, while also expressing concerns about the accuracy and completeness of AI feedback. In a Vietnamese context, Thi et al. (2025) likewise reported perceived benefits of AI-powered writing tools alongside concerns about overreliance and insufficient critical evaluation. Together, these studies show that learners may value AI support without necessarily evaluating all of its contributions in the same way. However, perception-based evidence cannot fully show how a learner evaluates a particular suggestion during an actual revision episode.
Revision-focused studies provide a closer view of learner decision making. Jiang et al. (2026) found that learners’ revisions of AI-generated statements of purpose ranged from limited language changes to substantial modifications related to intended self-presentation. This variation suggests that textual uptake alone does not reveal how much control a learner exercised over the revision. Kim et al. (2026), in research on collaborative writing with GenAI, showed that learners could compare AI suggestions with their own intentions and selectively incorporate suitable ideas. Although the study concerned a different writing context, it supports the view that agency is reflected in how learners evaluate and regulate AI assistance rather than simply in whether AI-generated language appears in the final text. Process-oriented studies using behavioural observation and longitudinal AI interaction data further show the value of tracing learners’ decisions over time (Yan, 2023; Chen & Liu, 2026).

2.3. Sociocultural Perspective on Learner Agency
Sociocultural Theory views learning and regulation as mediated through cultural tools, signs, and social activity (Vygotsky, 1978). Together with Ahearn’s (2001) account of socially mediated action and Mercer’s (2011) dynamic view of learner agency, this perspective treats agency as situated, relational, and capable of changing as learners interact with different resources and task demands. In the present study, GenAI is therefore considered a mediational resource rather than an automatically beneficial scaffold. Its presence does not by itself increase or reduce learner agency. The important question is how learners use, question, interpret, and regulate the assistance it provides. 
This perspective also informs how the different data sources are interpreted. AI interaction logs show how learners direct or respond to assistance, while successive drafts show what changes eventually enter the text. Reflective notes and stimulated-recall interviews provide evidence of learners’ purposes, evaluations, and reasons for their decisions. Examining convergence and divergence across these sources makes it possible to distinguish, for example, deliberate delegation from unexamined acceptance. These forms of evidence are then used to interpret whether control was retained, negotiated, delegated, or relinquished during particular revision episodes.
2.4. Research Gaps
Four research gaps can be identified. First, agency is sometimes understood mainly as independent action. This understanding may overlook task-dependent control and purposeful delegation, although recent studies have shown that textual similarity does not necessarily indicate reduced agency (Kim et al., 2026). Second, self-reported experiences and comparisons between initial and final texts do not fully show the sequence of learners’ revision decisions (Jiang et al., 2026; Meniado et al., 2024). The methodological gap therefore concerns the need to connect specific learner–AI exchanges with textual uptake and learners’ explanations of their choices.
Third, longitudinal research has examined distributed agency (Chen & Liu, 2026), but less is known about how control changes within the same learner when the nature of the revision problem changes. A learner may, for example, rely heavily on AI for language correction while exercising stronger control over meaning or argumentation. Fourth, the Vietnam-related studies reviewed here have mainly provided evidence about learners’ perceptions and reported practices (Meniado et al., 2024; Thi et al., 2025), rather than tracing agency across concrete revision episodes. The present study addresses these gaps by examining how learner control is enacted and renegotiated across revision tasks, interactional episodes, and repeated revision cycles in a Vietnamese university EFL context.
2.5. Positioning of the Current Study
To examine these process-level shifts in the Vietnamese higher-education context, the present qualitative multiple-case study follows eight Vietnamese university EFL students over six weeks. The participants completed two academic essays, with two AI-assisted revision rounds for each essay. Data were collected from interaction logs, successive drafts, reflective notes, and stimulated-recall interviews. By bringing these sources together, the study traces how a particular AI interaction was followed by textual uptake and how learners explained the decision behind that change. The analysis focuses on how linguistic confidence, perceived task difficulty, and trust in AI output relate to learners’ decisions to retain, negotiate, delegate, or relinquish control, and how these decisions change within individual essays and across revision cycles.
2.6. Research Questions
The study addresses the following research questions:
1. How do Vietnamese university EFL students enact learner agency during GenAI-assisted academic writing revision?
2. How and why does their agency shift across revision tasks, interactional episodes, and AI-assisted revision cycles?

3. Methodology
3.1. Research Design
This study employed a qualitative longitudinal multiple-case design to examine how learner agency was enacted and changed during GenAI-assisted academic writing revision. Each participant was treated as one case and followed over six weeks. During this period, each participant completed two essays and two AI-assisted revision cycles for each essay. This design allowed the study to examine changes within individual cases and identify patterns across cases (Lee et al., 2025; Yin, 2018). Learner agency was identified through learners’ evaluations, revision decisions, and control over textual uptake rather than through the frequency of AI use or prompts alone.
3.2. Pedagogical Setting and Participants
The study was conducted in an Academic Writing course at a university in northern Vietnam. The participants were first-year students who had not yet begun their disciplinary major studies. Eight students from two classes were invited to participate. They were selected according to three criteria: regular course attendance, approximately B2-level English proficiency, and prior experience using AI chatbots. Their existing familiarity with AI chatbots allowed the study to focus on how they exercised control during revision rather than on how they first learned to use such tools. Pseudonyms were used in the analysis and reporting to protect their identities.
3.3. Data Sources
Four sources of data were collected: successive drafts, learner–AI interaction logs, reflective notes, and stimulated-recall interviews. The participants used ChatGPT 5.x models throughout the study. The successive drafts showed textual changes from the initial draft to the two AI-assisted revisions of each essay. The interaction logs included learners’ prompts, follow-up questions, and AI responses.
The reflective notes recorded learners’ reasons for accepting, adapting, rejecting, or ignoring AI suggestions. Stimulated-recall interviews were conducted in Vietnamese shortly after each revision cycle. With the participants’ consent, the interviews were audio-recorded and transcribed verbatim. The interview data were analysed in Vietnamese, and selected extracts were translated into English for reporting. During the interviews, participants reviewed selected learner–AI interactions and related textual changes. They then explained their intentions, evaluations, and revision decisions. The use of these four data sources allowed learner agency to be examined through interaction, textual uptake, and learner reasoning rather than textual uptake alone (Zhang & Hyland, 2018).
3.4. Data Collection Procedures
Data collection lasted six weeks and followed the same procedure for both essays. For each essay, participants first produced an initial draft. They then completed two AI-assisted revision cycles using ChatGPT 5.x. No standardised prompt templates were provided. The participants decided which writing problems to address, how to write their prompts, whether to ask follow-up questions, and whether to accept, adapt, or reject AI suggestions.
After each revision cycle, the participants submitted their revised draft, interaction log, and reflective note. A stimulated-recall interview was conducted shortly afterwards. Selected AI interactions and textual revisions were used to help participants recall and explain their decisions. The same procedure was repeated for the second essay. This allowed comparisons across tasks and cycles while maintaining individual differences in AI use.
3.5. Data Analysis
Data analysis combined revision tracing, pattern-oriented qualitative analysis, and within-case and cross-case comparison. The pattern-oriented analysis focused on recurring ways in which learners exercised and shifted control during revision, rather than on generating a set of conventional themes. First, successive drafts were compared to identify individual revision events. Where possible, each revision event was linked to the relevant learner–AI interaction. Textual uptake was coded as acceptance, adaptation, rejection, or non-use. These uptake categories described what happened to an AI suggestion in the text, but were not treated as direct indicators of learner agency.
Second, the interaction logs, reflective notes, and stimulated-recall transcripts were coded for actions and reasons related to learner control. Initial codes remained close to the data and included, for example, identifying a revision problem, directing AI assistance, requesting alternatives, questioning a response, comparing suggestions, monitoring intended meaning, and explaining a final decision. Coding proceeded iteratively. Initial codes were compared across revision episodes and refined when similar actions served different purposes or when different actions reflected a similar form of learner control. The purpose was to identify recurring patterns across the data while preserving variation within individual cases.
The four data sources were then brought together at the level of individual revision episodes. For each episode, the analysis considered the learner’s prompt and follow-up interaction, the resulting textual change, and the learner’s explanation in the reflective note or stimulated-recall interview. Case matrices were used to record these connections and to identify convergence or divergence across sources. For example, direct uptake of an AI suggestion was interpreted differently when a learner could explain why it was appropriate than when the same learner reported accepting it simply because the output appeared fluent.
To strengthen the credibility and consistency of the analysis, coding and emerging interpretations were also reviewed through peer debriefing. A second researcher examined the developing coding framework and selected coded episodes, and points requiring reconsideration were discussed before the coding framework and interpretations were finalised. This process was used to check the clarity and consistency of coding decisions rather than to produce a statistical measure of intercoder agreement.
Finally, the revision episodes were interpreted through four sensitising categories: retained, negotiated, delegated, and relinquished control. These categories guided interpretation rather than functioning as predetermined codes or fixed learner types. Classification considered learner intention, monitoring, evaluation, textual uptake, and responsibility for the final decision. Within-case analysis traced how these forms of control changed across linguistic and rhetorical revision problems, interactional episodes, and revision cycles. Cross-case comparison was then used to identify recurring patterns and the conditions associated with them, particularly linguistic confidence, perceived task difficulty, and trust in AI output.
3.6. Ethical Considerations
Participation in the study was voluntary, and informed consent was obtained before data collection. The students were informed that participation would not affect their academic assessment and that they could withdraw from the study without penalty. Consent also included permission to record the interviews. Pseudonyms were used to remove identifying information. All research data were stored securely and used only for research purposes.

4. Findings
4.1. Overview of Recurring Patterns
The analysis identified several recurring and overlapping patterns in how learners enacted and shifted agency during GenAI-assisted revision. These patterns were generated through the pattern-oriented qualitative and case-based analysis described above and are used to organise the findings. They should be distinguished from the four sensitising categories of retained, negotiated, delegated, and relinquished control, which were used as interpretive lenses for individual revision episodes rather than as fixed themes or learner types. In some episodes, learners closely directed the interaction, evaluated alternatives, and adapted or rejected AI suggestions. In others, they delegated a larger part of the revision to AI and accepted its responses with limited evaluation. The same learner could display different forms of control across different revision problems and even within the same revision session. The patterns reported below therefore represent recurring ways in which agency was enacted and shifted, rather than stable characteristics of individual participants.
4.2. Enactments of Learner Agency during AI-Assisted Revision
To address RQ1, the analysis identified several recurring ways in which learners enacted agency during AI-assisted revision. The first pattern involved purposeful prompting to identify or narrow a revision problem. Instead of asking AI to “improve” a complete passage, several participants identified a specific problem and stated the kind of support they needed. For example, P3 asked whether a sentence sounded “too strong” and explained that the intended claim showed only partial agreement. In the revised draft, P3 maintained the original position but used a more cautious expression suggested by AI. During the stimulated-recall interview, P3 explained, “I wanted it more academic, but not stronger than my idea.” Here, agency was evident not simply in the prompt itself, but in the learner’s control over the problem definition and preservation of intended meaning.
The second pattern involved comparing and evaluating alternatives before using AI suggestions. Some participants requested several possible expressions and compared them with their original wording. They then selected only the parts that supported their rhetorical purpose. For example, P6 requested three alternative topic sentences. She rejected the most formal version and combined part of another suggestion with her original sentence. In her reflective note, she stated, “The second one was clearer, but I kept my first idea because it sounded more like me.” This pattern shows that uptake of AI-generated language could remain agentic when it followed comparison, evaluation, and selective adaptation.
Learner agency was also evident when participants challenged, rejected, or selectively adapted AI output. In several episodes, learners questioned suggestions that changed the emphasis of their ideas, introduced unfamiliar vocabulary, or did not match their arguments. For example, P1 responded to one AI reformulation by stating, “No, this changes the reason. I mean the cost is a problem, not the main cause.” In the revised draft, P1 removed the causal expression suggested by AI and retained only a lexical change. In this episode, control was visible across both the interaction and the final revision: the learner challenged the AI response and authorized only the part that remained consistent with the intended argument.
The data also included episodes of rapid acceptance and delegated revision. Some participants submitted sentences or paragraphs to AI, requested correction, and used the responses almost without modification. They did not ask follow-up questions or explain the changes in detail. P8 described one decision as follows: “It looked correct, so I just used it because I was not sure about the grammar.” Such episodes showed that delegation did not always mean complete relinquishment of control. In some cases, learners had already identified a local language problem and deliberately delegated its correction to AI; in others, limited linguistic confidence and trust in fluent AI output reduced further evaluation.
Taken together, these patterns answer RQ1 by showing that learner agency was enacted through problem definition, direction of AI assistance, comparison and evaluation of alternatives, resistance or selective adaptation, and deliberate delegation. What distinguished these enactments was not the amount of AI use, but the extent to which learners remained involved in evaluating and authorizing revision decisions.
4.3. Shifts in Agency across Tasks, Episodes, and Revision Cycles
RQ2 concerned how and why learner agency shifted across revision tasks, interactional episodes, and AI-assisted revision cycles. Within-case analysis showed that these shifts were closely related to the type of revision problem learners were addressing. Several participants exercised greater control when revising ideas or arguments because they were confident about what they wanted to express, but relied more heavily on AI when correcting grammar or improving academic language. For example, P4 repeatedly rejected suggestions that changed her stance but accepted sentence-level corrections with little adaptation. She explained, “For the opinion, I know what I mean. For grammar, I trust it more than myself.” For this learner, control therefore shifted according to confidence in the particular aspect of writing being revised. Other participants showed a different pattern, carefully checking unfamiliar lexical suggestions while accepting organisational advice more readily.
Agency also shifted between interactional episodes within the same revision session. For example, P2 questioned an AI suggestion about paragraph focus and requested further explanation. After considering the response, he retained his original paragraph structure. Later in the same session, however, he immediately accepted a rewritten sentence. In his reflection, P2 explained that he could evaluate the paragraph-level problem but “didn’t know which grammar was right.” The contrast between these two episodes shows that careful evaluation and rapid acceptance could coexist within the same learner rather than representing stable learner characteristics.
Some changes were also observed across revision cycles. P5 asked more follow-up questions and made more requests to preserve intended meaning in later cycles. During a stimulated-recall interview, she explained, “Before I thought if it sounded good, it was okay. Later I checked if it still said my point.” Her later drafts also included more partial acceptance and combinations of original and AI-generated language rather than complete copying. In this case, closer monitoring developed alongside greater familiarity with AI responses and increased attention to possible shifts in meaning.
However, the same development was not observed in all participants. P7 showed more rapid acceptance during later revisions and related this pattern to the need to save time: “The second essay I had less time, so when the answer was okay, I didn’t ask again.” P6 became more selective when evaluating rhetorical suggestions but continued to delegate most sentence-level corrections across both essays. Repeated AI use therefore did not produce a uniform movement towards stronger learner control.
Across cases, shifts in agency were associated with linguistic confidence, perceived task difficulty, uncertainty about academic language, trust in AI output, and immediate revision priorities such as time pressure. These factors did not operate in the same way for all learners or in all episodes. RQ2 is therefore answered not by a single developmental trajectory, but by evidence that control was repeatedly renegotiated as learners encountered different revision demands and conditions.
4.4. Cross-Case Variation and Overall Pattern
Cross-case comparison did not identify two stable groups of “agentic” and “non-agentic” learners. Some participants more frequently requested clarification, compared alternatives, and selectively adapted AI suggestions, whereas others relied more heavily on AI-generated language. However, learners who generally relied more on AI could still exercise strong control when suggestions changed their intended meanings or appeared unsuitable. Similarly, participants who usually evaluated AI output carefully sometimes accepted complete responses when the problem was difficult or time was limited.
Taken together, the cross-case evidence shows that learner agency was enacted through different forms of directing, evaluating, adapting, resisting, and deliberately delegating AI assistance. These forms of control shifted across linguistic and rhetorical problems, interactional episodes, and revision cycles rather than developing in a uniform direction. The shifts were associated with learners’ confidence, perceived task difficulty, trust in AI output, and immediate revision priorities. Overall, the findings suggest that learner agency is better understood as negotiated and task-dependent control than as a stable characteristic of either the learner or the learner–AI relationship.
5. Discussion
5.1. Overview of the Main Interpretation
The findings show that learner agency in AI-assisted revision should be understood through learners’ control over evaluation and revision decisions rather than the amount of AI use. Learners could maintain agency when they accepted AI suggestions after careful evaluation. In contrast, they could show limited control despite extended interaction when they transferred most revision decisions to AI. Learner control was also not stable. It changed across revision problems, interactional episodes, and individual revision trajectories.
5.2. Agency as Evaluative Control Rather Than AI Use
This finding challenges a simple distinction between learner independence and dependence. Previous research has connected learner agency with intentionality, monitoring, and the selective use of AI output (Kim et al., 2026). Feedback research has also distinguished between the use of feedback and deeper learner engagement (Zhang & Hyland, 2018). The present study extends this distinction to AI-assisted revision. It shows that acceptance, rejection, or prompt frequency alone does not provide sufficient evidence of learner agency. Learners may accept a suggestion after comparing it with their original meaning and checking its suitability. In contrast, repeated prompting may still leave control with AI if learners do not carefully evaluate its responses.
The findings also provide more detailed evidence than previous perception-based studies in Vietnamese and regional EFL contexts. These studies have reported both useful writing support and concerns about inaccurate responses or overreliance (Meniado et al., 2024; Thi et al., 2025). By connecting learner–AI interaction, textual uptake, and learner reasoning, the present study distinguishes monitored delegation from unexamined reliance. Therefore, learner agency does not require learners to minimise their use of AI. It concerns whether they maintain responsibility for deciding which suggestions to accept, modify, or reject and whether they can explain these decisions.
5.3. Agency as Dynamic and Task-Contingent
The within-case findings show that learner agency was not a stable characteristic of individual learners. This finding supports Mercer’s (2011)  dynamic view of agency and is consistent with multiple-case research showing different learner–AI trajectories (Lee et al., 2025). However, the present study provides a more detailed view of these changes. The same learner could challenge an AI suggestion in one episode, adapt it in another, and accept it directly in a later episode. Therefore, agency varied both between learners and within the same learner when revision demands changed.
Participants reported several factors related to these changes. These included confidence in their own language, perceived task difficulty, uncertainty about academic expression, trust in AI output, and the need to save time. These factors make the relationship between the benefits and risks of GenAI more complex. Warschauer et al. (2023) describe both the affordances and contradictions of AI-generated text. The present findings show that these benefits and risks can occur within the same revision process. AI can reduce the linguistic difficulty of writing, but this support may also encourage learners to delegate some decisions. In contrast, concerns about intended meaning may lead learners to evaluate or reject AI suggestions.
Repeated AI use did not lead to the same development for all participants. Some learners monitored AI responses more carefully in later revision cycles, while others accepted suggestions more quickly when they faced difficult tasks or limited time. Thus, agency should be understood as a changing relationship between learner and AI control rather than a fixed characteristic of the learner. The balance of control is renegotiated when learners deal with different revision problems.
5.4. Sociocultural Interpretation and Contribution
From a sociocultural perspective, GenAI becomes a mediational resource through learners’ situated use of it. Mediation does not automatically occur because AI provides reformulations or feedback. It depends on how learners question, interpret, and use this assistance in their revision decisions. This interpretation is consistent with Molenaar’s (2022) view of distributed regulation in human–AI activity.
The main contribution of the study is the distinction between intentional and monitored delegation and the relinquishment of learner control. It also shows that retained, negotiated, delegated, and relinquished control are not fixed or hierarchical stages. Learners may move between these forms of control according to the revision problem and situation. Therefore, learner agency in AI-assisted revision can be understood as negotiated control over mediated writing activity.
5.5. Pedagogical Implications
The findings do not suggest that students should reduce their use of GenAI. Instead, AI literacy instruction should develop evaluative judgement together with prompting skills. Teachers can ask learners to compare alternative expressions, check whether AI reformulations preserve intended meanings, question unexpected changes, and explain why they accept or reject suggestions. These activities can make learners’ responsibility for revision decisions more visible. They can also support the responsible use of AI without treating all forms of reliance as evidence of reduced learner agency.

6. Conclusion and Educational Implications
This qualitative multiple-case study examined how eight Vietnamese university EFL students enacted and negotiated agency during GenAI-assisted revision. Over six weeks, each participant completed two academic essays and two revision cycles for each essay. The findings showed that learner agency was not determined simply by whether learners accepted or rejected AI assistance. Instead, it was shown through how they evaluated, adapted, and decided to use AI suggestions. Learner control also changed across revision problems and interactional episodes. Therefore, agency should be understood as dynamic and task-dependent rather than as a stable learner characteristic. From a sociocultural perspective, the study highlights negotiated control in AI-assisted writing and distinguishes purposeful delegation from unexamined reliance.
The findings have several implications for GenAI-assisted writing instruction. Teachers should develop learners’ evaluative judgement together with their prompting skills. Learners should be encouraged to compare alternative expressions, check whether AI reformulations preserve their intended meanings, explain their decisions, and selectively adapt useful suggestions. These practices can help learners maintain responsibility for their writing while benefiting from AI assistance.
The study has several limitations, including its small and context-specific sample, six-week duration, and partial reliance on learners’ reflective accounts. Future studies should examine learner agency over longer periods and across different writing tasks and educational contexts. Further research should also investigate whether learners continue to use evaluative practices when they revise new texts with limited or no AI support.
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