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ABSTRACT
This exploratory cross-sectional study examined self-reported Responsible AI Literacy among students enrolled in English 1 in the Faculty of Mechanical Engineering at Hung Yen University of Technology and Engineering, Vietnam. Of 150 students invited on September 15, 2026, 101 responded that day; one substantially incomplete response was excluded, leaving 100 for analysis. The study-specific questionnaire contained 30 five-point items organized into six provisional content domains, eight supplementary perception items, and background questions. The overall score averaged 3.739 (SD = 1.136). AI Knowledge had the highest domain mean (3.838), whereas Critical Evaluation had the lowest (3.646). Domain scores were strongly correlated (.854–.952), limiting claims of distinct constructs. Among 99 valid frequency responses, 89 (89.9%) reported using generative AI at least sometimes. Use frequency was not significantly associated with the overall score (Spearman’s ρ = .081, p = .425). Findings identify possible instructional priorities in critical evaluation and transparent use but reflect self-report from a nonrepresentative, single-faculty sample rather than demonstrated competence.
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TÓM TẮT
Nghiên cứu khảo sát cắt ngang mang tính khám phá này tìm hiểu năng lực sử dụng trí tuệ nhân tạo (AI) có trách nhiệm do sinh viên tự đánh giá tại học phần Tiếng Anh 1, Khoa Cơ khí, Trường Đại học Công nghệ Kỹ thuật Hưng Yên. Ngày 15/9/2026, 150 sinh viên được mời tham gia và 101 phản hồi được ghi nhận; sau khi loại một phiếu thiếu nhiều thông tin, 100 phản hồi được đưa vào phân tích. Bộ câu hỏi gồm 30 mục theo thang Likert năm mức, được tổ chức thành sáu nhóm nội dung mang tính tạm thời, cùng tám mục bổ sung về nhận thức. Điểm trung bình chung là 3,739 (ĐLC = 1,136). Nhóm Kiến thức về AI có điểm trung bình cao nhất (3,838), trong khi Đánh giá phản biện thấp nhất (3,646). Tương quan giữa các nhóm rất cao (0,854–0,952), do đó chưa thể coi đây là sáu cấu trúc đo lường độc lập. Trong 99 sinh viên trả lời hợp lệ về tần suất sử dụng AI tạo sinh, 89 em (89,9%) sử dụng ít nhất ở mức thỉnh thoảng. Tần suất sử dụng không có tương quan có ý nghĩa thống kê với điểm tổng thể (Spearman ρ = 0,081; p = 0,425). Kết quả gợi ý cần chú trọng kỹ năng kiểm chứng và minh bạch khi sử dụng AI, song chỉ phản ánh tự báo cáo của một mẫu thuận tiện tại một khoa, không phải năng lực được đánh giá trực tiếp.
Từ khóa: năng lực AI có trách nhiệm; AI tạo sinh; học tiếng Anh như ngoại ngữ; liêm chính học thuật; đánh giá phản biện
1. INTRODUCTION
Generative artificial intelligence (GenAI) can assist English as a Foreign Language (EFL) students with vocabulary, translation, grammar, drafting, and feedback. Yet fluent outputs can be inaccurate or contextually inappropriate; uncritical reliance also raises questions about disclosure, authorship, privacy, and independent learning. Responsible engagement therefore requires more than familiarity with AI tools. AI literacy scholarship emphasizes understanding, evaluation, ethical judgment, and human responsibility (Long & Magerko, 2020; Ng et al., 2021; UNESCO, 2024).
Vietnam’s Digital Competence Framework for Learners (Ministry of Education and Training, 2025) similarly emphasizes AI-related knowledge and responsible use. Emerging Vietnamese and EFL research addresses AI literacy and responsible GenAI practices (Do et al., 2026; Phan et al., 2026; Hossain et al., 2025). However, the experiences of students studying English in specific institutional settings warrant descriptive examination without assuming that a locally developed instrument has already been validated.
This study describes self-reported Responsible AI Literacy among English 1 students at Hung Yen University of Technology and Engineering (UTE-HY) through six provisional content domains: AI Knowledge, Ethical Awareness, Critical Evaluation, Transparency, Academic Integrity, and Human Agency. It asks: (RQ1) What is the overall self-reported level? (RQ2) How do the six domain means compare descriptively? (RQ3) Is GenAI-use frequency associated with the overall score?
The motivation for this inquiry also emerged from the researcher's teaching practice. In English 1 classes, students were sometimes allowed to consult generative AI tools for selected exercises. Informal observation of how they used these resources over time prompted questions about whether familiarity with tools was accompanied by critical verification, appropriate acknowledgement, and independent judgment. These classroom experiences informed the research problem but were not collected or coded as systematic observational data. The empirical evidence in this paper comes exclusively from the subsequent student questionnaire.
2. CONCEPTUAL BACKGROUND
Long and Magerko (2020) and Ng et al. (2021) place AI understanding, evaluation, and ethics within AI literacy; UNESCO (2024) emphasizes human-centred engagement. In academic contexts, critical assessment of generated material, disclosure of assistance, and appropriate authorship are especially relevant (Kassorla et al., 2024). The present questionnaire groups these related themes into six content areas, rather than adopting a single established six-factor scale. AI Knowledge addresses capabilities and limitations; Ethical Awareness concerns bias, privacy, and consequences; Critical Evaluation concerns verification; Transparency concerns disclosure; Academic Integrity concerns honest authorship; and Human Agency concerns students’ own judgment. Because these concepts overlap, domain rankings are descriptive and self-reports cannot establish actual performance or construct distinctness (Lintner, 2024).
In Vietnamese higher education, the Digital Competence Framework for Learners provides a policy backdrop for responsible and critical AI engagement (Ministry of Education and Training, 2025). Related empirical work has examined AI-literacy measurement among Vietnamese university students (Do et al., 2026) and responsible generative-AI use (Phan et al., 2026). EFL-focused research has likewise raised questions about learners' knowledge, ethical perceptions, and evaluation of AI assistance (Hossain et al., 2025; Cao & Mao, 2026). Because samples and instruments differ, those findings motivate the present questions but do not justify direct numerical comparison.
Very high correlations between proposed content domains can be compatible with a broad common response tendency, closely related item wording, or insufficient differentiation of content. Consequently, Cronbach's alpha is treated as evidence of internal consistency only, and descriptive rankings of domain means are not interpreted as statistically demonstrated differences in underlying competence.
3. METHODOLOGY
3.1. Design and setting
A quantitative cross-sectional survey was conducted with students from the Faculty of Mechanical Engineering taking the English 1 course at UTE-HY. The analysis was exploratory, describing responses to a study-specific questionnaire and testing one association; it did not aim to validate a new measurement scale.
3.2. Recruitment, timing, and participants
The instructor-researcher invited 150 English 1 students through class Zalo groups and an in-class QR code on September 15, 2026. The response export records 101 submissions that day (15:26–22:59). One response with 15 unanswered fields was excluded, leaving 100 analyzed cases. Three additional responses arrived on September 16 (one) and September 20 (two), bringing cumulative submissions to 104. The researcher may have left the survey link accessible after the first-day data extraction, allowing further responses; this is a plausible explanation rather than a verified cause. The September 15 dataset was used for the original analysis, but the precise point at which this analytical cutoff was decided and whether it was prospectively specified cannot be reconstructed from the available records. Nor do the available records verify that every one of the 150 invitations preceded the cutoff. The three later submissions were not treated as invalid, but fell outside the dataset originally analyzed. This convenience sample is not representative of all Vietnamese EFL students.
Among the 100 retained respondents, 94 were male, four female, one preferred not to disclose gender, and one had missing gender data. Ninety-four were aged 18–20, five aged 21–23, and one over 23; 79 were in year two, 20 in year three, and one in year four. The sample was concentrated among male and second-year students and is not representative of Vietnamese EFL learners generally.
Recruitment through existing classes and the researcher's teaching relationship increased access to participants but also introduced selection and social-desirability concerns. Students who chose to answer may differ from nonrespondents in their familiarity with AI, confidence, or interest in the topic. The proportions reported describe response to the invitation and are not probabilities of selection from the wider student population.
3.3. Instrument development and language procedures
Appendix A reproduces the 30 core and eight supplementary items and presents the complete response-option lists for Questions 1–6 as shown in screenshots of the currently displayed Google Form. The response export corroborates wording and selected responses from the September 2026 administration, but the available records do not independently establish whether every displayed option was identical at the time of data collection. This remaining historical uncertainty is acknowledged in Appendix A.
3.4. Screening and scoring
One first-day record with 15 unanswered fields was excluded. In the 100 retained records, four respondents each had one missing core-item response; the affected domain mean was calculated from four available items, and all other domain means from five. The overall score was the unweighted average of the six domain means (n = 100). A formatting variant of “Disagree” was coded as 2. GenAI-use frequency was coded Never = 1, Rarely = 2, Sometimes = 3, Often = 4, and Very often = 5.
3.5. Statistical analysis and ethics
Descriptive means and standard deviations were calculated for domains and the overall score. Cronbach’s alpha used complete cases within each item group (domain-specific n = 98–100; all 30 items n = 96). Pearson correlations described associations among the six domain scores (n = 100). Spearman’s rank correlation tested the association between use frequency and the overall score (valid pairs n = 99; two-sided p value). Neither high alpha nor domain-level correlations establish six distinct latent constructs.
Before data collection, the instructor-researcher explained the study's purpose, the voluntary nature of participation, and the confidentiality of students' responses, both orally during class and through the class Zalo group. Students were invited to participate, and those willing to do so completed and submitted the online questionnaire. The form did not contain a separate consent checkbox, and no individual written or separately recorded consent was collected. Questionnaire submission was therefore treated as an indication of willingness to participate, not as independently documented informed consent. The researcher had notified the faculty about participation in the academic conference and the intention to write a research paper; this notification did not constitute institutional authorization to conduct the survey. No separate written authorization was sought or obtained, and no explicit verbal authorization for data collection is claimed. No formal research ethics committee review was sought or obtained, and no ethics approval or exemption is claimed. Because the researcher was also the students' instructor, perceived pressure to participate cannot be ruled out. Results are reported in aggregate to protect confidentiality.
3.6. Source mapping and reproducibility
The conceptual mapping is intended to clarify the origins of the questionnaire content, not to attribute original item wording to prior authors. AI Knowledge items address AI capabilities, limitations, and prompting, consistent with the understanding dimension of Ng et al. (2021) and Long and Magerko (2020). Ethical Awareness items concern bias, privacy, intellectual work, and consequences, consistent with Ng et al. (2021) and UNESCO (2024). Critical Evaluation items address checking and comparing AI outputs, consistent with evaluation themes in Ng et al. (2021) and Kassorla et al. (2024). Transparency focuses on acknowledgement and disclosure of AI assistance, drawing conceptually on Kassorla et al. (2024). Academic Integrity focuses on authorship, acceptable assistance, and responsibility for submitted work, drawing conceptually on Kassorla et al. (2024) and UNESCO (2024). Human Agency concerns retaining final judgment and responsibility, consistent with the human-centred orientation of UNESCO (2024).
The questionnaire and bilingual item wording are provided in Appendix A. The six domain groupings reflect conceptual source themes rather than verbatim adoption of an established validated scale. Domain-level reliability used complete cases (n = 98–100), the 30-item alpha used n = 96, and the GenAI-use correlation used 99 valid pairs.
4. RESULTS
4.1. GenAI use and internal consistency
Of 99 valid GenAI-use frequency responses, 49 reported Sometimes, 33 Often, seven Very often, seven Rarely, and three Never. Thus 89/99 (89.9%) used GenAI at least sometimes. The overall score was 3.739 (SD = 1.136) on a five-point scale. Internal consistency was high, although the very high alpha values suggest item redundancy and warrant caution (Table 1).
Table 1. Internal consistency of the 30 core items
	Content domain
	Items
	Cronbach’s α
	Valid 

	AI Knowledge
	5
	.978
	100

	Ethical Awareness
	5
	.984
	100

	Critical Evaluation
	5
	.985
	99

	Transparency
	5
	.987
	99

	Academic Integrity
	5
	.988
	98

	Human Agency
	5
	.983
	100

	Overall 30-item set
	30
	.995
	96


4.2. Domain scores and overlap
Table 2 reports descriptive comparisons only; no paired inferential tests of domain differences were conducted. AI Knowledge had the highest mean, while Critical Evaluation and Transparency had the two lowest. Pearson correlations between domains ranged from .854 to .952, indicating substantial shared variance (Table 3).
Table 2. Descriptive scores (n = 100)
	Domain
	Mean
	SD
	Rank

	AI Knowledge
	3.838
	1.127
	1

	Academic Integrity
	3.769
	1.213
	2

	Human Agency
	3.758
	1.179
	3

	Ethical Awareness
	3.748
	1.233
	4

	Transparency
	3.676
	1.171
	5

	Critical Evaluation
	3.646
	1.181
	6

	Overall
	3.739
	1.136
	—


Table 3. Pearson correlations among domain scores (n = 100)
	
	AK
	EA
	CE
	TR
	AI
	HA

	AK
	1.000
	.860
	.866
	.890
	.854
	.905

	EA
	.860
	1.000
	.911
	.908
	.858
	.916

	CE
	.866
	.911
	1.000
	.931
	.902
	.924

	TR
	.890
	.908
	.931
	1.000
	.937
	.952

	AI
	.854
	.858
	.902
	.937
	1.000
	.947

	HA
	.905
	.916
	.924
	.952
	.947
	1.000


Note. AK = AI Knowledge; EA = Ethical Awareness; CE = Critical Evaluation; TR = Transparency; AI = Academic Integrity; HA = Human Agency. Correlations do not establish discriminant validity.
4.3. Supplementary perceptions and GenAI-use frequency
Eight supplementary perception items covered confidence, knowledge, teacher guidance, institutional policy, integrity, perceived knowledge deficits, demand for guidance, and curricular inclusion. Their means ranged from 3.760 to 3.880 (each n = 100); the highest concerned difficulty arising from insufficient AI knowledge (M = 3.880), and curricular inclusion averaged 3.830. These are perceptions, not independently tested predictors. The core items address verification, disclosure, and responsibility; no item-level response claims are made without corresponding item-specific analyses.
GenAI-use frequency was not significantly associated with the overall score (Spearman’s ρ = .081, p = .425, n = 99). This result does not demonstrate that no association exists in other samples or that frequency determines responsible use.
5. DISCUSSION
Participants’ overall self-reported score was above the scale midpoint. Their comparatively lower Critical Evaluation and Transparency means suggest useful areas for pedagogical attention, such as verifying AI-generated explanations, comparing information with credible sources, and clarifying when AI assistance should be disclosed. However, differences among domain means are descriptive, and self-ratings do not demonstrate actual verification or disclosure practices. The exceptionally high inter-domain correlations and alpha values further caution against treating the six content areas as independent abilities.
The absence of a statistically significant correlation between GenAI-use frequency and the overall score reinforces the need to distinguish amount of use from quality of engagement. Frequency does not capture task purpose, verification behavior, or the appropriateness of AI assistance. The supplementary items indicate student interest in guidance, but they cannot establish causal effects of teacher instruction or institutional policy.
For EFL teaching, the descriptive findings suggest integrating verification into ordinary tasks: students might compare AI explanations with course materials, flag unsupported claims in AI-produced summaries, and justify revisions to AI-assisted translations. Such activities would make critical evaluation observable rather than treating fluent output as proof of accuracy. These are pedagogical possibilities, not interventions tested in this study.
Clear assignment-specific expectations could likewise support transparency and academic integrity. Instructors may distinguish permitted brainstorming or language feedback from submitting unedited AI output as one's own, and specify when and how AI assistance should be acknowledged. Students should retain responsibility for the accuracy and authorship of submitted work.
At institutional level, clear guidance on acceptable assistance, privacy, acknowledgement, and source verification could reduce uncertainty. The current survey does not test these proposals. Their feasibility and effectiveness should be evaluated through future instructional studies, ideally using observed tasks or assessment artifacts rather than self-report alone.
The measurement results deserve special caution. Cronbach’s alpha values approaching 1.00 indicate that items within the provisional groupings covary very strongly. Such estimates are compatible with consistent responses, but they may also indicate repeated wording or closely overlapping content. The Pearson correlations among group scores likewise show that the labels should not be interpreted as independently measured skills. Before using the instrument for diagnostic classification or group comparisons, researchers should conduct cognitive interviews, review item redundancy, and investigate dimensionality with suitable exploratory and confirmatory procedures in separate samples.
6. CONCLUSION
This exploratory survey of 100 English 1 students found an overall self-reported Responsible AI Literacy mean of 3.739 (SD = 1.136). AI Knowledge ranked highest and Critical Evaluation lowest descriptively; domain scores were strongly correlated and do not demonstrate six distinct constructs. GenAI-use frequency was not significantly associated with the overall score (Spearman’s ρ = .081, p = .425, n = 99). These results identify potential priorities for critical verification, disclosure, and independent judgment, but they do not establish actual competence or causal effects. Limitations include self-report, a convenience sample from one faculty, a strong concentration of male and second-year students, the instructor-researcher role, no formal ethics review, and no documented formal translation validation or pilot. Future research should use documented item review and piloting, more diverse samples, factor analyses, and performance-based measures.
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APPENDIX A. QUESTIONNAIRE AND CONTENT MAPPING
Source: Screenshots of the currently displayed Google Forms editor, the September 2026 response export, and the supplied questionnaire document. The wording and complete displayed response-option lists for Questions 1–6 are transcribed from the screenshots. The 30 core and eight supplementary items are reproduced from the questionnaire document and response-export headings. The screenshots show the form at the time of verification, whereas the response export documents responses submitted during data collection.
Documentation note: The screenshots verify all options currently displayed for Questions 1–6, including options that may not appear among submitted responses. Questions 5 and 6 are checkbox questions permitting multiple selections. Because no dated copy or version history of the form as administered in September 2026 was available for comparison, it cannot be independently confirmed that every option remained unchanged between administration and the screenshots. The 104 exported submissions were used only to cross-check wording and observed responses; the analytical sample remains the 100 retained responses from September 15, 2026.
A1. Background and use questions
1. Gender / Giới tính (single choice): Male / Nam; Female / Nữ; Prefer not to say / Không muốn tiết lộ.
2. Age / Độ tuổi (single choice): Under 18 / Dưới 18 tuổi; 18–20; 21–23; Over 23 / Trên 23 tuổi.
3. Year of study / Sinh viên năm (single choice): First year / Năm nhất; Second year / Năm hai; Third year / Năm ba; Fourth year / Năm tư.
4. How often do you use generative AI tools for English learning? (Mức độ bạn sử dụng các công cụ AI tạo sinh cho việc học tiếng Anh?) (single choice): Never / Chưa từng dùng; Rarely / Hiếm khi; Sometimes / Thỉnh thoảng; Often / Thường xuyên; Very often / Rất thường xuyên.
5. Which generative AI tools do you use for English learning? (Bạn sử dụng những công cụ AI tạo sinh nào dưới đây để học tiếng Anh?) (checkboxes; multiple selections permitted): ChatGPT; Google Gemini; Claude; Microsoft Copilot; Grammarly; QuillBot; Other / Mục khác.
6. What do you mainly use generative AI for in English learning? (Mục đích chính của bạn khi sử dụng AI tạo sinh trong việc học tiếng Anh là gì?) (checkboxes; multiple selections permitted): Vocabulary learning / Học từ vựng; Grammar checking / Kiểm tra ngữ pháp; Writing / Viết bài luận; Speaking practice / Luyện nói; Reading comprehension / Luyện đọc hiểu; Translation / Dịch thuật; Generating ideas / Tìm kiếm ý tưởng; Summarizing texts / Tóm tắt văn bản; Other / Mục khác.
A2. Core Responsible AI Literacy items (five-point agreement scale)
Response anchors for all 30 core items (five-point agreement scale): 1 = Strongly Disagree (Hoàn toàn không đồng ý); 2 = Disagree (Không đồng ý); 3 = Neutral (Trung lập); 4 = Agree (Đồng ý); 5 = Strongly Agree (Hoàn toàn đồng ý). Item identifiers AK, EA, CE, TR, AI, and HA indicate provisional content groupings, not validated independent factors.
AI Knowledge (AK)
Conceptual source themes: Understanding AI capabilities and limitations; Ng et al. (2021), Long and Magerko (2020). Items were organized for this study; item-by-item verbatim adaptation from these sources has not been documented.
AK1. I understand what generative AI is and how it can be used for English learning. (Tôi hiểu AI tạo sinh là gì và cách ứng dụng nó trong học tiếng Anh.)
AK2. I understand that generative AI can generate human-like text, but it does not necessarily understand information in the same way humans do. (Tôi hiểu AI có thể tạo văn bản giống con người, nhưng nó không thực sự thấu hiểu thông tin theo cách của con người.)
AK3. I know that generative AI can produce inaccurate or misleading information. (Tôi biết rằng AI tạo sinh có thể đưa ra thông tin không chính xác hoặc sai lệch.)
AK4. I understand that the quality of AI-generated responses can depend on how I formulate my prompts. (Tôi hiểu chất lượng câu trả lời của AI phụ thuộc vào cách tôi đặt câu lệnh - prompt.)
AK5. I know that different generative AI tools have different capabilities and limitations. (Tôi biết mỗi công cụ AI khác nhau sẽ có những thế mạnh và giới hạn riêng.)
Ethical Awareness (EA)
Conceptual source themes: Ethics, bias, privacy and responsibility; Ng et al. (2021), UNESCO (2024). Items were organized for this study; item-by-item verbatim adaptation from these sources has not been documented.
EA1. I am aware that using generative AI in learning raises ethical issues. (Tôi nhận thức được việc dùng AI trong học tập có thể dấy lên các vấn đề về đạo đức.)
EA2. I understand that AI-generated content may contain bias or unfair representations. (Tôi hiểu nội dung do AI tạo ra có thể chứa định kiến hoặc góc nhìn thiếu công bằng.)
EA3. I consider privacy when entering personal or sensitive information into AI tools. (Tôi cân nhắc yếu tố bảo mật quyền riêng tư khi nhập thông tin cá nhân/nhạy cảm vào AI.)
EA4. I think students should use generative AI in ways that respect other people's intellectual work. (Tôi cho rằng sinh viên nên dùng AI theo cách tôn trọng quyền sở hữu trí tuệ của người khác.)
EA5. I understand that responsible AI use requires considering the possible consequences of using AI-generated content. (Tôi hiểu việc dùng AI có trách nhiệm đòi hỏi phải lường trước hệ quả của nội dung AI tạo ra.)
Critical Evaluation (CE)
Conceptual source themes: Evaluating and checking AI outputs; Ng et al. (2021), Kassorla et al. (2024). Items were organized for this study; item-by-item verbatim adaptation from these sources has not been documented.
CE1. I check whether information provided by generative AI is accurate before using it. (Tôi kiểm tra tính xác thực của thông tin do AI cung cấp trước khi sử dụng.)
CE2. I compare AI-generated information with other reliable sources. (Tôi so sánh đối chiếu thông tin từ AI với các nguồn tài liệu đáng tin cậy khác.)
CE3. I can identify when an AI-generated answer may be inaccurate or questionable. (Tôi có thể nhận ra khi nào câu trả lời của AI có dấu hiệu thiếu chính xác hoặc đáng nghi ngờ.)
CE4. I do not automatically accept an AI-generated answer simply because it sounds convincing. (Tôi không mặc nhiên chấp nhận câu trả lời của AI chỉ vì văn phong nghe có vẻ thuyết phục.)
CE5. I critically evaluate AI-generated English texts before using them in my assignments. (Tôi đánh giá phản biện các văn bản tiếng Anh do AI tạo ra trước khi đưa vào bài tập.)
Transparency (TR)
Conceptual source themes: Disclosure and acknowledgement of AI assistance; responsible academic AI-use themes. Items were organized for this study; item-by-item verbatim adaptation from these sources has not been documented.
TR1. I believe students should disclose their use of generative AI when it is relevant to an academic task. (Tôi tin rằng sinh viên nên công khai việc dùng AI khi làm các nhiệm vụ học thuật liên quan.)
TR2. I am willing to tell my teacher when I use generative AI to complete an English learning task. (Tôi sẵn sàng báo cho giảng viên biết khi tôi có dùng AI để hoàn thành bài tập tiếng Anh.)
TR3. When I use AI-generated content in an assignment, I think it is important to make my use of AI clear. (Khi dùng nội dung do AI tạo ra trong bài tập, tôi thấy việc ghi rõ nguồn gốc AI là rất quan trọng.)
TR4. I believe students should distinguish between their own ideas and ideas generated by AI. (Tôi cho rằng sinh viên cần phân biệt rõ giữa ý tưởng của chính mình và ý tưởng do AI gợi ý.)
TR5. I understand that hiding substantial use of generative AI in academic work can raise ethical concerns. (Tôi hiểu việc giấu giếm sự can thiệp đáng kể của AI trong bài tập có thể vi phạm đạo đức học thuật.)
Academic Integrity (AI)
Conceptual source themes: Academic honesty and authorship; responsible academic AI-use themes. Items were organized for this study; item-by-item verbatim adaptation from these sources has not been documented.
AI1. I understand that submitting AI-generated work as entirely my own may violate academic integrity. (Tôi hiểu việc nộp bài do AI viết hoàn toàn và nhận là của mình là vi phạm liêm chính học thuật.)
AI2. I use generative AI as a learning support rather than simply submitting its output as my own work. (Tôi dùng AI như công cụ hỗ trợ học tập chứ không đơn thuần sao chép đầu ra để nộp.)
AI3. I make changes to and critically review AI-generated content before including it in my assignments. (Tôi chủ động chỉnh sửa và trau chuốt lại nội dung từ AI trước khi đưa vào bài làm.)
AI4. I avoid using generative AI to complete an entire assignment when my teacher expects me to do the work independently. (Tôi tránh dùng AI làm hộ toàn bộ bài tập khi giảng viên yêu cầu phải tự làm độc lập.)
AI5. I believe that responsible use of AI should support learning rather than help students avoid doing their own academic work. (Tôi tin dùng AI có trách nhiệm là để nâng cao việc học, chứ không phải để trốn tránh tự nỗ lực.)
Human Agency (HA)
Conceptual source themes: Human judgment and responsibility; UNESCO (2024). Items were organized for this study; item-by-item verbatim adaptation from these sources has not been documented.
HA1. I make the final decisions about what information or suggestions from AI I use. (Tôi là người đưa ra quyết định cuối cùng về việc chọn lọc thông tin/gợi ý nào từ AI.)
HA2. I can complete English learning tasks without depending entirely on generative AI. (Tôi hoàn toàn có thể hoàn thành bài tập tiếng Anh mà không bị phụ thuộc hoàn toàn vào AI.)
HA3. I use my own knowledge and judgment when deciding whether to accept an AI-generated answer. (Tôi dựa vào kiến thức và chính kiến của bản thân khi quyết định tiếp nhận câu trả lời của AI.)
HA4. I believe that generative AI should support my learning rather than replace my own thinking. (Tôi tin AI chỉ nên đóng vai trò hỗ trợ chứ không thay thế được tư duy độc lập của tôi.)
HA5. I remain responsible for the final work I submit, even when I use generative AI. (Tôi luôn chịu trách nhiệm cao nhất về sản phẩm bài làm nộp lên, dù có dùng AI trợ giúp.)
A3. Additional perception items (C1–C8; five-point agreement scale; excluded from overall score)
The C1–C8 responses use the same five-point agreement coding (1 = Strongly Disagree / Hoàn toàn không đồng ý; 2 = Disagree / Không đồng ý; 3 = Neutral / Trung lập; 4 = Agree / Đồng ý; 5 = Strongly Agree / Hoàn toàn đồng ý), as evidenced by the export. These items are supplementary and excluded from the overall score.
C1. I feel confident using generative AI for English learning. (Tôi cảm thấy tự tin khi sử dụng AI tạo sinh cho việc học tiếng Anh.)
C2. My knowledge about AI affects how responsibly I use generative AI. (Hiểu biết của tôi về AI ảnh hưởng trực tiếp đến mức độ sử dụng AI có trách nhiệm của tôi.)
C3. Guidance from English teachers influences how responsibly I use generative AI. (Sự định hướng/hướng dẫn từ giảng viên tiếng Anh ảnh hưởng đến cách tôi dùng AI có trách nhiệm.)
C4. University policies or guidelines influence how I use generative AI. (Quy định hoặc hướng dẫn của nhà trường có tác động đến thói quen sử dụng AI của tôi.)
C5. My understanding of academic integrity affects how I use generative AI. (Sự hiểu biết về liêm chính học thuật chi phối cách tôi sử dụng AI.)
C6. Lack of knowledge about AI makes it difficult for students to use generative AI responsibly. (Việc thiếu hụt kiến thức về AI khiến sinh viên gặp khó khăn trong việc dùng AI có trách nhiệm.)
C7. I would like to receive more guidance on responsible use of generative AI in English learning. (Tôi mong muốn nhận được thêm hướng dẫn cụ thể về cách dùng AI có trách nhiệm trong môn tiếng Anh.)
C8. I think responsible AI literacy should be included in English language education at university. (Tôi nghĩ năng lực dùng AI có trách nhiệm nên được tích hợp vào chương trình dạy tiếng Anh ở đại học.)
A4. Open-ended question
D1. What is the biggest challenge you face when trying to use generative AI responsibly in English learning? (Theo bạn, khó khăn hay thách thức lớn nhất mà bạn gặp phải khi cố gắng sử dụng AI tạo sinh một cách có trách nhiệm trong việc học tiếng Anh là gì?) Có thể viết câu trả lời bằng tiếng Việt. Response format: paragraph / open-ended response.
A5. Documentation and reproducibility notes
The 30 core items correspond to columns I–AL in the source response export; the eight perception items correspond to columns AM–AT. Scores are coded 1–5; an unnumbered “Disagree (Không đồng ý) |” response is treated as 2. Four isolated missing core-item responses among the 100 retained cases were handled by averaging the available items in the relevant five-item domain (at least four answered). The overall score is the unweighted mean of the six domain scores. Cronbach’s alpha uses complete cases within each domain; the overall 30-item alpha uses n = 96 complete cases. Frequency correlation uses 99 valid pairs. The original 101-response snapshot comprises submissions dated September 15, 2026, and excludes one response with 15 blank fields. Three later submissions are not part of the original analytical snapshot.
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